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Criminal history records are an integral component of the criminal legal system. They are
typically seen as unbiased measures of prior offending that inform assessments of an individual’s
dangerousness and risk of reoffending. Criminal records are incorporated into the decision-
making calculus of legal actors such as police, prosecutors, and judges. Moreover, they have
significant influence in the development of legal policies across all sectors of the system. In
consequence, individuals with criminal history records face significant disadvantages in the
likelihood of contact with the legal system and subsequent criminal punishment. Scaling legal
decision making and policy to an individual’s prior criminal history is largely implemented to
focus resources on apprehending and punishing the most dangerous offenders. For this to be
accomplished effectively, criminal history records are required to be unbiased representations of
prior offending. However, the collective evidence of racial and ethnic inequality in the criminal
legal system calls into question the neutrality of criminal history records. Rather than being
unbiased, criminal history records may instead be a source of systemic racism, as these records
are merely reflections of criminal legal outcomes often shown to be subject to racial and ethnic

inequality.



Utilizing a framework that outlines the pathways for decision making and policy
structures to produce inequalities in legal outcomes, the current dissertation examines the extent
to which criminal history records contain racial and ethnic bias. Theoretical predictions are tested
using data from the National Longitudinal Survey of Youth 1997 (NLSY97). Specifically,
NLSY97 data are used to test for racial and ethnic differences in outcomes related to criminal
records, net of self-reported engagement in delinquency. The results provide mixed evidence of
racial and ethnic disadvantage in outcomes related to arrest, conviction, and incarceration.
Evidence of inequality in the outcomes of interest is more consistent across race than across
ethnicity. Both racial and ethnic inequalities, when evidenced, were mediated by external factors.
In particular, measures of individual risk factors and socioeconomic status strongly mediated the
relationship between race, ethnicity, and legal outcomes.

Despite nuances, findings from the current study largely support the theoretical
supposition that criminal history records are not unbiased measures of prior offending but are
instead imperfect proxies that are influenced by inequalities in the apprehension and punishment
of individuals in the criminal legal system. Future research is needed to further explore the extent

to which criminal records are embedded with bias and compound racial and ethnic inequality.
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CHAPTER ONE: INTRODUCTION

An individual’s criminal record is of significant consequence in the American criminal
legal system. It is traditionally viewed as an unbiased, race-neutral measurement of past criminal
activity that provides insight into an individual’s risk of recidivism and culpability (Roberts,
2008; Tillyer, 2014). It is used in the development of policing strategies (Abrahamse et al., 1991;
Groff et al., 2015), laws and policies that dictate the processing and sentencing of criminal cases
(Chen, 2008; Tonry, 2022), as well as risk assessments (Hamilton, 2015). Furthermore, criminal
history information is incorporated into the decision-making calculus of police, prosecutors, and
judges, often to increase the punitiveness of criminal legal outcomes. As such, an individual’s
prior criminal record is an important predictor of subsequent legal contact, and a defendant with
a record of prior offenses is likely to experience worse outcomes compared to those without a
criminal record (Spohn, 2000; Stolzenberg et al., 2021; Ulmer, 2012). On the surface, the use of
criminal history records to guide legal outcomes is logical. One of the strongest predictors of
future criminal behavior is past criminal behavior (Blumstein et al., 1985; Bushway et al., 2003),
and as the system’s approximation of criminal offending, criminal records are often predictive of
future criminal behavior (Kurlychek et al., 2007), though not without inaccuracies (Grunwald,
2023; Kurlychek et al., 2007; Miller et al., 2021; Sampson & Laub, 2003). However, given
differences in exposure to police (Gelman et al., 2007; Wheeler, 2020), the probability of arrest
(Brame et al., 2014; Kochel et al., 2011), and more severe punishment across racial and ethnic
groups (Johnson, 2003; Kutateladze et al., 2014; Sutton, 2013), the notion that official criminal
records are an unbiased and race-neutral measurement of past criminal behavior is, at best,

dubious.



It is evident throughout the criminological literature that a criminal history record is
disadvantageous. Researchers have provided evidence that the probability of arrest is influenced
by prior arrests and police contacts (Stolzenberg et al., 2021). Further, police often focus more
attention on individuals known to have a history of prior offending and criminal justice contact
(Braga, 2008; Hamilton, 2015; Martin & Sherman, 1986). Within the court system, a defendant’s
criminal record helps to guide the decision-making of prosecutors and judges (Spohn, 2000;
Steffensmeier et al., 1998), as well as defense attorneys (Redlich et al., 2016). A defendant’s
prior record is factored into prosecutorial evaluations of case convictability (Frohmann, 1997)
and subsequently affects decisions throughout prosecution, albeit often in complex ways
(Frederick & Stemen, 2012). Judges and magistrates utilize a defendant’s criminal history when
making bail determinations, with repeat defendants more likely to be detained pretrial (Sutton,
2013). Furthermore, criminal history is often formalized in the final sentencing stage through
habitual offender laws, sentence enhancements, and sentencing guidelines systems. For example,
within sentencing guideline systems in the United States, criminal history is often used alongside
offense seriousness as one of two main components determining recommended sentences (Frase,
2019; Kauder & Ostrom, 2008). The importance given to prior criminal history records in legal
outcomes highlights their influence on the trajectory and outcome of criminal cases and
demonstrates the importance of empirically studying potential bias in their construction.

The accuracy of criminal records is called into question by the collective evidence of
racial disparities within the administration of criminal justice. Disadvantages experienced by
certain racial and ethnic groups, predominantly Black and Hispanic individuals,* runs contrary to

the American ideal of equality under the law. Yet, despite proclamations of a racially blind legal

! The term “Hispanic” is used in this study because this is the term used by the National Longitudinal Survey of
Youth 1997, from which the analytic data are sourced.



system, stark disparities exist within virtually all sectors of the criminal legal system. Regarding
policing, researchers have provided evidence that Black and Hispanic individuals are more likely
to be stopped and arrested net of other factors (Andersen, 2015; Gelman et al., 2007; Kochel et
al., 2011), signaling differences in the probability of criminal legal contact across racial lines
(Pigquero, 2008). Within prosecution, defendants of color have been found to be less likely to
receive charge reductions (Johnson & Larroulet, 2019; Shermer & Johnson, 2010; Stemen &
Escobar, 2018) and sentence discounts (Metcalfe & Chiricos, 2018) and more likely to receive a
plea deal involving a carceral sentence (Kutateladze et al., 2014; Stemen & Escobar, 2018). In
contrast, some studies have found that Black defendants are more likely to have cases dismissed
(Barnes & Kingsnorth, 1996; Kutateladze et al., 2014; Wooldredge & Thistlethwaite, 2004),
though scholars argue this might reflect prosecutorial corrections to low quality arrests involving
Black citizens (Kutateladze, 2018). Sentencing research has shown that Black, and to a lesser
extent Hispanic, defendants are often more likely to receive a longer sentence and one that
includes incarceration, even after accounting for relevant factors including criminal record (Bales
& Piquero, 2012; Johnson, 2003; Steffensmeier et al., 1998; Ulmer & Parker, 2020).
Furthermore, racial and ethnic disparities have been evidenced in studies of intermediate
sentences and departures from sentencing guidelines (Engen et al., 2003; Holmes et al., 2020;
Johnson, 2003; Johnson & Dipietro, 2012).

Additionally, scholars in recent years have called attention to the ways in which
disadvantages can accumulate as a criminal case is moved towards disposition. Evidence
suggests that early case processing decisions often influence downstream punishment decisions,
such as final sentencing. As such, biases introduced at early stages have the potential to

exacerbate disadvantages in later stages (Kutateladze et al., 2014; Stevenson & Mayson, 2017,



Wooldredge et al., 2015). This line of research stresses the importance of examining the
interconnected nature of various decisions made within the processing of a single criminal case.
What has yet to be explored, however, is how these decisions are connected to those made in
previous or subsequent cases. Because criminal records are reflections of prior case outcomes,
they represent a potential mechanism for the reintroduction of past biases into future contacts
with the legal system.

When discussing the evidence of racial disparities in criminal case processing and their
connection to criminal history records, two things are important to note. First, evidence of racial
disparities in most studies is net of differences in criminal history records. The “modal” approach
to research on race and legal outcomes has typically relied on administrative data and
conventional regression approaches, and researchers report evidence of racial disadvantage only
if there is a direct race effect on outcomes after controlling for what are considered to be relevant
legal factors, such as prior record (Baumer, 2013). However, as Baumer (2013, p. 234) states, the
modal approach “is not highly useful for shedding light about the sources or meaning of racial
disparities in contemporary prison populations, nor is it (alone) well suited for detecting race
differences in sentencing, identifying the presence (or absence) of racial discrimination in
sentencing, or advancing knowledge about why race may (or may not) influence legal decision-
makers.” To gain deeper insight into the role of race and ethnicity within the criminal legal
system, prior work needs to be supplemented with alternative data sources and innovative
analytic strategies.

As a way to supplement prior research, scholars in recent years have drawn attention to
ways in which “inequalities can be perpetuated through the law or by organizational practices”

(Omori & Petersen, 2020, p. 679). Racial differences in legal factors, such as the length and



severity of criminal history records, are typically responsible for large portions of raw disparities
in legal outcomes (MacDonald et al., 2014; Omori & Petersen, 2020; Rehavi & Starr, 2014). In
other words, a portion of raw disparities are “explained away” or legitimized by controlling for
racial differences in criminal history. The standard method of investigating racial disparities in
legal system outcomes has undoubtedly contributed important information to the criminological
knowledge base. However, the focus on direct race effects through the analysis of archival data
fails to capture how legal factors themselves reproduce inequalities. As a result, this approach
likely underestimates the level of racial bias in case processing outcomes.

The second point to consider is that racial differences in the extent and severity of
criminal history records are typically viewed as an artifact of differential involvement in crime.
A significant body of research does indicate different levels of criminal involvement across
racial groups (Beck & Blumstein, 2018), which is tied to differential exposure to criminogenic
factors such as concentrated disadvantage (Peterson & Krivo, 2012; Sampson & Wilson, 1995),
but this is likely not the entire story. Racial differences in criminal involvement should
theoretically explain any and all differences in criminal records, but this could only be the case if
justice were meted out equally across racial groups. Evidence that people of color are
disproportionately subject to higher levels of policing (Brunson & Weitzer, 2009; Tonry &
Melewski, 2008), mandatory minimum punishments (Starr & Rehavi, 2013; Ulmer et al., 2007),
and direct and indirect case processing disadvantages (Johnson, 2003; Kutateladze et al., 2014;
Shermer & Johnson, 2010; Steffensmeier et al., 1998) demonstrates that justice in America is not
distributed equally across communities and racial groups (Tonry & Melewski, 2008; Wheeler,

2020). Given that criminal history records reflect prior case outcomes, and evidence shows these



outcomes are at times tainted with racial bias, it stands to reason that criminal history records
effectively codify any biases that influence criminal case outcomes.

Despite the body of evidence regarding racial disadvantages in the criminal legal system,
the race-neutrality of criminal records has largely gone unchallenged by scholars (see Grunwald,
2023 for exception). Instead, case processing research has traditionally utilized criminal history
as a legitimate legal factor, even by those who argue that racial disparities in the criminal legal
system are exacerbated by criminal history records. Although a growing body of scholarship has
argued that the prominence of criminal records in legal decisions exacerbates racial disparities,
this work often suggests these effects reflect racial differences in offending (see Frase & Roberts,
2019; Hester et al., 2018). With few exceptions (Grunwald, 2023), missing from discussions of
the connection between criminal records and racial disparities is how criminal records might
reflect both racial differences in offending patterns and racial disadvantages in criminal legal
outcomes.

I argue that an official criminal record is not a perfect representation of one’s actual prior
criminal activity and is instead an approximation whose accuracy is influenced by a variety of
factors external to criminal behavior, such as racial biases in legal decision-making, social
structural factors, and the disproportionate effects of legal policies. While evidence suggests that
Black and Hispanic communities experience higher levels of crime than White communities
because of differences in socioeconomic conditions (Peterson & Krivo, 2012; Sampson et al.,
2018), differences in offending patterns are likely only partially responsible for racial and ethnic
differences in criminal history records. Evidence of racial and ethnic disadvantages in criminal
case outcomes suggests that the accumulation of a criminal record is biased. Furthermore, to the

extent that criminal history records are racially biased by structural factors and court actor



decisions, their use as a race-neutral determinate of sentence severity will exacerbate, and
effectively mask, unwarranted racial disparities in criminal punishment.
The Anatomy of a Criminal History Record

Criminal records, often referred to as “RAP sheets,” are summary files compiled by local,
state, and federal criminal legal agencies that contain information on an individual’s past non-
expunged criminal cases and adjudications.? Although there is variation in the specific
information collected at the local, state, and federal level, criminal records typically record key
information regarding an arrest, its disposition, and sentence. For example, official criminal
history records in New York “detail arrest, indictment, and conviction and sentence information
reported to the state by police departments, district attorneys’ offices, the courts and other
criminal justice agencies” (NYS Division of Criminal Justice Services, n.d.), while in Maryland
an individual’s RAP sheet is described as a “fingerprint-supported, chronological record of
‘reportable events’ that comprise an individual's involvement with Maryland's criminal justice
system” (Department of Public Safety and Correctional Services, n.d.). Importantly, state-level
records are typically restricted to legal cases that occurred within that state, while the FBI’s
Identity History Summary contains information on adjudications that occurred nationwide
(Federal Bureau of Investigation, n.d.).

In essence, criminal records are multi-dimensional repositories that maintain information
on an individual’s past contacts with the criminal legal system that can be accessed by system
actors and, for a fee, the public. There are three key dimensions to a criminal record. First, there
is the existence of an individual arrest on the record. Borrowing a term from Pager’s (2003)

classic study detailing the consequences of incarceration on employment outcomes, | refer to this

2 The term “rap sheet” is an acronym for “record of arrests and prosecutions.”
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as a criminal history mark. Given that individual criminal history marks are generated by arrest,
within the current research context, the arrest decision can be conceptualized as a decision to
give an individual a mark on their criminal record. In the case of first-time arrestees, this
generates a criminal record altogether. The second dimension of a criminal record is the extent to
which each mark varies in its severity, or magnitude, which is determined by post-arrest case
processing outcomes. For example, whether or not a case results in a conviction or carceral
sentence largely determines the relative magnitude of a criminal history mark. The third key
dimension is the cumulative severity of the entire criminal record, determined by the combined
number and magnitude of all marks contained within the overall record, or “RAP” sheet.
Criminal history records are utilized in all sectors of the criminal legal system, but there
are important differences in the manner in which they are incorporated into legal decisions and
outcomes. Research shows that criminal history information, including prior arrests, factor into
the decision-making of legal actors such as police and prosecutors (Kutateladze et al., 2014;
Stolzenberg et al., 2021), and it also shapes overall policing patterns (Braga et al., 2001; Groff et
al., 2015). For example, in the past, the District Attorney of New York has utilized plea offer
guidelines that recommend more punitive offers for defendants with prior arrest history
(Kutateladze & Andiloro, 2014). The incorporation of criminal history information in sentencing,
however, rarely considers arrests. Instead, sentencing guidelines typically rely on prior felony
convictions, incarceration spells, and current supervision status when determining a defendant’s
criminal record severity (Kauder & Ostrom, 2008; United States Sentencing Commission, 2021).
Despite the omission of prior arrest information in sentencing guidelines, the evidence of its
influence on decisions elsewhere in the legal system demonstrates the importance of considering

all dimensions of criminal records when investigating potential biases in their construction.



Specifically, it is necessary to consider potential sources of bias in policing, case processing, and
sentencing outcomes, as well as the accumulation of bias over time.
Current Research Aims

The purpose of this dissertation is to advance knowledge on the role of racial and ethnic
inequality in the criminal legal system by expanding upon traditional frameworks investigating
how individual court actors contribute to racial disparities. Specifically, this dissertation aims to
improve understanding of the manifestation of institutional racism through the investigation of
bias embedded in the measurement of prior criminal history records. In order to examine bias
within criminal records, | utilize data from the 1997 cohort of the National Longitudinal Survey
of Youth (NLSY97). The NLSY97 is a longitudinal survey sponsored and directed by the Bureau
of Labor Statistics and is comprised of a nationally representative sample. During each wave of
the survey, respondents are asked questions on a variety of subjects, including education,
socioeconomic factors, as well as criminal activity and contact with the criminal legal system.
The inclusion of information on arrest, prosecution, and sentencing allows for the investigation
of outcomes traditionally present in criminological work. Additionally, the study’s longitudinal
nature, as well as its inclusion of detailed information on socioeconomic factors and engagement
in criminal behavior, provides significant advantages over administrative datasets traditionally
used in this area of research. The NLSY97 data allow me to investigate the role of these factors
in determining the likelihood of system contact and the outcomes of that contact, an area of
significant need in the criminological literature.

Three interrelated questions are probed to understand the introduction and effects of
racial and ethnic bias in the construction of criminal history records. First, | examine whether

there are racial and ethnic differences in the likelihood of obtaining a mark on one’s criminal



record. This question centers on the arrest decision, which is the first opportunity for the
generation of a criminal record mark. If the probability of arrest, net of offending, varies across
race and ethnicity, this would suggest bias in the likelihood of having an incident recorded on
one’s criminal record. For first-time arrestees, this translates into bias in the generation of a prior
criminal record altogether. Second, | examine whether Black and Hispanic individuals are
disadvantaged in case processing and sentencing outcomes following arrest. Whereas examining
the arrest decision investigates biases in the generation of a mark on one’s criminal record,
examining outcomes of a criminal case has implications for biases in its magnitude. Whether an
individual is convicted, and if they are sentenced to incarceration, for example, both affect the
severity of a criminal record. This leads to the final research question, which investigates the
construction of criminal records over time. Specifically, | test for differences in the accumulation
of arrests, convictions, and incarcerations across race and ethnicity. This line of inquiry is aimed
at developing an understanding of biases in the development of entire criminal history records.
Given the importance of prior criminal records in guiding the decision-making of legal
actors and legal policy, and their use as a race-neutral indicator of prior offending in extant
research, the investigation of potential racial and ethnic bias in their construction has significant
theoretical and policy implications. For example, scholars have highlighted how the use of
criminal history as one of two main drivers of punishment in sentencing guidelines increases
racial disparities in sentencing (Frase & Roberts, 2019; Hester et al., 2018). This is because
Black and Hispanic defendants, on average, have longer criminal histories than their White
counterparts. The literature has historically attributed racial and ethnic differences in criminal
history to differences in offending, and thus disparities caused by criminal history are often

considered warranted. However, if criminal records are shown to contain bias, then their use in
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sentencing guidelines exacerbates, and masks, unwarranted disparity. In addition to policy
implications, the investigation of racial bias within criminal history records heeds the call made
by multiple scholars for expanding the scope of case processing research beyond the influence of
stereotypes on individual decision-making, and towards an understanding of how inequalities can
be maintained by structural aspects of the legal system itself (Baumer, 2013; Murakawa &
Beckett, 2010; Omori & Petersen, 2020).
Dissertation Outline

The remainder of this dissertation is organized as follows: In the following chapter, |
review existing work on the importance of criminal history and race/ethnicity in legal decision-
making and policy, the connection between the two, and limitations of extent research. In
Chapter Three, the theoretical framework for the current study is summarized and the hypotheses
to be tested are described. Chapter Four details information related to the data, measures, and
analytic strategies to be employed in the current study. A descriptive analysis of the data is
presented in Chapter Five. Results from multivariate models are detailed in Chapters Six and
Seven. Lastly, Chapter Eight discusses the theoretical and empirical contributions of the current
study, before outlining limitations of this project and highlighting potential directions for future

work.
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CHAPTER TWO: LITERATURE REVIEW

The role of both race and criminal history has been the focus of research on the criminal
legal system for decades. The majority of this literature has focused on their influence on legal
decision-making (Albonetti, 1987; Black & Reiss, 1970; Steffensmeier et al., 1998), but a
growing body of work has shifted focus to the role of legal structures in shaping case outcomes
(Light, 2022; Omori & Petersen, 2020; Starr & Rehavi, 2013). This work suggests that criminal
records play a key role in laws and legal policies that contribute to racial disparities. This chapter
provides an overview of the literature relevant to the issue of bias in criminal records. It begins
by detailing the role of criminal history, race, and ethnicity in legal decision-making then
describes the structural role of criminal history and its impact on inequality. Additionally, the
chapter reviews the connection between criminal records and race before outlining the
limitations of prior research.

Criminal History, Race, and Legal Decision-Making

Research shows that police, prosecutors, and judges alike utilize criminal history
information to guide decision-making. The manner in which each actor uses this information can
vary, however, given differences in the role of each actor. The current section details the body of
criminological literature that provides insight into the function of criminal records, as well as
existence of racial and ethnic bias in the decision-making of legal actors.

Decision-Making in Policing

Within policing, arrest is the outcome most directly related to the construction of criminal
records, given that it generates a criminal history mark. Nevertheless, there are various
intermediate policing decisions, such as the decisions to stop and/or search an individual, that

can lead to arrest and are thus relevant to discussions of criminal history. For example, arrests of
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pedestrians and motorists typically follow the police decision to initiate a stop. Discretionary
searches present another avenue for arrest though the potential to discover incriminating
evidence. Research probing police stops and searches has demonstrated the influence of factors
such as the seriousness of the alleged offense and strength of evidence (National Research
Council, 2004), as well as the age of the suspect (Higgins et al., 2012; Rosenfeld et al., 2012;
Tillyer et al., 2012). Evidence regarding the role of suspect race in intermediate police decisions
is somewhat mixed (Alpert et al., 2005; Fallik & Novak, 2012; Novak & Chamlin, 2012;
Rosenfeld et al., 2012; Smith & Petrocelli, 2001), but generally suggests that Black and Hispanic
suspects are more likely than White suspects to be stopped and searched by police (Close &
Mason, 2007; Gelman et al., 2007; Higgins et al., 2012; Pickerill et al., 2009; Rojek et al., 2012;
Rosenfeld et al., 2012; Schafer et al., 2006; Tillyer et al., 2012). For example, Gelman and
colleagues (2007) found that, as part of New York City’s “Stop and Frisk” program, Black and
Hispanic citizens were stopped more often than White citizens, after controlling for precinct
variability and race-specific estimates of crime participation. Similar results have been found in
studies examining police stops of motorists (Baumgartner et al., 2018; Pierson et al., 2020).
Additionally, scholars have found evidence that Black and Hispanic citizens are more likely to
be the subject of discretionary searches by police (Close & Mason, 2007; Pickerill et al., 2009)
and that young Black males are particularly disadvantaged in search decisions (Pierson et al.,

2020; Rosenfeld et al., 2012; Tillyer et al., 2012).3

3 Some studies, however, have failed to find a race effect within discretionary searches (see Fallik & Novak, 2012;
Paoline & Terrill, 2005). Importantly, the ability to detect racial bias is often limited in studies of discretionary
stops. This is due to samples comprised entirely of individuals who have already been stopped by police. Even in
studies that find no evidence of racial bias in the search decision, the initial decision to stop the individual may be
influenced by the subject’s race and/or ethnicity (Knox et al., 2020).
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Complementing the work on stop and search decisions, a large portion of the policing
literature has investigated the determinants of arrest. Extant policing literature suggests that the
probability of arrest is largely due to situational factors (Black & Reiss, 1970; Engel et al., 2000;
Lundman, 1996; Sun et al., 2008; Worden & Shepard, 1996), the seriousness and evidence of the
alleged offense (Black, 1980; Black & Reiss, 1970; Brown, 2005; Mastrofski et al., 1995), as
well as characteristics of the suspect, victim, and arresting officer(s) (Ba et al., 2021; Brown &
Frank, 2006; Eitle et al., 2005, 2005; Kochel et al., 2011; Piliavin & Briar, 1964; Rosenfeld et
al., 2020; Sealock & Simpson, 1998; Smith et al., 1984; Smith & Visher, 1981).

A significant focus of this literature has been the role of a suspect’s race and ethnicity in
arrest (Black & Reiss, 1970; Coviello & Persico, 2015; D’ Alessio & Stolzenberg, 2003; Engel et
al., 2000; Kochel et al., 2011; Sealock & Simpson, 1998). Early studies provided evidence that
Black suspects were more likely to be arrested than White suspects (Smith & Visher, 1981), but
these disparities were at least partially explained by factors such as demeanor and citizen request
for arrest (Black & Reiss, 1970; Piliavin & Briar, 1964). More recent studies provide similar
results (Gaston, 2019; Mitchell & Caudy, 2015), though overall evidence remains mixed (Goff &
Kahn, 2012). In fact, some studies of assault have reported contradictory results, suggesting that
White suspects are more likely to be arrested than Black suspects (D’Alessio & Stolzenberg,
2003; Eitle et al., 2005).

Scholars argue that mixed findings on suspect race and policing decisions could be tied to
research choices and limitations (Klinger, 1994, 1996; Knox et al., 2020; Lundman, 1996;
Skogan & Frydl, 2004; Worden et al., 1996). Debates over research choices highlight the fact
that estimates of racial and ethnic disadvantages in arrest are highly susceptible to model

misspecification and measurement errors (Kochel et al., 2011). To this point, Neil and Winship
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(2019, p. 94) argue that policing studies “often make strong simplifying assumptions about
police behavior that are frequently not plausible and if violated could easily produce misleading
outcome statistics.” Knox and colleagues (2020) go even further, stating that the use of police
administrative data inevitably masks the true extent of racial bias, because these records often do
not include information on individuals police decided not to stop, and thus fail to cover the entire
population of interest. The scholars argue that estimating racial bias among a sample of
individuals stopped by police amounts to posttreatment conditioning and, as a result, “the body
of evidence... that relies on police administrative data may be largely uninformative or even
misleading” (Knox et al., 2020, p. 15).

Scholars in recent years have taken measures to address research weaknesses, such as
inconsistency in control variables and a lack of data on evidentiary strength or actual criminal
behavior. For example, Kochel and colleagues (2011) utilized 23 unique data sets from 40
different studies to perform a meta-analysis of research estimating the effect of race on the arrest
decision. The authors found strong support that a suspect’s race does influence arrest decisions,
estimating that the likelihood of arrest for suspects of color was 30% greater than for White
suspects, net of other factors (Kochel et al., 2011). Andersen (2015) utilized the NLSY97 to
examine risk of arrest for youths. Her analysis found that Black youth had a higher risk of arrest
than White youth, net of self-reported delinquency, and these disparities were most severe in
predominantly non-Black communities. Coefficients for Hispanic respondents, while positive,
did not reach statistical significance. More recently, Knox and colleagues (2020) developed a
bias-correction procedure to address concerns of posttreatment estimation in studies of police
decision making and implemented this procedure in a reanalysis of a prior study of police use of

force. The researchers utilized estimates of racial and ethnic inequality in the decision to stop
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civilians produced by two prior studies to correct for bias in the selecting of individuals into
police stops. Their analysis suggested that prior estimates of inequality in police use of force
significantly underestimated the degree of racial and ethnic disadvantage.

An additional weakness of the policing literature is the insufficient consideration of
suspect criminal history, which limits our knowledge of the relationship between suspect
criminal history and police decision-making. This is important because individuals with a prior
record may be perceived as more likely to offend (Roberts, 2008), which can affect the
likelihood of arrest (Stolzenberg et al., 2021). Some studies have addressed this weakness by
utilizing indirect or proxy measures to control for a suspect’s criminal history, such as whether
the citizen was “known to police” (Engel & Silver, 2001), whether police believed the suspect
had a criminal record (Garner et al., 2002), or whether police initiated a records check (Alpert et
al., 2005; Higgins et al., 2012; Smith et al., 2006). A few studies used direct measures of a
suspect’s criminal history and suggest that prior record is positively associated with the
likelihood of police action. For example, Tillyer (2014) examined the role of race and criminal
history in an analysis of discretionary traffic searches during which officers were required to
conduct a criminal history check. Results demonstrated that a prior record was positively
associated with the likelihood of a discretionary search, and criminal history partially mediated
disadvantages experienced by Black suspects (Tillyer, 2014). Similar mediation effects were
reported in a study of stop and frisk encounters in Boston (Fagan et al., 2016).

Further support for the importance of criminal history information is present in studies of
the arrest decision. For instance, in a study of records of contacts between police officers and
juvenile suspects, Sealock and Simpson (1998) found that the number of prior police contacts

increased the probability of arrest for both male and female suspects across a variety of offense
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types. More recently, Stolzenberg and colleagues (2021) utilized crime incident data from five
jurisdictions to examine the relationship between suspect prior criminal record and the
probability of arrest. The data were comprised of crimes reported to and investigated by police
but did not include incidents initiated by police. The study therefore assumes police had
knowledge of defendant prior criminal records before deciding to arrest. Their results showed
that suspects with a prior criminal record were roughly 29 times more likely to be arrested than
similarly situated suspects with no prior record (Stolzenberg et al., 2021). Despite these
important contributions, additional work is needed to better understand the role that an
individual’s race or ethnicity plays in the likelihood of arrest.
Decision-Making in Case Processing

Unlike policing, where arrest is the only outcome directly relevant to the construction of
criminal records, there exists a variety of court outcomes that jointly contribute to the severity of
a criminal history mark. Following arrest, criminal cases go through a series of intermediate
decision stages collectively referred to as case processing.* These stages include bail setting, case
screening, arraignment, plea bargaining, and final disposition. Prosecutorial decision-making
predominates case processing (Kutateladze, 2018; Shermer & Johnson, 2010), though bail setting
is typically decided by judges or magistrates (Demuth, 2003), while plea negotiations and the
final disposition involve additional actors like defense attorneys (Subramanian & Digard, 2020;
Sudnow, 1965) and defendants (Testa & Johnson, 2020). The role of defendant race has been a

dominant focus of empirical work in this area, while a defendant’s criminal history has been an

4 The term criminal case-processing refers to the movement of criminal cases from arrest through sentencing,
however, it is often used to describe the stages in which the prosecutor is involved (Albonetti, 1986; Kutateladze et
al., 2014; Yan & Walker, 2022). For ease of interpretation, | will use the term case processing to refer to the stages
from case screening to final disposition.
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important control variable that often explains large portions of raw disparities and tends to
increase punitiveness in case processing outcomes.

The dual importance of defendant race and criminal history is made apparent in prior
work on the pretrial release stage, in which defendants are brought before a judge or magistrate
to determine whether they will be held in pretrial detention or released on bail or bond (Albonetti
et al., 1989; Donnelly & MacDonald, 2018). The legal rationale behind the pretrial detention of
certain defendants argues it is necessary to either ensure the appearance of the defendant in court
or prevent the defendant from harming the community (Bail Reform Act; USC 88 3141-31-50).
Expectedly, legal factors such as offense severity and prior criminal history are important
predictors of pretrial release decisions (Mclintyre & Baradaran, 2013), however, research has
consistently evidenced racial and ethnic inequalities in bail decisions (Albonetti et al., 1989;
Chiricos & Bales, 1991; Demuth, 2003; Demuth & Steffensmeier, 2004; Freiburger et al., 2010;
Spohn, 2009; Sutton, 2013). In addition, scholars highlight the potential for racial and ethnic
disparities in pretrial release to arise from economic inequalities that affect the ability to post bail
(Stevenson, 2018; Stevenson & Mayson, 2017).

In addition to pretrial release, a large subset of the case processing literature has focused
on the charging phase, in which prosecutors decide whether to prosecute or drop a case, which
charge(s) to file, and, sometimes, whether to divert the case to a diversion program or alternative
disposition. Additionally, it is at this point when prosecutors and defense attorneys begin the plea
negotiation process. Within this context, prosecutors can decide to change both the nature and
severity, as well as the number of the charges originally referred by police (Kutateladze, 2018).
Research has often found that these decisions are largely driven by legal factors, such as the

seriousness of the offense and level of defendant’s criminal history (Albonetti, 1987; Crawford et
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al., 1998; Franklin, 2010a; Kutateladze, 2018; Stemen & Escobar, 2018; Ulmer et al., 2007;
Wooldredge & Thistlethwaite, 2004).°

Importantly, much of the work on charging has either failed to find racial and ethnic
inequalities in the likelihood or severity of charges (Albonetti & Hepburn, 1996; Holleran et al.,
2010; Kingsnorth et al., 1998, 2002; Spears & Spohn, 1997), or concludes that Black and
Hispanic defendants are more likely to experience case dismissal in prosecution (Johnson et al.,
2022; Kutateladze et al., 2014; Prosecutorial Performance Indicators, 2022a; Spohn et al., 2001;
Wooldredge & Thistlethwaite, 2004). However, some research finds the opposite pattern (Bishop
et al., 2010; Franklin, 2010a; LaFree, 1980; Spohn et al., 1987; Stemen & Escobar, 2018), or
suggests that the influence of a defendant’s race can be conditional on additional factors, such as
age and gender (Franklin, 2010b; Freiburger & Jordan, 2011). More consistent evidence of racial
and ethnic disadvantages in charging has been found in studies examining the application of
mandatory minimums and other discretionary charging enhancements (Crawford et al., 1998;
Farrell, 2003; Rehavi & Starr, 2012; Ulmer et al., 2007). For example, Black defendants were
more likely than their White counterparts to be charged as habitual offenders in Florida
(Crawford et al., 1998), and Ulmer and Colleagues (2007) found prosecutors were more likely to
apply mandatory minimums to Hispanic defendants compared to White defendants.

Similar to work on initial charging outcomes, research on race and charge reductions is
mixed. Some studies fail to find evidence of racial or ethnic disparities in the likelihood of

reductions (Albonetti, 1992; Spohn & Horney, 1993), while others present evidence that

> Some early studies failed to find evidence for the impact of criminal history at charging (Holleran et al., 2010;
Spears & Spohn, 1997), but these analyses are restricted to small samples of sexual assault and rape cases. Such
cases may be handled by prosecutors uniquely, and factors such as victim credibility might be weighted more
heavily than in cases involving other offense types (Beichner & Spohn, 2005).
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defendants of color are more likely to receive a charge reduction (Farnworth et al., 1991; Holmes
et al., 1987; Wooldredge & Griffin, 2005). For example, in their study of marijuana possession
cases, Farnworth and colleagues (1991) found that Black defendants were slightly less likely
than White defendants to receive a reduction, but Hispanic males were far more likely than
White males to have their charges reduced. This finding highlights the inconsistencies often
found in plea bargaining research. Indeed, in contrast to the studies previously mentioned, a
portion of the literature finds evidence that defendants of color are less likely to receive a charge
reduction (Kutateladze, 2018) and receive less valuable reductions, on average (Johnson &
Larroulet, 2019; Kutateladze et al., 2014; Metcalfe & Chiricos, 2018), though such
disadvantages might be dependent on offense type (Shermer & Johnson, 2010).

Researchers posit that apparent advantages experienced by Black and Hispanic
defendants in the likelihood of case dismissal and charge reductions evidenced in some studies
could be the result of prosecutors correcting for low quality arrests or overcharging in initial case
filings (Kutateladze et al., 2014; Wooldredge & Thistlethwaite, 2004), but data limitations
related to arrest decisions and evidentiary measures have prevented tests of these suppositions.
Other scholars argue that “interventions at later points in the criminal justice system cannot be
expected to entirely reduce racial disparity introduced at the earlier arrest stage” (Wheeler, 2020,
p. 859). In other words, it is unlikely that higher dismissal rates among cases involving
defendants of color fully correct for disadvantages in earlier arrest outcomes. Furthermore,
scholars have argued that the broader pattern of mixed findings regarding race and ethnicity in
case processing research is largely due to incomplete examinations of this phase of the criminal

legal system (Kurlychek & Johnson, 2019; Kutateladze et al., 2014; Wooldredge, 1998).
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A growing body of work has begun to recognize that single-stage studies can be
misleading (Kurlychek & Johnson, 2019). This work argues that decision points are connected
and disadvantages felt early in the processing of a criminal case tend to have compounding
effects across later stages (Kutateladze et al., 2014; Menefee, 2018; Schlesinger, 2007; Sutton,
2013; Wooldredge et al., 2015). Importantly, cumulative disadvantages in the court system can
be tied to a defendant’s race or ethnicity, in addition to criminal history (Kutateladze et al., 2014;
Menefee, 2018; Schlesinger, 2007; Sutton, 2013; Wooldredge et al., 2015). For example, Sutton
(2013) analyzed the role of racial disadvantage in pretrial detention, guilty pleas, and sentence
severity, in addition to cumulative effects across these stages. Black and Hispanic defendants, as
well as those with criminal histories, were disadvantaged in early case processing stages, and
these disadvantages had ripple effects that created further disadvantages in conviction and
sentencing. In New York City, scholars provided evidence that defendants with prior records
were disadvantaged in a variety of case processing stages (Kutateladze et al., 2014). Specifically,
Black and Latino defendants were more likely than White defendants to receive the most
disadvantaged combinations of outcomes, despite a higher likelihood of case dismissal.

Cumulative disadvantage in criminal case processing remains relatively understudied, but
scholars have nonetheless produced important work supporting the notion that the cumulative
effects of case processing outcomes tend to disadvantage defendants of color and those with
prior criminal histories (Hickert et al., 2022; Kutateladze, 2018; Stemen & Escobar, 2018;
Stevenson, 2018; Sutton, 2013; Wooldredge et al., 2015). This growing literature demonstrates
that defendants of color may be disadvantaged overall, even when inequalities do not exist, or
they are advantaged in certain outcomes. It also demonstrates the influence that intermediate case

processing decisions exert on final sentencing outcomes (Sutton, 2013; Wooldredge et al., 2015).
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Importantly, disadvantages in sentencing produced by case processing decisions are in addition
to any inequalities produced by judicial decision-making.
Decision-Making in Sentencing

After final disposition of criminal cases, those who are convicted are moved to the
sentencing phase, where punishment is determined. Defendants can be ordered to serve a variety
of sentence types and lengths, including financial penalties and terms of community supervision,
jail, or prison. Along with case processing outcomes, these elements further determine the
magnitude of a criminal history mark. Unsurprisingly, judicial decision-making in this phase has
received significant research and political attention (Frankel, 1972), and sentencing in America
has gone through multiple waves of reinvention (MacKenzie, 2001). Empirical work has often
investigated the role of race and criminal history across a range of sentencing outcomes,
including incarceration and sentence length (Baumer, 2013; Spohn, 2000), probation conditions
(Kimchi, 2019), intermediate sanctions (Johnson & Dipietro, 2012), and departures from
sentencing guidelines (Johnson, 2003; Kramer & Ulmer, 1996). This literature suggests both
criminal history and race tend to disadvantage defendants across a variety of contexts.

Research within nonguideline states, where judges enjoy wider discretionary powers and
criminal history is not formally incorporated into sentence determinations, provides evidence that
a defendant’s prior record exerts significant influence on judicial decisions (Hester & Hartman,
2017; Hester & Sevigny, 2016; Mitchell et al., 2023; Rodriguez et al., 2006; Spohn &
Cederblom, 1991). For example, Rodriguez and colleagues (2006) found that prior convictions
were positively associated with the probability and length of a carceral sentence in Texas.
Similarly, qualitative data from South Carolina provides further evidence of the relationship

between a defendant’s record and the decision to incarcerate (Hester, 2021).
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Analogous work conducted on sentencing guidelines states provides consistent evidence
that prior record is positively associated with incarceration and sentence length decisions
(Bushway & Piehl, 2001; Johnson, 2003, 2006; Moore & Miethe, 1986; Steffensmeier et al.,
1998; Stolzenberg & D’ Alessio, 1994; Sutton, 2013; Wooldredge, 2012), though there are
exceptions (see Wang et al., 2013). Importantly, this impact is net of any influence criminal
history has on guidelines recommendations. For example, in a study of the Pennsylvania
guidelines, Ulmer and Johnson (2004) found that a defendant’s prior record score affected both
the incarceration decision and sentence length independent of its role in determining the
presumptive sentence. These findings are supported by additional work conducted in
Pennsylvania (Johnson, 2006; Steffensmeier et al., 1998) and other guidelines states such as
Minnesota (King & Johnson, 2016; Miethe & Moore, 1986; Moore & Miethe, 1986), Maryland
(Bushway & Piehl, 2001), North Carolina (Brennan & Spohn, 2008), Washington (Steen et al.,
2005), Arkansas (Hartley et al., 2006), and Ohio (Griffin & Wooldredge, 2006; Wooldredge,
2012; Wooldredge & Griffin, 2005).

Prior research also commonly reports significant effects of race and ethnicity on sentence
severity, though findings remain mixed (Brennan & Spohn, 2008; King & Johnson, 2016; Steen
et al., 2005; Wooldredge, 2012). In North Carolina, for example, Brennan and Spohn (2008)
found that White defendants were more likely to receive the most lenient sentencing options
compared to Black and Hispanic defendants. In a study of the Ohio guidelines, however,
Wooldredge (2012) found that the effect of race on sentence severity was rendered
nonsignificant when controlling for legal factors, such as criminal history. Wooldredge (2012, p.
66) argued that “legal factors might be the primary mediators linking race to case dispositions

and outcomes.” Still, he found young African American males had significantly higher odds of
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incarceration even after controlling for legal factors. Related work conducted in Minnesota
further suggests that punitiveness is greater for defendants with darker skin and Afrocentric
facial features, as well as those with longer criminal histories (King & Johnson, 2016).

Research examining the federal system finds similar relationships between criminal
history, race, ethnicity, and judicial decision-making (Albonetti, 1997; Doerner & Demuth, 2010;
Franklin, 2018; Mitchell, 2005; Mustard, 2001; Steffensmeier & Demuth, 2000), despite
considerable differences in the structure of the federal guidelines and criminal history scores
(Frase, 2019). For example, Steffensmeier and Demuth (2000) found that individuals with higher
prior record scores were subject to more punitive sentencing outcomes (Steffensmeier &
Demuth, 2000). White defendants received the most lenient sentencing outcomes for both the
in/out and sentence length decisions compared to Black and Hispanic defendants, and
disadvantages were particularly pronounced for young Black and Hispanic defendants
(Steffensmeier & Demuth, 2000). This aligns with other work that finds young defendants of
color receive the harshest sentences in the federal system (Doerner & Demuth, 2010; Kramer &
Ulmer, 2002; Steen et al., 2005; Steffensmeier et al., 1998; Steffensmeier & Demuth, 2000;
Ulmer et al., 2007; Warren et al., 2012; Wooldredge, 2012). Additional work suggests Hispanic
defendants receive longer sentences in federal court, but this disadvantage tends to be focused in
new and emerging immigrant destinations (Ulmer & Parker, 2020).

Although sentencing practices vary with context, the collective body of research makes
clear that a defendant’s criminal history consistently and significantly affects the sentence that he
or she receives (Bushway & Piehl, 2001; Doerner & Demuth, 2010; Feldmeyer & Ulmer, 2011;
Hester, 2021; Johnson & Betsinger, 2009; Moore & Miethe, 1986; Rodriguez et al., 2006;

Stolzenberg & D’ Alessio, 1994; Sutton, 2013; Wooldredge, 2012). Evidence of racial and ethnic
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inequalities has similarly been demonstrated across a range of jurisdictions (Franklin, 2018;
Mitchell, 2005), including nonguideline states (Hester & Hartman, 2017), guidelines states
(Bales & Piquero, 2012; Bushway & Piehl, 2011; King & Johnson, 2016; Lehmann, 2020;
Steffensmeier et al., 1998), and federal court (Franklin & Henry, 2020; Shermer & Johnson,
2010; Steffensmeier & Demuth, 2000). As Franklin stated, “the best evidence indicates that
black offenders are punished more severely than similarly situated white offenders, but only
under certain conditions” and that “mixed research findings do not necessarily equate with
conflicting or inconclusive findings” (Franklin, 2018, p. 22). Taken as a whole, empirical
findings regarding criminal history and defendant race in sentencing demonstrate the importance
of both these factors in the decision-making of judges.

To summarize, prior research suggests that defendants of color and those with prior
records face disadvantages across a variety of stages in the criminal legal system, including
policing (Gelman et al., 2007; Stolzenberg et al., 2021; Tillyer, 2014), case processing (Johnson
& Larroulet, 2019; Kutateladze et al., 2014; Metcalfe & Chiricos, 2018), and sentencing
(Johnson, 2003; Spohn & Brennan, 2011; Ulmer & Parker, 2020; Wooldredge et al., 2015). The
bulk of prior research focuses on the role these factors play in shaping individual agent decision-
making. However, it is important to recognize that increased punitiveness can also result from
structural factors that are built directly into the legal system. As some scholars argue, laws and
policies themselves can have racially disproportionate effects that exacerbate inequalities
(Bushway & Forst, 2013). According to this logic, criminal justice laws, policies, and practices

can exacerbate punitiveness both for defendants of color and those with prior records.
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Structural Sources of Inequality and Criminal History

In addition to biases in decision-making, racial and ethnic disadvantages in criminal legal
outcomes can be produced by policy structures (Bushway & Forst, 2013). Some scholars have
called for research that examines how racial and ethnic inequalities are institutionalized through
legal case factors (Omori & Petersen, 2020), arguing that disparities can become embedded in
criminal legal structures, such as laws and justice policies, in ways that disproportionately impact
people and communities of color (Bonilla-Silva, 1997; Ray, 2019). Importantly, to the extent that
policy structures have unequal impacts across racial and ethnic groups, they will exacerbate
inequalities in the criminal legal system independent of legal decision-making. In other words,
structural factors within the criminal legal system can produce racially disparate impacts even if
employed in a race neutral manner. Recent empirical work suggests that the use of criminal
records in the legal system might have such an effect (Grunwald, 2023; Light, 2022; Omori &
Petersen, 2020). To understand how criminal history records can become a vehicle for inequality,
it is informative to first review the disparate impacts of “race neutral” policies, before detailing
the structural role of criminal history within the legal system.
Race Neutral Policies with Racially Disparate Effects

Extant scholarship shows that racial and ethnic disadvantages in the likelihood of police
contact and arrest can be produced by seemingly race-neutral policies and laws that
disproportionately target communities of color (Fagan, 2017; Gaston, 2019; MacDonald &
Fagan, 2019; Neil & MacDonald, 2022; Wheeler, 2020). For example, regarding drug activity,
police tend to target individuals engaging in drug use and trafficking within public and semi-
public spaces because these areas are easier to police than private areas (Tonry & Melewski,

2008). However, the targeting of open-air drug markets has a racially disproportionate effect
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because, despite no discernable differences in drug use and trafficking across racial groups, there
are racial differences in where and how drugs are consumed and distributed (Beckett et al., 2005;
Mitchell & Caudy, 2015). Drug dealing between White citizens tends to occur in private,
whereas drug dealing among Black citizens tends to occur among strangers in public spaces
(Tonry & Melewski, 2008).

Similar racially disproportionate effects have resulted from policies such as “Stop,
Question, and Frisk” (SQF) and hot spots policing, as these strategies often target high crime
areas that are disproportionately located in disadvantaged and segregated communities of color
(Braga & Weisburd, 2010; Wheeler, 2020). For example, in a study of SQF data from New York
City, Wheeler (2020) demonstrated that the policy of concentrating SQF resources in the highest
crime locations inevitably leads to an exacerbation of racial and ethnic disparities in legal
contact. Furthermore, a recent study of six U.S. cities provided evidence that crime hot spots
concentrated in communities of color were key drivers of racial and ethnic disparities in arrest
patterns (Neil & MacDonald, 2022). Such policies that disproportionately expose certain groups
to police have the potential to increase racial inequalities in arrest, even if the decision-making of
individual officers is completely free of bias (Fagan, 2017).

Disparate effects can also arise from policy structures in the court system. These laws and
policies often focus on offenses that occur more often among Black and Hispanic citizens (Pfaff,
2017; Tonry & Melewski, 2008). Perhaps the starkest example is the infamous 100:1 crack to
powder cocaine disparity, which refers to differences in the amount of crack versus powder
cocaine required to trigger the same federal mandatory minimum prison sentence. In effect, a
defendant needed to be accused of possessing 100 times the amount of powder cocaine compared

to crack cocaine in order to trigger the same mandatory minimum, despite no chemical
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difference (Tonry, 1995). While race-neutral on the surface, this law held considerable racial
implications due to the fact that crack cocaine use is more prevalent among Black citizens. This
law has been reformed, but there still exists a disparity in the required amount of powder versus
crack at an 18:1 ratio (Fair Sentencing Act of 2010).

Enhancements targeting violent and gun crimes have been shown to further affect racial
disparities in punishment, as Black and Hispanic citizens disproportionately engage in these
offenses (Tonry & Melewski, 2008). For example, in a study of the effects of mandatory
minimum statutes and sentencing enhancements, Schlesinger (2011) found that such policies had
a disproportionate impact on the incarceration of Black men, particularly in violent offenses. In a
study of the Maryland sentencing guidelines, Bushway and Piehl (2011) found that a single point
increase in a defendant’s criminal history or offense severity differentially affected the
recommended sentence, depending on other factors considered in the guidelines. And because
“whites and African Americans are not distributed evenly with regard to many of these key case
attributes,” these factors have the potential to exacerbate racial disparities in sentencing
(Bushway & Piehl, 2011, p. 236).

The literature on the disproportionate effects of criminal legal policies raises concerns
about the use of criminal history records to influence enforcement and punishment. Because
Black and Hispanic citizens tend to have longer criminal history records, the use of these records
can produce inequalities independent of any biased decision-making (Frase & Roberts, 2019).
Research shows that criminal history records play a significant role in determining how legal
resources are deployed and how defendants are punished (Abrahamse et al., 1991; Braga &

Weisburd, 2012; Frase et al., 2015; King, 2019; Kutateladze & Andiloro, 2014). Therefore, it is
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important to detail the structural role of criminal history in the criminal legal system, before
discussing potential implications for racial disparity.

The Structural Role of Criminal History in the Criminal Legal System

Criminal History in Policing

Criminal history plays a critical role in the allocation of criminal legal resources at
virtually all stages of the criminal legal system. Within policing, criminal history influences
policies and arrest patterns in a variety of ways. For one, police maintain background
information on prior arrestees that could potentially aid in detection and arrest. Police typically
maintain information related to fingerprints, DNA, photographs, personal background
information, criminal accomplices, and modus operandi (Dana, 2001; Stolzenberg et al., 2021).
Moreover, the movements and behavior of prior arrestees are often monitored through probation
or parole (Miller, 2014), which can lead to rearrest for subsequent crimes or non-criminal
violations (Klingele, 2013).

Furthermore, the deployment of police resources is often shaped by criminal history
information (Abrahamse et al., 1991; Braga & Weisburd, 2012; Hamilton, 2015; Martin &
Sherman, 1986; Saunders et al., 2016). Many policies and initiatives utilize criminal records to
target prior arrestees. First, some departments employ “Repeat Offender Units” that involve
cooperation between police and prosecutors to identify individuals deemed to have a higher
likelihood of offending (Abrahamse et al., 1991; Martin & Sherman, 1986). In order to arrest,
convict, and incarcerate repeat offenders, these units employ enhanced surveillance, warrant
services, and legal resources to build stronger cases (Abrahamse et al., 1991; Gay & Bowers,
1985). Although instances of Repeat Offender Units have been restricted to a small sample of

police departments, some recent work suggests analogous partnerships continue to exist. For
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example, a recent report from the Baltimore City State’s Attorney’s Office (SAO) explains that
the SAO works with police to identify serious, violent offenders and designate their cases as
“War Room” cases subject to more aggressive prosecution tactics (Johnson et al., 2022).

Second, criminal history information has played a prominent role in focused deterrence
strategies. As Braga and Weisburd (2012, p. 326) explain, “focused deterrence strategies honor
core deterrence ideas, such as increasing risks faced by offenders, while finding new and creative
ways of deploying traditional and nontraditional law enforcement tools to do so, such as directly
communicating incentives and disincentives to targeted offenders.” A variety of focused
deterrence strategies have proliferated across American cities over the past few decades (Braga
et al., 2001; Hawken & Kleiman, 2009; McGarrell et al., 2006; Papachristos et al., 2007). For
example, Operation Ceasefire in Boston, Massachusetts attempted to reduce violence in the city
by directly contacting gang members and providing warning that crimes of violence would be
pursued and prosecuted aggressively, and subsequently “pulling every lever” available to legal
actors to reinforce such warnings (D. M. Kennedy, 1996). After initial success in Boston, the
strategy was replicated in multiple cities across the country (Boyle et al., 2010; McGarrell et al.,
2006; Tita et al., 2003). Evidence suggests that focused deterrence strategies are effective in
reducing crime (Braga & Weisburd, 2012), however, because they often target repeat offenders,
a likely result of these strategies is an increased likelihood of arrest for individuals with criminal
records.

Third, police resources are also geographically deployed to “Hot Spots” areas that
experience high rates of crime and contain a high proportion of known and repeat offenders
(Braga & Bond, 2008; Kochel, 2011; Sherman & Weisburd, 1995). While criminal history

information is not always included in the identification of hot spots (see Braga et al., 2014), its
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use is common (Weisburd & Telep, 2014). In an experiment conducted in Philadelphia, for
example, police and researchers incorporated “offender-focused” tactics into the development of
a hot spots policing program (Groff et al., 2015). Philadelphia police tasked officers with
identifying a list of known offenders and subsequently focused enforcement efforts on these
individuals and the areas in which they were located (Groff et al., 2015). Such offender-focused
tactics ensure that criminal history information plays a significant role in the distribution of
police resources and enforcement.

Lastly, departments are increasingly using predictive policing strategies, which rely on
analyses of large databases to predict “where, when, how, and by whom crime will be
committed” (Sherman, 2011, p. 592). Predictive tools often incorporate an individual’s prior
record to make risk predictions (Miller et al., 2021; Perry et al., 2013). For example, as part of a
predictive policing program targeting gun violence, the Chicago Police Department (CPD) used
information on prior arrestees to identify individuals at risk for homicide victimization (Saunders
et al., 2016). The department created a “Strategic Subjects List” (SLL) of those deemed at
highest risk, and CPD commanders were instructed to focus intervention efforts on these
individuals. Studies of the program failed to find evidence that the program affected crime and
victimization rates, but those on the SSL were more likely to be arrested (Saunders et al., 2016).
Criminal History in the Courts

Whether through strategies targeting prior arrestees or hot spots, focused deterrence
efforts, or predictive policing tools, it is clear that criminal history records play a significant role

in directing police resources and efforts. This influence extends into the court system.® Indeed,

& The previous section of the current chapter separated decision-making in case processing and sentencing into
separate subsections because of outcomes and research findings unique to each phase of the legal system. However,
because criminal history is often incorporated into the court system in ways that influence both prosecution and
sentencing, the two phases are combined in the current review of criminal history’s structural influence in the courts.
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criminal history information is formally incorporated into the processing and sentencing of
criminal cases through policies constraining the decision-making of court actors or partially scale
punishment to the level of a defendant’s prior record. These policies, referred to as prior record
enhancements (PRES), are often created through legislation (Frase & Roberts, 2019; Hester et al.,
2018), but individual agencies or offices may also develop internal guidelines for using criminal
records within decision stages (Kutateladze & Andiloro, 2014; Pfaff, 2017).

PREs serve as important tools within the processing of cases (Crawford et al., 1998;
Ulmer et al., 2007). Recidivist statutes, sometimes referred to as habitual offender laws, are an
influential form of PREs that have been in existence since the beginning of the 20" century
(Clark et al., 1997; Tappan, 1949), but they saw a resurgence in popularity during the “Tough on
Crime” era of the 1980s and 90s, when many jurisdictions passed enhanced versions of these
laws (Clark et al., 1997; Dubber, 1990; Kovandzic et al., 2004). Perhaps the most famous form
of recidivist statutes is the mandating of life imprisonment for individuals convicted of three
“serious or violent offenses.” These statutes began in 1993, when Washington state passed the
first “Three-strikes” law (Tonry, 1996). Many states quickly followed suit. California, for
example, coined the term “Three Strikes and You’re Out” in 1994, when it passed a more
expansive version of Washington’s recidivist statue. Under California’s law, a mandatory prison
sentence of 25 years to life was imposed on individuals convicted of any felony if they had two
prior convictions for crimes labeled as serious (Stolzenberg & D’Alessio, 1997). Although
undoubtedly American, one is forced to question the ethics of a policy that derives its
justification for life incarceration from a baseball analogy.

The logic behind recidivist statutes is loosely based on career-criminal research and the

notion that crime would be reduced by deterring and incapacitating recidivists (Zimring &
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Hawkins, 1995). Empirical research, however, has generally showed that these laws have had
minimal effects on crime rates (Beres & Griffith, 1998; Chen, 2008; Kovandzic et al., 2004;
Males & Macallair, 1999; Stolzenberg & D’Alessio, 1997), and the long sentences they impose
tend to incapacitate individuals who would independently age out of crime (Pfaff, 2017).
Furthermore, these laws have played a significant role in the dramatic increase of prison
populations during the end of the 20" century (Dickey & Hollenhorst, 1999; King, 2019; Tonry,
2016). In effect, recidivist statutes severely increase the consequences of recidivating while
having limited influence on crime rates.

Other prior record enhancements increase sentence severity based on the length of the
defendant’s prior record. Although prior convictions are considered to a certain degree in all U.S.
sentencing systems (Frase et al., 2015), their use is most evident within sentencing guidelines
systems, which exist in slightly less than half of U.S. states and the federal system (Hester et al.,
2018). In these systems, prior criminal history typically serves as one of two key determinants of
sentence recommendations, the other being offense severity (Frase, 2019; Kauder & Ostrom,
2008). It is worth noting that the method for measuring the severity of prior criminal history
varies across guidelines jurisdictions. In the federal guidelines, for example, the severity of a
defendant’s prior criminal history is largely determined by the length of prior sentences of
imprisonment (United States Sentencing Commission, 2021),” while state systems typically
utilize the number and severity of prior convictions along with current supervision status to

calculate levels of prior criminal records (Frase et al., 2015).

’ The federal guidelines also include a career offender enhancement, which stipulates that a defendant should be
labeled a career offender if he or she is convicted of a crime of violence or controlled substance offense and has at
least two prior convictions for such offenses. Those labeled as career offenders within the federal sentencing
guidelines are automatically given the highest possible criminal history category, and the severity level of the
offense they have been convicted of is often increased (United States Sentencing Commission, 2021).
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Despite jurisdictional variations in the measurement of criminal history scores, a common
effect is that the punishment a defendant receives is, to a large degree, determined by the
outcome of any previous criminal cases he or she experienced. For example, in all sentencing
guidelines jurisdictions, one’s prior record can be the difference between a community or a
carceral punishment (Kauder & Ostrom, 2008), and longer criminal records lead to lengthier
incarceration terms, often dramatically (Frase, 2019). Some scholars argue that the magnitude of
influence exerted on sentencing by criminal history calculations undermines the ideal of offense-
based proportionality (Hester et al., 2018), and there exists little evidence that enhancements to
the severity and length of sentences deters crime (Cullen et al., 2011; Nagin, 2013).

To summarize, the role of criminal history in American policing ensures that those with a
prior record are subject to increased scrutiny and enforcement by police. This continues into
downstream stages of the criminal legal system and is an integral part of the processing and
punishment of criminal cases. Whereas police departments utilize criminal history to determine
the distribution of policing resources and the development of policing strategies (Abrahamse et
al., 1991; Braga & Weisburd, 2012; Kochel, 2011), it is typically integrated into the court system
through legal statutes and policies (Clark et al., 1997; Frase, 2019). The collective effect of these
structural influences is that individuals with prior records have a higher likelihood of system
contact (Stolzenberg et al., 2021) and face significant post-arrest disadvantages (Demuth, 2003;
Omori & Petersen, 2020; Wooldredge et al., 2015). Despite the race neutrality of its structural
use, criminal history’s influence is not felt equally. Instead, prior literature consistently
demonstrates that criminal history is correlated with race (Omori & Petersen, 2020), and that its

current use in the legal system exacerbates inequalities (Hester et al., 2018).
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The Connection Between Race and Criminal History Records

Race and criminal records have proven to be highly correlated (Skeem & Lowenkamp,
2016), so the usage of criminal records to inform criminal legal decision-making inevitably has
implications for racial equity in the administration of justice. This connection is so strong that it
has led some to argue that “criminal history is a proxy for race” (Harcourt, 2015, p. 238). In line
with this, research has consistently shown that 1) differences in levels of criminal history
significantly contribute to racial disparities in criminal legal outcomes (MacDonald et al., 2014;
Omori & Petersen, 2020; Owens et al., 2017), and 2) raw disparities in case processing and
punishment outcomes are at times “explained away” after controlling for criminal history
(Wooldredge, 2012). This is because Black and Hispanic defendants tend to have longer criminal
histories, on average, when compared to White defendants (Frase & Roberts, 2019; Skeem &
Lowenkamp, 2016). As such, increases in punitiveness based on levels of criminal history will
inevitably have a racially disproportionate effect (Hester et al., 2018).

Criminal history as a driver of racial disparities in the criminal legal system is evidenced
in a variety of outcomes and contexts. Within bail and pretrial detention decisions, the effect of a
defendant’s race on outcomes has been shown to attenuate or become insignificant entirely by
the introduction of legal factors such as criminal history and offense severity (Albonetti et al.,
1989; Holmes et al., 1987; Kutateladze & Lawson, 2018; Mcintyre & Baradaran, 2013;
Stevenson, 2018; Wooldredge, 2012). In other words, raw racial disparities in pretrial detention
are partly explained by both racial differences in the length and severity of criminal records.
Criminal history information has similarly explained large portions of racial disparities in

additional case processing outcomes such as charging decisions (Owens et al., 2017; Thaxton,
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2018), the likelihood of conviction (Omori & Petersen, 2020), and deferral to treatment programs
among drug cases (MacDonald et al., 2014).

Racial differences in criminal records also drive inequalities in sentencing (Frase, 2009;
King, 2019; Rehavi & Starr, 2014; Ulmer et al., 2016). In a study of sentencing in Minnesota,
Frase (2009) demonstrated that racial differences in criminal history was the most important
factor in explaining the higher proportion of Black defendants sentenced to prison (Frase, 2009).
Rehavi and Starr (2014), utilized data that followed federal cases from arrest to sentencing to
examine the causes of racial disparities in sentence length. The researchers found that criminal
history and offense severity explained the vast majority of racial disparities in sentence length
(Rehavi & Starr, 2014). In response to similar results in the federal system, Ulmer and colleagues
(2016, p. 677) stated “one could argue that the consideration of criminal history, especially its
discretionary extra-guideline role, itself disadvantages black male defendants.”

Adding to this literature, King (2019) used sentencing data from Minnesota to investigate
why the probability of going to prison is higher today than in the past. The analysis found that
increased levels of criminal history among all defendants was the primary reason for increased
probabilities of imprisonment and that for Black and Native American defendants, much of the
observed racial disparity was explained by differences in prior record. For Hispanic defendants,
however, controls for prior criminal record actually increased disparities in carceral sentences
(King, 2019). Furthermore, in a multi-state comparison of racial disparities in sentencing, Frase
and Roberts (2019, p. 133) found that differences in criminal history records “are the source of
one-half or more of the black/white disproportionality in the frequency of recommended and

executed prison sentences.”
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Innovative Approaches to Studying Criminal History and Race

The studies reviewed above give credence to the notion that criminal records drive racial
inequality in the criminal legal system. While such studies have provided important contributions
to the literature, they all follow what Baumer (2013) describes as the “modal” approach to
studying race and sentencing which is limited in its ability to explicate the sources of racial
disparities. More recent work has attempted to address the weaknesses of this approach by using
innovative modeling techniques to measure the role of criminal history and other legal variables
in driving racial disparities in the criminal legal system. These approaches include
decomposition modeling (Kirk, 2008; Light, 2022; MacDonald et al., 2014; Omori & Petersen,
2020; Owens et al., 2017; Rehavi & Starr, 2012; Sorensen et al., 2012; Starr & Rehavi, 2013;
Thaxton, 2018) and the use of longitudinal data (Grunwald, 2023; Leiber et al., 2020; Yan &
Walker, 2022).

In one example, Starr and Rehavi (2013) utilized decomposition modeling to measure
sources of racial disparities in federal sentencing outcomes. The researchers found that racial
disparities in charge severity was overwhelmingly driven by an increased likelihood among
Black defendants to be charged with an offense carrying a mandatory minimum sentence (Starr
& Rehavi, 2013). Furthermore, most of the Black-White gap in mean sentence length was
explained by criminal history and offense severity. Similarly, in a study of drug cases,
decomposition models demonstrated that criminal history largely explained differences in the
probability of being deferred to a treatment program and receiving a prison sentence,
respectively, between Black and White defendants (MacDonald et al., 2014). In a study of the
San Francisco Public Defender’s Office, Owens and colleagues (2017) employed this

methodology to demonstrate that severity of initial charges and criminal history largely
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explained racial disparities in pretrial detention, case length, seriousness of conviction offense,
and sentence length.

More recently, Omori and Peterson (2020) used decomposition and regression models to
examine the extent to which racial and ethnic inequalities in case outcomes were explained by
differences in criminal history, charging, and pretrial detention in Miami-Dade County. Results
from their analysis suggested that between 50% and 75% of the inequality in pretrial detention,
conviction, and incarceration was explained by legal case factors such as criminal history. Omori
and Peterson (2020) argue that researchers likely underestimate racial and ethnic inequalities in
the criminal legal system when they do not consider racial differences in these factors. Lastly,
decomposition models were used to explain decreases in black-white inequality in federal
sentencing that occurred between 2009 and 2018 (Light, 2022). Light (2022) found that while
changes in judicial decision-making or criminal law played minor roles, it was changes in case
factors, such as criminal history, that were largely responsible for the decreases in disparity.

Because the outcome measured in decomposition models is the portion of inequalities
explained by the independent variables, this modeling strategy is well suited to measuring racial
and ethnic disparities in case characteristics and how they are institutionalized through legal case
factors such as criminal history (Omori & Petersen, 2020). However, these studies utilize cross-
sectional datasets and thus do not shed light on the effect of criminal history over time or
successive legal contacts. A handful of studies have addressed this weakness through the use of
longitudinal data sources. The first two used group based trajectory modeling to examine the role
of criminal history records in the escalation of punishment over time. Leiber and colleagues
(2020) examined racial and ethnic inequalities in trajectories of punishment across five

successive juvenile referrals. The researchers found that Black and Hispanic youth “received
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more severe dispositions over time, despite having similar histories as White youth” (Leiber et
al., 2020, p. 789). Similarly, Yan & Walker (2022) conducted analogous work in the adult
system and found that the seriousness of punishment outcomes was influenced by the pattern of a
defendant’s prior criminal history. The authors did not examine differences across race. Both
studies offer innovative and informative approaches to understanding the role of criminal history
in the disposition of cases over time. However, because of requirements inherent to trajectory
models, both utilize samples restricted to individuals with at least five contacts with the legal
system (Leiber et al., 2020; Yan & Walker, 2022). This sample restriction limits the
generalizability of these studies to only those with severe histories of system contact.

An additional study utilized longitudinal data from the Pathways to Desistance study to
investigate the question of racial bias in criminal history records more directly (Grunwald, 2023).
Specifically, Grunwald (2023) estimated racial/ethnic differences in the amount of reported
criminal behavior at different levels of official criminal history for a variety of offense types.
Weighted estimates for all crimes suggested that, on average, Black subjects reported 22% fewer
offenses than did their White counterparts with same number of arrests. For Hispanic subjects,
this number was 17%. This study is the first to directly investigate the issue of racial bias in
criminal history records. It thus represents an important contribution to the literature regarding
racial/ethnic bias in criminal records and gives empirical support to the arguments laid out in this
study. However, similar to the prior two studies detailed, Grunwald’s focuses on a sample of
individuals with significant contact with the criminal legal system in two cities, which limits the
generalizability of the study. Furthermore, by estimating differences in reported offending at

different levels of prior arrests, Grunwald’s only focuses on the third dimension of criminal
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records — the accumulation of marks over time. The study does not address the question of
inequality in the generation and magnitude of individual marks, conditional on actual offending.
To summarize, prior literature on racial inequality and criminal history makes it clear that

the two are connected, with criminal history driving racial inequalities in a variety of criminal
legal outcomes. These differences ensure that policies scaling punitiveness to the level of a
defendant’s prior criminal record will exacerbate racial inequality in the criminal legal system,
even if these policies are implemented in a “race-neutral” way. Indeed, scholars have argued that
such reliance on criminal history is a major contributor to racial disproportionality in criminal
legal outcomes (Frase, 2009; Hester et al., 2018). Importantly, if criminal history records were
indeed accurate, race-neutral measures of one’s prior criminal activity, then differences in
criminal records could only be explained by differential involvement in crime across racial
groups. While research on the causes of crime at the neighborhood-level suggests that the
concentration of socioeconomic advantage does lead to higher rates of crime within communities
of color (Peterson & Krivo, 2012), the evidence of racial and ethnic bias throughout the criminal
legal system suggests that offending patterns are not solely responsible for racial differences in
criminal history records. Rather, it is more likely that criminal history records reflect both racial
differences in offending and racial disadvantages in criminal legal outcomes.
Limitations of Extant Literature

Although existing work provides valuable information on criminal records, and their indirect
influence on racial disparities in the legal system, there are important deficiencies in the
literature. First, studies of policing and the court system are typically conducted independently,
with a few important exceptions (Rehavi & Starr, 2014; Spohn & Tellis, 2019). Although rare,

this work suggests that decisions made by police and court actors decision-making “overlap and
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inform one another” in important ways that necessitate additional research bridging these stages
of the legal system (Spohn & Tellis, 2019, p. 408). Overall, however, data limitations have
largely prevented scholars from studying the entire life-course of criminal cases from arrest to
final sentencing, and the limited work on multiple stages of the legal system is typically
restricted in its focus on single offense types (Spohn & Tellis, 2019) or jurisdictional contexts
(Rehavi & Starr, 2014). Indeed, the disjointed nature of research on the legal system is arguably
tied to the field’s reliance on administrative data. Although these data sources have provided
valuable information on the legal system, they are not collected by professional researchers, nor
are they designed for research purposes. They are therefore prone to data entry errors that may
result in incomplete, missing, or even incorrect data (Geerken, 1994; Grunwald, 2023).
Moreover, when researchers do have access to data from multiple legal agencies, there may not
be identifying information the reliable connection of case information across agency databases
(Tahamont et al., 2021). Lastly, some scholars argue that the failure to map the entire life-course
of a criminal case leaves studies vulnerable to selection biases. For example, Wooldredge and
Thistlewaite (2004) point out that police may be more likely to make arrests in certain social
contexts, which could bias empirical results when examining a sample of arrested suspects.
Research on the legal system that does not include information on declined arrests is similarly
susceptible to selection bias, as prosecuted cases are arguably a non-random sample of arrests
(Klepper et al., 1983; Reitz, 1998). As a result of the incomplete examination of cases, key
questions remain unresolved.

Second, data limitations have led to inconsistent measurements of criminal records in the
literature (Wooldredge & Thistlethwaite, 2004). For example, most studies of case screening

have measured prior record using dichotomous variables (Albonetti, 1987; Holleran et al., 2010;
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Kingsnorth et al., 2002; Kutateladze, 2018; Kutateladze et al., 2014; Spears & Spohn, 1997,
Worrall et al., 2006), some have included continuous measures of separate elements of criminal
history (Crawford et al., 1998), while others have utilized a combination of both (Wooldredge &
Thistlethwaite, 2004). In order to address this issue, some scholars have implemented scales and
indices to measure the level of a defendant’s prior record (Johnson & Larroulet, 2019;
Stolzenberg et al., 2013), or utilized criminal history scores as calculated by guidelines systems
(Ulmer et al., 2007). These are important improvements, but issues in the measurement of prior
record remains common in the literature. Prior work has demonstrated the multi-dimensionality
of criminal history, showing that there is often little correlation and differing effects across
elements of a prior record (Vigorita, 2001; Welch & Spohn, 1986). As such, a reliance on
incomplete and single-dimension measures of prior record leave studies susceptible to omitted
variable bias and limit knowledge on the true effect of criminal records on legal outcomes.

Furthermore, a reliance on administrative data typically restricts criminal history
information to what is included in a specific jurisdiction’s records. Offenses prosecuted in other
jurisdictions are not guaranteed to be included in the data. This does not necessarily pose
problems in studies of legal decision-making, because it is correct to limit controls to the
information that was available to the decision makers being studied. However, incomplete
information on an individual’s legal system contact inhibits proper investigations of bias in the
construction of criminal records. Much like it is necessary to investigate a criminal case in its
entirety to understand patterns of disadvantage (Kurlychek & Johnson, 2019), it is necessary to
assess the entirety of one’s criminal history record to understand the introduction of bias.

Third, the cross-sectional nature of administrative datasets typically employed in

policing, case processing, and sentencing studies limits our knowledge of citizen’s contact with
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the legal system over time. Instead, insights and conclusions drawn from extant research are
largely limited to individual cases. Even within the cumulative disadvantage literature, results
typically speak to the accumulation of disadvantage across successive stages of a single case
(Kutateladze et al., 2014; Wooldredge et al., 2015). Furthermore, scholars have addressed
weaknesses in the modal approach to prior research by using decomposition models, but these
analyses still utilize cross-section data that do not consider the accumulation of disadvantage
over time and successive contacts. There are three important exceptions to this pattern, two of
which employed group-based trajectory models to examine stability and change across multiple
legal contacts in the juvenile (Leiber et al., 2020) and adult (Yan & Walker, 2022) systems. The
other exception utilized longitudinal survey data coupled with administrative records to estimate
racial and ethnic differences in the amount of reported offending at different levels of criminal
history (Grunwald, 2023). However, all three of these studies utilized samples of individuals
with extensive criminal histories. Individuals with little to no system contact were not included.
To detect potential biases in criminal history records, it is necessary to study how these records
build within individuals over time, regardless of the extent of their system involvement.

In order to fully understand potential sources of bias in the construction of criminal
records, it is important to examine all stages of a single case, as well as successive contacts with
the legal system for individuals with varying degrees of system involvement. Because criminal
records are heavily utilized throughout the legal system, investigating biases in their
measurement is an important direction for criminological research, as they can become a vehicle
of disadvantage over successive criminal cases. In the next chapter, | discuss theoretical
perspectives that explain the introduction of racial and ethnic bias in the construction of criminal

history records as well as their potential effects on subsequent case outcomes.
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CHAPTER THREE: THEORETICAL FRAMEWORK

To contextualize theoretical discussions of bias in the construction of criminal records, it
is worth reiterating that these records are reflections of criminal case outcomes. As mentioned,
an individual criminal history mark has two dimensions: its existence, determined through arrest;
and its magnitude, determined by prosecution and sentencing outcomes. Lastly, an individual’s
criminal record is the cumulative list of all individual criminal history marks received during the
lifecourse. The existence and magnitude of criminal record marks, as well as their accumulation
over time, are susceptible to the influence of racial bias, given evidence of racial inequalities in
the outcomes they reflect.

Drawing from extant theoretical and empirical work, | argue that there exist two main
pathways for bias to be introduced into the measurement of criminal records. First, the likelihood
of receiving a criminal history mark, and the magnitude of that mark, may be unequal across
racial and ethnic groups, on average, due to bias in the decision-making of legal actors.
According to Bushway and Forst (2013), biased decision-making can result from Type A
discretion, or the discretion that individual actors have to make decisions; for example, the
freedom given to police officers when deciding whether to make an arrest, or to prosecutors
when determining whether a case warrants prosecution. This bias can stem from explicit or
implicit associations of certain racial and ethnic groups with criminality (Smith & Levinson,
2011). The uncertainty avoidance and focal concerns perspectives suggest that these associations
are often triggered when individuals are forced to make decisions with limited time and
information (Albonetti, 1986; Steffensmeier et al., 1998).

Second, structural factors in the form of laws and legal policies can have disproportionate

effects across race and ethnicity, thus creating inequalities in the construction of criminal history
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records. The formation of such structural mechanisms is the result of Type B discretion, or “the
ability to create rules and policies,” which can have unequal impacts across society (Bushway &
Forst, 2013, p. 201). Type B discretion has immense potential to affect racial and ethnic
disproportionality in the legal system, as policy decisions determine the types of offenses and
behaviors that are targeted for enforcement and punishment, while also shaping the amount of
Type A discretion that is granted to individual decision-makers (Bushway & Forst, 2013; Ulmer
et al., 2016). The rules and policies stemming from Type B discretion are tied to the racialized
social structure of the U.S. that places White citizens above those of color on the social and
economic hierarchy (Bonilla-Silva, 1997). Scholars from the institutional racism perspective
argue that policies that do not directly challenge the racial hierarchy of the U.S. often function to
reinforce it (Bonilla-Silva, 2006; Ray, 2019). As a result, laws that might appear race-neutral on
the surface can have disproportionate effects that further entrench racial inequality. In essence, a
combination of decision maker bias and racialized legal policy may work to create an
environment in which Black and Hispanic citizens are at higher risk for legal contact, leading to
the disproportionate accumulation of criminal history records, and producing disadvantages in
subsequent case processing outcomes, net of other relevant factors.
Bias in Legal Decision-Making

Social psychological work demonstrates that racial bias in human decision-making comes in
two forms. Explicit bias is the overt discrimination against certain racial and ethnic groups
“based on the conscious beliefs that groups should be treated differently” (Kang et al., 2011, p.
1126), whereas implicit bias results from “automatic associations and evaluations held between
concepts, beliefs, or groups” (Kahn & Martin, 2020, p. 108). The bulk of social scientific

research on bias has focused on the latter, as explicit racial prejudices have generally declined in
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the U.S. over the last century (Schuman et al., 1997)8 and partly because it is a more palatable
approach that can identify “racism without racists” (Bonilla-Silva, 2006; Russell-Brown, 2018).
Furthermore, a growing research base demonstrates implicit biases can have profound impacts
on decision-making even when individuals express egalitarian views (Greenwald & Banaji,
1995; Kang et al., 2011; Nosek et al., 2007; Rachlinski et al., 2008; Smith & Levinson, 2011).

Some scholars have criticized the dominance of implicit bias as a framework for explaining
unequal decision-making, arguing that a complete understanding of bias requires a recognition
that explicit and implicit bias are not distinct phenomena, but rather two ends of the bias
continuum that are not easily distinguished (Clarke, 2018; Russell-Brown, 2018; Selmi, 2018).
Biases, both explicit and implicit, shape behavior in ways that can affect decision-making.
Scholars argue that stereotypes tying people of color to criminality can both function at the
explicit and implicit level (Greenwald & Banaji, 1995) and also affect the decision-making of
legal actors in ways that create inequalities (Kahn & Martin, 2020). Racial and ethnic biases are
most likely triggered in situations where actors are required to make decisions under information
and time constraints (Albonetti, 1986; Chaiken et al., 1989). In this manner, stereotypes and
biases serve to fill gaps in knowledge and reduce the perceived uncertainty around potential
outcomes of the decision. This is a main tenet of the uncertainty avoidance perspective, which
provides a useful framework to understand how racial and ethnic biases can seep into the
decision-making of legal actors.

The uncertainty avoidance perspective was introduced to criminology by Albonetti (1986,
1987) in her seminal works on prosecutorial decision-making, but its roots trace back to earlier

work on organizational decision-making (Cyert & March, 1963; March & Simon, 1958;

8 Some emerging research, coupled with data on hate crimes, suggests this trend might have begun to reverse in
recent years (Department of Justice, 2022; Tesler, 2013; Valentino et al., 2018).
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Thompson, 1976) and causal attribution (Fontaine & Emily, 1978; Hawkins, 1981; Shaver,
1975). This perspective posits that decisions are often made under time constrains and with
limited or incomplete information. According to Albonetti (1986, 1987), fully rational decisions
require knowledge of all possible alternatives, but such knowledge is rarely, if ever, achieved
within legal decisions. Faced with incomplete knowledge, legal actors seek “satisficing,” rather
than optimal, solutions to problems (Albonetti, 1986; Cyert & March, 1963; March & Simon,
1958). In the process of seeking satisfactory solutions, actors attempt to impose rationality on the
decision process through organizational arrangements and patterned responses (March & Simon,
1958). As a result, decision-makers achieve a “bounded rationality” (March & Simon, 1958) and
develop a decision-making strategy “based on routine choices and predicated on the assumption
that situations worked out in the past will produce future results” (Albonetti, 1997, p. 294).
Building upon this perspective, Steffensmeier and colleagues (1998) developed their focal
concerns theory, which argues that judges manage uncertainty in their decision-making through
three focal concerns. These concerns are blameworthiness, community protection, and practical
constraints and consequences. Blameworthiness is often measured in terms of the seriousness of
the offense and harm caused and is “tied to a retributive philosophy of punishment” (Johnson,
2003, p. 454). Community protection involves evaluations of the defendant’s dangerousness and
the risk of recidivism, as well as the potential for the sentence to deter others from engaging in
similar criminal behavior. When making such evaluations, judges often consider key information
related to the case and defendant, such as the nature of the offense and the defendant’s criminal
history record (Johnson, 2003). Lastly, practical constraints and consequences operate at both the
organizational- and individual- level and are related to working relationships and the social costs

of punishment. Judges must consider how a given decision might affect working relationships
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with other legal actors and the operation of case processing, as well the effect of punishment on
the individual defendant (Steffensmeier et al., 1998). As such, these concerns help to manage
uncertainty, but also achieve additional goals related to the profession, and sentencing outcomes
reflect subjective assessments of these concerns.

Although the focal concerns framework was originally used to explain judicial decision-
making, it has since been extended and applied to the decision-making of both prosecutors
(Spohn et al., 2001) and police officers (Spohn et al., 2014). Scholars suggest that while these
focal concerns apply to all three legal actors, the interpretation and prioritization of these
concerns might vary from actor to actor, due to the goals specific to one’s profession.
Prosecutors and judges, for example, often share similar concerns regarding practical constraints
and consequences because they form part of the courtroom workgroup (Eisenstein et al., 1988;
Eisenstein & Jacob, 1977). Indeed, prosecutors and judges, along with defense attorneys, form a
larger court community that must work together to ensure the function of the overall system
(Eisenstein et al., 1988). Over time and through repeated interactions, court actors coalesce
around a common set of values, goals, and expectations that further affect discretionary decisions
(Eisenstein et al., 1988). These factors can translate into philosophies around the quantity or
quality of convictions (Forst, 2010) as well as the development of agreed-upon “normal
penalties” (Sudnow, 1965) or “going rates” (Eisenstein et al., 1988) for particular types of
offenses and defendants. Importantly, however, occupational duties lead to differences in the
focal concerns of prosecutors and judges. For example, given the political aspirations of many
prosecutors (Tonry, 2012), the focal concerns of prosecutors often extend to include the political
consequences of charging and case outcomes (Shermer & Johnson, 2010). Spohn and colleagues

(2001) argue that prosecutors, unlike judges, are not concerned with the social costs of
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punishment but rather focus on the likelihood of conviction. Because prosecutorial performance
is often measured in conviction rates, prosecutors are encouraged to pursue cases with a high
likelihood of conviction and filter out those with low conviction probability (Eisenstein et al.,
1988; Frohmann, 1997; Spohn et al., 2001). This creates a “downstream orientation” in which
prosecutors attempt to predict how a given case will be viewed by juries and judges at later case
processing stages (Frohmann, 1997). Evaluating criminal cases with such an orientation helps to
decrease uncertainty around the potential outcomes of a given case because it gives prosecutors a
sense of how a case will play out for each potential decision.

While comparatively less empirical work has applied the uncertainty avoidance and focal
concerns perspective to police, there exists a growing literature that suggests this perspective is
effective in explaining police decision-making (Campbell et al., 2015; Ericson & Eckberg, 2016;
Higgins et al., 2012; Spohn et al., 2014). This is important considering that the bulk of research
on police decision-making has historically been “somewhat atheoretical” (Spohn et al., 2014, p.
166). Nonetheless, like judges and prosecutors, police are often required to make complex
decisions under significant time and resource constraints that increase uncertainty around
potential outcomes (Higgins et al., 2012). In order to interrupt crime and prevent harm to
themselves and the community, individual officers must remain aware of their environment and
be able to distinguish unusual and potentially harmful behavior from that exhibited by law-
abiding citizens on a daily basis (Smith et al., 2006). Scholars argue that suspicion is the primary
mechanism through which police attempt to achieve these goals (Skolnick, 1966; Tillyer, 2014).
Furthermore, police are concerned with how their superiors, prosecutors, and judges will assess a
case after arrest and face pressure to avoid making low quality arrests (Bernard et al., 2005;

Spohn et al., 2001). However, police are often placed under more significant time and
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information constraints than other legal actors, which can inhibit their ability to make accurate
evaluations regarding the worthiness of arrest (Tillyer & Hartley, 2010)

Within this theoretical context, scholars have outlined pathways through which the
decisions of legal actors can be influenced by extralegal characteristics of a suspect or defendant.
The time and information constraints placed upon legal actors creates a vulnerability to the
influence of extralegal bias and stereotypes within their decision-making (Shermer & Johnson,
2010). More specifically, in the absence of complete information about an individual’s
blameworthiness, danger posed to the community, and/or convictability, legal actors develop
“perceptual shorthands” that are informed by stereotypes and associations tied to extralegal
factors (Hawkins, 1981; Spohn et al., 2001; Steffensmeier et al., 1998). Perceptual shorthands
serve to fill gaps in knowledge and reduce uncertainty around legal decisions (Albonetti, 1997),
but because they can be informed by cultural stereotypes and internal biases linking certain racial
and ethnic minority groups to criminality, legal actors are likely to perceive members of these
groups as possessing a greater level of dangerousness and risk of recidivism (Richardson &
Johnson, 2017). As Kutateladze and colleagues (2014, p. 519) state, “when decision makers are
faced with incomplete information and the predictions they are required to make are uncertain,
defendant characteristics, such as race, gender, and social class, may be used as proxies for
culpability or dangerousness.” To the extent that legal actors utilize perceptual shorthands tied to
race and ethnicity to inform decisions of arrest, prosecution, and sentencing, outcomes within
these legal stages will become stained with racial and ethnic bias.

Biased Decision-Making and Criminal Records
A reliance on perceptual shorthands influenced by racial bias and stereotypes can affect

both the generation and processing of criminal cases, which has implications for the neutrality of
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criminal records. Regarding case generation, police may be more likely to arrest Black and
Hispanic citizens due to stereotypes painting them as more crime prone. Indeed, scholars argue
that police utilize suspicion as a mechanism to avoid harm and protect the community, but
suspicion can develop unevenly (Skolnick, 1966; Smith et al., 2006; Tillyer, 2014) and is related
to the process of associating characteristics with certain groups (Stroshine et al., 2008). For
example, people of color are often associated with a higher likelihood of criminality
(Muhammad, 2010; Smith & Alpert, 2007). As a result, police might become more easily
suspicious of Black and Hispanic citizens and thus be more likely to stop and arrest them
(Bittner, 1991; Smith et al., 2006; Tillyer, 2014).

Over time, repeated negative interactions with Black and Hispanic citizens can serve to
reinforce the association of these groups with crime (Smith & Alpert, 2007). This can increase
the likelihood of ecological fallacies, where the judgement of suspicion towards an individual is
influenced by the stereotypes and experiences with the larger racial group or community. The
severity of police action is argued to be dependent on situational factors such as the social status
of the suspect, which is often tied to race and ethnicity (Black, 1980; Black & Reiss, 1970).
Further, scholars argue that police develop conceptions of “symbolic assailants” that are based
on racial stereotypes of criminality and inform decision-making (Brunson, 2007; Skolnick,
1966). The development of such archetypes can be conceived as a perceptual shorthand that
helps to reduce uncertainty around evaluations of danger and the necessity of police intervention.
To the extent that such conceptions of “symbolic assailants™ are tied to race and ethnicity,
members from these stereotyped groups will be at higher risk of police intervention and arrest.

The same biases that inform perceptual shorthands in policing can further influence

punitiveness in case processing and sentencing outcomes. Similar to police, prosecutorial
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concerns over case convictability and a reliance on perceptual shorthands in the absence of
complete information can lead to worse outcomes related to charging and plea bargaining for
Black and Hispanic defendants, net of legal case factors. Specifically, Black and Hispanic
defendants could receive a higher quantity or more severe charges, on average, as well as lower
quality plea deals, compared to similarly situated White defendants. Such disadvantages have the
potential to significantly affect the magnitude of a criminal history mark through not only the
severity of charging information but also through the influence charging outcomes exert on final
sentencing (Shermer & Johnson, 2010). This influence is in addition to any disadvantages
experienced as a result of biased judicial decision-making. The reliance on perceptual shorthands
in judicial evaluations of dangerousness could lead to a further exacerbation of sentencing
disadvantages for Black and Hispanic defendants, net of legal case factors. To the extent that
outcomes related to the arrest, processing, and sentencing of criminal cases are influenced by
racial and ethnic bias in legal decision-making, individuals from disadvantaged groups will be
more likely to receive criminal history marks that are of greater magnitude, on average.

In summary, legal decision-making is largely guided by a set of focal concerns that help
to reduce uncertainty and achieve satisfactory outcomes. These guiding principles are susceptible
to explicit and implicit biases that could affect legal outcomes. For example, in the face of
incomplete information, legal actors might rely on stereotypes tied to race and ethnicity to
evaluate dangerousness and culpability. The development of and reliance on perceptual
shorthands in this manner creates avenues for racial bias to affect the decisions made by legal
actors, which can translate into aggregate racial disadvantages across a variety of legal outcomes.
Importantly, the decision-making of individual legal actors is one of two interacting and

mutually-reenforcing sources of racial bias in criminal history records. Additionally, racial bias
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can be introduced into criminal record measurement through structural factors that have
disproportionate racial effects on legal outcomes. These factors can be understood through
broader theoretical perspectives on the racialization of macro- and meso- level structures.
Racialized Social Systems and Structural Sources of Bias

Theoretical and empirical work demonstrates the importance of biased decision-making
as a potential source of racial disadvantage in the construction of criminal records. However, if
examinations of racial disparities are to be complete, they cannot focus solely on how
inequalities are produced by biased decision-making. Instead, micro-level decisions should be
contextualized within the macro- and meso-level structures within which they are made. These
structures can become sources of racial inequality and disadvantage. Bonilla-Silva (1997) argues
that societies themselves become racialized when political, social, and economic resources are
differentially allocated across socially constructed racial groups. After a society becomes
racialized, “schemas of sub- and super- ordination are encoded in the concept of race” (Ray,
2019, p. 27) and a racial ideology, or racism, develops according to this hierarchical structuring
of society (Bonilla-Silva, 1997). As such, race forms a foundational element of society, and
macro- and meso-level structures become mechanisms for either maintaining or challenging the
racialized hierarchy (Ray, 2019). Historically, American society has been structured in a manner
that places those perceived as White atop the hierarchy and those as Black at the bottom
(Bonilla-Silva, 1997; Hinton & Cook, 2021). This hierarchy has proven persistent over time and
is highlighted by the racial homogeneity of communities and disproportionate concentration of
disadvantage in communities of color (Peterson & Krivo, 2012; Sampson & Wilson, 1995).

Importantly, inequalities can become embedded within ostensibly race-neutral laws,
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organizations, and policies in ways that produce disparate outcomes, independent of individual-
level decision-making (Lynch, 2019; Ray, 2019).

Applied to the legal system, racial and ethnic inequalities may be produced at the macro-
level through laws and legal statutes, such as monetary bail schedules (Menefee, 2018),
mandatory minimum sentencing (Farrell, 2003; Ulmer et al., 2007) and prior record
enhancements (Frase & Roberts, 2019; Hester et al., 2018). At the meso-level, inequalities are
potentially created through formal policies embedded within institutions of social control, such
as police departments and court systems (Omori & Petersen, 2020; Ray, 2019). These policies
often appear race-neutral in their design, but due to the unequal distribution of resources across
racial groups, they can produce disparate outcomes independent of decision making (Bonilla-
Silva, 2006). As Johnson and colleagues (2021, p. 713) state, “entrenched inequalities in
economic, cultural, legal, and political power ensure the inequitable distribution of resources and
opportunities, which are reflected in racialized applications of the law.” Indeed, scholars have
long suggested that the “behavior of law” can be explained by social structural variations and the
status of the individuals involved (Black, 1976; Gottfredson & Hindelang, 1979). Because of the
racialized social structure of the U.S., differential applications of the law in this manner
inevitably reenforce and reproduce societal racial and ethnic inequities (Lynch, 2013).
Racialized Social Systems and Criminal Records

Both police departments and court systems have the potential to reenforce racial
inequities through the policies and practices they enact. However, given differences in the form
and function of these organizations, the manifestation of this inequality can vary. Specifically, as
the gatekeepers to the criminal legal system, police policies can produce inequalities in the

filtering of individuals into the legal system. This unequal filtering is partly tied to the
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concentration of police within “high crime” areas. Indeed, because of an unequal distribution of
disadvantage and crime across racial and ethnic communities (Peterson & Krivo, 2012; Sampson
& Wilson, 1995; Wilson, 1987), police are more heavily concentrated within communities of
color (Fagan, 2017; Mladenka & Hill, 1978; Thacher, 2011). Crime is typically one of multiple
issues faced by disadvantaged communities of color, however, municipalities typically opt for
increased police investment rather than large-scale initiatives that directly target other economic,
health, and educational deficiencies (Stoudt et al., 2011). This overreliance on police to treat
social ills inevitably leads to disproportionate minority contact (Piquero, 2008), which can
compound disadvantage within communities of color. The allocation of police to high crime
neighborhoods may be ordered for race-neutral reasons but distributing police in this manner
reenforces existing inequalities through its effect on the likelihood of system contact across race.

Beyond the spatial concentration of policing resources, inequalities in police-citizen
contact can be further produced by the types of crime that police focus on suppressing.
Generally, police organizations focus on more visible “street crime,” as opposed to corporate or
“white collar” crime (D. K. Brown, 2000). Scholars highlight how definitions of crime and
enforcement priorities are “biased toward acts committed by those at the bottom of the
socioeconomic ladder — ‘street’ criminals — rather than by those at the top” (Britton et al., 2018,
p. 8). This is despite evidence that crimes and violations committed by corporations and societal
elites cause more economic harm than that of street criminals (Cohen & Cohen, 2004). The
prioritization of street over corporate crime is in line with theoretical suppositions that
“individual consequences of legal infractions, such as harm to victims of crimes (seriousness of
the offense in its conventional use), are less important than stratification” in determining the

quantity of law applied (Gottfredson & Hindelang, 1979, p. 4). Instead of being based solely on
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the amount of social harm caused by a crime, the quantity of law applied is also tied to where in
the social hierarchy the crime is committed. Due to the stratification of socioeconomic resources
across race, the increased focus on street crime ensures racial inequalities in exposure to police.
Similarly, racial inequalities in legal outcomes can stem from structural bias in “race-
neutral” policies in courts systems (MacDonald et al., 2014; Omori & Petersen, 2020; Owens et
al., 2017; Sorensen et al., 2012). As Ulmer and colleagues (2016, p. 643) explain, it is possible
that “policy structures, such as mandatory minimums or features of sentencing guidelines,
encode racial and ethnic disparity into sentencing by emphasizing punishment criteria that
differentially impacts blacks and Hispanics.” Although structural sources of inequality in the
court system are not typically tied to the spatial concentration of court resources, they do stem
from policies that target traits and offenses that are more common among defendants of color
(Bushway & Piehl, 2011; Schlesinger, 2011). For example, bail schedules that standardize
money bail amounts based on offense characteristics creates a situation in which defendants of
low socioeconomic status “may face barriers to paying bonds, which in turn affect their ability to
bond out, seek outside counsel, and maintain community ties and labor opportunities” (Martinez
et al., 2020, p. 841). Because socioeconomic status and race are highly correlated, monetary bail
systems tend to disadvantage defendants of color (Omori & Petersen, 2020; Wooldredge et al.,
2017). Furthermore, because individuals held in pretrial detention face increased probabilities of
conviction and carceral sentences (Sutton, 2013; Wooldredge et al., 2015), monetary bond
schedules can have ripple effects that exacerbate racial inequalities in downstream outcomes.
Charging and sentencing enhancements similarly target traits or offenses more common
among racial minority groups (Bushway & Piehl, 2011; Schlesinger, 2011; Ulmer et al., 2016).

As Schlesinger (2011, p. 58) states, most “sentencing enhancements increase offenders’
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sentences if they have a prior conviction for the same offense, carry a firearm at the time of the
offense, or commit the offense while in or near certain public spaces.” Because criminal history
and firearm offenses are correlated with race (Omori & Petersen, 2020), these enhancements
exacerbate disparity in punishment. Moreover, protected public spaces, such as public schools
and housing, are more heavily concentrated in urban areas, as are people of color. As a result,
enhancements tied to the offense location tend to increase punishment inequality (Schlesinger,
2011). It is arguably enhancements targeting violent and gun crimes that have the largest impact
on racial disparities in punishment, as Black citizens disproportionately engage in these offenses,
and these crimes already receive severe penalties (Tonry & Melewski, 2008).

Racialized applications of the law have significant implications for how criminal records
are constructed, as well as their impact on racial and ethnic inequalities in the legal system. To
the extent that legal structures concentrate police in communities of color, there will be
inequalities in police contact across racial groups. Importantly, because the arrest decision
temporally flows from citizen-police interactions, a heavier concentration of police in
communities of color likely produces inequalities in the likelihood of a criminal record, net of
offending. Furthermore, to the extent that charging and sentencing enhancements are correlated
with race and ethnicity, there will be inequalities in the likelihood of conviction, plea values, and
sentence severity. Because these case processing and sentencing outcomes help determine the
magnitude of a criminal history mark, inequalities in case outcomes will translate into disparities
in the construction of criminal records.

Interrelated Sources of Bias and Cumulative Disadvantage
Rather than being competing explanations for racial disparities in the legal system, biased

decision-making and institutional racism are complementary and can interact to create and
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exacerbate disadvantages (Gaston, 2019; Johnson et al., 2021; Omori & Petersen, 2020). For
example, the stereotypes that inform the perceptual shorthands used by legal actors are largely
born out of structural inequalities. Racial stereotypes tying Black individuals to a higher
propensity for crime are largely rooted in eugenic explanations for the concentration of social ills
among the Black community in the wake of emancipation (Muhammad, 2010). Despite societal
advances since the late 19" century, the macro-level inequities that gave rise to racial stereotypes
of criminality persist to varying degrees in contemporary society (Sampson et al., 2018). Racial
differences in criminal involvement, along with disproportionate system contact (Piquero, 2008)
and racialized framing of crime in popular media (Dixon & Maddox, 2005; Russell-Brown,
2008), help to reenforce these stereotypes. Furthermore, beyond their effects on singular
outcomes, these two sources of bias have the potential to compound over time and successive
legal outcomes. Scholars argue that biases stemming from both decision-making and structural
factors can have cascading effects, with disadvantages in early outcomes affecting later stages of
the legal system (Schlesinger, 2007). This phenomenon of cumulative disadvantage (Sutton,
2013) can occur over the stages of a single criminal case, as well as across successive cases.
Cumulative Disadvantages within a Criminal Case

Applications of cumulative disadvantage theory to the criminal legal system emphasize
the need to envision a criminal case not as a series of independent decision points but rather as a
network of interconnected outcomes (Kutateladze, 2018). Within this context, early outcomes
within a case can have downstream effects on later outcomes that exacerbate disadvantages
(Kutateladze et al., 2014; Wooldredge et al., 2015). As Kurlychek and Johnson (2019, p. 296)
state, “key decision points within the justice system can alter the case-processing trajectory in

ways that produce accumulated disparities across sequential steps in the punishment process.”
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This process of disadvantage accumulation occurs regardless of whether early stage
disadvantages are introduced by legal decision-making, racialized structural factors, or a
combination of the two. Moreover, cumulative disadvantage is not isolated to one facet of the
legal system but instead occurs throughout the arrest, processing, and sentencing of a case.

As the gatekeepers to the legal system, police have the potential to significantly impact
the accumulation of disadvantage across successive stages of the legal system. Specifically,
racial disadvantages in the likelihood of police contact and arrest tied to biased decision-making
(Gelman et al., 2007; Kochel et al., 2011) and racialized policy structures (Beckett et al., 2006;
Gaston, 2019) create the foundation upon which further disadvantages in case processing accrete.
Decisions made by court actors are affected by the pool of cases brought before them by police,
and “police behavior can have important influences on prosecutorial decision making” and
resulting court outcomes (Kutateladze et al., 2014, p. 543). Indeed, the cases that are funneled
into the court system are driven by policing outcomes, and one typically cannot be convicted if
he or she was not first arrested for a crime. Racial and ethnic biases in the probability of arrest
would thus create selection biases altering the likelihood of prosecution and punishment
following the commission of a crime.

Opportunities for bias accumulation can also occur as a case is prosecuted and sentenced.
For example, whether a defendant is detained pre-trial exerts significant influence on the
probability of pleading guilty (Stevenson, 2018) as well as the severity of punishment (Sutton,
2013). Mandatory minimums, prior record enhancements, and other structural factors, combined
with prosecutorial decision-making, can further contribute to cumulative disadvantages in a
criminal case through their effects on downstream punishment outcomes. Specifically, judicial

decision-making is shaped by earlier case processing outcomes through the constraints placed on
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available sentencing options by convicted charges (Wright & Engen, 2006). Because the vast
majority of convictions are the result of guilty pleas (Subramanian & Digard, 2020), and because
prosecutors typically have broad discretion over the filing and negotiating of charges (Forst,
2010), outcomes in the prosecution of cases exert considerable influence on sentence severity
(Shermer & Johnson, 2010). Any introduction of judicial bias in the sentencing decision would
further add to this process of bias accumulation. And because these case outcomes are ultimately
recorded in the criminal records of defendants, to the extent that they are influenced by the
accumulation of racial and ethnic disadvantages during the lifecourse of a case, the resulting
criminal records will be tainted with racial and ethnic bias.
Criminal Records as a Source of Cumulative Disadvantage

If, on average, the case outcomes that become recorded in criminal history records are
influenced by racial and ethnic bias, this bias will live on in these records in ways that influence
future legal contacts. Moreover, the full impact of a criminal record will also be felt across a
variety of other significant life events in ways that can further amplify cumulative racial
disadvantages in other life outcomes, such as college education (Stewart & Uggen, 2020),
employment (Pager, 2003), and financial resources (DeMarco et al., 2021). Labeling theorists
have produced a significant literature detailing the potential effects of official intervention as a
response to deviance (Becker, 1963; Bernburg & Krohn, 2003; Chiricos et al., 2007; Paternoster
& lovanni, 1989; Sampson & Laub, 1997). These scholars argue legal system intervention, and
the criminal record born of it, functions a form of social control that conveys to others that an
individual is a criminal. After this label is applied, it limits one’s access to legitimate

opportunities and increases their likelihood of recidivating (Becker, 1963; Sampson & Laub,
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1997). In effect, racial disadvantages in a criminal case can have labeling effects that compound
across the lifecourse, subsequently impacting the likelihood and extent of future legal contacts.
Reduced access to mainstream institutions often serves to decrease the likelihood of
criminal desistance (Sampson & Laub, 2005). DeMarco and colleagues (2021, p. 546) argue that
“disadvantages accumulate as criminal justice contact further severs already tenuous connections
to mainstream institutions critical for economic attainment and criminal desistance.” Therefore,
racial disadvantages in a criminal case can affect later criminal behavior through the effects that
criminal records have on access to mainstream institutions. This will be the case even if there are
no differences in the effects of system contact on criminal behavior across race and ethnicity, as
prior work suggests (Bersani et al., 2022). Instead, racial and ethnic offending patterns across the
lifecourse will be indirectly influenced by inequalities in the accumulation of criminal history.
Additionally, for those who recidivate, the reliance on prior record information to guide
legal decision-making will perpetuate any racial and ethnic disadvantages experienced in
previous cases. In effect, the criminal record will become a racialized legal factor that further
contributes to disadvantages in the criminal legal system. The incorporation of criminal history
information into criminal legal decisions during the processing of recidivists ensures that
disadvantages felt in a prior criminal case live on in subsequent criminal cases. Stated plainly, if
the probability or severity of an initial mark on one’s criminal record is biased by racial and
ethnic disadvantages in arrest, the use of this information to determine the punishment of a
subsequent case perpetuates the disadvantages experienced in the original case. As such,
defendants who experienced racial and ethnic disadvantages in an original case would
automatically be disadvantaged in subsequent criminal cases through the use of their prior record

information. This prior case bias is independent of any new biases introduced in a subsequent
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case through legal decision-making or structural factors. Guided by extant literature and the
theoretical framework described above, the following section presents hypotheses designed to
test racial and ethnic inequalities in the construction of criminal records.
Hypotheses

Following the theoretical framework, I detail the hypotheses that will be used to test for
bias in the three dimensions of criminal records. | argue that bias in the construction of criminal
records can come from two interrelated and mutually reenforcing sources: legal decision-making
and racialized structural factors. Importantly, it is beyond the scope of the present study to
estimate the portion of disadvantages explained by each source, but evidence of disadvantages in
the outcomes under study would be consistent with both. As such, the potential effects of these
interrelated sources of bias are examined through the hypotheses below.
The Generation and Magnitude of a Criminal History Mark

To fully understand inequalities in the construction of criminal records, it is important to
investigate inequalities in the generation and magnitude of individual criminal history marks.
Because it initiates a criminal case, the decision to arrest can be conceptualized as the decision to
generate a mark on an individual’s criminal record. Scholars argue that police are more likely to
stop and arrest people of color due to higher levels of suspicion (R. Kennedy, 1997; Skolnick,
2007; Tillyer, 2014) and a reliance on perceptual shorthands tied to stereotypes of criminality
and dangerousness (Spohn et al., 2014; Tillyer, 2014). Furthermore, the spatial concentration of
police and disproportionate impacts of enforcement policies can place people of color at
increased risk for police contact and arrest (Andersen, 2015; Gaston, 2019; Piquero, 2008).

Given the theoretical and empirical work related to arrest, the following is proposed:
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H1: Black and Hispanic respondents will have a higher likelihood of arrest, compared to
White respondents, net of delinquency.®

Following arrest, the next outcome relevant to the construction of criminal records is
conviction. Theoretical work suggests that defendants of color may be disadvantaged in the
likelihood of conviction due to a combination of decision-making and legal factors. First, a
person typically must be arrested to be convicted. Therefore, if there exist racial inequalities in
the likelihood of arrest, they will likely influence the likelihood of conviction as well. In
addition, the vast majority of convictions are obtained via guilty plea (Subramanian & Digard,
2020) and are thus heavily influenced by prosecutorial decision-making (Forst, 2010). In the
absence of complete information, prosecutors might also rely on perceptual shorthands “based on
stereotypes and attributions that are linked to defendant characteristics such as race and
ethnicity” (Kutateladze et al., 2014, p. 519). Lastly, charging enhancements provide prosecutors
with additional tools for securing a conviction (Pfaff, 2017). Because enhancements
disproportionately target offenses associated with people of color (Bushway & Piehl, 2011,
Tonry & Melewski, 2008), they could potentially function to increase racial inequalities in the
likelihood of conviction, on average.

Despite these theoretical suppositions, prior empirical work suggests that the likelihood
of conviction may instead be lower for defendants of color. Studies have found that defendants
of color often experience elevated likelihoods of case dismissal, compared to their White

counterparts (Johnson et al., 2022; Kutateladze et al., 2014; Wooldredge & Thistlethwaite,

9 Some prior research has evidence of a hierarchy in which both Black and Hispanic individuals are disadvantaged
relative to their White counterparts, but the magnitude of the disadvantage varies. Specifically, Hispanic individuals
often experience a disadvantage that is less severe than the disadvantage experienced by Black individuals
(Grunwald, 2023; Johnson, 2006; Kutateladze et al., 2014), though there are exceptions to this pattern (Andersen,
2015; Brennan & Spohn, 2008; Farnworth et al., 1991). For this reason, it is expected that for all outcomes, both
Black and Hispanic respondents will be disadvantaged in the current study, but that a hierarchy will emerge in which
White respondents are best off, followed by Hispanic, and then Black respondents.
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2004). Scholars argue this pattern may be tied to racially biased policing (Wooldredge &
Thistlethwaite, 2004). If the threshold of arrest is lower for Black and Hispanic individuals, it
follows that the average strength of case would be lower. Thus, prosecutorial evaluations of case
“convictability” could lead to the disproportionate rejection of cases involving Black and
Hispanic arrestees. This pattern could result from race-neutral evaluations of cases, but emerging
work indicates that prosecutors may consciously consider racial bias in policing when deciding
the outcome of cases (Shaffer, 2023).

If a higher probability of dismissal among defendants of color is tied to lower quality
arrests, it is possible that disadvantages in the likelihood of arrest do not translate into
disadvantages in the likelihood of conviction. Indeed, it is possible that Black and Hispanic
individuals are actually less likely to be convicted. Importantly, extant studies have been limited
to criminal case data collected after an arrest had been made and therefore estimate the
likelihood of conviction conditional on arrest. The extant literature does not currently shed light
on potential inequalities in the probability of conviction conditional upon offending. Given the
discrepancies between prior theory and empirical work, the following competing hypotheses are
examined:

H2a: Black and Hispanic respondents will have a higher likelihood of conviction,
compared to White respondents, net of delinquency.

H2b: Black and Hispanic respondents will have a lower likelihood of conviction,
compared to White respondents, net of delinquency.

The next and final stage relevant to the construction of criminal records is sentencing.
Given the use of prior incarcerations in a variety of legal structures and decisions (Kutateladze,
2018; Piehl & Bushway, 2007; United States Sentencing Commission, 2021), along with

collateral consequence of incarceration (Kirk & Wakefield, 2018; Turanovic et al., 2012), the
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type of sentence received is of particular relevance to the current study. Criminal cases resulting
in incarceration significantly enhance the magnitude of a prior record mark. Theoretical
perspectives suggest that an increased probability of incarceration is likely the combined result
of judicial perceptions of dangerousness and risk of recidivism (Steffensmeier et al., 1998),
lower quality plea deals offered to defendants of color (Kutateladze et al., 2014), and sentencing
enhancements that disproportionately affect defendants of color (Bushway & Piehl, 2011; Hester
et al., 2018). As such, the following hypothesis is investigated:

H3: Black and Hispanic respondents will have a higher likelihood of incarceration,
compared to White respondents, net of delinquency.

The Construction of Criminal History Records Over Time

Beyond inequalities in the generation and magnitude of individual criminal history
marks, racial and ethnic disadvantages are potentially produced as criminal history records
accumulate within individuals over time. Research on cumulative disadvantage has primarily
focused on how advantages or disadvantages can compound over the life-course (DiPrete &
Eirich, 2006; Laub & Sampson, 1993; Sampson & Laub, 1997). Less work has focused on the
accumulation of disadvantage within the legal system. Moreover, prior research that has applied
the cumulative disadvantage perspective to the criminal legal system has been focused on the
accumulation of disadvantage within a single criminal case (Kutateladze et al., 2014;
Schlesinger, 2007; Wooldredge et al., 2015). To fully understand cumulative disadvantage
within the criminal legal system, it is necessary to bridge these bodies of work and investigate
how legal disadvantages accumulate over time and successive contacts with the system. Similar
to how pretrial detention status can exert influence on sentencing outcomes within a case
(Wooldredge et al., 2015), the outcomes of an original contact with the legal system can exert

influence on subsequent contacts through the use of criminal history records. Some limited work
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suggests that those with criminal records are more likely to be arrested when examining crimes
reported to the police (Stolzenberg et al., 2021) and in situations when officers have prior
knowledge of the suspect’s record (Fagan et al., 2016; Tillyer, 2014). In addition, court research
shows that defendants with prior records face disadvantages in case processing and punishment
(Bushway & Piehl, 2011; Doerner & Demuth, 2010; Johnson, 2005). Less is known, however,
about how the possession of a criminal record can funnel individuals back into the system.
Building off theoretical work on the role of criminal history in legal structures and decision-
making, | argue that citizens with criminal history are at increased risk of subsequent arrest,
conviction, and incarceration, net of offending. Indeed, the collective effect of policing strategies
that target recidivists (Braga & Weisburd, 2012; Weisburd & Telep, 2014) and the use of prior
records to inform legal decisions (Steffensmeier et al., 1998; Stolzenberg et al., 2021) likely
serves to increase the probability of arrest, conviction, and incarceration for those with prior
criminal history. As such, the following hypotheses are examined:

H4a: The likelihood of arrest will be greater for respondents with a prior criminal record,
net of delinquency.

H4b: The likelihood of conviction will be greater for respondents with a prior criminal
record, net of delinquency.

H4c: The likelihood of incarceration will be greater for respondents with a prior criminal
record, net of delinquency.

As discussed, theoretical and empirical work suggests that people of color are at
increased risk of legal system contact (Brame et al., 2014; Gelman et al., 2007; Piquero, 2008),
the effects of which not only ripple through various socioeconomic outcomes (DeMarco et al.,
2021; Pager, 2003; Porter & DeMarco, 2019; Sampson & Laub, 2005; Stewart & Uggen, 2020)
but may also compound over time in a manner that increases the likelihood of subsequent legal

system contact (Chiricos et al., 2007). Furthermore, the likelihood and severity of subsequent
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legal contacts is exacerbated by the use of criminal history information in legal policy and
decision-making (Frase et al., 2015). As a result, the combined effect of racial disadvantage in
legal contact and its long-term collateral consequences could place people of color at increased
risk of arrest, on average, throughout the life-course. Given this framework, the following
hypothesis is examined:

H5: Black and Hispanic respondents will have a higher average number of arrests
compared to similarly situated White respondents, net of delinquency.

Given that the bulk of research on criminal convictions has examined case-level data, it is
unclear how convictions accumulate within individuals and across racial groups over time.
However, if people of color are at increased risk of arrest upon commission of a crime, it stands
to reason that they would also experience an increased likelihood of conviction, net of levels of
delinquency. Biases in prosecutorial decision-making (Metcalfe & Chiricos, 2018; Stolzenberg et
al., 2013) and racialized legal factors (Bushway & Piehl, 2011; Hester et al., 2018; Pfaff, 2017)
could further increase this inequality. In essence, an increased risk of arrest, combined with case
processing disadvantages, may produce inequalities in the likelihood of conviction after the
commission of a crime that disadvantage people of color. Such disadvantage would likely result
in a greater accumulation of convictions for people of color over time. In consequence, the
following hypothesis is investigated:

H6: Black and Hispanic respondents will have a higher average number of convictions
compared to similarly situated White respondents, net of other relevant factors.

After conviction, research and theory suggest that defendants of color face significant
disadvantages in the receipt of a carceral sentence. Specifically, studies conducted in a variety of
contexts support the notion that Black and Hispanic defendants are more likely, on average, to be

sentenced to incarceration compared to their White counterparts (Doerner & Demuth, 2010;
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Franklin, 2018; Kramer & Ulmer, 2002; Kutateladze et al., 2014; Ulmer & Laskorunsky, 2016;
Ulmer & Parker, 2020). Importantly, the probability of incarceration is typically estimated
among the subset of individuals who are convicted, and those filtered out earlier in case
processing are excluded. Less is known about how incarcerations accumulate over time with
successive contacts with the legal system. Prior empirical and theoretical work provides reason
to believe that biases in arrest, case processing, and sentencing potentially combine to create a
pattern in which Black and Hispanic individuals accumulate a greater number of carceral
sentences over time, compared to similarly situated White individuals. As such, the following is
tested:

H7: Black and Hispanic respondents will have a higher average number of incarcerations
compared to similarly situated White respondents, net of delinquency.

There exist a variety of factors that could produce inequalities in construction of criminal
records, net of delinquency. As outlined in the theoretical framework, such inequalities could be
driven by bias in legal decision-making. They could also be produced by larger social structures
that affect the selection and treatment of people in the criminal legal system. Extant work across
multiple social scientific fields suggests that it is likely a combination of the two, and that these
sources of inequality interact with one another. For example, racial and ethnic inequalities in the
level and severity of criminal offending is largely due to spatial segregation and the
concentration of disadvantage in communities of color (Peterson & Krivo, 2012; Sampson,
2009). Furthermore, the decision-making of legal actors is embedded within larger societal
structures that are themselves racialized and unequally distributed (Bonilla-Silva, 1997; Lynch,
2019; Ray, 2019). As Peterson (Peterson, 2012, p. 306) states: “inequality in crime and justice is
an outgrowth of structured inequality and the dynamic ways that individuals interact with social

structures.”
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According to this perspective, there are a variety of factors that likely play a role in the
apprehension and processing of individuals through the criminal legal system in ways that
disadvantage Black and Hispanic individuals. For example, evidence suggests that levels of
punishment vary across geographical region (Johnson, 2005; Ulmer & Parker, 2020), as well as
urban and rural areas (Feld, 1991; Myers & Talarico, 1986). Therefore, outcomes related to
arrest, conviction, and incarceration are likely tied to the type of municipality and region of the
United States. Legal outcomes are potentially influenced by an individual’s educational status
and background as well. As evidenced by the “school-to-prison pipeline,” schools are often
connected to the legal system and play a role in funneling children into it (Cuellar & Markowitz,
2015). This is particularly the case among public schools in lower income areas. Furthermore,
biases in legal decision making could disadvantage individuals with lower levels of education, as
well as those that exhibit risk factors such as school suspensions (Cuellar & Markowitz, 2015;
Wolf & Kupchik, 2017) or a large number of antisocial peers (Crutchfield et al., 2012).

Lastly, an individual’s socioeconomic status could further influence legal outcomes
relevant to criminal records. For one, the manner in which the criminal law is written, ensures
that crimes most associated with individuals of lower socioeconomic status are enforced more
aggressively and punished more severely than those typically committed by individuals of higher
socioeconomic status (Britton et al., 2018; D. K. Brown, 2000). Some scholars also argue that
individuals of lower socioeconomic status lack the social and political capital that could prevent
entry into the legal system or minimize the extent of punishment following system contact
(Chambliss & Seidman, 1971). Furthermore, much like race and ethnicity, one’s socioeconomic
standing could trigger legal actor biases in ways that advantage those of higher status and

disadvantage those on the lower end of the socioeconomic spectrum. Regarding racial and ethnic
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inequalities in criminal records, it is likely that, due to the history of racialized social structures
in the United States, race and ethnicity are correlated with legal and extralegal factors that
predict greater levels of punishment. As such, the following hypothesis is tested:
H8a: Aggregate inequalities in the likelihood of arrest, conviction, and incarceration will
be partially explained by measures related to individual risk factors, criminal history,
geographic location, and socioeconomic status.
H8b: Aggregate inequalities in the accumulation of arrests, convictions, and

incarcerations over time will be partially explained by measures related to individual risk
factors, criminal history, geographic location, and socioeconomic status.

70



CHAPTER FOUR: DATA AND METHODS

The current study examines the extent to which criminal history records contain racial
and ethnic bias, thus potentially becoming a vehicle for disadvantage in the legal system. The
current chapter describes the data and methods used to test the hypotheses outlined in the
previous chapter. This chapter describes the data source, the variables that will be employed in
empirical analyses, as well as the analytic framework used to test the hypotheses.

The National Longitudinal Survey of Youth, 1997

The National Longitudinal Survey of Youth, 1997 (NLSY97) is a panel design study
conducted by the Bureau of Labor Statistics (BLS), based on interviews for a household sample
of people living in the United States in 1997. The baseline cohort is the result of a “cross
sectional” sample and an oversample of Black and Hispanic citizens. The resulting cohort is
comprised of almost 9,000 individuals born between 1980 through 1984 (Bureau of Labor
Statistics, U.S. Department of Labor, 2019).1°

From 1997 to 2011, respondents were interviewed yearly and have since been
interviewed biennially. In addition to collecting information on life-course educational and labor
force trends, the study also collects detailed information related to crime and the criminal legal
system. Respondents are questioned about a wide range of topics, including engagement in
delinquent behavior and contact with the legal system. Data from the NLSY97 study have
subsequently been utilized in a variety of criminological studies to investigate the relationship

between legal system contact and the development of offending behavior (Bersani et al., 2022;

10 The NLSY97 data include survey weights to account for oversampling, which makes the sample representative of
the U.S. population. However, there remains debate about the appropriateness of employing survey weights in
regression analyses (Solon et al., 2015), and the Bureau of Labor Statistics recommends using unweighted data in
regression models (Sample Weights & Design Effects, n.d.). As such, unweighted descriptive statistics are reported,
and analytic models are run without the use of sampling weights. Descriptive statistics calculated with survey
weights are included in Table Al in Appendix A for comparison.
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Mowen et al., 2018), system contact (Andersen, 2015; Brame et al., 2014; Brayne, 2014;
Paternoster et al., 2003; Stevens & Morash, 2015), economic disadvantages (Bushway et al.,
2022; DeMarco et al., 2021), and other criminological outcomes (Porter & DeMarco, 2019).

Importantly, virtually all information contained in the NLSY97 data stems from self-
report measures. The accuracy of such self-report measures is potentially affected by respondent
recall and underreporting, which could threaten the validity of study results (Thornberry &
Krohn, 2000). The accuracy of self-report measures depends on the timing of questions, with
estimates being more accurate when the events reported are “closer to the year preceding the
interview rather than events in the more distant past” (Morris & Slocum, 2010, p. 228). The fact
that the NLSY97 was administered annually during the study period likely serves to increase the
accuracy of reports on the timing and frequency of legal system contacts. Regarding self-report
measures of criminal behavior, scholars have raised similar concerns. Thornberry and Krohn
(2000), for example, argue self-report measures of delinquency and crime can be improved by
collecting information on the frequency of a wide range of offenses. The fact that the NLSY97
interviews respondents on a variety of offense types, including assault, robbery, vandalism, gang
membership, substance use and selling, among others, likely serves to increase the accuracy and
reliability of these measures. Overall, the number of questions administered to respondents
combined with the recall period of roughly one year helps to limit potential errors. Additionally,
scholars argue that when conducted in such a thorough manner, the self-report method provides
valid and reliable measures and “forms the bedrock of etiological studies” (Thornberry & Krohn,
2000, p. 71).

The NLSY97 data are well suited to investigate the issue of bias in criminal records and,

for this study, are preferrable to administrative data sources traditionally used in courts and

72



sentencing research for a few reasons. First, the NLSY97 survey provides self-report data on the
entirety of one’s involvement with the criminal legal system. Survey respondents are asked about
all arrests experienced prior to the initial wave and in subsequent waves are asked about any
arrests that occurred since the date last interviewed. For each arrest reported, respondents are
given a battery of questions probing the timing and outcome of the arrest. As such, the NLSY97
allows for the mapping of criminal cases from arrest to final disposition for all reported contacts
with the legal system. Furthermore, administrative data from a single, or even multiple,
jurisdictions typically only provide information on criminal cases brought against an individual
within the specific jurisdiction(s) during the time frame of the study. By contrast, respondents in
the NLSY97 are repeatedly interviewed regardless of changes in location. The NLSY97
therefore provides information on virtually all contacts an individual has experienced with the
criminal legal system, even if those contacts occurred in different jurisdictions. In a study of bias
in criminal history records, it is imperative to have data that contain information on the entirety
of subjects’ involvement with the criminal legal system.

Second, the study provides variables that measure the entirety of criminal case processing
from arrest to sentencing. Respondents are asked questions regarding arrest outcomes,
information that is typically missing from administrative court data and is crucial to the study of
bias in criminal history records. After arrest, respondents report information regarding charging,
final disposition, and sentencing. Scholars have highlighted the need for research that probes the
life-course of a criminal case, from arrest to sentencing; however, the bulk of case processing
studies have been restricted to stages between case screening and sentencing (for an exception,

see Spohn & Tellis, 2010). The inclusion of both arrest and court outcomes is necessary to study
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bias in the measurement of criminal records because these records are generated through arrest,
while their magnitude is partially determined by outcomes within prosecution and sentencing.

Third, the NLSY97 data provide a broader range of behavioral, demographic, and
socioeconomic control variables than those typically utilized in prior court research. Of
particular importance is the series of questions administered to respondents regarding their
engagement in delinquent behavior, independent of contact with the legal system. This
information can provide insight on potential inequalities in the probability and extent of legal
system contact, net of delinquency. The ability to control for self-reported levels of criminal
activity strengthens this dissertation’s analyses of bias within the construction of criminal history
records.
Analytic Sample

The NLSY97 sample is comprised of individuals interviewed annually from 1997 to 2011
and biennially thereafter, with an original sample of 8,984 respondents in the first wave of
interviews. A few restrictions were made to the analytic sample in the current study. First,
regarding the study period, the current study is restricted to data from the first 6 waves of the
NLSY97 (1997-2002), due to questionnaire changes beginning in wave 7.1! Second, to deal with
missing data caused by attrition, the sample is restricted to respondents who have complete data
for at least four of the six waves included in the study. This ensures that the analytic sample is

comprised of respondents for whom there exists complete data for more than half of the waves

11 Starting in wave 7 (2003), the format of questions regarding contact with the criminal legal system changed for
respondents who reported 4 or more arrests since the date last interviewed. Rather than a series of detailed questions
for each reported arrest, as was done in previous years, those with 4 or more arrests were asked a series of general
questions summarizing the nature of all reported arrests. For example, those with 4 or more arrests in 2003 were
asked if they had been convicted of assault, but this conviction information was not tied to a specific arrest, as was
done in previous years. This prevents the mapping of a case’s movement through the legal system from arrest to
final disposition and sentencing.
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under study.'? As a result, 688 (7.66%) respondents with three or fewer waves of data were
removed from the analytic sample. Third, an additional 163 (1.81%) respondents were excluded
due to incomplete arrest information in the first wave of interviews. At baseline (1997),
respondents were asked a series of questions regarding the occurrence and extent of contacts
with the legal system for all arrests experienced in their life prior to the interview. In later waves,
respondents were asked the same series of questions for all arrests experienced since the date last
interviewed or roughly the past year. This series of questions covers the timing, processing, and
outcome of the arrest and subsequent criminal case. However, during wave 1, respondents were
only asked this series of questions for their first and last arrest. Therefore, for those with more
than two arrests at wave 1, there is no information on the timing, processing, and outcome for
any arrest(s) between the first and the last arrest. For example, if a respondent reported 6 prior
arrests during the first interview there would be complete information for arrests number 1 and 6,
but not for arrests 2 through 5. The current investigation of potential bias in the construction of
criminal records requires complete information on respondents’ history with the criminal legal
system, and thus these 163 respondents are excluded from the analysis.

Lastly, an additional 5 (0.06%) respondents were excluded due to a refusal to answer
post-arrest questions. These respondents reported one or more arrests in a given wave but did not
provide any additional information regarding the timing, processing, and outcome of these
arrests. Without any information beyond the occurrence of arrest, it was not viable to include
these individuals in the final analytic sample. In total, 856 of the original 8,984 respondents

(9.53%) were excluded from the analytic sample due to data missingness. After these

12 Analytic models were also run with sample cutoffs of at least 3, 5, and 6 complete waves of information. The
overall pattern of results was similar across all cutoffs, but the final cutoff of at least 4 completed waves was
selected to provide the greatest balance between sample size and complete information.
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exclusions,®® the final analytic sample is comprised of 8,128 individuals interviewed annually
from 1997 through 2002, 1,904 of which reported at least one arrest during these six years of
data collection. These 1,904 individuals were involved in 4,328 criminal cases processed during
the current study period.

The analytic sample provides data on a large number of individuals with varying levels of
both delinquency and contact with the legal system. To gain a better understanding about the
characteristics of legal contacts that are reported within the data, data on reported contacts were
isolated and restructured into a separate dataset. In this dataset, each row represents a single
arrest and its subsequent outcomes. As such, this restructured set of data resembles those
typically used in prior case processing research. Thus, it can used to compare patterns among
reported contacts in the NLSY97 with patterns seen in prior studies that have relied on
administrative data. This dataset is used for descriptive purposes, however, and are not used in
regression analyses.

Dependent Variables

A variety of dependent variables are used to test for bias in the generation and magnitude
of criminal history marks. First, the occurrence of an Arrest is a binary outcome variable coded
as “1” if a respondent reported having been arrested by police and “0” if no such arrest was
reported. Second, Conviction is a binary measure capturing whether the respondent reported
being convicted of any criminal charges after arrest. Third, Incarceration is a binary variable
coded as “1” if the respondent reported receiving a sentence that included incarceration and “0”

if he or she received a non-carceral sentence.

13 The exclusion of these individuals from the main analytic sample creates a potential opportunity for bias in the
results. A supplemental “Missingness Analysis” was run to test whether respondents excluded from the study differ
systematically from those that were included in the main analyses. The results of this supplemental analysis can be
found in Appendix B.
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Lastly, cumulative outcome measures are used to study differences in the construction of
criminal history records over time. Total Arrests are measured as the total number of arrests
experienced in the time period under study. Similarly, Total Convictions and Total
Incarcerations are continuous variables measuring the total number of convictions and
incarcerations experienced. Because wave 1 covers all legal contacts prior to the interview, these
cumulative measures effectively include all legal contacts experienced in the lifetime of each
respondent through wave 6.

Importantly, the outcomes of Conviction, Incarceration, as well as Total Convictions and
Total Incarcerations are modeled unconditional of legal system contact status. For example, the
probability of conviction is estimated while controlling for criminal behavior and additional
control variables, but not on arrest status. As such, individuals who were not arrested are
included in the model. Similarly, models examining the carceral sentence outcome also include
all respondents rather than limiting the sample to those who were arrested or convicted. In this
way, the analytic models estimate the likelihood and accumulation of convictions and carceral
sentences for the entire sample. This analytic choice was made because the focus of this study is
on racial and ethnic differences in the construction of criminal records, net of engagement in
delinquency. Some individuals likely engage in criminal behavior but are never arrested or
convicted. Removing these individuals from the analytic models would only estimate the
likelihood of conviction and incarceration among individuals who experienced contact with the
legal system, which would introduce significant statistical bias (Knox et al., 2020). Moreover,
the key focus of this study is on differences in the likelihood of legal system contact, net of

delinquency. Restricting the sample to only those who have experienced system contact would
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hinder my ability to test for differences in the likelihood, magnitude, and accumulation of
criminal history marks across racial and ethnic groups.

Additionally, I argue that racial and ethnic differences in legal outcomes, conditional on
legal system contact status, are better tested through the use of administrative data structured at
the criminal case level. These data sources provide more precise measurements of legal factors
and can better examine potential biases in legal decision making. Indeed, there exists a sizeable
literature on this subject that has provided valuable insights into the processing of criminal cases
and legal actor decision making (Kutateladze et al., 2014; Wooldredge et al., 2015; Wooldredge
& Thistlethwaite, 2004). However, bias in legal decision making is not the same as the likelihood
and extent of system contact for American residents, conditional on delinquent behavior. The
latter is the concern of the current study.

Independent Variables

The primary independent variable of interest is the respondent’s Race and Ethnicity. A
series of dichotomous variables are used to categorize respondents as White, Black, Hispanic, or
Other, with White serving as the reference group. As with other variables in the NLSY97 data,
these are self-report measures.

Covariates

The statistical models in this study include a variety of measures to control for
demographic, educational, legal, and delinquency information. Most variables are time-varying
and measured at each wave. However, some variables were only recorded at wave 1 and are thus

time stable. Respondent Age is measured as the respondent’s age at the current wave. 4

14 To better understand the relationship between a respondent’s age and the dependent variables, I originally planned
to group respondents in to age groups. These groups were ages 12 through 14, 15 through 17, 18 through 20, and 21
and over. However, when running multiple imputation models, convergence could not be achieved when age was
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Respondent Gender is measured with a dichotomous measure coded as “1” if the respondent is
male. Females serve as the reference category in multivariate models.

Due to the structure of the NLSY97, a respondent’s delinquency is measured by a series
of both continuous and binary variables. Specifically, for some behaviors, respondents were
asked about the frequency of engagement since the date last interviewed. For others, respondents
were only asked whether they engaged in the behavior since the date last interviewed. All
measures of delinquency are time-varying. Engagement in assault, theft, vandalism, other
property crime, and drug dealing are measured as the number of times a respondent engaged in
the corresponding behavior since the prior interview. Specifically, assault is defined as having
“attacked someone or have had a situation end up in a serious fight or assault of some kind.”
Theft is reported when a respondent had “stolen something from a store, person or house, or
something that did not belong to you worth 50 dollars or more” since the date last interviewed.
Vandalism is reported when a respondent answers “yes” to the question “Have you purposely
damaged or destroyed property that did not belong to you since the date last interviewed?”” Other
property crime is recorded when a respondent reported having “committed other property crimes
such as fencing, receiving, possessing or selling stolen property, or cheated someone by selling
them something that was worthless or worth much less than what you said it was” since the date
last interviewed. Drug dealing is reported when a respondent answered yes to having “sold or
helped to sell marijuana, hashish or other hard drugs since the last interview.” Consumption of
hard drugs is measured as the estimated number of times a respondent “used any drugs like
cocaine or crack or heroin, or any other substance not prescribed by a doctor, in order to get high

or to achieve an altered state” since the date last interviewed. Marijuana and underage alcohol

broken into these groups and thus the continuous measure was used instead. In Appendix D, models were run on the
unimputed data and included the categorical measure of age.
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consumption since the date last interviewed are each measured with a binary variable.'> A
respondent’s Gang Membership is measured with a dichotomous variable coded as “1” if the
respondent reported being a member of a gang since the date last interviewed.

The analytic models control for a handful of individual risk factors that may influence the
likelihood and severity of legal system contact. School Enrollment Status measures whether the
respondent was enrolled in school, which includes both high school and college, at the time of
interview. Respondents who were enrolled in school are coded as “1” and this who were not are
coded as “0.” High School Diploma is a binary measure (1/0) that indicates whether the
respondent achieved a high school diploma or higher.'® Antisocial Peers captures the average
response to questions regarding the percent of classmates who smoke cigarettes, get drunk at
least once a month, belong to a gang, use drugs, or skip class (range 1-5). Importantly, the
Antisocial Peers variable was only measured in wave 1 and is time invariant. Continuous
variables are included to measure the number of grades repeated (Repeated Grades) and the
number of times the respondent had been suspended from school (School Suspensions) prior to a
given wave.

In addition, a respondent’s Criminal History is captured using the number of arrests,
convictions, and incarcerations accumulated prior to the interview wave. This variable is
different from the dependent variables of interest in that it captures all legal contacts prior to the
recall period, whereas the dependent variable captures these legal outcomes that occurred within

the recall period. For example, in wave 4 of the study, the dependent variable would be derived

15 Underage Alcohol Consumption is coded as “1” only in instances when the respondent was under the age of 21
when reporting the behavior.

16 Because this measure is highly correlated with age, and there is very little variation in the measure during earlier
waves, it was not feasible to include the variable in all regression models. More detail regarding the inclusion or
exclusion of this variable is provided later.
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from legal contacts that occurred between the wave 3 and 4 interviews. The control for prior
criminal history would cover all contacts through the wave 3 interview. Therefore, this measure
can be used to model the likelihood of system contact in one wave, net of contact experienced in
prior waves. Moreover, it can be used to estimate the effect of prior contacts on the likelihood
and severity of future contacts with the criminal legal system. Following prior work (Johnson et
al., 2022; Johnson & Larroulet, 2019), and because of high correlation between these three
variables, a respondent’s criminal history is measured by a standardized index that combines all
three elements and measures the overall severity of a criminal history record. Importantly,
however, due to temporal restrictions, a respondent’s prior Criminal History is included in some,
but not all analytic models.

A series of geographic variables are included to control for differences in the criminal
legal system across population density contexts, as well as region of the country. Density
contexts are accounted for with a series of binary variables that cover three categories of a
metropolitan statistical area, MSA Status. Respondents are categorized as living outside a
metropolitan statistical area altogether (Outside MSA), within an MSA, but not in the central city
(MSA, Qutside Central City), or in the central city of an MSA (MSA, Central City). These
categories are intended to serve as rough proxies for rural, suburban, or urban living contexts.
The “MSA, Outside Central City” serves as the reference category. In addition, four binary
variables are deployed to control for whether the respondent was living in the Northeast, North
Central, Southern, or Western region of the United States at the time of a given interview.'” The

Southern region of the U.S. comprises the reference category for this group of binary variables.

7 The states included in each category are as follows. Northeast: Connecticut, Maine, Massachusetts, New
Hampshire, New Jersey, New York, Pennsylvania, Rhode Island, and Vermont. North Central: Illinois, Indiana,
lowa, Kansas, Michigan, Minnesota, Missouri, Nebraska, North Dakota, Ohio, South Dakota, and Wisconsin.
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Variables regarding respondent socioeconomic status are also included in the current
study. These variables were all recorded at wave 1 and are time stable. Drawing from prior work
(Bersani & Doherty, 2013), Disadvantage is coded as “1” if the respondent was reported to have
experienced a lack of heat or electricity in the month before the interview, hard times such as
living in a shelter, or the presence of dilapidated buildings on their street of residence. Parental
Education is measured with a dummy variable coded as “0” if the highest level of education
achieved by either residential parent is less than completing 12" grade and “1” if either parent
has a level of education above a high school diploma. Whether the respondent lived with both
biological parents at wave 1 is measured with the binary variable Family Structure. Respondents
are coded as “1” if they lived with both biological parents at the time of the wave 1 interview,
and “0” if they did not.

Missing Values

Overall, the data used in this study did not suffer from large portions of missing data, but
missingness does exist in many of the independent variables. The proportion of missing
observations among the independent variables ranged from 0% to roughly 6.6%, with most
covariates missing less than 5% of observations. These missing values were imputed through
multiple imputation with chained equations (MICE). Analyses were then conducted using ten
imputed datasets. All observations and dependent variables were included in the imputation
models, however, analytic models excluded observations with missing values for the dependent

variable (Allison, 2000; VVon Hippel, 2007).

Southern: Alabama, Arkansas, Delaware, District of Columbia, Florida, Georgia, Kentucky, Louisiana, Maryland,
Mississippi, North Carolina, Oklahoma, South Carolina, Tennessee, Texas, Virginia, and West Virginia. Western;
Alaska, Arizona, California, Colorado, Hawaii, Idaho, Montana, Nevada, New Mexico, Oregon, Utah, Washington,
and Wyoming.
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Additional Case-Level Variables

As mentioned, to gain a better understand of the sample of reported legal contacts
contained within the NLSY97 data, a second dataset was prepared that reorganized data at the
case level. These data were restructured to resemble a typical case processing data set and
because of this restructuring, there exist variables in this dataset that are not included in the main
multivariate analyses. Instead, these variables will be used to compare the criminal cases
contained within the NLSY97 with case-level data sources typically used in prior research on the
criminal court system. | describe these measures below.

Importantly, after reporting an arrest, respondents are questioned about the types of
offenses with which they were charged. Respondents were asked about eleven unique offense
types and could report being charged with more than one offense type for a single arrest.'8 For
simplicity, these offenses were ranked according to severity and grouped into a series of
mutually exclusive dummy variables. Person Offense is coded as “1” if the case involved a
charge for assault or robbery. Cases are coded as “1” for Drug Distribution Offense if they
included a drug distribution (dealing) charge, and no person offenses. Similarly, cases involving
drug possession, and no drug distribution or person offenses, were coded as having a Drug
Possession Offense as the top charge. Cases in which the respondent did not report being charged
with a person, drug distribution, or drug possession charge, and did report a theft, burglary,
destruction of property, or “other property offense” charge are coded as having a Property
Offense as the top charge. Lastly, Other Offense is coded as “1” if the respondent reported being

charged with a traffic, public order, or “any other” offense, and no offenses from the other

18 Specifically, respondents were asked if they had been charged with assault, robbery, burglary, theft, destruction of
property, “other property offense,” drug possession, drug distribution, traffic offense, public order offense, and “any
other offense.”
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categories. In addition, a measure of the Number of Offenses Charged is included to account for
instances in which a defendant was charged with more than one offense. Three binary variables
are included to measure court processing. Each case is categorized as being processed in the
Adult Court System or Juvenile Court System for those that were not prosecuted after arrest.*®

In contrast with analytic models, in which a respondent’s criminal history is measured
with a standardized scale, case-level descriptive tables measure a defendant’s criminal history
with the number of Prior Arrests, Prior Convictions, and Prior Incarcerations accumulated prior
to the case at hand. This is done for two reasons. First, it is useful to provide information about
each independent element of one’s prior record, given that they provide distinct information
about the length and severity of one’s prior record. Second, because these measures are only
being employed for descriptive purposes, multicollinearity does not threaten the results as it
would in a regression model.
Analytic Framework

The overarching goal of this study is to examine potential biases embedded within the
construction of criminal history records using a novel data source for this area of research. To
reiterate, criminal history records are multi-dimensional repositories detailing one’s history of
contact with the criminal legal system. The first dimension is the existence of an individual mark
on one’s record, whereas the second dimension is the magnitude of that mark. The third
dimension is the cumulative severity of one’s criminal history, determined by the combined
number and magnitude of all recorded marks. Additionally, research questions regarding
criminal history and system processing have typically been investigated with cross-sectional

administrative data, but the current study probes these questions using longitudinal survey data.

19 There exists a small number of cases in which the respondent reported being processed in a combination of the
adult and juvenile legal systems (n = 122). These cases are coded as being processed in the adult legal system.
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Due to the multi-dimensionality of criminal records, the analytic plan is comprised of
three main phases, some of which analyze subsamples of the data at different units of analysis. In
the first phase of the analytic plan, summary statistics are used to describe the data. This is done
in two distinct ways. First, summary statistics are produced using a restructured subsample of
criminal cases, in which each observation represents a single contact with the legal system. In
these data, a respondent may have more than one case, and thus appear in multiple rows of the
case-level data. Respondents with no reported contacts do not appear in the case-level data. This
restructured subsample is described to gain a deeper understanding of the types of criminal cases
reported by the NLSY97 respondents, and to compare case-level patterns with prior research on
inequality in the legal system that is almost exclusively conducted at the case level. Second,
summary statistics are produced using the analytic sample. These statistics are used to examine
how both dependent and independent variables are distributed across the entire sample, as well
as how they vary across racial and ethnic subgroups.

After discussing descriptive characteristics of the case-level data and the person-year
analytic sample, the second phase of the analysis focuses on the first two dimensions of a
criminal history record. Specifically, multivariate regression models are used to examine the
generation and magnitude of individual criminal history marks. This phase provides for an
investigation of theoretical hypotheses related to the generation and magnitude of criminal
history marks across racial and ethnic groups and utilizes longitudinal data at the person-wave
level, where respondents are repeated for each wave of data. The third phase of analysis centers
on the accumulation of criminal history marks over time, or the third dimension of a criminal
history record. In this phase, multivariate regression models are used to test theoretical

hypotheses regarding racial and ethnic differences in the accumulation of criminal history over
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time. These models analyze data at the person level, where the unit of analysis is an individual
respondent. For this phase of the analysis, the longitudinal data are pooled, so each respondent is
represented with a single observation. For ease of interpretation, Table 1 summarizes the
outcome, analytic sample, and modeling strategy used to test each hypothesis in the current

study. The analyses are described in detail below.

Table 1: Description of Analytic Framework

Data
Outcome(s) Structure Sample N Method
Phase 1: Descriptive Analysis
Conviction, Carceral Case level All Criminal 4,32 Descriptive Statistics
Sentence Cases 8 (Mean, SD)
Arrest, Conviction, Person Level All 8,12 Descriptive Statistics
Incarceration Respondents 8 (Mean, SD)
Phase 2: Examining the Generation and Magnitude of a Criminal History Mark
Arrest, Conviction, Person-Year All 46,9 Panel Binary Logistic
Incarceration Level Respondents 23 Regression
Phase 3: Examining the Construction of Criminal Records Over Time
Cumulative Arrests, Person Level All 8,12 Negative Binomial
Convictions, and Respondents 8 Regression

Incarcerations

Descriptive Analysis

Prior to detailing the analytic models, the current study provides a descriptive analysis
that describes both the criminal cases and respondents included in the first six waves of the
NLSY97 data. The first phase of the descriptive analysis focuses on describing the criminal cases
that are reported by NLSY97 respondents during the first six waves of the survey. To describe
the cases contained within the NLSY97, individual criminal cases, defined as an arrest and its
subsequent outcomes, were extracted from the NLSY97 survey, and restructured to resemble a
cross-sectional dataset that would typically be used in court research. Whereas the NLSY97

survey has been utilized to investigate a wide variety of criminological questions, researchers
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have not sufficiently examined information regarding the characteristics and processing of
criminal cases reported within the survey. The primary purpose of this descriptive analysis is to
examine whether patterns seen in the aggregated case data mirror patterns seen in prior court
research, which would provide additional confidence in the validity of the NLSY97 data for this
area of research. Prior research has validated the use of self-report data in criminological
research (Morris & Slocum, 2010; Thornberry & Krohn, 2000), however, researchers have yet to
examine the criminal case information contained within the NLSY97 survey on their own. For
continuous measures, the mean and standard deviation are reported. For binary measures, only
the mean is reported.

After the case-level sample is described and contextualized within the prior literature, the
analytic sample is also described. The analytic sample is comprised of the individual respondents
who are included in the study. Summary statistics for each dependent and independent variable
used in the multivariate analyses are presented and interpreted. Lastly, the descriptive analysis
ends with a comparison of the case- and person-level samples.

Testing for Bias in the Construction of Criminal History Records

After the descriptive analysis, a series of multivariate regression models are used to test
the hypotheses described in Chapter Three of the current study. First, panel binary logistic
regression models are employed to model the outcomes of Arrest, Conviction, and Incarceration
because these dependent variables are dichotomous. Stated plainly, these will model the
likelihood of reporting one or more arrest, conviction, or incarceration in a given wave, net of
covariates. Importantly, because this study is concerned with differences in the likelihood of

these outcomes across different racial and ethnic groups, random-effects models are used. These
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models utilize the panel structure of the data to account for intra-individual correlation, while
still allowing group-level comparisons (e.g. Black vs. White respondents) (Li et al., 2011).
Rather than a single panel logistic regression model, a series of models with varying
specifications is run for each outcome to properly test the study’s hypotheses. First, a “base”
model is run for each outcome to test for aggregate inequalities in the likelihood of each
outcome, net of age, gender, and delinquent behavior. The decision to include age and gender in
addition to race/ethnicity in the base models was made to ensure that racial differences in the
dependent variables were not tied to racial differences in these demographics within the sample.
The base models are run to test the prediction that there will be racial and ethnic disparities in the
overall likelihood and extent of criminal history records. If there were no biases in these records,
racial and ethnic differences in the construction of criminal records would be explained entirely
by differences in criminal behavior. Second, for each outcome, different groupings of variables
will be sequentially added to the base model. This portion of the analysis utilizes the detailed
demographic and socioeconomic data recorded in the NLSY97 to gain a deeper understanding of
how these factors might explain the effect of race and ethnicity on criminal legal outcomes. The
covariates used in this mediation analysis are grouped into Individual Risk Factors, Criminal

History, Geographic Controls, and Socioeconomic Status.?°

20 The current study sequentially adds in the sets of variables to gain an understanding of how these factors might
mediate the relationship between race, ethnicity, and the dependent variables, however it does not constitute a full
mediation analysis. Such an analysis involves a multi-step process (Baron & Kenny, 1986). First, the dependent
variable is regressed on the main independent variables. Second, the mediating variables are regressed on the
independent variables. Third, a final model with all variables is run along with significance tests for the potential
mediation effects. Whereas the current analytic plan can provide insight into whether the effect of race and ethnicity
might be mediated by these sets of variables, a full mediation analysis would provide more information as to the
extent and significance of these mediation effects.; Prior to running the final analysis, each group of control
variables was added to the base model separately to test for their unique explanatory effects. The results from these
models are included in Appendix C.
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The general binary logistic random effects model used in this study is written below,

where Y;; denotes the dichotomous outcome of the ith respondent in the jth criminal wave.

Model covariates are represented by x;;, and v; is the random effect for the jth wave. It is

ij
assumed that this effect follows a normal distribution with mean 0 and variance o2.
Pr(Y;; = 1|x;) = P(XiB + v))
vj~N@©,0%) j=12,..,] i=12,..,n
The right hand side of the equation represents the logit link function, which maps the
linear combination of the covariates to the probability of the dependent variable occurring. The

logit link function is written below:

1
1 4 e~ &KitBt+v))

Pr(Yy = 1|ay) =

Results will be presented as logistic regression coefficients, which measure the discrete
change in the log-odds of the outcome associated with a one unit increase in the independent
variable. For ease of interpretation, coefficients will be accompanied by odds ratios, which
measure the relative change in the odds of the outcome occurring with a one unit increase in the
independent variable. Each model will be estimated using Huber-White robust standard errors
(Huber, 1967; White, 1980, 1982). In addition, at the end of each mediation analysis, predicted
probabilities are calculated and graphed for each race and ethnic groups.?! These graphs are
intended to visualize the effect each battery of variables exerts on the likelihood of arrest,
conviction, and incarceration for each race and ethnic group.

Of note, the panel logit models can be used to examine the first two dimensions of a

criminal record and aspects of the third dimension. For example, the outcomes of arrest,

2 Predicted probabilities and predicted counts were produced using the “mimrgns” package in Stata 17, which
applies the functionality of the “margins” package to multiply imputed data.

89



conviction, and incarceration focus on the first two dimensions: the generation and magnitude of
a criminal history mark. Additionally, by examining the role of a prior record in predicting future
contact, the fully specified versions of these models tap into the third dimension of criminal
records. However, these panel logit models provide an incomplete analysis of the construction of
criminal records over time. As such, an additional set of regression models are used to test for
racial and ethnic inequality in the accumulation of criminal history over time.

The statistical model used for the third phase of the analysis is the negative binomial
model.?? The negative binomial model is a Poisson-based regression model, but unlike the
Poisson model, it does not require the mean and variance to be equal. Instead, it allows for over
or under dispersion through the negative binomial distribution and an added parameter
representing unobserved heterogeneity (Osgood, 2000). Negative binomial models will be used
to measure the accumulation of criminal history marks across the period under study.
Specifically, these models will estimate the number of arrests, convictions, and incarcerations
reported by respondents during waves 1 though 6 of the NLSY97.2% Because the dependent
variable in each of these cases is a count measure, and because there is overdispersion in the
data, negative binomial regression is the most appropriate method for testing the relationship

between race/ethnicity and the accumulation of criminal history.?*

22 To investigate racial and ethnic differences in the accumulation of criminal history over time, | initially intended
to include a set of interaction models in addition to negative binomial models. Interactions would be added to the
panel logistic regression models to examine the extent to which the effect of prior criminal history on future contacts
varied across racial and ethnic groups. However, due to difficulties involved in the use of interaction terms in both
logistic regression and imputation models (Allison & Liker, 1982; Von Hippel, 2009), this component was
abandoned. To motivate future work on the potential moderating effects of criminal history, models that separately
estimate the effect of criminal history for each racial and ethnic group are described in Appendix E.

23 Because respondents in wave 1 are asked about all system contacts that occurred prior to the interview, rather than
the past year of since data last interviewed, this effectively covers respondents’ entire histories of system contact
through wave 6. As previously described, however, individuals with 3 or more arrests reported in wave 1 are
excluded due to missing data.

24 Berk and Macdonald (2008) show that while flexible to overdispersion, negative binomial models cannot solve for
issues of omitted variable bias and incorrect functional forms. When either is the source of overdispersion, the use of
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The negative binomial regression model “combines the Poisson distribution of event
counts with a gamma distribution of the unexplained variation in the underlying or true mean
event counts” (Osgood, 2000, p. 29). The dependent variable, y;, represents the event count,
which is distributed as Poisson(v;u;). The model is described below,

(vip)Yie Vil

P . . ==
"V = T
where u; = exp (X;8 + of fset;) and v; is the unobserved parameter with a Gamma density

(Lo, o):

The gamma distribution has a mean of 1 and variance o, which is the parameter for unobserved
heterogeneity. Results from the negative binomial models will be presented in terms of Poisson
coefficients, which estimate the expected change in the log of expected counts, as well as
Incidence Rate Ratios (IRR), which estimate the expected change in the rate of the count
dependent variable. The series of negative binomial models will be estimated using Huber-White
robust standard errors (Huber, 1967; White, 1980, 1982). Moreover, predicted counts for each
race and ethnic group will be calculated and graphed to aid in the visualization and interpretation

of each analysis.

negative binomial models can provide a false sense of security. For this reason, all count models were also run using
Poisson regression. Results from both the negative binomial and Poisson regression models were substantively
similar across all outcomes. Given the consistency of results across the two methods, and the existence of
overdispersion in the data, negative binomial regression was considered to be the most appropriate method for this
portion of the analysis.
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CHAPTER FIVE: DESCRIPTIVE ANALYSIS

The current chapter presents descriptive statistics for multiple samples of data. First,
Tables 2 and 3 present statistics describing the criminal cases contained within the longitudinal
NLSY97 data. In contrast to the NLSY97 survey, in which each observation represents a person-
wave, the statistics presented in Tables 2 and 3 are derived from data structured at the case level,
where each observation represents an arrest and its subsequent outcomes. A case may have
occurred at any point in the study period, with some respondents reporting multiple cases. Table
2 presents information on the outcomes of all arrests in the data, as well as arrestee demographic
characteristics, delinquency, individual risk factors, criminal history, geographic factors, and
socioeconomic factors. Table 3 presents this same information, as well as case severity measures,
for all arrests that were fully prosecuted.?® To contextualize the case-level data and validate the
use of NLSY97 survey data for this study, the case-level samples are compared with prior case
processing research that has typically relied on administrative court data. Additionally, the
variety of extralegal variables not typically present in case processing research provides insight
into the characteristics of system-involved individuals.

Second, Table 4 presents descriptive statistics for the analytic sample, where the unit of
observation is an individual respondent. Rather than the criminal cases contained in the data,
Table 4 provides information on the NLSY97 respondents included in the current study.
Specifically, Table 4 describes the dependent variables of interest, respondent demographics,

levels of delinquency, individual risk factors, criminal history, geographic factors, and

%5 In the NLSY97 survey, respondents were only asked about measures of case severity if they reported being
charged with an offense after arrest. For example, a respondent who was arrested but not charged after arrest would
not have been administered the battery of questions regarding the type of offense for which he or she was arrested.
As a result, the subsample of cases that were arrested and charged (fully prosecuted) was broken out to describe the
distribution of these case severity measures more accurately.
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socioeconomic factors. This sample includes both respondents who experienced contact with the
criminal legal system and those that did not. Importantly, the data described in Table 4 are those
used in the multivariate analytic models described in Chapters Six and Seven. The chapter
concludes with a summary of important findings and a discussion of their implications for the
current study.
A Description of Criminal Cases Contained Within the NLSY97 Survey Data

To reiterate, the case-level data are broken into two samples. First, the full sample of all
arrests reported during the study period are described in Table 2. Table 2 contains information on
case outcomes, defendant demographics, delinquency, individual risk factors, criminal history,
geographic factors, and socioeconomic factors. The subsample of cases that were fully
prosecuted are described in Table 3. Table 3 contains the same information as Table 2, with the
addition of variables measuring case severity that were only recorded for respondents who
reported being fully prosecuted. To avoid unnecessary repetition, I focus only on the variables
related to case outcomes, defendant demographics, and defendant criminal history when
detailing the results in Table 2, whereas I describe all variables reported in Table 3.
A Description of All Arrests Reported During the Study Period

Table 2 describes the full case-level sample (n=4,328). Cases in this sample represent all
arrests and their subsequent outcomes reported by respondents during the study period. Not all
NLSY97 respondents are represented in these data, as some did not report any arrests. On the
other hand, some respondents reported more than one arrest and thus appear multiple times in the

case-level data.
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Table 2. Descriptive Statistics for All Criminal Cases (h = 4,328)

Full Sample White Black Hispanic Other

Variables Mean/% (SD) Mean/% (SD) Mean/% (SD) Mean/% (SD) Mean/% (SD)
Case Outcomes
Fully Prosecuted 46.44% - 50.22% - 43.78% - 42.91% - 36.98% -
Convicted 31.82% -  37.11% -  2540% -  2954% - 29.41% -
Incarcerated 12.29% - 11.09% - 12.96% - 14.30% - 10.92% -
Defendant Demographics
White 46.88% R R R R R R - - -
Black 30.66% - - - - - - - - -
Hispanic 19.71% - - - - - - - - -
Other Race/Ethnicity 2.75% - - - - - - - - -
Age at Arrest 1724  (2.28) 17.32  (222) 1722 (240) 17.09 (2.20) 17.03  (2.30)
Female 26.46% - 29.92% - 21.25% - 22.74% - 52.10% -
Delinquency
Assault 154  (2.90) 147 (281) 169 (3.03) 156 (298 088  (2.14)
Theft 1.08 (2790 097 (2.60) 1.09  (283) 138 (322) 054  (1.78)
Vandalism 126 (2.78)  1.34 (2790 1.08 (256) 148  (3.14) 048  (1.44)
Other Property Crime 087 (248 101 (265 060 (202) 1.01 (273) 055  (1.94)
Drug Selling 222 (395 271  (421) 163 (352) 204 (386) 155  (3.46)
Hard Drug Use 156  (3.44) 233 (3990 061 (227) 130 (322) 095 (282
Marijuana Use 58.88% - 67.08% - 50.15% - 54.41% - 48.31% -
Underage Drinking 71.31% - 82.78% - 53.25% - 72.10% - 71.43% -
Gang Involvement 13.98% - 9.16% - 16.19% - 21.95% - 14.29% -
Individual Risk Factors
Enrolled in School 54.30% - 54.18% - 53.97% - 54.34% - 59.66% -
HS Degree or Higher 21.06% - 25.43% - 17.66% - 16.32% - 18.49% -
Antisocial Peers 247  (1.06) 237  (L05) 264  (1.09) 245 (L05) 262  (0.98)
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Table 2. Continued

Repeated Grades 030 (055 025 (0.48) 041  (067) 027 (052) 0.08  (0.31)
School Suspensions 124  (102) 1.07 (104 150 (1.02) 120  (0.90) 134  (1.01)
Defendant Criminal History

Prior Arrests 1.78  (268) 172  (254) 1.89  (297) 178  (256) 158  (2.29)
Prior Convictions 058  (1.10) 0.66  (1.14) 048  (1.01) 057 (115 039  (0.74)
Prior Incarcerations 0.27 (0.71) 0.25 (0.71) 0.29 (0.74) 0.30 (0.72) 0.13 (0.36)
Geographic Controls

Not in MSA 22.26% - 32.26% - 16.23% - 7.66% - 23.08% -
MSA, Not in Central City 41.84% - 48.57% - 25.43% - 51.08% - 42.74% -
MSA, Central City 35.90% - 19.17% - 58.35% - 41.27% - 34.19% -
Northeast US 16.55% - 18.52% - 15.01% - 14.92% - 11.86% -
North Central US 23.63% - 32.33% - 18.95% - 9.52% - 28.81% -
Southeast US 38.02% - 29.55% - 60.73% - 25.15% - 22.03% -
Western US 21.80% - 19.60% - 5.31% - 50.41% - 37.29% -
Socioeconomic Factors

Disadvantage 19.34% - 9.35% - 35.28% - 20.81% - 5.41% -
Parental Education 7448% - 8485% -  T7417% -  4825% -  8333% -
Family Structure 33.90% - 42.48% - 16.65% - 39.16% - 42.02% -

N 4,328 2,029 1,327 853 119
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Of all arrests in the data, roughly 46% were fully prosecuted, 32% ended in a conviction
and a little more than 12% were sentenced to incarceration. There is considerable variation in
these outcomes across race and ethnicity. Regarding arrests that were fully prosecuted, about
50% involving a White defendant were fully prosecuted, compared to roughly 44% and 43%
among cases with a Black and Hispanic defendant, respectively. When examining convictions,
approximately 37% of arrests involving White defendants ended in a conviction. This number is
25% for cases involving Black defendants and 30% for those involving Hispanic defendants. The
pattern of apparent disadvantage among White defendants reverses in the incarceration outcome.
Cases involving Hispanic defendants saw the greatest proportion of carceral sentences at about
14%, while 13% of cases involving Black defendants and 11% of cases involving White
defendants received a final sentence that included incarceration.

Among all arrest cases, roughly 47% involved a White defendant, whereas 31% involved
a Black defendant and 20% involved a Hispanic defendant. The average age at arrest was slightly
above 17 years of age, and there is little difference across racial and ethnic groups. At
approximately 26%, female defendants are less common in the case data. The proportion of
female defendants is lower among cases with Black (21%) and Hispanic (23%) defendants than
it is among cases with White defendants (30%). Regarding measures of a defendant’s prior
criminal record, on average, Black and Hispanic defendants have more prior arrests and
incarcerations, but less prior convictions compared to White defendants. Specifically, the mean
number of prior arrests among cases involving White defendants is 1.72, compared to 1.89
among cases with Black defendants and 1.78 among cases involving Hispanic defendants. In
contrast, the mean number of prior convictions among cases with White defendants is 0.66 prior

convictions, whereas this number is 0.48 and 0.57 for cases involving Black and Hispanic
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defendants, respectively. Lastly, the average number of prior incarcerations among cases with
White defendants is 0.25, compared to 0.29 among cases involving Black defendants and 0.30
among those that included a Hispanic defendant. This pattern mirrors the one seen among the
conviction and incarceration outcome variables. This is unsurprising, given that measures of
prior record were derived from the same data as those measures, but it nonetheless adds credence
to the notion that racial disadvantages are often dependent on the stage of case processing.

A Description of Fully Prosecuted Cases Reported during the Study Period

Table 3 describes the subsample of cases that were fully prosecuted (n=2,010). As in
Table 2, not all NLSY97 respondents are represented in these data, as some did not report an
arrest that was fully prosecuted. Additionally, some respondents reported more than one case and
thus appear multiple times in the subsample.

Among cases that were fully prosecuted, roughly 68% ended in a conviction. When
examining cases with a White defendant, about 74% ended in a conviction, compared to about
58% and 69% among cases with a Black and Hispanic defendant, respectively. Approximately
26% of fully prosecuted cases were sentenced to incarceration. The proportion of cases that
received a carceral sentence is greatest among cases involving a Hispanic defendant (33%)
followed by those with a Black (29%) and White defendant (22%).

In the subsample of fully prosecuted cases, about 51% involved a White defendant. This
is slightly higher than in the full sample, due to a larger proportion of cases involving White
defendants being prosecuted, compared to those involving Black or Hispanic defendants. About
29% of cases involved a Black defendant and roughly 18% involved a Hispanic defendant. The
average age at arrest is about 18 years of age. As was the case in the full sample, there is little

difference across racial and ethnic groups. Cases that include a female defendant remain less
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Table 3. Descriptive Statistics for Fully Prosecuted Criminal Cases (n = 2,010)

Full Sample White Black Hispanic Other

Variables Mean/% (SD) Mean/% (SD) Mean/% (SD) Mean/% (SD) Mean/% (SD)
Case Outcomes
Convicted 68.46% -  7390% -  57.83% -  6885% -  7955% -
Incarcerated 26.42% - 22.08% - 29.43% - 33.33% - 29.55% -
Respondent Demographics
White 50.70% - - - - - - - - -
Black 28.91% - - - - - - - - -
Hispanic 18.21% - - - - - - - - -
Other Race/Ethnicity 2.19% - - - - - - - - -
Age at Arrest 1773 (215) 1783 (205 1770 (2.28) 1756 (2190 1735 (2.14)
Female 23.48% - 27.38% - 17.04% - 19.95% - 47.73% -
Case Severity
Person Offense 27.02% - 18.55% - 39.07% - 30.33% - 36.36% -
Drug Distribution Offense 4.98% - 3.34% - 8.43% - 4.37% - 2.27% -
Drug Possession Offense 13.04% - 16.59% - 7.92% - 11.48% - 11.36% -
Property Offense 18.61% - 18.25% - 18.24% - 20.77% - 13.64% -
Other Offense 36.37% - 43.28% - 26.33% - 33.06% - 36.36% -
Number of Offense Types 1.94 (1.28) 1.79 (1.15) 2.12 (1.40) 2.05 (1.36) 2.16 (1.40)
Juvenile Court System 39.35% - 37.00% - 38.04% - 47.81% - 40.91% -
Adult Court System 60.65% - 63.00% - 61.96% - 52.19% - 59.09% -
Delinquency
Assault 1.28 (2.62) 1.11 (2.40) 1.48 (2.81) 1.45 (2.83) 1.34 (2.81)
Theft 0.96 (2.60) 0.83 (2.37) 1.03 (2.70) 1.25 (3.08) 0.73 (1.87)
Vandalism 1.08 (2.55) 1.07 (2.54) 0.85 (2.08) 1.53 (3.20) 0.70 (1.95)
Other Property Crime 0.76 (2.32) 0.82 (2.43) 0.54 (1.90) 0.96 (2.57) 0.86 (2.29)
Drug Selling 2.31 (3.99) 2.71 (4.20) 1.76 (3.60) 2.04 (3.86) 2.41 (4.06)
Hard Drug Use 1.59 (3.46) 2.35 (3.98) 0.50 (2.04) 1.20 (3.10) 1.73 (3.69)
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Table 3. Continued

Marijuana Use 61.49% - 69.16% - 53.14% - 54.67% - 50.00% -
Underage Drinking 72.47% - 81.75% - 55.00% - 74.59% - 70.46% -
Gang Involvement 11.82% - 6.39% - 16.21% - 18.90% - 20.46% -
Individual Risk Factors

Enrolled in School 47.16% - 47.01% - 46.02% - 49.04% - 50.00% -
HS Degree or Higher 26.94% - 32.58% - 21.72% - 20.27% - 20.46% -
Antisocial Peers 247  (1.04) 238  (1L01) 262  (1.07) 244 (104 272  (101)
Repeated Grades 030 (058 025 (0.49) 043 (0.72) 026  (0.54) 0.09  (0.36)
School Suspensions 1.29 (104 117  (1.09) 156  (1.00) 119  (0.90) 1.32  (0.98)
Defendant Criminal History

Prior Arrests 1.59 (2.44) 1.57 (2.32) 1.69 (2.70) 1.56 (2.41) 1.16 (1.76)
Prior Convictions 064 (1200 071 (1200 057 (112) 0.62  (1.33) 041  (0.76)
Prior Incarcerations 0.28 (0.74) 0.23 (0.69) 0.32 0.77) 0.37 (0.84) 0.18 (0.45)
Geographic Controls

Not in MSA 24.34% - 35.28% - 14.67% - 8.03% - 30.23% -
MSA, Not in Central City 42.29% - 47.08% - 27.37% - 53.19% - 32.56% -
MSA, Central City 33.37% - 17.64% - 57.96% - 38.78% - 37.21% -
Northeast US 16.94% - 18.37% - 16.38% - 14.25% - 13.64% -
North Central US 25.39% - 35.07% - 18.47% - 7.95% - 36.36% -
Southeast US 37.38% - 28.59% - 60.98% - 27.12% - 18.18% -
Western US 20.29% - 17.98% - 4.18% - 50.69% - 31.82% -
Socioeconomic Factors

Disadvantage 19.50% - 10.29% - 35.42% - 22.35% - 5.00% -
Parental Education 74.83% - 84.94% - 73.02% - 47.63% - 78.05% -
Family Structure 33.63% - 43.57% - 13.08% - 38.25% - 36.36% -

N 2,010 1,019 581 366 44
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frequent, as these cases make up roughly 23% of the sample of fully prosecuted cases. There is
noticeable variation across racial and ethnic groups, as cases involving Black defendants have
the lowest proportion of female defendants at about 17%. This number is roughly 20% for cases
involving Hispanic defendants and 27% for those involving White defendants.

Variables measuring case severity show that the most common offense type is “Other
Offense” (36%), followed by person offenses (27%), property offenses (17%), drug possession
offenses (13%), and then drug distribution offenses (5%). The distribution of offense types does
vary across racial and ethnic groups. For example, a larger proportion of cases involving Black
and Hispanic defendants were charged with a person or drug distribution offense, compared to
those involving a White defendant. Specifically, roughly 39% and 30% of cases involving a
Black or Hispanic defendant, respectively, were charged with a person offense. This number is
about 19% among cases with a White defendant. Drug distribution offenses were more often
charged in cases involving a Black defendant (8%), compared to those with a Hispanic (3%)
defendant or a White defendant (2%). Cases with a Hispanic defendant were more often charged
with a property offense (21%), compared to cases with White and Black defendants, which were
charged with property offenses at almost identical rates (18%). In contrast, cases with White
defendants were more often charged with drug possession, and “other” offenses. Roughly 39% of
cases in Table 3 were processed in the juvenile justice system. When looking at racial and ethnic
groups, the proportion of cases prosecuted in the juvenile system was highest among cases with a
Hispanic defendant, with roughly 48% of such cases processed in the juvenile system. This
number is about 37% for cases involving a White defendant and 38% for those with a Black

defendant. At roughly 61%, the majority of cases were processed in the adult justice system. A
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higher proportion of White (63%) respondents were processed in adult court, compared to Black
(62%) and Hispanic (52%) respondents.

For the case-level data, reported engagement in criminal behavior is captured by two sets
of variables. Engagement in assault, theft, vandalism, “other property crime,” drug selling, and
hard drug use is measured by the rate of offending for each offense, which is calculated as the
average number of reported offenses since the date last interviewed, measured in years (see
Sweeten & Apel, 2007). Marijuana use, underage drinking, and gang involvement are binary
variables that capture whether any engagement in these behaviors was reported in the same wave
as the criminal case.

The assault rate is higher among cases involving Black and Hispanic defendants,
compared to those with White defendants, suggesting greater involvement in assault among
Black and Hispanic defendants. The rate of assault in the Black sample is about 1.48 per wave,
compared to 1.45 in the Hispanic sample and 1.11 among the White sample. Assault is the only
measure of delinquency whose rate is highest among cases involving a Black defendant. At 1.25
thefts per wave, the average yearly engagement in theft is highest in the Hispanic case sample,
followed by the Black (1.03) then White (0.83) samples. Cases involving Hispanic defendants
also have the highest rate of vandalism, “other” property crimes, and gang involvement.

Rates for engagement in drug selling, hard drug use, marijuana use, and underage
drinking are also greatest among cases that involved a White defendant. For example, the rate of
drug selling is 2.71 in the White sample, compared to 1.76 among cases in the Black sample and
2.04 among cases in the Hispanic sample. In addition, the average rate for hard drug use is 2.35
among the sample of cases involving a White defendant, compared to 0.5 among the Black

sample and 1.2 among defendants in the Hispanic sample of cases.
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Roughly 69% of cases from the White sample involved a defendant who reported
marijuana use during the wave in which the case was reported, compared to about 53% of cases
from the Black and 55% from the Hispanic sample. About 82% of cases from the White sample
involved a defendant who reported underage drinking in the wave of the case, while roughly
55% of cases from the Black sample and 75% of cases from the Hispanic sample involved a
defendant who reported this behavior.?® In contrast, a higher proportion of cases from the Black
(16%) and Hispanic (19%) samples involved defendants who reported being in a gang than did
cases from the White sample (6%).

Regarding individual risk factors, roughly 47% of cases involved a defendant who was
enrolled in school during the wave in which the case was reported. Similar rates are seen across
the race and ethnic groups. About 27% of fully prosecuted cases involved defendants with at
least a high school diploma. The vast majority involved defendants with no degree at all. Fully
prosecuted cases involved defendants who reported an average of 2.47 on the NLSY97’s
antisocial peers scale, had repeated an average of 0.3 school grades, and had been suspended
from school an average of 1.29 times. Cases drawn from the Black sample involved defendants
with higher numbers for all three variables, compared to those from the White and Hispanic
samples. While cases from the Black sample involved defendants with higher average levels of
antisocial peers, differences across the groups were not large. Specifically, cases from all three
group-specific samples involved a defendant who reported an average between 2 and 3 on the
antisocial peers scale, which ranges from 1 through 5. Lastly, a greater proportion of cases from
the Black sample involved a defendant who had repeated more school grades and had been

suspended from school more times, on average, than cases in the White and Hispanic samples.

% The high rate of underage drinking is likely because most cases in the sample involved defendants who were
under the age of 21.
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Cases from the White and Hispanic sample exhibit similar numbers for all three variables
measuring individual risk factors.

Measures of a defendant’s prior criminal history show that prosecuted cases involved
defendants with an average of roughly 1.6 prior arrests, 0.6 prior convictions, and 0.3 prior
incarcerations. These numbers differ across racial and ethnic groups. For example, the average
number of prior arrests is greatest among cases with Black defendants (1.69) followed by those
with White (1.57) and Hispanic (1.56) defendants. The average number of prior convictions is
greatest among cases with White defendants (0.71), followed by those with Hispanic (0.62) and
Black defendants (0.57). Lastly, cases with Hispanic defendants have the greatest average of
prior incarcerations at 0.37, while this number is 0.32 among cases with Black defendants and
0.23 among those involving White defendants.

A series of dummy variables are included to capture the type of municipality in which the
criminal case was processed (MSA Status). These variables show that the majority of cases were
processed in areas within a metropolitan statistical area, but outside the central city (42%).
Roughly 33% were processed in areas described as “MSA, central city” and about 24% were
processed in areas outside of an MSA completely. This pattern varies greatly across racial and
ethnic groups. The greatest proportion of cases among White and Hispanic defendants were
processed in the “MSA, not in central city” category, at roughly 47% and 53%, respectively. In
contrast, about 57% of cases involving Black defendants were processed within the central city
of an MSA. The regional controls show that the largest proportion of cases were processed in the
Southeast U.S. (37%). The other three regions have similar representation, with these areas each
representing roughly 17-25% of the case data. For cases involving White defendants, the largest

proportion of cases were prosecuted in the North Central U.S. (35%), followed by the Southeast
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(29%), Northeast (18%), and Western U.S. (18%). For cases involving Black defendants, most
cases were prosecuted in the Southeast U.S. (61%), followed by the North Central (18%),
Northeast (16%), and Western U.S. (4%). A little over half of all cases involving a Hispanic
defendant were prosecuted in the Western U.S. (51%). This number is 27% for the Southeast,
14% for the Northeast, and 8% for the North Central U.S.

Measures of socioeconomic status show that about 20% of all cases involved a defendant
who reported at least one indicator of disadvantage in the first wave of the NLSY97 survey.
About 75% of cases involved a defendant who had at least one parent with 12 or more years of
schooling. Lastly, approximately 34% of fully prosecuted cases involved a defendant who lived
with both biological parents, suggesting a high prevalence of non-traditional family structures
among all system-involved youth. These measures of socioeconomic status suggest that Black
and Hispanic respondents in the case-level data come from more disadvantaged backgrounds, on
average, than do their White counterparts. For example, roughly 35% of cases from the Black
sample involved a defendant who reported indicators of disadvantage in the first interview,
compared to 22% among cases in the Hispanic sample and 10% of cases from the White sample.
The proportion of cases with a defendant that reported at least one parent with at least 12 years of
schooling is lowest in the Hispanic sample (48%), compared to cases from the Black (73%) and
White (85%) samples. Comparable portions of cases from the White and Hispanic samples
involve defendants who reported living with both biological parents, but this number is much
lower among cases in the Black sample. Specifically, the rate of living with both biological
parents among cases involving a Black defendant is more than 25 percentage points below the
rate among cases from the Hispanic sample and 30 percentage points below the rate among cases

from the White sample.
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Contextualizing the Case-Level Data

A key goal of extracting and describing the criminal cases contained within the first six
waves of the NLSY97 survey data is to gain an understanding of the severity and outcomes of
the criminal cases, as well as the characteristics of the defendants involved in these cases. In
addition, it is important to compare the patterns seen in the NLSY97 case data with prior
research on criminal case processing. Doing so will help determine if the patterns seen in the
case-level data are similar to those seen in prior case processing studies, which would provide
additional confidence in using NLSY97 data to examine potential biases in the construction of
criminal history records. The current section contextualizes the data reported in Tables 2 and 3
within the broader literature on criminal courts and sentencing that has typically utilized
administrative and cross-sectional data sources.

On the whole, the patterns seen in Tables 2 and 3 are not in conflict with prior research
and some are quite similar to those seen in the prior literature. For example, in Table 2 it is
reported that only 46% of all arrests are fully prosecuted. The fact that slightly less than half of
all reported arrests are fully prosecuted is striking, but this is not an unprecedented number.
Indeed, similar numbers have been reported in various jurisdictions across the U.S. (Albonetti,
1986; Beichner & Spohn, 2005; Prosecutorial Performance Indicators, 2022b). For example, in
an early study of case screening, Albonetti (1986) reported that the U.S. Attorney’s Office in
Washington, D.C. declined to charge 40% of all arrests. In Ohio, Wooldredge and Thistlewaite
(2004) reported that this number was 48%, and a study of 21 years of juvenile justice system data
collected in a Midwestern state presented evidence that 66% of all juvenile arrests were either
declined or diverted from the prosecution (Bishop et al., 2010). It is important to note, however,

that the proportion of case declinations can vary greatly across jurisdictions and is often tied to
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office philosophies regarding the quantity or quality of convictions (Forst, 2010). For example,
data from the New York County District Attorney’s office showed that the office declined less
than 5% of all arrests from 2010 to 2011, whereas a recent report on fifteen prosecutor offices
showed that these jurisdictions rejected an average of 28% of arrests at screening (Prosecutorial
Performance Indicators, 2022b). There was wide variation in declination rates among this cohort,
however, and some offices declined as much as 60% of arrests (Prosecutorial Performance
Indicators, 2022b).

It is clear that case declination and charging rates vary widely across jurisdictions and the
46% charging rate seen in the NLSY97 case data is within the range of rates seen across
individual jurisdictions, albeit on the lower end. It is worth noting, however, that because the
NLSY97 data are a national sample, these cases are drawn from different jurisdictions across the
United States. As such, one might expect the charging rate in the NLSY97 data to be higher on
the spectrum of rates seen in individual jurisdictions, or closer to the numbers reported for a
cohort of offices (Prosecutorial Performance Indicators, 2022b). This discrepancy is likely tied to
the unique characteristics of the case-level sample described in Table 2. For one, the sample
described in Table 2 skews towards cases with younger and juvenile defendants, for whom
declination and dismissal rates tend to be higher (Bishop et al., 2010). In addition, the younger
makeup of the sample likely means the offenses with which defendants are charged are less
severe compared to a traditional case processing sample pulled from the adult criminal legal
system. However, without precise measures of statutory severity (misdemeanor vs. felony), it is
difficult to measure the degree of offense severity beyond the offense type.

When examining racial and ethnic differences in charging rates, the patterns seen in the

NLSY97 data are very much in line with prior work. Table 3 shows that the rate of conviction is
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higher among cases involving White defendants than those involving Black or Hispanic
defendants. This pattern is similar to what has been shown in the extant literature. Although prior
work has more commonly reported dismissal rates (Kutateladze et al., 2014; Wooldredge &
Thistlethwaite, 2004), conviction rates are likely to be highly correlated with dismissal rates. As
such, the pattern that a larger proportion of cases involving White defendants ended in a
conviction aligns with patterns seen in places like New York City (Kutateladze et al., 2014),
Baltimore City, Maryland (Johnson et al., 2022), Ohio (Wooldredge & Thistlethwaite, 2004), and
Sacramento, California (Barnes & Kingsnorth, 1996). Importantly, as is the case with the bulk of
prior research (Ulmer, 2012), the current study lacks evidentiary measures that could be
responsible for this pattern. Still, the fact that this pattern is well-evidenced in the literature and
appears in the current case data bodes well for the validity of the criminal case information
contained within the NLSY97 survey.

A third pattern that helps to increase confidence in the NLSY97 data is the inequality
seen in the proportion of fully prosecuted cases that ended in a carceral sentence. Specifically,
cases involving Hispanic and Black defendants received a carceral sentence at higher rates than
those involving White defendants. Often referred to as the “in/out” decision, prior research has
consistently provided evidence of racial and ethnic disparities in the receipt of a carceral
sentence (Baumer, 2013; Mitchell, 2005; Ulmer, 2012). This pattern has been evidenced in the
federal system (Franklin & Henry, 2020; Sutton, 2013), as well as jurisdictions such as Miami,
Florida (Omori & Petersen, 2020), New York City (Kutateladze et al., 2014), and Pennsylvania
(Ulmer et al., 2011). Of note, the proportions reported in Tables 2 and 3 are calculated from the
full sample of arrests and the subsample of fully prosecuted cases. Both samples include cases

that did not end in a conviction. The proportion of cases that received a carceral sentence is
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higher when calculated among the sample of convicted cases, but the overall pattern across race
and ethnicity remains the similar.?’

The patterns described above are pulled from variables that approximate those typically
used in prior court research. The similarity of these patterns to those seen in prior research helps
to build confidence in the appropriateness of using the NLSY97 survey data to probe questions
regarding how individuals are funneled into and through the criminal legal system. Importantly,
the NLSY97 data allow for the examination of extralegal information that is not typically
included in case processing research. These extralegal variables provide interesting information
regarding the background characteristics of defendants. For one, the delinquency measures show
a mismatch when it comes to reported engagement in drug dealing and the proportion of cases
charged with a drug selling offense across race and ethnicity. Specifically, Table 3 shows White
defendants in fully prosecuted cases reported the highest engagement in drug selling but have the
lowest proportion of drug distribution cases. This mismatch could indicate a potential source of
racial and ethnic bias in the selection of criminal cases, as it suggests there is inequality in the
punishment of this behavior. Scholars have provided evidence to support this notion in prior
studies. For example, one study used NVCS and UCR data to show that accountability, or “the
degree to which racial and ethnic differences in criminal arrest account for racial
disproportionality in prison” was lowest for crimes of drug possession and drug trafficking,
along with weapons offenses (Beck & Blumstein, 2018, p. 877). This has been a point of focus in
the field, with scholars suggesting that law enforcement’s focus on open-air drug markets, for
example, has racially disproportionate effects due to racial and ethnic differences in where and

how drugs are sold and consumed (Beckett et al., 2005; Mitchell & Caudy, 2015; Tonry &

27 Specifically, out of the 1,377 cases that ended in a conviction, roughly 39% received a carceral sentence. This
number was 30% for White defendants, 51% for Black defendants, and 48% for Hispanic defendants.
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Melewski, 2008). Another pattern that stands out is that White defendants have the have the
highest proportion of drug possession offenses. This does match their representation in the
reported drug use variables but may also be tied to a greater tendency for prosecutors to
downgrade drug distribution arrest charges to less serious possession charges in cases involving
White defendants. The current data do not allow for testing of this possibility, but it is an area
that should be explored in future work.

When it comes to engagement in assault and the proportion of cases charged with a
person offense, which includes both assault and robbery, the distributions across racial and ethnic
groups are similar. Specifically, Black defendants report the highest rate of assaults, followed by
Hispanic and White defendants. Black defendants also have the highest proportion of cases
charged with person offenses, followed by Hispanic and White defendants. This is consistent
with previous work that suggests Black Americans experience elevated levels of violence
compared to White Americans, and that the level of violence among Hispanic Americans falls
between that of Black and White Americans (Steffensmeier et al., 2011)

The measures for socioeconomic status show that Black defendants are much less likely
live with both biological parents, compared to White and Hispanic defendants. The proportion of
Black defendants who reported living with both biological parents in 1997 is less than half of the
proportion reported for the other two groups. Research has shown that Black and Hispanic
children are less likely to live with both biological parents (Dunifon & Kowaleski—Jones, 2002;
Roempke Graefe & Lichter, 1999), and that family structure is an important predictor of
childhood poverty (Eggebeen & Lichter, 1991) and delinquency (Andersen, 2015; Antecol &
Bedard, 2007; Kroese et al., 2021), but the extant literature has not sufficiently investigated the

relationship between family structure and selection into the criminal legal system.
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Of all criminal cases in the data, more than a quarter involved defendants who were not
enrolled in school during the wave in which the case was reported. This is in line with prior
research that shows education level is tied to delinquency and legal system involvement (Cook &
Kang, 2016; Lochner & Moretti, 2004), and that high school dropouts are overrepresented in
arrest and incarceration statistics (Harlow, 2003; Lochner, 2011). A final finding to note is the
racial and ethnic differences in the number of school suspensions reported across defendant race
and ethnicity. For example, the average number of suspensions for Black defendants is about
33% greater than the number for White defendants. Prior work documents the “school-to-prison-
pipeline,” in which harsh school penalties, including suspension, contribute to the
overrepresentation of youth of color in the legal system (Cuellar & Markowitz, 2015; Wald &
Losen, 2003; Wolf & Kupchik, 2017). Thus, a higher prevalence of suspension among Black
defendants could be tied to their overrepresentation in the criminal case data.

Overall, the aggregated case data give reason to be confident in the validity of the
NLSY97 data for this study and provide interesting contextual insights that are typically absent
from research on the criminal legal system. Regarding the former, these statistics add to the body
of work that has evaluated the accuracy of the self-report data contained in the NLSY97 data and
determined that they are accurate and reliable (Morris & Slocum, 2010; Thornberry & Krohn,
2000). Furthermore, they complement the literature comparing self-report and official records of
legal contact (Farrington et al., 1996; Piquero et al., 2014; Pollock et al., 2015). However, rather
than comparing self-report data with official records for the same individuals, this chapter took a
slightly different approach by comparing aggregate patterns seen in the current data with patterns
seen in prior research. The similarities shared between the data reported in Tables 2 and 3, and

data used in prior case processing studies suggest that the criminal case information in the
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NLSY97 does not suffer from systematic inaccuracies, and thus the results from multivariate
models included later in this study can be trusted. Furthermore, the data presented in Tables 2
and 3 indicate that it is possible to extract case processing information from survey data, a
potential avenue for future research. The benefit of pursuing the study of case processing through
survey data is that it is typically easier to collect a wider array of extralegal variables through
surveys than administrative datasets. Importantly, the preceding sections only describe
descriptive patterns, and do not include multivariate regression analyses. Issues tied to sample
size and limited statistical power prevented such analyses of the case-level data in the current
study, but these descriptive statistics highlight the need for future research to integrate detailed
extralegal variables with case processing information. Doing so will allow researchers to gain
deeper insight into the interplay of extralegal patterns and the criminal legal system.

Descriptive analyses of case data in the NLSY97 undoubtedly provide important insights
into the characteristics of defendants and the validity of survey data for case processing research.
As mentioned, however, the case-level data are not well suited for the investigation of bias
within the construction of criminal records. For one, in comparison to prior studies that have
relied on administrative data, the sample size is small. Administrative data sources with much
larger sample sizes and more precise measurements of legal factors are better suited to look at
racial and ethnic disparities in case outcomes. Indeed, there already exists a sizeable body of
work detailing the influence of defendant race and ethnicity on outcomes such as pretrial
detention (Demuth, 2003), charge reductions (Metcalfe, 2016; Shermer & Johnson, 2010),
incarceration (Bales & Piquero, 2012; Johnson & Larroulet, 2019), and cumulative
disadvantages across multiple stages (Kutateladze et al., 2014; Sutton, 2013). Importantly,

however, these studies do not allow for a sufficient understanding of racial and ethnic differences

111



in the construction of criminal history records. While related, examining racial and ethnic
disparities in criminal case outcomes is different from examining inequalities in how criminal
histories build within individuals. To study the latter, different data sources and structures are
needed. This is the second reason why analytic models in the current study do not use the case-
level data, but instead rely on longitudinal person-level data, where each observation is a person-
year. The next section describes the sample used within these analytic models.
Description of the Analytic Sample

Table 4 presents descriptive statistics for the full individual-level sample, as well as
disaggregated by racial and ethnic groups. These statistics describe the individuals included in
the study sample using data structured at the individual level and are produced without the use of
survey weights. Unweighted statistics are presented to facilitate comparisons with the case-level
data, and because survey weights are not used in the analytic models.?® Table 4 describes the
dependent variables to be examined in the analytic models, as well as independent variables
measuring respondent demographics, engagement in delinquent behavior, individual risk factors,
geographic factors, and socioeconomic status. Descriptive statistics for the dependent variables
are in line with some, but not all, expectations. As expected, a higher proportion of Black (27%)
respondents reported being arrested at least once compared to White (23% ) and Hispanic (21% )
respondents. Black respondents also report the highest number of arrests during the study period,
on average. Contrary to expectations, Hispanic respondents comprise the lowest proportion of

arrestees and report an average number of arrests that is equal to that of White respondents.?®

28 Weighted statistics are presented in Table Al in Appendix A.
2 Descriptive statistics for the subsample of respondents who reported one or more arrests are reported in Table A2
in Appendix A.
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Table 4. Unweighted Descriptive Statistics for All Respondents (n = 8,128)

Full Sample White Black Hispanic Other

Variables Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)
Dependent Variables
Arrested at Least Once 23.43% - 2270% -  27.08% -  2142% -  19.16% -
Number of Arrests 054 (1.50) 051 (1.44) 064 (1.65) 051 (1.49) 039 (1.22)
Convicted at Least Once 1077% -  1161% -  10.61% -  940% -  8.44% -
Number of Convictions 018 (0.63) 019 (0.67) 0.6 (0.60) 015 (0.59) 0.11  (0.44)
Incarcerated at Least Once 4.33% - 359% - 5.76% - 450% - 3.25% -
Number of Incarcerations 0.07 - 005 (0.33) 0.08 (0.41) 007 (0.39) 004 (0.25)
Respondent Demographics
White 49.05% - - - - - - - - -
Black 26.08% - - - - - - - - -
Hispanic 21.08% - - i, - - - - - -
Other Race/Ethnicity 3.79% R - - - - - - R -
Age at Dec 31, 1996 1394 (1.40) 1392 (1.39) 13.98 (1.40) 13.92 (1.40) 13.88 (1.43)
Female 4951% -  4856% -  50.90% -  49.80% -  50.65% -
Delinquency
Committed Assault 3311% - 29.10% -  4189% -  31.99% -  30.84% -
Assault Freq. 138 (3.71) 125 (360) 167 (3.78) 141 (3.96) 1.09 (3.02)
Committed Theft 1582% -  1522% -  1660% -  1605% -  16.88% -
Thefts Freg. 059 (253) 055 (2.40) 060 (2.44) 067 (2.83) 066 (3.05)
Committed Vandalism 37.61% -  41.41% -  34.06% -  3345% -  36.04% -
Vandalism Freg. 141 (3.76) 162 (4.06) 103 (3.06) 143 (392) 117 (2.90)
Committed Other Property Off. 154000 -  1588% -  1486% -  1512% -  14.61% -
Other Property Off. Freq. 055 (2.46) 059 (2.56) 046 (2.22) 058 (258) 042  (2.04)
Sold Drugs 1967% -  2230% -  1576% -  1915% -  1558% -
Sold Drugs Freq. 200 (6.22) 251 (7190 119 (430) 192 (5.88) 142 (5.14)
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Table 4. Continued

Consumed Hard Drugs 18.38% -  23.13% (0.42) 9.06% (0.29) 19.15% (0.39) 16.88% (0.38)
Hard Drugs Freq. 1.65 (5.16) 234 (6.18) 051 (2.32) 152 (4.88) 140 (4.77)
Consumed Marijuana 51.60% -  56.43% -  4623% -  47.40% -  4935% -
Consumed Alcohol Underage 841296 - 89.72% -  7415% -  8424% -  7955% -
Ever in a Gang 4.63% - 3.29% - 6.17% - 5.90% - 4.22% -
Individual Risk Factors

Non-enrollment Dummy 64.32% - 58.34% - 70.61% - 72.39% - 53.57% -
Non-Enrollment Waves 158 (159 141 (158 174 (157) 185 (1.63) 1.17 (1.41)
HS Diploma or Greater 75.09% - 79.96% - 69.67% - 68.94% - 83.44% -
Antisocial Peers 217 (1L01) 207 (0.97) 236 (1.06) 217 (1.02) 207  (0.96)
Repeated Grade 1839% -  1349% -  2821% -  1921% - 9.74% -
Number of Grades Repeated 022 (050) 015 (0.41) 035 (0.62) 022 (050) 011 (0.34)
Suspended from School 39.36% - 29.95% -  5821% -  39.64% -  29.87% -
Suspended from School Freq. 064 (0.97) 048 (0.88) 101 (1.11) 060 (0.88) 0.48  (0.86)
Geographic Controls

Rural Area 18.20% -  24.63% -  17.70% - 5.18% - 1082% -
Suburban Area 49.62% -  56.48% -  3252% -  5359% -  5574% -
Urban Area 32.19% - 18.89% - 49.79% - 41.23% - 33.44% -
Northeast US 17.48% - 2009% -  1462% -  1553% -  1429% -
North Central US 2240% -  3158% -  17.64% - 7.41% - 1981% -
Southeast US 37.82% -  3045% -  61.98% -  2872% -  1753% -
Western US 2229% - 17.88% - 5.76% - 4834% - 4838% -
Socioeconomic Factors

Disadvantage 11.84% - 6.69% - 2077% - 13.90% - 5.78% -
Parental Education 81.83% -  92.70% -  80.35% -  56.21% -  85.45% -
Family Structure 4951% -  5917% -  2627% -  5429% -  57.79% -

N 8,128 3,987 2,120 1,713 308

114



When looking at convictions, about 12% of White respondents, 11% of Black respondents, and
9% of Hispanic respondents reported at least once conviction during the study period. A similar
pattern across groups is seen for the average number of convictions. Statistics for incarceration,
however, show small disadvantages for Black and Hispanic respondents. Each group reports a
higher proportion of individuals who have been incarcerated and a higher average number of
incarcerations compared to White respondents, though both statistics are greatest for Black
respondents.

Table 4 shows that roughly 49% of respondents are White, 26% are Black, 21% are
Hispanic, and 4% are coded as “Other” race/ethnicity. The average age at wave 1 is
approximately 14 years old, and the sample contains only very slightly more male respondents
than females. Regarding contact with the legal system, about 23% of all respondents reported at
least one arrest during the study period. This estimate comports with other studies examining the
prevalence of arrest among similar cohorts (Smith, 2019), as well as national estimates covering
the entire population (Umez & Pirius, 2018), which provides face validity for the data.

Descriptive information for criminal behavior and delinquency shows reported
involvement varies significantly across offense type and race/ethnic group. A higher proportion
of White respondents reported vandalism, other property, drug selling, and substance abuse
offenses. For example, 22% of White respondents reported selling drugs, and 23% reported
consuming hard drugs. For Black respondents, these numbers are 16% and 9%, respectively.
Roughly 19% of Hispanic respondents reported at least one instance of both drug selling and
consumption of hard drugs. The frequency of these behaviors is also greatest among White
respondents. Furthermore, White respondents reported a higher prevalence of marijuana use and

underage drinking. These findings are not without precedent, as a higher prevalence of substance
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abuse among White individuals, particularly for hard drugs, has been evidenced in prior work
(Bachman et al., 1991; Jones et al., 2015; Wallace Jr. et al., 2002; Welty et al., 2016), despite an
overrepresentation of people of color in drug arrests (Beckett et al., 2006). A higher proportion of
Black respondents reported committing assault, theft, and ever being a member of a gang. This
disparity is especially prominent when looking at assault, with roughly 42% of Black
respondents, 32% of Hispanic respondents, and 29% of White respondents reporting at least one
assault. The average number of assaults committed per interview wave is also greatest among
Black respondents (1.42) compared to White (1.02) and Hispanic (1.12) respondents. These
statistics align with prior research showing Black citizens engage in violence more often
(Sampson & Lauritsen, 1997) and are more often arrested and charged with violent offenses
(Steffensmeier et al., 2011).

Variables measuring individual risk factors demonstrate interesting racial and ethnic
differences as well. While more than half of respondents had at least one wave in which they
were not enrolled in school (64%), the proportion is higher among Hispanic (72%) and Black
respondents (71%), compared to White respondents (58%). A similar pattern is seen when
examining the average number of waves in which respondent was not enrolled in school.
Similarly, Hispanic respondents were least likely to have achieved a high school diploma or
greater by the end of the study period (69%), followed by Black (70%) and White (80%)
respondents. Black respondents report the highest proportion of antisocial peers, on average,
followed by Hispanic and White respondents, but differences are not large. The proportion of
Black respondents who reported repeating at least one grade through the end of the study period,
about 28.21%, is more than double that of White respondents (13.49%). Hispanic respondents

are in the middle of the two, with roughly 19% having reported at repeating at least one grade
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through the end of the study period. A similar pattern is shown when examining the average
number of grades repeated. Lastly, a higher proportion of Black respondents reported having
been suspended from school compared to their White and Hispanic counterparts. Black
respondents report an average of roughly 5 school suspensions accumulated through the end of
the study period, compared to 2 for White and 3 for Hispanic respondents. These suspension
statistics could reflect a greater prevalence of delinquent behavior in school among Black
respondents, but they could also reflect inequalities in how school punishment is meted out
across groups (Cuellar & Markowitz, 2015).

Variables controlling for geographic factors demonstrate that there are important
differences across racial and ethnic groups. Roughly 24% of White, 17% of Black, and 5% of
Hispanic respondents reported living in areas outside a metropolitan statistical area. The majority
of both White and Hispanic respondents reported living in the “MSA, not in central city”
category. Black respondents reported the highest rate of living within the central city of MSAs at
approximately 49%, compared to 19% of White and 41% of Hispanic respondents. When
examining regional controls, between 17 and 32% of White respondents
live within each of the four regions. Black and Hispanic respondents were more unequally
distributed across regions. For example, roughly 62% of Black respondents reported living in the
Southeastern US, and only 5.76% reported living in the Western U.S. Among Hispanic
respondents, about 48% reported living in the Western U.S., 29% reported living in the Southeast
U.S., roughly 16% percent reported living in the Northeast, and about 10% were located in the
North Central U.S.

Lastly, compared to White respondents, Black and Hispanic respondents more often

report information that is indicative of lower socioeconomic status. For example, a higher
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proportion of Black respondents (21%) reported at least one indicator of disadvantage in 1997,
compared to Hispanic (14%) and White (7%) respondents. Hispanic respondents least often
come from households in which at one or more parent has at least 12 years of education, and
Black respondents are much less likely to have been living with both biological parents during
wave 1.
Summary of Descriptive Analysis

The purpose of the current chapter was twofold. First, by aggregating information on
criminal cases contained within the first six waves of the NLSY97 survey, the data could be
restructured to resemble, and be compared to, data sources typically used in case processing
research. Comparisons with prior research demonstrate that the patterns exhibited in the
aggregated case data square with prior case processing research that has relied on administrative
data sources. This helps to build confidence in using the NLSY97 survey to examine questions
regarding processing through the criminal legal system, such as differences in the construction of
criminal history records across race and ethnicity. Second, it was important to describe all
individuals included in the current study. As previously discussed, case-level data are not well
suited to study the construction of criminal history records over time, and how these records
build within individuals. Instead, longitudinal data such as those provided by the NLSY97
survey are needed. Therefore, the individual-level data were described in addition to the case-
level data. Although comparisons between the case- and individual-level descriptive tables are
imperfect due to measurement differences, the reported statistics show that White respondents
are underrepresented in the sample of arrests and slightly overrepresented in the sample of fully
prosecuted cases, compared to their proportion of the analytic sample. Black respondents are

overrepresented in both case-level samples. Unexpectedly, Hispanic respondents are
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underrepresented in the case-level data. Tables 2 through 4 show that the case-level data
generally include individuals with higher levels of delinquency and risk factors, and who come
from socioeconomically disadvantaged backgrounds.

This chapter used descriptive statistics to gain insight into the types of criminal cases
included in the NLSY97 data, as well as characteristics of all respondents included in the
multivariate regression models. The following chapter details the results of the first set of these
analytic models, specifically those that examine the generation and magnitude of a criminal

history mark.
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CHAPTER SIX: THE GENERATION AND MAGNITUDE OF A

CRIMINAL HISTORY MARK

This chapter explores the potential impact of race and ethnicity on the first two
dimensions of a criminal history record: the generation and the magnitude of an individual
criminal history mark. The likelihood of receiving a mark, or the first dimension of a criminal
record, is primarily explored through the arrest analysis. The mark’s magnitude, or the second
dimension, is explored through the conviction and incarceration analyses, as these outcomes
influence the severity of a given criminal history mark. For each outcome, a series of six panel
logistic regression models is performed. Model 1 includes only variables measuring a
respondent’s race/ethnicity, basic demographic information, and engagement in delinquency.
This base model in each sub-analysis is used to test the prediction that disparities in arrest,
conviction, and incarceration are not entirely explained by differences in reported offending.
Across Models 2 through 6, groups of variables measuring Individual Risk Factors, Criminal
History, Geography, and Socioeconomic Factors are progressively added to the base model.
These models are designed to test the extent to which racial and ethnic inequalities in the
generation and magnitude of criminal history marks, when they exist, are mediated by factors
beyond one’s engagement in crime.

Arrest Analysis

Table 5 presents results from panel logistic regression models that test the likelihood of
being arrested one or more times during a given wave of the NLSY97 survey. Results from
Model 1 show that Black, but not Hispanic, respondents have a higher likelihood of being
arrested, net of demographics and reported engagement in delinquency. Specifically, Black

respondents in the base model have roughly 66% higher odds of being arrested at least once in a
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Table 5. Panel Logistic Regression Models on Arrest Outcome

Model 1 Model 2 Model 3 Model 4 Model 5
Independent Variables (SEE) OR Sig (Slil) OR Sig (SEE) OR Sig (SEE) OR Sig (S[;]) OR Sig
Respondent Demographics
Black 0.51 1.66  *** 0.15 1.16 * 0.16 1.17 * 0.15 1.16 * 0.05 1.06
(0.06) (0.006) (0.06) (0.07) (0.07)
Hispanic 0.05 1.05 -0.07  0.93 -0.07  0.93 -0.02 098 -0.11 0.90
(0.07) (0.07) (0.07) (0.07) (0.08)
Other Race/Ethnicity -0.12  0.89 -0.12  0.89 -0.11 0.89 -0.09  0.92 -0.12  0.89
(0.16) (0.15) (0.15) (0.15) (0.15)
Age at Interview 0.03 1.03 HoH -0.07 093  wE* -0.08  0.92  kwx -0.08 093  ¥*x -0.07  0.93  Hxx*
(0.01) (0.01) 0.01) (0.01) (0.01)
Female -096 038 k= -0.82 044  wEx -0.79 045  wEx -0.79 045  wEx -0.82 044  kx*
(0.06) (0.06) (0.06) (0.06) (0.06)
Delinquency
Assault 0.14 1.15  *** 0.12 .12 k% 0.11 112 *** 0.11 1.12 ks 0.11 .12 ***
(0.02) (0.01) (0.01) (0.01) (0.01)
Theft 0.14 1.15  *x* 0.13 1.13 ks 0.13 1.13 0.13 1.13 *x* 0.13 1.13 H**
(0.02) (0.02) (0.02) (0.02) (0.02)
Vandalism 0.04 1.05 ok 0.05 1.05 ok 0.05 1.05 ok 0.05 1.05 Hox 0.05 1.05 ok
(0.02) (0.02) (0.02) (0.02) (0.02)
Other Property 0.01 1.01 0.00 1.00 0.00 1.00 0.00 1.00 0.00 1.00
(0.02) (0.02) (0.02) (0.02) (0.02)
Drug Selling 0.08 1.09  xxx 0.07 1.07  *x* 0.07 1.07  x** 0.07 1.07  xxx* 0.07 1.07  #**
(0.01) (0.01) 0.01) (0.01) (0.01)
Hard Drug Use 0.06 1.06  *** 0.05 1.05  *x* 0.05 1.05  x#* 0.05 1.05  x** 0.05 1.05  #**
(0.01) (0.01) (0.01) (0.01) (0.01)
Marijuana Use 0.97 2.63  k¥* 0.85 234  HF* 0.84 231 xEx 0.85 233 wEx 0.85 2.33  kEk
(0.06) (0.06) (0.06) (0.06) (0.06)
Underage Drinking 0.54 1.72  *** 0.52 1.69  *** 0.53 1.69  *** 0.53 1.69  **x* 0.54 1.71  ***
(0.06) (0.05) (0.05) (0.05) (0.05)
Gang Membership 0.70 2,02  kxx 0.56 1.74  *x* 0.53 1.70  *** 0.51 1.67  *** 0.50 1.65  ***
(0.12) (0.11) (0.11) (0.11) (0.11)
Individual Risk Factors
Enrolled in School -0.42  0.66  *** -0.40  0.67  xEx -0.39  0.68  ¥** -035  0.70  k**
(0.06) (0.06) (0.06) (0.06)

121



Table 5. Continued

Antisocial Peers 0.18 1.19  *** 0.17 1.19  *** 0.18 1.19  *** 0.16 1.18  ***
(0.03) (0.03) (0.03) (0.03)
Repeated Grades 0.12 1.13 * 0.12 1.13 * 0.11 1.12 * 0.07 1.07
(0.05) (0.05) (0.05) (0.05)
School Suspensions 0.51 1.66  *** 0.48 1.62  *** 0.48 1.62  *** 0.46 1.58  *x*
(0.03) (0.03) (0.03) (0.03)
Criminal History
Prior Record Scale 0.08 1.09  *** 0.08 1.08  *** 0.08 1.08  ***
(0.02) (0.02) (0.02)
Geographic Controls
Not in MSA 0.36 143 xEx* 0.33 1.39  kxx
(0.07) (0.07)
MSA, Central City 0.15 1.16 * 0.12 1.12 *
(0.06) (0.06)
Northeast US -0.13  0.88 -0.12  0.89
(0.08) (0.08)
North Central US 0.10 1.10 0.11 1.12
(0.07) (0.07)
Western US 0.01 1.01 0.02 1.02
(0.07) (0.07)
Socioeconomic Factors
Disadvantage 0.08 1.09
(0.08)
Parental Education -0.25  0.78  wx*
(0.07)
Family Structure -0.30  0.74  kx*
(0.06)
Constant -4.43  0.01  *** 296  0.05  F** 2776 0.06  *** -2.92  0.05  F*k* -2.67  0.07  xx*
(0.20) (0.25) (0.25) (0.26) (0.27)
N 46,923 46,923 46,923 46,923 46,923

Notes: Robust SE in parentheses. *p<0.05;**p<0.01;***p<0.001
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given wave. This provides partial support for hypothesis 1, which posited that both Black and
Hispanic respondents would have a greater likelihood of arrest, net of delinquency. The lack of
disparity between Hispanic and White respondents is surprising, but prior work has found that
Hispanic/White disparities in the legal system are not as severe as Black/White ones
(Kutateladze et al., 2014), while others have failed to find evidence of Hispanic/White disparity
at all (Andersen, 2015). Both age and gender are statistically significant predictors of arrest. For
example, each additional year of age at interview is associated with 3% greater odds of reporting
an arrest, on average and net of covariates. Holding all else constant, female respondents have
62% lesser odds of reporting one or more arrests in a given wave, compared to males.

All measures of delinquency, with the exception of “other property” offenses, are
positively and significantly related to the likelihood of arrest. For example, each additional
reported assault is associated with 15% greater odds of the arrest outcome, on average and net of
additional factors. This number is the same for theft offenses. Other continuous measures of
delinquency have slightly lesser effects on the likelihood of reported arrest but are still positively
associated with the outcome (vandalism = 5%, drug selling = 9%, hard drug use = 6% increased
odds). Regarding the binary measures of delinquency, those who reported using marijuana
during an interview have 163% greater odds of reporting an arrest compared to those who did not
report any marijuana use. The size of this effect is striking but is potentially tied to drug
enforcement patterns during the time period in which the data were collected. Indeed, the late
1990’s and early 2000°s were squarely within the “War on Drugs” era of the United States that
saw aggressive enforcement of drug crimes. Marijuana possession made up a large portion of all
drug arrests during this time period and research suggests this was particularly evident among

adolescents (Nguyen & Reuter, 2012; Reuter et al., 2001). Lastly, respondents who engaged in
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underaged drinking have 75% greater odds and those who reported gang membership have 102%
greater odds of arrest than those who did not report these behaviors.

Model 2 introduces controls for individual risk factors associated with each respondent,
which are school enrollment status, level of antisocial peers, number of repeated grades, and the
number of prior school suspensions. This model shows that respondents who were enrolled in
school at the time of interview were significantly less likely to report an arrest. Specifically,
those enrolled in school have 34% lower odds of arrest, compared to respondents who were not
enrolled in school. The other three measures are positively and significantly related to the odds
of experiencing an arrest. A one unit increase on the antisocial peers scale, for example, is
associated with 19% greater odds of reporting an arrest in a given wave, whereas each additional
grade repeated is associated with 13% higher odds of reporting an arrest, net of covariates. The
result for the school suspension measure suggests that each school suspension experienced prior
to the interview is associated with a 66% increase in the odds of reporting arrest.

Introducing the measures of individual risk factors reduces the coefficient for Black
respondents in both magnitude and significance level. Specifically, the coefficient for Black
respondents is reduced from 0.51 to 0.15, which represents a roughly 71% reduction in the effect
of being Black on the likelihood of reporting arrest. Similarly, the result is significant only at the
0.05 level, compared to the 0.001 level reported in the base model. The measure for Hispanic
respondents remains statistically insignificant. In line with expectations, these results suggest
that a large portion of racial inequality in the likelihood of arrest is tied to racial differences in
these risk factors.

Model 3 introduces a measure of criminal history. Although this measure can be seen as a

risk factor tied to the individual, it was separated from the battery of measures added in Model 2
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because of its central importance to the current study. It is included in the analysis to gain an
understanding of how criminal history records themselves impact racial inequalities in the
likelihood of arrest. This variable is a standardized scale that incorporates the number of arrests,
convictions, and incarcerations reported prior to the current wave. For example, in wave 4, the
criminal history variable captures a respondent’s prior record through wave 3. Any legal contact
that occurred between the wave 3 and 4 interviews is not included in this measure, as those
contacts are what comprise the dependent variables in this chapter. The result for a respondent’s
prior criminal record suggests that it is positively and significantly related to the likelihood of
arrest. A one unit increase in the prior record scale is associated with 9% higher odds of
reporting one or more arrests in the current wave. This provides support for hypothesis 4a, which
posited that the likelihood of arrest would be greater for those with more severe criminal
histories.

The introduction of the criminal history control increases the magnitude of the coefficient
for Black respondents, though only very slightly. The coefficient changes from 0.15 in Model 2
to 0.16 in Model 3, a change of roughly 7%. This result suggests that criminal history has little
independent effect on inequality in the likelihood of arrest, when also controlling for delinquency
and other risk factors. This is in contrast to expectations that differences in criminal history
would partially mediate the relationship between race and the likelihood of arrest, however, the
result may be tied to the characteristics of the analytic sample. Unlike much of the work that
examines the role of criminal history in explaining racial and ethnic disparities in policing
(Fagan et al., 2016; Tillyer, 2014), the current sample is comprised of individuals aged 12
through 23, not all of whom experienced contact with the legal system. To better understand how

criminal history mediates the relationship between race/ethnicity and legal system contact, a
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more heavily system-involved sample with greater variation in prior criminal history is likely
needed.

Model 4 introduces geographic controls to the model. Specifically, measures of
metropolitan statistical area (MSA) status and region of the United States are added to control for
legal system differences across these contexts. These geographic controls have varied influence
on the dependent variable. Those who resided outside of a metropolitan statistical area, for
example, have 43% greater odds of an arrest, and those inside the central city of an MSA have
16% greater odds of an arrest, compared to their counterparts in the “MSA, outside central city”
category. The strength of the relationship between living outside an MSA and the likelihood of
arrest is somewhat surprising, though there is limited prior work that suggests policing in rural
areas can be more effective than in urban and suburban areas (Weisheit et al., 1994). This could
be tied to greater levels of trust in law enforcement in rural communities (Albrecht & Green,
1977), but more work is needed to understand differences in the extent and punitiveness of the
legal system across geographical characteristics. This could also be tied to weaknesses in how
this variable is measured, which is discussed in more detail in Chapter Eight. None of the
controls for U.S. region are significantly different from one another. The lack of significance
among these variables suggests that regional differences in legal structures do not exert an effect
on the likelihood of arrest, net of other factors included in the model. Moreover, the geographic
controls exert little change on the results for respondent race and ethnicity, indicating these
factors do not significantly mediate the relationship between race and the likelihood of arrest.

Model 5 is the final model in the arrest analysis and adds three variables related to a
respondent’s socioeconomic status. These measures show that parental education level and

family structure are both negatively associated with the likelihood of reported arrest.
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Specifically, respondents with one or both parents with at least a 12t grade education are
expected to have about 22% lower odds of reported arrest, on average. Similarly, respondents
who were living with both biological parents at the start of the NLSY97 are estimated to have
26% lower odds of reported arrest, compared to those who were not. As was expected, these
results suggest that respondents who come from homes of higher socioeconomic status — those
with greater educational background and more traditional family structure — are less likely to be
arrested. Contrary to expectations, the measure for disadvantage is not significantly related to the
likelihood of arrest.

The final model fails to find any statistically significant differences in the likelihood of
arrest across race and ethnicity. This is somewhat in line with expectations. While it was
expected that additional factors would partially mediate the relationship between respondent race
and the likelihood of arrest, it was not expected that the inclusion of these factors would reduce
the relationship to statistical insignificance altogether. Traditionally, direct race effects have been
interpreted as evidence of biased decision making. Interpreted in this manner, the lack of a direct
effect for race or ethnicity in the final model would suggest a lack of biased decision making in
the arrest outcome. However, given the inclusion of structural controls, it may be difficult to
separate biased decision making from the larger structural factors under which decisions are
made. This possibility is discussed in more detail in Chapter Eight.

A respondent’s age at interview is also negatively and significantly related to the
likelihood of arrest. All else equal, a one year increase in respondent age is associated with a 7%
decrease in the likelihood of arrest. Respondent gender remained a strong predictor, with female
respondents having 56% lower odds of reporting an arrest, compared to male respondents.

Similarly, measures of delinquency remain strongly related to the likelihood of arrest in the final
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model. For example, each additional instance of assault reported is associated with 12% greater
odds of arrest; this number is 13% for theft, 5% for vandalism, 7% for drug selling, and 5% for
hard drug use. Respondents who reported marijuana use have odds that were more than double
those who did not report this behavior (odds ratio = 2.33). Those who reported underage drinking
have 71% greater odds and those who reported gang membership have 65% greater odds of
arrest in a given wave.

Not surprisingly, individuals with elevated risk factors and criminal history are more
likely to report one or more arrests during a given wave. Significant results in the fully specified
model are seen among all measures of individual risk factors, with the exception of the number
of repeated grades. Prior criminal history also remains a significant predictor of the arrest
outcome. The results for geographic controls are similar to those reported in the previous model,
with respondents living in the “Not in MSA” and “MSA, Central City” categories experiencing
elevated likelihoods of arrest, compared to their counterparts in the “MSA, not in Central City”
category.

Results regarding the relationship between race, ethnicity, and the likelihood of arrest are
summarized in Figure 1, which plots the predicted probability of arrest for each racial and ethnic
group across the five models. The purpose of this figure is to aid in the summary of the sub-
analysis by visualizing the results. Confidence intervals (Cl) are reported in parentheses along
with the point estimates. Model 1 indicates that at average levels of delinquency, White
respondents have a roughly 5.4% probability of arrest (Cl: 5.1%, 5.7%). The predicted
probability of arrest is about 7.9% for Black respondents (Cl: 7.3%, 8.4%), and 5.6% for
Hispanic respondents (Cl: 5.1%, 6.1%). The low percentages predicted for each group is likely

tied to the inclusion of individuals who were never arrested and presumably did not engage in a
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level of delinquency that would have placed them at significant risk of arrest. The figure shows
that predictions change substantially after controls for individual risk factors are introduced in
Model 2. Estimated at average levels of both delinquency and risk factors, the predicted
probability of arrest increases for White respondents (5.9%; Cl: 5.6%, 6.3%), while it decreases
for Black respondents (6.6%; Cl: 6.2%, 7.1%), and increases slightly for Hispanic respondents
(5.6%; CI: 5.1%, 6.1%). Little change is registered across Models 3 and 4. With the addition of
socioeconomic controls in Model 5, the predictions decrease for both Black (6.6%; CI: 5.9%,
6.8%) and Hispanic respondents (5.6%; ClI: 5.1%, 6.1%) but increase for White respondents
(6.1%; CI: 5.7%, 6.4%). The figure demonstrates that the initial Black/White disparity shrinks
due to the likelihood of arrest increasing for White respondents and decreasing for Black
respondents as additional factors are accounted for by the model.

Figure 1. Predicted Probabilities of Reported Arrest
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Overall, the results from the series of panel logistic regression models show that there is

inequality in the aggregate likelihood of arrest across race. Indeed, the likelihood of receiving a
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criminal history mark is significantly greater for Black respondents, net of demographics and the
factors that would legally justify an arrest: self-reported delinquency. However, there are
nuances to the relationship. First, the significant difference is limited to Black/White
respondents. There is no such difference between Hispanic and White respondents. Second, the
Black/White inequality is explained by factors related to individual risk factors, criminal history,
geography, and socioeconomic status. Specifically, in Model 1 Black respondents have 66%
greater odds of arrest compared to Whites. This number is reduced to 6% in the fully specified
Model 5, and the difference is no longer significantly different from zero. These results indicate
that disadvantage in the likelihood of arrest among Black individuals is largely tied to these
mediating factors.
Conviction Analysis

Table 6 presents the results from panel logistic regression models testing the likelihood of
being convicted one or more times during a given wave of the NLSY97 survey. These models
employ the full sample of respondents, including individuals who were not arrested, and thus
measure the total difference in the likelihood of conviction among all participants in the study,
net of covariates. This is done to better understand differences in the likelihood and extent of
system contact for individuals, conditional on delinquent behavior.
Unlike in the arrest analysis, Model 1 does not present evidence of racial or ethnic inequality for
the conviction outcome. While the coefficient for Black respondents is positive, it is not
statistically significant. The coefficient for Hispanic respondents is negative and insignificant.
These results fail to support theoretical expectations, and do not suggest that there are racial or
ethnic inequalities in the likelihood of conviction, net of delinquency. The other demographic

variables, however, are significantly related to the likelihood of conviction. For example, a one
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year increase in respondent age is associated with roughly 21% greater odds of reporting one or
more convictions in a given wave. Female respondents are estimated to have 67% lower odds of
conviction compared to their male counterparts, on average. The majority of delinquency
measures are positively and significantly associated with the likelihood of conviction, with the
exception of vandalism and “other” property offenses, whose coefficients are both insignificant.
Overall, results for the measures of delinquency are similar to those seen in the arrest analysis:
each additional instance of reported assault, theft, drug selling, and drug use is associated with a
modest yet significant increase in the likelihood of conviction. Much larger increases are seen
among the binary indicators of marijuana use, underage drinking, and gang membership. For
example, respondents who reported gang membership are estimated to have 2.18 time the odds
of conviction than did those with no gang involvement. As such, most self-reported measures of
delinquency prove important in predicting the conviction outcome.

Model 2 adds the measures of individual risk factors: school enrollment status, level of
antisocial peers, number of repeated grades, and the number of prior school suspensions. Similar
to the arrest analysis, the measures for a respondent’s school enrollment status and school
suspensions exert strong and significant influence on the conviction outcome. For instance,
respondents who were enrolled in school at the time of interview have 45% lower odds of
reporting a conviction. The proportion of antisocial peers is associated with a small increase in
the odds of conviction. On the whole, most risk factors are related to the likelihood of
conviction, and the results indicate important connections between school and legal systems.

The introduction of the risk factor measures has an interesting influence on the

race/ethnicity results. For one, although it remains insignificant, the coefficient for Black
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Table 6. Panel Logistic Regression Models on Conviction Qutcome

Model 1 Model 2 Model 3 Model 4 Model 5
Independent Variables (S[;E) OR Sig (S[:Z) OR Sig (S[;E) OR Sig (SEE) OR Sig (S[;Z) OR Sig
Respondent Demographics
Black 014 115 -0.20 0.82 -0.17 0.84 -0.11  0.89 -0.23  0.79 *
(0.10) (0.10) (0.10) (0.10) (0.10)
Hispanic -0.13 0.88 -0.25 0.78 * -0.24  0.79 * -0.11  0.89 -0.20 0.82
(0.11) (0.11) (0.10) (0.11) (0.12)
Other Race/Ethnicity -0.26  0.77 -0.26  0.77 -0.24  0.79 -0.18 0.83 -0.22  0.80
(0.24) (0.24) (0.23) (0.23) (0.23)
Age at Interview 019 121  *** 0.08 1.08  *x* 0.05 1.06  ** 0.06 1.06  ** 0.07 1.07  **
(0.02) (0.02) (0.02) (0.02) (0.02)
Female -1.10 033 **+*~ .091 040 *** -085 043 *** 085 043 *** 089 041 r**
(0.09) (0.09) (0.08) (0.08) (0.08)
Delinquency
Assault 0.14 115  *** 0.11 112 *** 0.11 112 *** 0.11 111 *** 0.11 111 ***
(0.02) (0.02) (0.02) (0.02) (0.02)
Theft 0.11 112 *** 0.11 111 *** 0.11 111 *** 0.11 111 *** 0.11 111 ***
(0.03) (0.03) (0.03) (0.03) (0.03)
Vandalism 002 1.02 0.03 1.04 0.04 1.04 0.03 1.04 0.04 1.04
(0.02) (0.02) (0.02) (0.02) (0.02)
Other Property -0.01  0.99 -0.01  0.99 -0.01 0.99 -0.01  0.99 -0.01  0.99
(0.03) (0.03) (0.03) (0.03) (0.03)
Drug Selling 0.08 109  *** 0.07 1.07  *** 0.07 1.07  *** 0.07 1.07  *** 0.07 1.07  ***
(0.01) (0.01) (0.01) (0.01) (0.01)
Hard Drug Use 0.06 107  *** 0.05 1.05  ** 0.05 1.05  ** 0.05 1.05  ** 0.05 1.05  **
(0.02) (0.02) (0.02) (0.02) (0.02)
Marijuana Use 096 2.61  *** 086 236 *** 0.84 232  *x* 086 236 *** 0.86 237 *x*
(0.09) (0.09) (0.09) (0.09) (0.09)
Underage Drinking 0.65 191  **>* 0.61 1.84  *x* 0.62 1.85  *x* 0.61 1.84  *** 0.63 1.88  *x*
(0.09) (0.09) (0.08) (0.08) (0.08)
Gang Membership 0.78 218  *** 0.63 1.88  *x* 0.56 176 ** 0.54 172 ** 0.52 169  **
(0.17) 0.17) (0.17) (0.17) 0.17)
Individual Risk Factors
Enrolled in School -0.61 055 *** .057 056 *** -056 057 *** 051 0.60 ***
(0.09) (0.09) (0.09) (0.09)

Table 6. Continued
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Antisocial Peers 0.08 1.09 * 0.08 1.08 0.09 1.09 * 0.07 1.07
(0.04) (0.04) (0.04) (0.04)
Repeated Grades 0.10 1.10 0.09 1.10 0.09 1.09 0.03 1.03
(0.08) (0.07) (0.08) (0.08)
School Suspensions 0.50 165  *** 0.44 156  *** 0.44 156  *** 0.42 152  ***
(0.04) (0.04) (0.04) (0.04)
Criminal History
Prior Record Scale 0.11 112 *** 0.11 112 *** 0.10 111 **=
(0.02) (0.02) (0.02)
Geographic Controls
Not in MSA 0.49 1.64  *** 0.47 1.60  ***
(0.10) (0.10)
MSA, Central City 0.08 1.09 0.04 1.04
(0.09) (0.09)
Northeast US -0.11  0.90 -0.09 091
(0.11) (0.11)
North Central US 0.25 1.29 *x 0.27 1.31 **
(0.10) (0.10)
Western US 0.03 1.03 0.05 1.05
(0.12) (0.12)
Socioeconomic Factors
Disadvantage 0.21 1.23
(0.12)
Parental Education -0.22 0.80 *
(0.10)
Family Structure -0.35  0.71  ***
(0.08)
Constant -854 0.00 *** -6.48 0.00 *** -591 0.00 *** -6.17 0.00 *** -6.00 0.00 ***
(0.35) (0.43) (0.42) (0.43) (0.44)
N 46,673 46,673 46,673 46,673 46,673

Notes: Robust SE in parentheses. *p<0.05;**p<0.01;***p<0.001
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respondents changes direction from positive to negative, which would indicate a lower likelihood
of conviction. This is indeed the case among Hispanic respondents, who are estimated to have
22% lower odds of conviction compared to their White counterparts. This is in line with some
prior research in the case processing literature, which suggests that case dismissals are more
likely among Black and Hispanic defendants (Wooldredge & Thistlethwaite, 2004).

Model 3 introduces the standardized criminal history scale to the model. As expected, a
respondent’s criminal history is positively associated with the odds of reporting a conviction
since the date last interviewed. A one unit increase on the scale is associated with 12% greater
odds of reporting one or more convictions, on average. The addition of the criminal history
measure does not greatly impact the results for the race/ethnicity variables.

Model 4 introduces controls for MSA status and region of the United States. Only the
controls for living outside an MSA and the North Central U.S. are statistically significant.
Respondents who were living outside an MSA have 64% greater odds of reporting one or more
convictions in a given wave, compared to their counterparts in the “MSA, outside central city”
category. This is again surprising, but in line with results from the arrest sub-analysis. Compared
to respondents living in the Southeast United States, those living in the North Central region
have 29% higher odds of conviction, net of covariates in the model. In this model, the results for
both Black and Hispanic respondents do not suggest a significant difference from White
respondents in the likelihood of conviction. This suggests that the significant Hispanic/White
difference seen in previous models is likely tied to differences in how these groups are
distributed across the U.S.

Model 5 adds measures of socioeconomic factors and represents the fully specified

conviction model. Parental education and family structure both predict the reported conviction
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outcome. For instance, respondents with one or more parent with at least 12 years of schooling
have 20% lower odds of reporting conviction than those without any parents with such
education. Respondents who were living with both biological parents during wave 1 have 26%
lower odds of reporting at least one conviction, compared to those who were not. These findings
indicate that individuals coming from less educated and non-traditional families experience
significant disadvantages when it comes to the odds of being convicted of a crime.

The final model is the first in the series where there is a significant difference in the
likelihood of conviction across race, though such a difference is not seen across ethnicity. In this
model, Black respondents have 21% lower odds of reporting one or more convictions than White
respondents, net of all relevant controls. Although this result contrasts with the arrest analysis, it
is not entirely unprecedented nor unexpected. Indeed, informed by prior case processing research
(see Kutateladze et al., 2014; Wooldredge & Thistlethwaite, 2004), Hypothesis 2b suggested that
White respondents would have a higher likelihood of conviction, net of delinquency. This
relationship did not appear in previous models, but the fact that it does after the addition of
socioeconomic controls suggests that these factors may suppress disparities in conviction that
disadvantage White respondents. The results suggest this pattern is in large part driven by
differences in family structure across race. Prior work shows non-traditional family structures are
disproportionately concentrated in Black communities (Ellwood & Jencks, 2004) and are
predictive of delinquency and criminal justice contact (Demuth & Brown, 2004; Derzon, 2010).

As was the case in all previous models, a respondent’s age and gender were significantly
related to the outcome in the fully specified model. Female respondents, for example, have 60%
lower odds of reporting conviction than male respondents. The relationship between the

measures of delinquency and the dependent variable remained strong in the fully specified
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model. Across all conviction models, controls for instances of vandalism and “other” property
offenses were the only measures of delinquency that were not related to the dependent variable.
Of the individual risk factors, school enrollment status and school suspensions were significantly
related to the outcome in the final model. As was the case in the arrest analysis, both measures
are strongly associated with the likelihood of conviction. For example, each additional school
suspension is associated with 52% greater odds of reporting conviction, which further supports
the connection between school sanctions and the criminal legal system (Monahan et al., 2014).
Additionally, the criminal history scale is positively associated with the odds of reporting a
conviction. As in the previous model, “Not in MSA " is the only category of MSA status to be
significantly different from the “MSA, not in Central City” reference group, and the North
Central U.S. is the only region significantly different from the Southeast reference group.
Figure 2 summarizes predicted probabilities for the relationship between respondent
race/ethnicity and the likelihood of conviction. Estimates calculated from Model 1 suggest that

Figure 2. Predicted Probabilities of Reported Conviction
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Race/Ethnicity
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the probability of conviction, given average levels of self-reported delinquency, is between 2 and
3% for all three groups. Estimates produced from the subsequent models show that this remains
the case throughout the analysis. Model 5 indicates that at average levels of delinquency, risk
factors, criminal history, geography, and socioeconomic status, White respondents are predicted
to have a roughly 2.7% (ClI: 2.5%, 2.9%) probability of conviction, whereas this number is 2.2%
(Cl: 1.9%, 2.5%) for Black respondents and 2.3% (CI: 1.9%, 2.6%) for Hispanic respondents.
Across the five models, the predicted probability of conviction increased for White respondents,
decreased for Black respondents, and largely remained unchanged for Hispanic respondents.
Although the regression models detect statistically significant differences in the likelihood of
conviction across race and ethnicity, Figure 2 helps to demonstrate that these differences are not
substantively large.

Results from the conviction analysis suggest the relationship between respondent Race
and Ethnicity and the likelihood of conviction is nuanced. For one, there was no significant
relationship when only controlling for basic demographic information and self-reported
delinquency.®® Second, the coefficient for Hispanic respondents reached statistical significance
only in the second and third model in the analysis. Third, the coefficient for Black respondents
was insignificant through the first four models, and when it reached significance in the final
model, the relationship was negative. These results suggest that when it comes to the likelihood
of conviction, there may not be racial or ethnic inequality when only considering engagement in
delinquency. Moreover, when Black and White individuals exhibit the same risk factors and
criminal history, and come from similar backgrounds, White individuals might be the ones at a

higher risk of conviction. Predicted values presented in Figure 1 suggest that, although

30 Supplemental models were run that only included measures of race and ethnicity. Results in these models were
similar to those seen in the base model that also included measures of age, gender, and delinquency.
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statistically significant, the disadvantage experienced by White respondents may be small in
reality. Indeed, predicted probabilities for all three groups remained within one percentage point
of one another across all five models. Importantly, conviction is one element that determines the
magnitude of a criminal history mark. A mark’s magnitude is further influenced by the
punishment received after conviction. The following section repeats the analyses performed on
the arrest and conviction outcomes to examine the extent to which there exist inequalities in the
likelihood of incarceration.

Incarceration Analysis

Table 7 presents the results from panel logistic regression models examining the
likelihood of being incarcerated at least one time during a given wave of the NLSY97 survey.
These models again employ the full sample of respondents, including individuals who were not
arrested nor convicted of an offense, and thus measure the total difference in the likelihood of
incarceration among all participants in the study, net of covariates.

The results in Model 1 provide evidence of racial and ethnic inequality in the likelihood
of incarceration. The coefficients for both Black and Hispanic respondents are positively and
significantly related to the outcome variable, compared to their White counterparts. Net of
demographics and delinquency, and compared to White respondents, Black respondents have
2.27 time the odds of reporting at least one incarceration in a given wave. Hispanic respondents
have 54% greater odds of reporting incarceration, on average, compared to White respondents.
These results provide support for the expectation that both Black and Hispanic respondents
would experience elevated likelihoods of incarceration, net of offending.

A one year increase in respondent age is associated with 32% greater odds of reporting

incarceration, on average. Female respondents have 75% lower odds of reporting at least one
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incarceration, compared to male respondents and net of covariates. Measures for self-reported
incidents of vandalism and “other” property offenses are the only delinquency variables that are
not significantly associated with the likelihood of incarceration. All other delinquency measures
are positively related to the dependent variable. For example, the odds ratios for each additional
reported incidence of assault and theft are 1.14 and 1.13, respectively. This number is 1.09 for
both drug selling and hard drug use. Large effects are again seen among the binary measures of
delinquency, with respondents experiencing 118% greater odds of incarceration if they
consumed marijuana in a given wave, compared to those that did not report this behavior.
Compared to those who did not report the behavior, respondents who reported underage drinking
have 52% greater odds of incarceration, and this number is 178% for reported gang membership.
Model 2 adds controls for school enrollment status, level of antisocial peers, number of
repeated grades, and the number of prior school suspensions, which collectively measure
individual risk factors. Only school enrollment status and school suspensions exert significant
influence on the incarceration outcome. Respondents who were enrolled in school at the time of
interview have 69% lower odds of reporting at least one instance of incarceration. Each
additional school suspension experienced prior to the interview is associated with 79% greater
odds of reporting incarceration. This may suggest that judges place significant importance on
these factors when making evaluations of the culpability of convicted defendants. Additionally,
adding these variables to the model substantially mediate the effects of respondent race and
ethnicity. For example, the coefficient for Black respondents is reduced from 0.82 to 0.42, a

reduction of roughly 49%. Moreover, the level of significance is reduced from 0.001 to 0.01.
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Table 7. Panel Logistic Regression Models on Incarceration Outcome

Model 1 Model 2 Model 3 Model 4 Model 5
Independent Variables (SL;E) OR Sig (SEE) OR Sig (SEE) OR Sig (SEE) OR Sig (SEE) OR Sig
Respondent Demographics
Black 0.82 227  *** 0.42 1.52 ol 0.43 1.53 faied 0.42 1.52 faled 0.23 1.26
(0.15) (0.16) (0.14) (0.15) (0.15)
Hispanic 0.44 1.55 * 0.31 1.36 0.30 1.35 0.40 1.48 * 0.25 1.29
(0.18) (0.17) (0.16) 0.17) (0.18)
Other Race/Ethnicity 0.08 1.08 0.07 1.07 0.08 1.09 0.09 1.09 0.03 1.03
(0.40) (0.38) (0.35) (0.36) (0.36)
Age at Interview 0.28 132 Fx* 0.08 1.09 * 0.04 1.04 0.05 1.05 0.07 1.07 *
(0.03) (0.03) (0.03) (0.03) (0.03)
Female -1.38 025  F** -1.09 034 x> -099 037 *** 100 037 *** -1.08 034  **x*
(0.15) (0.15) (0.14) (0.14) (0.14)
Delinquency
Assault 0.13 114 x** 0.11 111 fal 0.11 111 *** 0.10 111 xx* 0.10 1.11 il
(0.03) (0.03) (0.03) (0.03) (0.03)
Theft 0.12 1.13 *x 0.11 112 ol 0.11 112 *x 0.11 1.12 *x 0.11 112 ***
(0.04) (0.03) (0.03) (0.03) (0.03)
Vandalism 0.01 1.01 0.03 1.03 0.03 1.03 0.02 1.02 0.03 1.03
(0.04) (0.04) (0.04) (0.04) (0.04)
Other Property -0.02 098 -0.02 098 -0.02 0.98 -0.02  0.98 -0.02 0.98
(0.04) (0.04) (0.04) (0.04) (0.04)
Drug Selling 0.09 1.09  *** 0.07 1.07 ol 0.06 1.06 faied 0.06 1.06 faed 0.06 1.06 fala
(0.02) (0.02) (0.02) (0.02) (0.02)
Hard Drug Use 0.09 1.09  *** 0.07 1.07 ol 0.06 1.06 faied 0.06 1.07 faled 0.06 1.07 ol
(0.02) (0.02) (0.02) (0.02) (0.02)
Marijuana Use 0.78 2.18  *** 0.66 193  *** 0.63 189  *x* 0.64 190  *** 0.65 191  ***
(0.15) (0.15) (0.14) (0.14) (0.14)
Underage Drinking 0.42 1.52 faled 0.34 1.40 *k 0.34 1.41 *x 0.34 1.41 faled 0.38 1.46 il
(0.13) (0.13) (0.12) (0.12) (0.13)
Gang Membership 1.02 2.78  *** 0.85 235  *** 0.73 2.07 faled 0.71 2.03 ** 0.68 1.98 **
(0.24) (0.23) (0.23) (0.23) (0.23)
Individual Risk Factors
Enrolled in School -1.16 031 *** -1.12 033 *** 110 0.33  *** -1.03 036  ***
(0.14) (0.14) (0.14) (0.14)
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Table 7. Continued

Antisocial Peers 0.04 1.04 0.03 1.03 0.04 1.04 0.01 1.01
(0.06) (0.06) (0.06) (0.06)
Repeated Grades 0.10 1.11 0.10 1.11 0.10 1.10 0.02 1.02
(0.11) (0.10) (0.11) (0.11)
School Suspensions 0.58 179  *** 0.49 164  *** 0.49 1.63  *** 0.46 159  ***
(0.06) (0.06) (0.06) (0.06)
Criminal History
Prior Record Scale 0.14 115 *** 0.13 114  *** 0.12 113 ***
(0.03) (0.03) (0.03)
Geographic Controls
Not in MSA 0.43 1.54 wx 0.39 1.48 *
(0.16) (0.16)
MSA, Central City 0.24 1.27 0.17 1.19
(0.13) (0.13)
Northeast US -0.27 0.76 -0.25 0.78
(0.18) (0.18)
North Central US 0.22 1.25 0.25 1.28
(0.15) (0.15)
Western US -0.02  0.98 0.02 1.02
(0.18) (0.19)
Socioeconomic Factors
Disadvantage 0.28 1.33
(0.16)
Parental Education -0.33 0.72 *
(0.16)
Family Structure -0.61 054  ***
(0.14)
Constant -11.78 0.00  *** -7.88 0.00 *** -6.68  0.00 *** -6.95 0.00 *** -6.70  0.00 ***
(0.60) (0.71) (0.70) (0.72) (0.73)
N 46,672 46,672 46,672 46,672 46,672

Notes: Robust SE in parentheses. *p<0.05;**p<0.01;***p<0.001
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The coefficient for Hispanic respondents is reduced from 0.44 to 0.31 (30%), and the
relationship is no longer statistically significant at any level.

Model 3 adds the standardized criminal history scale to the model. The prior record scale
is significantly related to the likelihood of reporting incarceration, with a one unit increase on the
scale associated with 15% greater odds of reporting one or more incarcerations in a given wave.
This positive relationship between prior record and the likelihood of incarceration supports the
expectation that the likelihood of incarceration will be greater for those with more severe prior
criminal records. Contrary to expectations, the results for both the Black and Hispanic
coefficients are virtually unchanged by the addition of this variable. As previously mentioned,
however, this might be tied to the relatively low levels of criminal history in the sample.

Model 4 introduces the geographic controls that measure the metropolitan statistical area
(MSA) status and region of the United States. The coefficient for respondents living outside a
metropolitan statistical area (odds ratio = 1.54) suggests that respondents living in these areas are
more likely to report incarceration than similarly situated respondents living in an MSA, but
outside the central city. The results for the regional variables suggest there is no significant
difference in the likelihood of incarceration across regions of the U.S. The addition of these
variables has varied impacts on the results for respondent race and ethnicity. The magnitude of
the Black coefficient is slightly reduced by about 2%, while the Hispanic coefficient increases in
both magnitude and level of significance. Specifically, the coefficient for Hispanic respondents is
roughly 33% greater in this model, compared to previous one, and the result is now statistically
significant. According to the results in Model 4, Hispanic respondents have 48% greater odds of

reporting one or more incarcerations compared to their White counterparts. These changes
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suggest the distribution of Hispanic respondents across MSA status and regions of the U.S. may
hide disadvantages they face in the likelihood of incarceration.

Model 5 is the final model in the analysis and adds measures of socioeconomic factors.
The model suggests that both parental education and family structure are negatively related to the
likelihood of reporting incarceration in a given wave. For example, respondents with one or more
parent with at least 12 years of schooling are reported to have 28% lower odds of reporting
incarceration than those without any parents with such education. Respondents who were living
with both biological parents during the first wave of the NLSY97 survey have 46% reduced odds
of reporting at least one carceral sentence.

This fully specified model is the first in the series to fail to report a statistically
significant difference in the likelihood of incarceration across race/ethnicity. Taken on their face,
these results suggest that racial and ethnic differences in the likelihood of conviction are
completely explained by differences in risk factors, criminal history, location, and
socioeconomic status. Similar to the conviction sub-analysis, it appears that differences in family
structure are explaining a large portion of the raw relationship between race/ethnicity and the
dependent variable. However, it is worth noting the rarity of reported incarceration in this sample
— only 441 out of 46,231 person-years (roughly 1%) included a report of incarceration since the
date late interviewed. The low frequency of incarceration in the sample reduces statistical power
and the ability to detect differences in the likelihood of incarceration. This might help to explain
why the coefficients for Black and Hispanic respondents are both positive and relatively large,
but not statistically distinguishable from zero.

In the final model, and in all previous one, both respondent age and gender were

significant predictors of the incarceration outcome. A one year increase in respondent age, for
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example, is associated with 7% greater odds of reporting incarceration. Female respondents have
59% lower odds of reporting incarceration than their male counterparts. With the exception of
vandalism and “other property” offenses, all measures of delinquency are significant predictors
of incarceration in the final model. The magnitude of their effect on the dependent variable
remained similar across all models. School enroliment status and school suspensions were the
only individual risk factors that were significantly related to the likelihood of incarceration in the
final model. Their effects on the dependent variable were relatively consistent across all models,
as was the case for prior criminal history, which remained significantly related to the outcome.
As in the previous model, “Not in MSA ” is the only category of MSA status to be significantly
different from the “MSA, not in Central City” reference group, and North Central U.S. is the
only region significantly different from the Southeast reference group. For the geographic
controls, “Not in MSA” is the only group with a likelihood of incarceration that is significantly
different from that of those in the “MSA, not in Central City” category (odds ratio = 1.48).
Figure 3 plots the predicted probability of incarceration for each race and ethnic group
across all five model specifications. In this way, the figure provides a visual summary of the
analysis. The predicted probabilities for all groups remain between 0.7% and 1.5% across all five
models. Despite the low estimates, Model 1 shows that at average levels of offending, the
predicted probability of incarceration is roughly double for Black respondents (1.4%; Cl:1.1%,
1.7% ) compared to their White counterparts (0.7%; CI: 0.6%, 0.8%). At roughly 1% (CI: 0.8%,
1.3%), the prediction for Hispanic respondents is located between the two other groups. As
additional controls are added to the model, the predicted probability of incarceration for White
respondents tends to increase, whereas it tends to decrease for Black respondents. Little change

is seen among the estimates for Hispanic respondents. At average levels of all covariates, White
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respondents are predicted to have an approximately 0.8% (Cl: 0.7%, 1%) probability of receiving
a carceral sentence. This number is about 1% for Black (Cl: 0.8%, 1.2%) and Hispanic (Cl:
0.8%, 1.3%) respondents. Thus, the initial disparity between White and Black respondents
attenuates across subsequent model specifications due to an increase in the predicted probability
for White respondents and a decrease for Black respondents.

Figure 3. Predicted Probabilities of Reported Incarceration
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On the whole, the results from the incarceration analysis suggest there is racial and ethnic
inequality in the likelihood of incarceration net of engagement in delinquent behavior, but that
this inequality is explained by other mediating factors. Indeed, both Black and Hispanic
respondents experienced greater odds of incarceration, net of basic demographics and reported
delinquency. However, evidence of racial and ethnic inequality in the likelihood of incarceration
reported in the base model decreased as additional groups of variables were added in models 2
through 5, until there was no statistically significant relationship between race/ethnicity and the

dependent variable. The main culprits behind these changes appear to be racial and ethnic
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differences in individual risk factors and socioeconomic status. Caution is likely needed when
interpreting the lack of racial/ethnic disparity in the final model, however, given the rarity of
incarceration in the analytic sample and resulting concerns over statistical power.

Summary

This chapter presented results from three series of panel logistic regression models, with
each series testing a different outcome: the likelihood of reporting arrest, conviction, or
incarceration in a given wave. The results presented in these models suggest a nuanced
relationship between race and ethnicity and these outcomes, which collectively determine the
generation and magnitude of a criminal history mark. For one, base models in only the arrest and
incarceration analyses provided evidence of racial inequality net of self-reported offending.
Moreover, the conviction analysis not only failed to provide evidence of inequality in the base
model, but after adjusting for all groups of covariates, White respondents were actually more
likely to report one or more criminal convictions in a given wave of the NLSY97.

Taken together, these three sub-analyses suggest that there do exist inequalities in the
generation and magnitude of a criminal history mark, but that inequalities are not borne out
uniformly across the dimensions of a mark. In addition to the race and ethnicity findings, an
individual’s prior criminal history was positively and significantly related to the dependent
variable in all three sub-analyses. The importance that criminal history enjoys within legal
outcomes underscores its ability to reintroduce past biases into future cases. Importantly, the
analyses within this chapter focused on the generation and magnitude of individual criminal
history marks. These are the first two dimensions of a criminal record. The third dimension is the
accumulation of individual marks over time, which requires a different modeling strategy. As

such, this third dimension is the focus of the following chapter.
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CHAPTER SEVEN: THE CONSTRUCTION OF CRIMINAL HISTORY

RECORDS OVER TIME

This chapter explores the potential impact of race and ethnicity on the third dimension of
a criminal history record: the cumulative severity of the entire record. To test for biases in this
dimension of criminal history records, three dependent variables are tested: the total number of
arrests, convictions, and incarcerations accumulated during the study period. Similar to the
analyses presented in Chapter Six, each outcome is explored with a series of multivariate
regression models that progressively “step in” groups of control variables. Specifically, a series
of four negative binomial models is performed for each cumulative outcome measure. In contrast
to those in Chapter Six, the analytical models in this chapter utilize pooled, rather than
longitudinal, data. Each respondent is thus represented by a single observation, and the
dependent variable is the number of arrests, convictions, or incarcerations accumulated over the
study period. As detailed in Chapter Four, independent variables are captured using wave 1
values, cumulative values over the study period, or the last value recorded, depending on the
method in which they were collected by the NLSY07.%!
Arrest Analysis

Table 8 presents results from negative binomial models that examine the accumulation of
arrests over the first six waves of the NLSY97. The coefficients in these models estimate the log
of the expected count of arrests. To ease interpretation, Incident Rate Ratios are reported, which

estimate the change in the rate of arrests associated with a one unit increase in each variable.

3L Controls for prior criminal history are included in the panel logistic regression analyses described in Chapter 6.
Such controls are not possible in this chapter because the data are pooled, and the cumulative elements of criminal
history are what comprise the dependent variables in these analyses.
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Table 8. Negative Binomial Models on Cumulative Arrest Outcome

Model 1 Model 2 Model 3 Model 4

Independent Variables B SE IRR Sig. B SE IRR Sig. B SE IRR Sig. B SE IRR Sig.
Respondent Demographics
Black 045 (007) 157 *** 016 (0.07) 117 * 013 (0.07) 1.14 0.08 (0.07) 1.08
Hispanic 0.14 (0.08) 1.15 -0.08 (0.07) 0.92 -0.05 (0.08) 0.96 -0.09 (0.08) 0.91
Other Race/Ethnicity 013 (022) 113 0.05 (0.17) 1.05 0.05 (0.17) 1.05 0.04 (0.18) 1.04
Age at Dec 31, 1996 0.02 (0.02) 1.02 -0.04 (0.03) 0.96 -0.04 (0.03) 0.96 -0.04 (0.03) 0.96
Female -0.79 (0.06) 046 *** .95 (0.06) 052 *** -0.66 (0.06) 052 *** -0.68 (0.06) 051 ***
Incomplete Waves 018 (0.05) 120 ** 24 (0.05) 1.28 *** 026 (0.05) 1.29 *** 025 (0.05) 129 ***
Delinquency
Assault 050 (0.04) 165 *** (029 (0.04) 133 *** 028 (0.04) 1.33 *** 028 (0.04) 1.32 **=*
Theft 0.37 (0.06) 1.45 *** (028 (0.06) 1.32 *** 027 (0.06) 1.31 *** 028 (0.06) 1.32 ***
Vandalism 0.05 (0.04) 1.05 0.07 (0.04) 1.08 0.07 (0.04) 1.08 0.08 (0.04) 1.08
Other Property 0.02 (0.07) 1.02 0.01 (0.06) 1.01 0.02 (0.06) 1.02 0.02 (0.06) 1.02
Drug Selling 0.04 (0.03) 1.04 0.03 (0.02) 1.03 0.03 (0.02) 1.03 0.03 (0.02) 1.03
Hard Drug Use 013 (0.03) 1.14 ** 011 (0.03) 1.11 *** 010 (0.03) 1.11 *** 011 (0.03) 111 **=*
Marijuana Use 023 (0.02) 126 *** 017 (0.02) 1.18 *** 017 (0.02) 1.19 *** 017 (0.02) 1.19 ***
Underage Drinking 004 (0.02) 104 * 010 (0.02) 110 *** 010 (0.02) 1.10 *** 010 (0.02) 1.11 **=*
Gang Membership 027 (0.05) 131 *** 013 (0.04) 1.14 ** 012 (005 1.13 ** 012 (0.05) 1.13 **
Individual Risk Factors
Waves Enrolled in School 2026 (0.02) 0.77 *F* 025 (0.02) 0.78 *¥* 023 (0.02) 0.79 ***
HS Diploma or Higher -0.59 (0.06) 055 *** .0.60 (0.06) 0.55 *** -056 (0.06) 057 **=*
Antisocial Peers 0.02 (0.03) 1.02 0.03 (0.03) 1.03 0.02 (0.03) 1.02
Repeated Grades 0.00 (0.05) 1.00 -0.01 (0.05) 0.99 -0.02 (0.05) 0.98
School Suspensions 0.34 (0.02) 141 *** 034 (0.03) 141 *** 033 (0.03) 140 ***
Geographic Controls
Not in MSA 0.31  (0.08) 1.37 *** 030 (0.08) 1.35 ***
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Table 8. Continued

MSA, Central City 020 (0.07) 122 ** 018 (0.07) 1.20 **
Multiple MSA 0.28 (0.07) 1.33 *** 026 (0.07) 1.30 **=*
Northeast US 019 (0.08) 083 * -019 (0.08) 0.83 *
North Central US 0.05 (0.07) 1.05 0.05 (0.07) 1.06
Western US -0.01 (0.08) 0.99 0.00 (0.08) 1.00
Multiple Regions -0.03 (0.11) 0.97 -0.04 (0.11) 0.96
Socioeconomic Factors

Disadvantage 0.1 (0.08) 1.08
Parental Education 01 (0.07) 0.87
Family Structure -0.2 (0.06) 0.85 **
Constant -1.94  (0.29) 014 *** -145 (0.32) (.23 -1.57 (0.32) 021 *** -141 (0.33) 0.25 ***
N 8,128 8,128 8,128 8,128

Notes: Robust SE in parentheses.

*p<0.05;**p<0.01;***p<0.001
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Model 1 shows that Black respondents have a higher rate of arrests, on average, over the
study period compared to White respondents, net of delinquency. Specifically, Black respondents
have a rate of arrest that is 1.57 times greater than that of White respondents. By contrast, there
is no significant difference in the accumulation of arrests between Hispanic and White
respondents. This provides partial support for theoretical expectations, which predicted that both
Black and Hispanic respondents would accumulate a greater number of arrests over the study
period. What these results suggest is that, in addition to a higher likelihood of receiving a single
mark on their criminal record, Black respondents accumulate marks at a faster rate than their
White counterparts. This is after accounting for any differences in delinquency.

Respondent gender is significantly related to the dependent variable, with the results
suggesting that Female respondents accumulate arrests at a lower rate than their male
counterparts, on average (IRR = 0.46). The number of incomplete waves — waves in which the
respondent was not interviewed — is positively related to the number of arrests accumulated. This
result suggests that respondents who missed interview waves are more likely to be those who
experienced contact with the legal system. Although the NLSY97 takes steps to interview these
individuals, even performing some interviews with incarcerated respondents (U.S. Bureau of
Labor Statistics, 2011), it appears there is still a connection between legal contact and survey
non-response. The implications of this finding are discussed in more detail in Chapter Eight.

Regarding measures of delinquency, engaging in assault, theft, hard drugs, marijuana use,
and gang membership are all positively and significantly related to the arrest outcome. To
elaborate, a one unit increase in average number of assaults reported per wave is associated with
a 65% increase in the rate of arrest over the study period, net of covariates. A one unit increase in

average thefts is estimated to increase a respondent’s rate of arrest by a factor of 1.45. This
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number is 1.14 for hard drug use. In the cumulative models, the delinquency measures that were
captured as binary variables at each wave (marijuana use, underage drinking, and gang
membership) are measured as the number of waves in which the behavior was reported. Each
additional wave in which a respondent reported marijuana use is associated with a 26% increase
in the arrest rate, on average. This number is 4% for reported underage drinking and 31% for
reported gang membership.

Model 2 adds controls for individual risk factors. These include the number of waves in
which the respondent was enrolled in school, education level at the end of the study period, the
proportion of antisocial peers in wave 1, the total number of grades repeated, and the total
number of school suspensions received over the study period. Statistically significant results
were found for the school enrollment, level of education, and school suspensions variables. A
one unit increase in the number of waves in which the respondent was enrolled in school is
associated with a 23% decrease in the rate of arrest. Compared to their counterparts without any
degree, respondents with at least a high school diploma are estimated to accumulate arrests at a
45% lower rate. Lastly, for each additional suspension accumulated across the study, a
respondent’s rate of arrest is expected to increase by a factor of 1.41.

In this model, the estimate for Black respondents is reduced in magnitude and level of
significance. Specifically, the coefficient is reduced by roughly 67% from 0.45 to 0.16. This
implies that the majority of the Black/White disparity in the accumulation of arrests is explained
by these three risk factors. Prior work demonstrates racial disparities in school enrollment and
achievement (Heckman & LaFontaine, 2010; Murnane, 2013). Additionally, scholars have
provided evidence that the so-called “school-to-prison pipeline” disproportionately affects

children of color (Irwin et al., 2013; Morris & Perry, 2016). Results from Model 2, combined
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with extant literature, suggest that inequalities in school achievement and punishment are
significant drivers of racial inequality in the accumulation of criminal history.

Geographic control measures are added in Model 3. The categories of MSA status are all
significantly different from the reference group. For example, a respondent who resided outside a
metropolitan statistical area for the entirety of the study period is estimated to have a rate of
arrest that is 37% greater than the rate for a respondent who lived in an area categorized as
“MSA, not Central City” across all six waves. Respondents who resided in the central city of an
MSA are estimated to have a rate that is 22% greater, than the reference group, while this
number is 33% for those who lived in multiple types of areas during the study period. For region
of the U.S., those who lived in the Northeast for the entire study are expected to have an arrest
rate that is roughly 17% lower than respondents who lived in the Southeast for the entire study,
net of other factors in the model. No other regional groups were significantly different from the
Southeast. Although the estimate for Black respondents is only reduced in magnitude by about
13%, it is no longer statistically significant after the inclusion of these variables. These results
indicate that geographic factors explain a small portion of the disparity seen in model 1, but the
estimate’s reduction to statistical insignificance is largely caused by the individual risk factors.

Model 4 is the final model in the cumulative arrest analysis and introduces controls for
socioeconomic factors. Of these three controls, only family structure is significantly related to
the accumulation of arrests across the first six waves of the NLSY97. Respondents who were
living with both biological parents at wave 1 are expected to have a rate of arrest 15% lower than
that of respondents who did not. Given the connection between family structure and involvement

in delinquency and the legal system (Anderson, 2002; Derzon, 2010), it is not surprising that this
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variable predicts the count of arrests over the study period. This is also consistent with results
from the panel logistic regression models run in Chapter Six.

There is no evidence of racial or ethnic disadvantage in the number of arrests
accumulated across the study period, after accounting for all covariates in the final model. This
suggests that Black/White differences in the number of arrests accumulated over the study period
are explained by these mediating factors. There remains a gender disparity, as Female
respondents are expected to have a rate of arrest that is roughly 49% lower than that of males. In
the final model, a one unit increase in the number of incomplete waves is expected to increase
the rate of arrest by about 29%. Most variables for reported delinquency are strongly related to
the accumulation of arrests in the final model. The incidence rate ratio for these measures ranges
from 1.11 for using hard drugs to 1.32 for assault and theft. As was the case in the previous two
models, school enrollment, education level, and school suspensions are the three risk factors with
significant results in the fully specified model. The magnitude of each result is similar to that
seen in previous models. The results for all categories of MSA status are significantly different
from the reference group, with the largest difference seen among individuals living outside of an
MSA for the study period. The Northeast U.S. is the only region with a significant difference in
rate of arrest compared the Southeast.

Results regarding the relationship between race, ethnicity, and the accumulation of arrests
are summarized in Figure 4, which plots the predicted counts of arrest for each group across the
four models. In Model 1, the predicted count of arrests is about 1.14 (CI: 0.72, 1.56) for White
respondents, 1.79 (Cl: 1.14, 2.44) for Black respondents, and 1.31 (CI: 0.81, 1.81) for Hispanic
respondents. The predicted count for all three groups is reduced considerably when controls for

individual risk factors are added to the model. Although the predicted counts are similar across
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the subsequent models, the Black/White gap does further close with the addition of the controls
for geographic and socioeconomic factors. In Model 4, the predicted count of arrests is
approximately 0.81 (ClI: 0.65, 0.97) for White respondents, 0.88 (Cl: 0.7, 1.05) for Black
respondents, and 0.74 (CI: 0.59, 0.89) for Hispanic respondents.

Figure 4. Predicted Arrest Counts
Predicted Arrest Counts by Race/Ethnicity
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On the whole, results from this series of negative binomial models provide evidence to
support the notion that there exist racial inequalities in the accumulation of criminal record
marks over time. Evidence of ethnic inequality, however, was not found in any model.
Furthermore, Black/White inequalities in the accumulation of arrests are explained by racial
differences in the mediating factors added in Models 2 through 4. According to this analysis, if it
were not for racial differences in these individual and structural factors, we would not expect to

see inequalities in the accumulation of arrests over time.
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Conviction Analysis

Table 9 displays the results from negative binomial models examining the accumulation
of convictions during the study period. The coefficients estimate the log of the expected count of
convictions and incidence rate ratios are reported for ease of interpretation. The models are run
on the complete sample of respondents and include individuals who were not arrested or
convicted during the study period. As a result, they measure the total difference in the expected
counts of conviction among all participants in the study, net of covariates.

In Model 1, there is no evidence of racial or ethnic inequality in the accumulation of
convictions, and thus no support foe theoretical expectations. Respondent age, gender, and the
number of incomplete waves are significantly related to the accumulation of convictions,
however. For instance, a one year increase in respondent age is associated with an 9% increase in
the rate of conviction, net of covariates in the model. Female respondents, compared to male
respondents, are expected to have a rate of conviction 60% lower, holding other factors constant.
A one unit increase in the number of incomplete waves is associated with a 33% increase in the
rate of conviction. This provides further evidence that individuals who missed interview waves
are more likely to be system involved, a potential source of bias in these results.

Most controls for delinquency are significantly and positively related to the accumulation
of convictions. A one unit increase in the average number of reported assaults, for example, is
expected to increase a respondent’s rate of conviction by 53%. This number is 43% for theft and
16% for hard drug use. Each additional wave in which a respondent reported marijuana usage is
associated with a 28% increase in the rate of conviction. For gang membership, this number is
24%. Engagement in vandalism, “other” property crime, drug selling, and underage drinking are

not significantly related to the accumulation of convictions.
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Table 9. Negative Binomial Models on Cumulative Conviction Outcome

Model 1 Model 2 Model 3 Model 4

Independent Variables B SE IRR Sig. B SE IRR Sig. § SE IRR Sig. B SE IRR Sig.
Respondent Demographics
Black 0.04 (0.10) 1.04 -0.19 (0.10) 0.83 -0.20 (0.10) o0.82 -0.27 (0.10) 0.76 *
Hispanic -0.11 (0.11) 0.90 -0.28 (0.10) 075 ** -0.22 (0.11) 0.80 * 026 (0.12) 0.77 *
Other Race/Ethnicity -0.25 (0.25) 0.78 -0.20 (0.24) 0.82 -0.19 (0.25) 0.83 -0.21 (0.25) o0.81
Age at Dec 31, 1996 0.09 (003 109 *> 0.01 (0.04) 1.01 0.01 (0.04) 1.01 0.01 (0.04) 1.01
Female -093 (0.08) 040 *** -077 (0.08) 046 *** -078 (0.08) 046 *** -080 (0.08) 045 ***
Incomplete Waves 0.28 (0.06) 133 *** (040 (0.07) 148 *** 042 (0.06) 152 *** 041 (0.06) 150 ***
Delinquency
Assault 043 (0.05) 153 *** 025 (0.05) 129 *** 024 (0.05) 127 *** (023 (0.05) 126 ***
Theft 0.36 (0.08) 143 *** 028 (0.07) 132 *** 0.28 (0.07) 132 *** (028 (0.07) 132 ***
Vandalism -0.01 (0.06) 0.99 0.01 (0.05) 1.01 0.01 (0.05) 1.01 0.02 (0.05) 1.02
Other Property -0.05 (0.08) 0.95 -0.02 (0.08) 0.98 -0.02 (0.08) 0.98 -0.03 (0.08) 0.97
Drug Selling 0.05 (0.03) 1.06 0.04 (0.03) 1.04 0.04 (0.03) 1.05 0.04 (0.03) 1.04
Hard Drug Use 015 (0.04) 116 ** 011 (0.04) 1.2 ** 011 (0.04) 112 ** 011 (0.04) 112 **
Marijuana Use 025 (0.03) 128 *** 020 (0.03) 122 *** 020 (0.03) 122 *** (020 (0.03) 123 ***
Underage Drinking 0.05 (0.03) 1.05 0.10 (0.03) 110 ***> 009 (0.03) 110 ** 0.09 (0.03) 110 ***
Gang Membership 022 (0.06) 124 *** 0.08 (0.06) 1.09 0.08 (0.06) 1.08 0.07 (0.06) 1.07
Individual Risk Factors
Waves Enrolled in School -0.31 (0.03) 0.73 *** 030 (0.03) 0.74 *** -028 (0.03) 0.75 ¥**
HS Diploma or Higher -0.44 (0.09) 0.64 *** -041 (0.09) 0.67 *** -0.37 (0.09) 0.69 ***
Antisocial Peers -0.06 (0.04) 0.94 -0.05 (0.04) 0.95 -0.06 (0.04) 0.94
Repeated Grades -0.04 (0.07) 0.96 -0.04 (0.07) 0.96 -0.06 (0.07) 0.94
School Suspensions 032 (0.04) 138 *** 033 (004) 138 *** 031 (0.04) 137 ***
Geographic Controls
Not in MSA 049 (0.12) 164 *** 049 (0.12) 1.63 ***
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Table 9. Continued

MSA, Central City 019 (0.10) 1212 0.16 (0.10) 1.17
Multiple MSA 037 (0.11) 145 0.34 (0.11) 1.40
Northeast US -0.28 (0.12) 0.76 -0.27 (0.12) 0.76
North Central US 011 (0.11) 112 0.12 (0.11) 1.13
Western US 0.03 (0.12) 1.03 0.05 (0.12) 1.05
Multiple Regions -0.31 (0.15) 0.73 -0.31 (0.16) 0.73
Socioeconomic Factors

Disadvantage 017 (0.11) 1.18
Parental Education -0.1  (0.10) 0.90
Family Structure -0.2 (0.08) 0.80
Constant -291 (0.49) 0.05 -2.8 (0.50) 0.06
N 8,128 8,128

**

**

*k%k

Notes: Robust SE in parentheses. *p<0.05;**p<0.01;***p<0.001



Model 2 introduces controls for individual risk factors, which include the number of
waves in which the respondent was enrolled in school, the level of education achieved at the end
of the study period, the proportion of antisocial peers in wave 1, the total number of grades
repeated, and the total number of school suspensions received over the study period. Results for
the risk factors suggest that the accumulation of convictions is related to school enrollment and
achievement, along with school punishment. Each additional wave in which the respondent was
enrolled in school is associated with a 27% decrease in the rate of conviction. Respondents with
a high school diploma have a rate of conviction that is 36% lower than that of their counterparts
with no such degree. Additionally, a one unit increase in the number of school suspensions
accumulated across the study is associated with a 38% increase in the rate of conviction.

Unlike the base model, evidence of inequality for Hispanic respondents emerges in this
model. All else constant, Hispanic respondents have a rate of conviction that is 25% lower than
their White counterparts. This suggests that ethnic differences in the individual risk factors hide a
disparity that may actually benefit Hispanic respondents. In support of this, the descriptive
statistics in Table 3 demonstrate that Hispanic respondents are less likely to be enrolled in
school, have a slightly higher proportion of antisocial peers, and are more likely to have been
suspended from school. When ethnic differences in these risk factors are accounted for, Hispanic
respondents accumulate convictions at a lower rate than their White counterparts.

Model 3 adds the geographic controls of MSA status and region of the United States. For
MSA Status, respondents who lived outside an MSA for the entire study are expected to have a
rate of conviction 1.64 times that of those who resided in an MSA, but outside the central city.
This number is 1.45 for those who lived in multiple area types across the study period. Some

differences are seen across the regional controls as well. In comparison to those who lived the

158



Southeast United States for the study period, individuals who spent the six waves in the
Northeast have a rate of conviction that is 24% lower, on average. For individuals who lived in
multiple areas, this number is 27%. The addition of these variables produces little change among
the race and ethnicity controls, suggesting that differences in how legal systems operate across
population density and regional contexts do not substantially affect racial patterns of conviction.
Model 4, the final model in the cumulative conviction analysis, introduces variables that
account for a respondent’s socioeconomic status. Of these controls, only family structure
significantly predicted the accumulation of convictions over time. Respondents who lived with
both biological parents during wave 1 have a rate of conviction roughly 20% lower than the rate
among respondents who did not. In this final model, both Black and Hispanic respondents are
estimated to have lower rates of conviction than their White counterparts. Holding all else
constant, Black respondents are expected to have a rate of conviction that is 24% lower than that
of White respondents. Hispanic respondents are estimated to have a rate of conviction that is
24% lower. Similar to conviction results in Chapter Six, these results are not as predicted, but do
have precedence in the prior work (Johnson et al., 2022; Wooldredge & Thistlethwaite, 2004).
Both respondent age and the number of incomplete waves remained strongly significantly
related to the outcome across all modes. Five of the nine controls for delinquent behavior are
significantly related to the accumulation of convictions over the study period. The incidence rate
ratios among controls for assault, theft, hard drug use, marijuana use, and underage drinking
range from 1.10 to 1.32. Reported instances of vandalism, “other” property offenses, drug
selling, and gang membership were not significantly related to the accumulation of convictions.
Results for the individual risk factors again suggest that educational enroliment, achievement,

and punishment are all significantly associated the accumulation of convictions. Respondents
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with more waves that included school enrollment or had earned a high school diploma
accumulate convictions at a reduced rate. On the other hand, those that were subject to more
frequent school punishment accumulate convictions at an increased rate. Compared to the
previous model, similar patterns are seen across the geographic controls.

Predicted counts of conviction are plotted in Figure 5 to summarize the results for each
racial and ethnic group across the four models. Differences across the groups are miniscule. In
the base model, the predicted count is greatest for Black respondents (0.31; Cl: 0.22, 0.4),
followed by White (0.29; CI: 0.21, 0.38) and Hispanic (0.27; CI: 0.18, 0.35) respondents. After
the introduction of the individual risk factors in Model 2, it is White respondents with the highest
expected count of convictions, but differences remain small. Although the predicted count of
convictions is low for all groups across all models, the figure demonstrates how patterns in the
cumulative conviction outcome are affected by the different model specifications, with White
respondents experiencing a slight disadvantage after accounting for all controls.

Figure 5. Predicted Conviction Counts
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In summary, the base model in the cumulative conviction analysis did not find evidence
of racial or ethnic inequality. Net of delinquency, there does not appear to be any difference in
the rate at which each group accumulates convictions over time. However, later models that
control for more variables suggest Black and Hispanic respondents accumulate convictions at a
lower rate, on average, compared to White respondents. Taken together, this analysis indicates
that if there were no racial or ethnic differences in individual risk factors, geography, and
socioeconomic status, White individuals would be at a disadvantage in the accumulation of
convictions over time. This finding is in contrast to theoretical expectations and highlights the
importance of these factors in determining aggregate patterns of criminal punishment. To further
investigate patterns of criminal punishment, the proceeding section focuses on the next relevant
element of criminal records, which is the accumulation of carceral sentences over time.
Incarceration Analysis

Table 10 displays the results from negative binomial models examining the accumulation
of carceral sentences during the study period. Similar to the previous sub-analyses, the
coefficients estimate the expected change in the log of the expected count of carceral sentences
and incidence rate ratios are reported. The models are run on the complete sample of respondents
and include individuals who were not arrested, convicted, or incarcerated during the study
period. As such, they measure the total difference in the expected counts of carceral sentences
among all participants in the study, net of covariates.

Model 1 presents the results of the base model, which give evidence of racial, but not
ethnic, inequality in the accumulation of carceral sentences. Indeed, the results show that, on
average and net of delinquency, Black respondents have a rate of incarceration that is 63%

greater than the rate for White respondents. There is no statistically significant difference in the
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Table 10. Negative Binomial Models on Cumulative Incarceration Outcome

Model 1 Model 2 Model 3 Model 4

Independent Variables B SE IRR Sig. B SE IRR Sig. B SE IRR Sig. B SE IRR Sig.
Respondent Demographics
Black 049 (0.15) 163 ** 021 (0.15) 1.23 019 (0.16) 1.21 0.09 (0.16) 1.09
Hispanic 030 (0.18) 1.35 0.09 (0.18) 1.10 0.10 (0.19) 1.10 0.05 (0.20) 1.05
Other Race/Ethnicity 0.00 (0.34) 1.00 -0.08 (0.33) 0.92 -0.14 (0.34) 0.87 -0.16 (0.34) 0.85
Age at Dec 31, 1996 0.05 (0.05) 1.05 -0.14 (0.07) 0.87 -0.14 (0.07) o087 * -0.13 (0.07) 0.88
Female -1.21 (0.15) 030 *** -1.09 (0.15) 0.34 *** -111 (0.15 033 *** -116 (0.15) 0.31 ***
Incomplete Waves 036 (0.09) 143 *** 056 (0.10)0 176 *** 060 (0.10) 181 *** (058 (0.10) 178 ***
Delinquency
Assault 049 (0.07) 164 ** 0.29 (0.07) 133 *** (028 (0.07) 133 *** (028 (0.07) 133 ***
Theft 038 (0.12) 146 ** 026 (011) 130 * 026 (011) 129 * 026 (011) 129 *
Vandalism -0.16 (0.10) 0.85 -0.12 (0.08) 0.88 -0.12 (0.08) 0.89 -0.10 (0.08) 0.90
Other Property 0.02 (0.14) 1.02 0.03 (0.12) 1.03 0.03 (0.12) 1.03 0.03 (0.13) 1.03
Drug Selling 0.07 (0.05) 1.07 0.07 (0.05) 1.07 0.07 (0.05) 1.07 0.07 (0.05) 1.07
Hard Drug Use 021 (0.06) 123 ** 017 (0.06) 118 ** 016 (0.06) 118 ** 0.17 (0.06) 118 **
Marijuana Use 022 (0.04) 125 *** 014 (0.04) 115 ** 014 (0.04) 115 ** 014 (0.04) 115 **
Underage Drinking -0.05 (0.04) 0.95 0.01 (0.04) 1.01 0.01 (0.04) 1.01 0.02 (0.04) 1.02
Gang Membership 038 (0.08) 146 ***> 019 (0.07) 121 * 018 (0.07) 120 * 017 (008 119 *
Individual Risk Factors
Waves Enrolled in School -0.52 (0.05) 0.60 *** 050 (0.05) 0.61 *** 048 (0.05) 0.62 *k*
HS Diploma or Higher -0.76  (0.14) 047 ** 077 (0.14) 046 *** -071 (0.14) 049 ***
Antisocial Peers -0.03 (0.07) 0.97 -0.04 (0.07) 0.96 -0.04 (0.07) 0.96
Repeated Grades -0.10 (0.10) 0.90 -0.10 (0.10) o0.91 -0.12 (0.10) 0.88
School Suspensions 0.38 (0.06) 146 *** (038 (0.06) 147 *** 037 (0.06) 1.44 ***
Geographic Controls
Not in MSA 030 (0.19) 1.36 0.29 (0.20) 134
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Table 10. Continued

MSA, Central City 021 (0.16) 1.24 0.18 (0.16) 1.19
Multiple MSA 051 (0.18) 1.66 0.46 (0.18) 1.59
Northeast US -0.49 (0.20) 0.61 -0.48 (0.20) 0.62
North Central US -0.01 (0.17) 0.99 0.01 (0.18) 1.01
Western US 0.04 (0.21) 1.04 0.07 (0.21) 1.07
Multiple Regions -0.20 (0.26) 0.82 -0.19 (0.26) 0.82
Socioeconomic Factors

Disadvantage 0.15 (0.16) 1.16
Parental Education -0.08 (0.16) 0.92
Family Structure -04 (0.14) 0.70
Constant -4.15 -2.60 (0.83) 0.07 -24 (0.85) 0.09
N 8,128 8,128 8,128

Notes: Robust SE in parentheses. *p<0.05;**p<0.01;***p<0.001



rate of incarceration between Hispanic and White respondents. It was posited that both Black and
Hispanic respondents would accumulate a greater number of carceral sentences over the study
period, thus the results from Model 1 provide partial support for expectations.

The base model shows that female respondents, compared to male respondents, are
expected to have a rate of incarceration that is 70% lower than the rate for male respondents, on
average and net of covariates. Each wave of incomplete data is expected to increase a
respondent’s rate of incarceration by roughly 43%. This result again suggests that missing waves
in this sample is tied to legal punishment. Five of the nine control variables for respondent
delinquency are significantly related to the accumulation of carceral sentences. A one unit
increase in the average number of assaults reported per wave, for example, is expected to
increase one’s rate of incarceration by a factor of 1.64. For the average number of reported
thefts, a one unit increase is associated with a 46% increase in the rate of incarceration. For hard
drug use, this number is 23%. Regarding marijuana use, a one unit increase in the number of
waves of reported use is associated with a 25% increase in the rate of incarceration, on average.
At 46%, this number is noticeably higher for gang membership.

Controls for individual risk factors — school enrollment, level of education, antisocial
peers, repeated grates, and school suspensions - are added in Model 2. Of this set of variables,
the number of waves enrolled in school, the respondent’s level of education, and the number of
school suspensions are all significant predictors of the outcome. To elaborate, all else equal, each
additional wave in which the respondent was enrolled in school is associated with a 40%
decrease in the rate of incarceration. Respondents who earned at least a high school diploma by
the end of the study period have a rate if incarceration that is 53% lower than that of their

counterparts with no degree. Additionally, each additional suspension accumulated across the
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study is associated with a 46% increase in a respondent’s rate of incarceration. In this model,
there is no evidence of racial or ethnic inequality. The coefficient for Black respondents shrunk
from 0.49 to 0.21, a 57% decrease, and is no longer statistically significant. These results suggest
that the individual risk factors explain the racial difference in incarceration evidenced in Model
1. However, low levels of statistical power in this series of models may contribute to the
estimate’s lack of significance in Model 2.

Model 3 adds controls for geographic factors to the negative binomial model. For MSA
status, the only category to be significantly different from the “MSA, not in central city” group is
“Multiple MSA” (IRR = 1.66). Compared to their counterparts in the Southern U.S., respondents
who lived in the Northeast U.S. for the entire study period have a 39% lower rate of
incarceration. There is little change among the race/ethnicity variables, in terms of both the
magnitude of estimates and lack of statistical significance. It does not appear that differences in
geography have a strong effect on the relationship between race, ethnicity, and incarceration.

Model 4, the final in the analysis, incorporates measures for Socioeconomic Factors.
While estimates for disadvantage and parental education did not reach statistical significance, the
model suggests that respondents who grew up in a traditional family structure are advantaged
with regard to incarceration. Specifically, respondents who lived with both biological parents
during wave 1 are expected to have a rate of incarceration that is 30% lower, on average, than
that of respondents who did not live with both biological parents during wave 1. The fully
specified model does not provide evidence of racial or ethnic disadvantage in the number of
carceral sentences accumulated across the study period.

Regarding respondent gender, female respondents are estimated to have a rate of

incarceration that is 0.31 times that of male respondents. The same five measures of delinquency
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proved durable to different model specifications and their results remained significant throughout
the mediation analysis, though many estimates were reduced in magnitude. In the final model,
the incident rate ratios for the significant delinquency measures ranges from 1.15 for marijuana
use to 1.33 for assaults. Estimates for the significant risk factors (school enrollment, high school
diploma or higher, and school suspensions) remained similar in both magnitude and level of
significance across all models with their inclusion. For example, the coefficient for school
enrollment waves was reduced by only 4% from Model 2 to Model 4. The consistency of the risk
factor variables underscores their importance in predicting incarceration among the analytic
sample. Estimates for geographic factors are similar to the previous model, with controls for
“Multiple MSA” and the Northeast U.S. being significantly different from their respective
reference categories.

The results presented in Table 10 provide mixed evidence of racial evidence in the
accumulation of carceral sentences over time. For one, there is no evidence of inequality between
Hispanic and White respondents in the accumulation of incarceration. For Black respondents,
disadvantages appear in the first two models, but not in the last three, which control for a wider
variety of factors. Indeed, these models suggest that inequalities in the accumulation of
incarceration between Black and White respondents are fully explained by differences among
individual risk factors. The cumulative incarceration analysis thus provides partial support for
the theoretical expectations, which predicted that inequalities in the accumulation of convictions
would be partially mediated by the control variables.

To help summarize the relationship between race, ethnicity, and the accumulation of
carceral sentences, predicted counts for each group are plotted in Figure 6. Each node on the

graph represents the predicted count of carceral sentences for each group. Estimates generated
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from the base model demonstrate that the predicted counts for Black (0.19; CI: 0.09, 0.30) and
Hispanic respondents (0.16; CI: 0.7, 0.25) are greater than their White counterparts (0.12; CI:
0.05, 0.19). However, due to the rarity of incarceration in the sample, predicted counts are quite
low across all groups. Gaps in the predicted counts attenuate across Models 2 through 4, with the
largest change resulting from the addition of controls for individual risk factors in Model 2.

Figure 6. Predicted Incarceration Counts
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Despite the limited statistical power caused by a rare dependent variable, results from this
series of negative binomial models do suggest that net of delinquency, there are racial
inequalities in the accumulation of carceral sentences over time. This is not the case for ethnic
inequality, however, as there were no significant differences found between Hispanic and White
respondents. Overall, this analysis suggests that Black respondents are disadvantaged in the
frequency of incarceration over time, and that this inequality cannot be explained solely by
differences in offending. Instead, racial differences in other external factors are largely

responsible for this disparity in legal punishment.
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Summary

The current chapter detailed results from three series of negative binomial models. The
first series examined the accumulation of arrests over the first six waves of the NLSY97 survey,
whereas the other two series tested the accumulation of convictions and incarcerations over this
same time period. Taken together, these multivariate models suggest that inequality in the
accumulation of criminal history elements does not manifest uniformly across these elements.
Instead, Black respondents experience disadvantages in the accumulation of arrests and
incarcerations. Furthermore, the disadvantages faced by Black respondents in arrest and
incarceration accumulation are tied to differences in covariates stepped into the models. To the
contrary, there was no evidence of a statistically significant difference between Black, Hispanic,
and White respondents in the base conviction model. However, when all independent variables
were added to the model, Black and Hispanic respondents both had a lower rate of conviction,
compared to their White counterparts. Perhaps unsurprisingly, these results are similar to those
presented in Chapter Six and further underscore the importance of examining all dimensions and
elements of criminal history records. In the following chapter, the results from both Chapter Six

and Seven are summarized and their collective meaning is interpreted.
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CHAPTER EIGHT: DISCUSSION AND CONCLUSIONS

Although extant literature has demonstrated the importance of criminal records throughout
the criminal legal system, and even highlighted how their use can exacerbate disparities, scholars
have not sufficiently investigated whether these records are themselves influenced by racial and
ethnic bias. The purpose of this study was to address this theoretical and empirical gap through
the use of an innovative analytical strategy. Specifically, longitudinal survey data were used to
study an area of research that has typically relied on cross-sectional administrative data. The use
of the NLSY97 data allowed for examinations of racial differences in the three dimensions of
criminal history records, net of engagement in criminal behavior. These dimensions are 1) the
generation of an individual mark on one’s record through arrest, 2) the magnitude of that mark
through the post-arrest outcomes of conviction and incarceration, and 3) the cumulative severity
of the entire criminal record through the accumulation of the first two dimensions over time.
Given the importance of criminal history records in the legal system, the results of this study
have significant implications for both criminological research and policy. In this chapter, I
review key findings before outlining limitations of the current study and discussing directions for
future work.

Discussion of Results

The theoretical framework described in Chapter Three posited that the construction of
criminal history records is influenced by racial and ethnic bias. Rather than solely determined by
criminal offending patterns, this study argued that the likelihood and severity of criminal records
are also likely to be influenced by decision-making and structural factors that disadvantage
people of color. The underlying logic is that if decisions made by legal actors are influenced by

bias, so too will the elements of criminal records that result from these decisions. Similarly, laws
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and legal policies have the potential to differentially affect racial and ethnic groups, even when
implemented in a racially neutral manner (Beckett et al., 2005; Bushway & Piehl, 2011; Gaston,
2019). These factors can interact and reinforce one another in a way that exacerbates existing
societal inequalities and produces disparity in the legal system. As a result, the legal outcomes
that are recorded in criminal history records — such as arrest, conviction, and incarceration — are
subject to the influence of these biases. Building off this framework, the current study posited
that criminal records should not be considered racially neutral, accurate records of one’s prior
offending, but instead be examined for what they truly are: reflections of the criminal legal
system itself, biases included.

The hypotheses put forward in this study and their level of support are summarized in Table
11. Hypothesis 1 focused on racial and ethnic differences in the likelihood of arrest, net of
delinquency. This hypothesis received partial support, as only Black respondents were found to
have a higher likelihood of arrest compared to White respondents. This result supports the notion
that, independent of engagement in crime, there are unequal probabilities of experiencing arrest.
Hypothesis 2 was split into two competing hypotheses, 2a and 2b, because prior theory and
empirical work created uncertainty around which pattern would appear in these data. The
theoretical framework and some past empirical work provided reason to believe Black and
Hispanic respondents would be disadvantaged in the likelihood of conviction, after controlling
for delinquent behavior (Stemen & Escobar, 2018). However, some prior case processing
research has found evidence that cases involving Black and Hispanic defendants are more likely
to be dismissed (Kutateladze et al., 2014), perhaps a result of lower quality arrests. In the end,
neither hypothesis was directly supported. After controlling for delinquency and demographics,

the model found no evidence of inequality in either direction. Hypothesis 3 posited that, as a
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result of sentence structures and judicial decision making, Black and Hispanic respondents
would be more likely to be sentenced to incarceration compared to White respondents. The base
incarceration model found full support for this hypothesis, as both Black and Hispanic
respondents experienced a disadvantage in this outcome.

The relationship between criminal history and legal outcomes was tested with
Hypotheses 4a through 4c. All three of these hypotheses received full support, as a respondent’s
criminal history was positively related to the likelihood of arrest, conviction, and incarceration.
This is important, because it highlights the potential for criminal records to perpetuate
disadvantage, as their influence on future contacts can reintroduce bias from past ones.
Hypotheses 5 through 7 focus on the accumulation of criminal history marks over time. Partial
support was found for hypothesis 5, as Black respondents were disadvantaged in the
accumulation of arrests, net of reported offending. The analysis failed to find evidence of ethnic
disadvantage, however. No support was found for hypothesis 6. Indeed, there was no evidence of
inequality in the accumulation of convictions. There was racial, but not ethnic disadvantage in
the accumulation of incarceration, and thus hypothesis 7 was partially supported. Lastly, partial
support was provided for Hypotheses 8a and 8b. Inequalities in the arrest and incarceration
models were indeed mediated by factors related to geography, education, risk factors, and
socioeconomic status. In contrast to predictions, however, these variables completely explained
the inequalities seen in the base models. For both the likelihood and accumulation of convictions,
the null findings in base models turned to a significant result that favored Black and Hispanic
respondents, compared to their White counterparts. These relationships were also contrary to

expectations.
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Table 11: Summary of Hypotheses and Support

Hypothesis Prediction Support Level

1 Black and Hispanic individuals will have a higher likelihood of arrest, Partial Support
compared to White individuals, net of delinquency.

2a Black and Hispanic respondents will have a higher likelihood of conviction, No Support
compared to White respondents, net of delinquency.

2b Black and Hispanic respondents will have a lower likelihood of conviction, No Support
compared to White respondents, net of delinquency.

3 Black and Hispanic respondents will have a higher likelihood of Full Support
incarceration, compared to White respondents, net of delinquency.

4a The likelihood of arrest will be greater for respondents with a prior criminal Full Support
record, net of relevant factors.

4b The likelihood of conviction will be greater for respondents with a prior Full Support
criminal record, net of relevant factors.

4c The likelihood of incarceration will be greater for respondents with a prior Full Support
criminal record, net of relevant factors.

5 Black and Hispanic respondents will have a higher average number of arrests  Partial Support
compared to similarly situated White respondents, net of delinquency.

6 Black and Hispanic respondents will have a higher average number of No Support
convictions compared to similarly situated White respondents, net of
delinquency.

7 Black and Hispanic respondents will have a higher average number of Partial Support
incarcerations compared to similarly situated White respondents, net of
delinquency.

8a Aggregate inequalities in the likelihood of arrest, conviction, and Partial Support
incarceration will be partially explained by measures related to individual
risk factors, criminal history, geographic location, and socioeconomic status.

8b Aggregate inequalities in the accumulation of arrests, convictions, and Partial Support

incarcerations over time will be partially explained by measures related to
individual risk factors, criminal history, geographic location, and
socioeconomic status.

Overall, findings support the notion that criminal history records are not unbiased, but

instead reflect inequalities in the likelihood and frequency of legal system contact across race

and ethnicity. Importantly, there are nuances to this relationship and the manifestation of bias in

criminal records. I explore the complexities of the results below, first focusing on the base model

results before turning to those produced by the mediation analyses.

Base Model Results

To reiterate, if criminal justice were meted out equally across racial and ethnic groups,

one’s engagement in criminal behavior would be the sole predictor of legal outcomes. This is the
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rationale that motivated the base model of each sub-analysis, which only included controls for
race/ethnicity, basic demographics, and self-reported delinquency. As mentioned, age and gender
were included in the base models to ensure that estimates of racial and ethnic inequality were not
tied to differences in the distribution of these characteristics within the sample. These base
models in Chapter Six and Seven provide evidence that racial differences in the likelihood,
magnitude, and accumulation of criminal history marks are not fully explained by differences in
delinquency. Instead, racial inequalities are evidenced in all three criminal history dimensions,
though the level of evidence for the second dimension is lower. Specifically, there is evidence of
racial inequality in the likelihood and accumulation of arrests and incarcerations. There was no
such evidence when looking at the conviction outcomes, which, in combination with
incarceration, influence the magnitude of criminal history marks and records.

Evidence of ethnic inequality in criminal history records is much more limited and only
found in the likelihood of incarceration. Taken together, estimates for Hispanic respondents
suggest that, in comparison to racial inequality, ethnic inequality is not as pervasive in the legal
system. There is precedence for this pattern, as prior studies have at times found that ethnic
inequalities are non-existent (Andersen, 2015) or not as severe as racial inequalities in the same
outcomes (Johnson et al., 2021; Kutateladze et al., 2014). Some research has provided evidence
of ethnic inequality in pretrial detention (Demuth, 2003) and sentencing (Steffensmeier &
Demuth, 2000; Ulmer & Laskorunsky, 2016), while other work suggests that ethnic inequalities
in the legal system may be dependent on the type of crime charged (Shermer & Johnson, 2010).

Mixed results around ethnic disparity in the legal system demonstrated in both the
literature and the current study might be tied to unique characteristics of Hispanic individuals in

the United States. Indeed, Hispanic individuals span the spectrum of skin tone and a large
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portion of the Hispanic population in the U.S. are immigrants (Krogstad et al., 2023).
Furthermore, there is debate about whether Hispanic individuals comprise a racially distinct
group, or whether ethnicity blends with and is not easily separated from race (Hitlin et al., 2007).
In line with prevailing theoretical and methodological specifications, the current study treated
Hispanic respondents as a racially distinct group. However, given the diversity of Hispanic
Americans, grouping all Hispanic respondents together inevitably combines individuals of
varying skin tone, national origin, and citizenship status. Research suggests that these factors can
influence the severity of punishment and are tied to inequalities in the system (Alcald &
Montoya, 2018; King & Johnson, 2016; Light et al., 2014). In consequence, the manifestation of
ethnic disadvantage in legal outcomes may be tied to skin tone, as well as citizenship or
immigration status. Unreliable citizenship information prevented the current study from
examining this connection, but examining whether ethnic disparities in criminal history records
are conditional on citizenship or immigration status represents an important direction for work
that builds on the current study.®? Additional work is certainly needed to deepen the field’s
understanding of ethnic disadvantage. Future research should direct more attention toward the
distinction between racial and ethnic inequality and the unique pathways that ethnic
disadvantages may occur. For the rest of this section, however, I focus on the implications of
racial inequalities seen in this study, given the stronger evidence.

That there are inequalities in the likelihood of arrest suggests Black Americans, on

average, are more likely to receive a mark on their criminal record, net of reported engagement

32 In wave 1, roughly 9% of respondents were coded as “Unknown, can’t determine birthplace” and about 12% of
respondents did not have an answer recorded for the citizenship question. As a result of these two sources of
missingness, 21% of respondents did not have information on citizenship status. This level of missingness was
considered too high to be addressed with imputation models. Alternatively, data on the respondent’s country of
origin contained in the NLSY97 allow for comparisons across immigration status (Bersani, 2010). The current work
can be expanded upon by incorporating these data into the analyses.
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in criminal behavior. Furthermore, the base model for the likelihood of incarceration suggests
that Black Americans also experience disadvantages when it comes to the severity of a criminal
history mark, again net of criminal behavior. The results from the negative binomial models for
both arrest and incarceration provide evidence that, net of delinquency, Black Americans are also
disadvantaged in the cumulative severity of criminal history records over time. These results
provide significant support for the overarching theoretical supposition that criminal history
records are not unbiased measures of past criminal behavior but are instead reflections of the
unequal selection and punishment of people in the criminal legal system.

The implications of these findings are significant for both criminological research and
policy. First, the “modal approach” to studying sentencing and the legal system, which involves
estimating racial disadvantage net of controls for criminal history and other legal factors, likely
obfuscates the true extent of racial disadvantages in the legal system (Baumer, 2013; Omori &
Petersen, 2020). Second, the use of criminal records to influence legal decisions, outcomes, and
policies potentially reintroduces past biases and allows criminal records to become a source of
cumulative disadvantage over successive criminal cases. Because criminal records are
inseparable from the legal institutions and outcomes shown to be racially biased, their use in
legal policy cannot be implemented in a way that is racially equitable unless racial inequality
were removed from society and the legal system altogether. Additional theoretical and empirical
work is needed to gain a deeper understanding of how criminal history, and other legal factors,
can perpetuate structural inequalities within and outside the criminal legal system. A burgeoning
literature shows that scholars are beginning to tackle this issue (Frase & Roberts, 2019;

Grunwald, 2023; Johnson et al., 2021; Knox et al., 2020; Omori & Petersen, 2020; Shaffer, 2023;
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Western et al., 2023), but more research is needed to fully understand the implications and extent
of racial disadvantages in the construction of criminal history records specifically.

The key exception to the pattern of racial inequality seen in the base arrest and
incarceration models is what is presented in the base conviction models, which tested hypotheses
2 and 6. The models estimating the likelihood and accumulation of convictions both fail to
provide evidence of racial or ethnic inequality, net of self-reported offending. Whether someone
is convicted of a crime is not the only factor that determines the magnitude of a criminal history
mark, but it is certainly an important one. Furthermore, while convictions are not the only
element of a criminal record, and prior arrests and incarcerations are incorporated into some
legal decisions and policies, many formulations of criminal history rely heavily on prior
conviction information. Indeed, most sentencing guidelines systems in the United States do not
utilize prior arrest information in criminal history measurements and instead typically rely on
prior convictions and incarcerations (Kauder & Ostrom, 2008). For instance, when determining a
criminal sentence, the Maryland sentencing guidelines utilize a criminal history score that is
based only on prior convictions (Maryland State Commission on Criminal Sentencing Policy,
2022). Thus, a lack of racial bias in the likelihood and accumulation of convictions, coupled with
the fact that prior arrests and incarcerations do not factor into the guidelines, suggests the
Maryland Sentencing Guidelines incorporate criminal history information in a manner that is not
directly racially biased.

Despite a lack of direct bias in the above example, there is still potential for the indirect
influence of racial bias. For example, if a Black individual is arrested for a second time, the fact
he or she had been previously arrested could provide leverage for the prosecution that helps

produce a conviction. This is supported by the finding that an individual’s prior criminal history
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scale is positively related to the odds of conviction, as predicted in hypothesis 4b.% If the
individual’s first arrest were influenced by racial bias, this would create indirect bias in the
conviction of the second arrest, even if that first arrest was dropped by the prosecutor. Some
work has provided evidence that the reliance on prior arrest information in place of prior
convictions exacerbates cumulative disadvantages in prosecution outcomes (Kutateladze et al.,
2016). Further disentangling the differential impacts of various criminal history elements likely
represents a fruitful avenue for future research. A deeper examination into the indirect influence
of police biases on sentencing guidelines systems through the effect of prior arrest information
on the likelihood of conviction, for example, would improve our understanding of how
disadvantage can accumulate across both successive stages of the legal system and successive
criminal cases experienced by an individual.

Although the results from the base conviction models run contrary to those from the
arrest and incarceration analyses, they are not wholly surprising. Indeed, prior case processing
work conducted at the case level has produced evidence that Black and Hispanic defendants are
more likely to have their cases dismissed, despite experiencing disadvantages at different stages
(Johnson et al., 2022; Kutateladze et al., 2014; Wooldredge & Thistlethwaite, 2004). These prior
findings were what motivated the competing hypotheses 2a and 2b. There are a variety of
plausible explanations for why Black Americans might experience a higher likelihood of arrest,
net of delinquency, but not of conviction. For one, studies show that people of color tend to
exhibit higher levels of legal cynicism and lower levels of trust in the legal system (Bobo &

Thompson, 2006; Hagan & Albonetti, 1982; Sampson & Bartusch, 1998). In consequence, both

33 Supplementary models that controlled for the number of prior arrests in place of the criminal history scale were
run to further test this possibility. Results suggested that the number of prior arrests exerted an independent and
positive effect on the likelihood of conviction.
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victims and witnesses of color may be less likely to cooperate with legal actors (Kingsnorth &
Macintosh, 2004) which, given the predominantly intraracial nature of crime (O’Brien, 1987,
Sampson & Lauritsen, 1994), could make the successful prosecution of cases involving
defendants of color more difficult (Albonetti, 1990; Testa & Johnson, 2020).

In addition to racial differences in the perceived legitimacy of the legal system, the lack
of inequality in conviction could result from prosecutors declining or dismissing low quality
arrests, which may be more common among defendants of color (Johnson et al., 2022;
Kutateladze et al., 2014). An important role of the prosecutor is to filter out low quality arrests in
which there is insufficient evidence to justify a conviction. This is underscored by the higher
evidentiary requirement for convictions in comparison to arrests: the threshold for an arrest is
“probable cause,” which is lower than the “beyond a reasonable doubt” threshold needed for a
trial conviction. Moreover, a defendant’s right to defense counsel provides a potential check
against the prosecution and conviction of lower quality arrests. This representation, and the
resulting working relationships between prosecutors and defense attorneys, likely factors into
prosecutorial evaluations of a case’s convictability. To this point, Stemen and Escobar (2018)
found the withdrawal or change of defense attorney resulted in a 50% decrease in the odds of
case dismissal. By providing a legal expert and advocate for the defendant, the ability for
prosecutors to move forward on arrests with faulty or limited evidence is likely curbed, which
would alleviate racial inequalities if these arrests were disproportionately comprised of people of
color. Additionally, prosecutors typically do not physically encounter the defendant when making
initial charging decisions on incoming arrests, thus the opportunity for racial bias in this decision

is likely reduced. These factors may all play a role in the filtering out of low quality, and
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potentially biased, arrests. As a result, they would contribute to the finding of racial inequality in
the likelihood of arrest but not conviction.

Conscious attempts by prosecutors to correct for racial inequalities in the legal system
represent a final factor that could contribute to the filtering out of racially biased arrests. Some
emerging empirical work supports this notion (Shaffer, 2023; Shaffer & Harrington, 2024),
which is likely to play a larger role in recent years, as the landscape of prosecution has
experienced significant changes. Across the country, there have been prosecutors elected to
office promising a retreat from “tough on crime” approaches and a movement towards a more
transparent and less punitive model of prosecution (Davis, 2019; Gajwani & Lesser, 2019). A key
goal of these offices has been the reduction of racial inequalities in the legal system (Fryer,
2020). More work is needed to understand their effectiveness in achieving this goal, and scholars
should examine how certain policies may help to filter biased arrests out of the legal system.
Comparisons with older data, or data drawn from offices operating under more traditional
frameworks, for example, is one potential method for evaluating the effectiveness of these
offices in alleviating racial disadvantages in the legal system. In one example, a recent study
conducted in Florida found that racial disparities were less pronounced in jurisdictions led by
progressive chief prosecutors, compared to more traditional jurisdictions (Mitchell et al., 2022).
The current study was not well positioned to examine this possibility, however, because the data
were collected at the height of mass incarceration and well before the so-called “progressive”
prosecution movement began. While this context is important, it is equally important to note that
only a relative handful of prosecutor offices, out of thousands across the country, have adopted

this reform-minded approach (Davis, 2019).
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Although results from the conviction sub-analyses align with prior findings regarding
inequality in the probability of case dismissal, there are key distinctions. The main distinction is
that prior work has typically estimated the likelithood of dismissal for individual cases,
conditional on arrest, whereas I estimate the likelthood and accumulation of conviction for
individual people, conditional only on delinquency. As such, the likelihood of conviction in this
study can be seen as the likelihood of arrest and conviction and the same applies to the
accumulation of convictions. While there is inequality in the likelihood of arrest, there is no
inequality in arrest and conviction, which is likely the result of biased arrests being filtered out
by the factors described previously. This distinction is important because it is potentially
responsible for the discrepancy where prior work often finds evidence of inequality in the
likelihood of dismissal that favors Black defendants, but I find no evidence of any inequality in
the base conviction models. Studies that have found higher likelihoods of dismissal among Black
defendants have utilized case-level administration data that cannot incorporate the likelihood of
arrest and are thus susceptible to potential selection biases (Wooldredge & Thistlethwaite, 2004).
If it were possible to incorporate information on the probability of arrest, conditional on
underlying behavior, as was done in this study, the same models from prior studies might have
failed to find a statistically significant race effect. This would likely be the case if the higher
likelihood of dismissal was, in reality, tied to a higher likelihood of arrest, net of engagement in
criminal behavior.

Mediation Results

Beyond the examination of inequalities in the likelihood and accumulation of criminal

history elements, an important component of the current study was to investigate the extent to

which these inequalities, when present, were tied to external factors. This was accomplished by
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sequentially adding groups of mediating variables to the base models and observing their effect
on the estimates for race and ethnicity. The results from these mediation analyses are interesting
and have important implications for bias within criminal history records. For one, after adding all
controls in the fully specified models, there was no longer a direct race or ethnicity effect on
arrest or incarceration. This was the case when looking at both the likelihood and accumulation
of these elements. While hypotheses 8a and 8b predicted that these factors would partially
mediate the relationship between race/ethnicity and legal outcomes, it was not expected that they
would explain the relationship altogether. In direct conflict with predictions, evidence of racial
and ethnic inequality that favored Black and Hispanic residents emerged in the fully specified
conviction models. On average, Black and Hispanic respondents were both found to have a lower
likelihood of conviction and accumulated fewer convictions over time, after controlling for all
mediators.

One way to interpret these results is to focus solely on the final models. Such a focus
would lead one to suggest that there are no disadvantages in the likelihood and accumulation of
arrests and incarcerations. Furthermore, Black and Hispanic respondents experience advantages
when it comes to the likelihood and accumulation of convictions. According to this
interpretation, it is actually White respondents that are disadvantaged and any bias in criminal
history measurement penalizes White people. I argue, however, that this interpretation is too
simplistic, and the overall results require contextualization for proper interpretation. I will again
focus on the findings for Black respondents to elaborate on this point, given greater strength and
consistency of the results.

As Figure 7 demonstrates, the estimates for Black respondents can be seen as lying on an

inequality spectrum. In this figure, the coefficients for the base models of arrest, conviction, and

181



incarceration all begin at different points on the spectrum. The arrest and incarceration estimates
lie on the left side of the spectrum, which signals Black disadvantage, while the conviction
estimate lies in the middle and does not signal any inequality. As discussed previously, the lack
of inequality in conviction is likely tied to a host of factors that could filter out lower quality and
potentially biased arrests. Similar disparity safeguards either do not exist, or are not as effective,
for arrest and incarceration, thus inequality persists in those outcomes. Although each base
model has a different “starting point” in Figure 7, the results all move in the same direction as the
additional controls are added — away from Black disadvantage and towards White disadvantage.
This represents a clear pattern in which controlling for individual risk factors, geography, and
socioeconomic factors effectively eliminates, or even reverses, Black racial disadvantage.

Figure 7. Inequality Spectrum
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after stepping in controls for “individual risk factors,” of which school enrollment status and the

number of school suspensions were the most consistent predictors across all outcomes.3*

34 Given that school non-enrollment does not necessarily map to school dropout status and may not truly represent a
risk factor (for example, if the individual entered the work force after graduating high school), supplementary
models were run with additional specifications for education status. Specifically, these models included a binary
measure for non-enrollment and no diploma in place of the school enrollment dummy. Across all outcomes, there
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Although these factors do not directly measure structural factors, racial differences amongst them
can be seen as symptoms of structural disadvantage. Of course, school enrollment and school
suspensions do occur among students in predominantly White and higher socioeconomic areas,
however, these issues are more heavily concentrated among people color (Heckman &
LaFontaine, 2010; Morris & Perry, 2016; Murnane, 2013). The processes that produce these
inequalities are varied, but research suggests reduced educational resources in communities of
color are a large contributor to racial and ethnic gaps in school enrollment and high school
graduation (Darling-Hammond, 2013; Lee & Wong, 2004). Additionally, disparities in school
punishment are likely the result of both an overreliance on punitive sanctions in lower SES
schools (Irwin et al., 2013), as well as differential treatment of Black and Hispanic students on
the part of teachers and school administrators (Riddle & Sinclair, 2019; Skiba et al., 2002).
Analyses of all outcomes showed that measures of criminal history and geographic
factors had negligible mediation effects. The criminal history finding is surprising and runs
contrary to both hypotheses 8a and 8b, as well as prior research on the legal system (Hester et al.,
2018). This unexpected result could be due to low levels of criminal history across the sample.
Because the data were restricted to the first six waves of the NLSY97, they capture the earlier
stages of criminal history development and thus insufficient time had elapsed for larger
differences in criminal history to develop. To better understand how differences in criminal
history might mediate racial and ethnic disparities in legal outcomes, future research could
exploit data that cover longer time periods or more system-involved individuals. A potential data
source for such analyses would be the Pathways to Desistance study, which is a study of the

transition from adolescence to early adulthood among a sample of serious adolescent offenders.

were no substantive differences in the race and ethnicity results, but results suggested a greater effect of not being
enrolled and not possessing a high school diploma.
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These data were used in Grunwald’s (2023) study of racial bias in criminal records that
compliments the current work, given that it uses a more system-involved sample. Although
Grunwald’s study does not examine how prior records may mediate the relationship between
race and legal outcomes, the Pathways data are likely a promising data source for testing this
hypothesis.

Noticeable mediation effects were also seen amongst the measures of socioeconomic
status, which were largely driven by controls for parental education and family structure. This is
in line with expectations, as research demonstrates that individuals who come from less educated
and non-traditional family structures are linked to higher rates of delinquency (Demuth &
Brown, 2004; Derzon, 2010; Wells & Rankin, 1991). As discussed, communities of color face
reduced educational resources and less favorable schooling outcomes (Murnane, 2013).
Furthermore, single parent and non-traditional families are more common among Black
Americans (Ellwood & Jencks, 2004), which is partly the result of the disproportionate effects
mass incarceration (Fagan & Meares, 2008; Wildeman & Western, 2010). As Fagan and Mears
(2008, p. 205) state, “high rates of imprisonment of young African-American men and women
translate into many broken families in African-American communities.” These factors combine
to create layers of disadvantage that contribute to the disproportionate funneling of Black
Americans into the criminal legal system (Kirk, 2008).

The results of the current study suggest that disparities in legal outcomes, when they
exist, are tied to structural inequalities that exist outside the legal system. When all else is equal,
Black respondents are not disadvantaged in the construction of criminal records. Moreover, they
even experience an advantage through a lower likelihood and accumulation of convictions.

Although the conviction results run contrary to expectations, there exists a body of theoretical
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and empirical work that suggests this pattern might be the result of the racialization of crime and
the criminal legal system (Harris, 1977; Sealock & Simpson, 1998; Steen et al., 2005; Sudnow,
1965). To elaborate, a history of subjugation and racial stereotyping has predominantly
associated crime with Black people in America (Muhammad, 2010). Prosecutors and other legal
actors operate within this context and develop notions of “normal crimes” and stereotypes of
what behaviors are expected of certain groups (Steen et al., 2005; Sudnow, 1965). As such,
White individuals engaging in crime exhibit a behavior that is not typically associated with their
race. When differences in socioeconomics and other factors are removed from the equation, this
mismatch in race and behavior may illicit a more punitive response, relative to their Black
counterparts who are exhibiting an expected behavior. An example of this pattern was found in
Steen and colleagues’ (2005) study of criminal sentencing among drug cases in Washington state.
The researchers found that White defendants who matched a “dangerous drug dealer” stereotype
were punished more harshly than Black defendants who matched the stereotype. In interpreting
these results, they conclude that effects of a given stereotype “largely depend on whether
membership in the typed category is expected for a particular racial or ethnic group of offenders”
(Steen et al., 2005, p. 460). Net of relevant factors, a mismatch between expected and exhibited
behavior could be responsible for the White disadvantages seen in the fully specified conviction
models.

Although these explanations for the conviction results are important for our
understanding of race in the legal system, there are two key points to keep in mind. First, there is
no legal justification for factors such as educational enrollment, school suspension, and
socioeconomic status to influence legal system contact and punishment. A lack of disparity in

arrest and conviction after controlling for these factors is not evidence that the criminal legal
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system is racially just, rather it suggests that racial injustices in the legal system are tied to
structural inequalities. Second, the reality in the United States is that all else is very rarely equal
across racial groups (Peterson & Krivo, 2012; Sampson, 2009; Sampson et al., 2008; Wilson,
1987). Indeed, aggregate measures of education, risk factors, and socioeconomic status are
almost never equal (Lee & Wong, 2004; Muller et al., 2018; Sampson & Lauritsen, 1997). The
issue of “restricted distributions,” caused by the divergent social environments of Black and
White Americans, poses a significant challenge to empirical research and make valid
comparisons of the two groups difficult (McNulty, 2001). Thus, statistical models that control for
racial differences in covariates that reflect these divergent environments run the risk of being
artificial comparisons with little to no relevance in the real world. The implications of this
problem must be considered when interpreting research that incorporates data on environmental
factors that are rarely comparable between groups.

Regarding the current study, summary statistics in Table 2 demonstrate large
socioeconomic disparities in the analytic sample. Black and Hispanic respondents more often
come from disadvantaged backgrounds, have lower educated parents, and are less likely to live
with both biological parents. These statistics reflect the fact that in the United States, race and
socioeconomic status are at times almost statistically indistinguishable from one another. As John
Hagan stated in the forward to Peterson and Krivo’s (2012, p. xvii) study on residential
segregation and crime, “racial disparities are so persistent that today urban America still has
virtually no equally economically situated black and white neighborhoods.” It may be the case
that when all else is equal, White Americans are more likely to be convicted of a crime, however,
the societal distribution of resources ensures that a level playing field is an extremely rare

occurrence.
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When interpreting the current results, it is necessary to consider that race in the United
States is not merely skin color, but instead a construction that is historically connected to the
distribution of resources (Bonilla-Silva, 1997; Keith & Herring, 1991; Ray, 2019). There exists a
long literature spanning decades and various disciplines detailing the connection between
structural inequality and racial disparities in areas such as health (DuBois, 1996; Nazroo, 2003),
education (Darling-Hammond, 2013; Lee & Wong, 2004), housing (Krivo & Kaufman, 2004;
Rothstein, 2017), environmental pollution (Downey, 1998; Pollock & Vittas, 1995; Sampson &
Winter, 2016), and exposure to crime (Peterson & Krivo, 2012; Xie & Mcdowall, 2010). These
literatures demonstrate that race shouldn’t be considered as independent from structural
inequality in the United States. Instead, its construction is inherently tied to inequality, and
theoretical and empirical investigations of racial disparities must consider this connection. Racial
stratification has concentrated both criminogenic factors and the reach of the criminal legal
system more heavily in communities of color (Hinton & Cook, 2021; Muller et al., 2018;
Peterson & Krivo, 2012), and as a result, Black Americans face disparities in the construction of
criminal history records, net of engagement in delinquency. The lack of a direct race effect in the
fully specified models should not be considered evidence that criminal records are unbiased,
rather the role played by these mediating factors in explaining racial disparities demonstrate that
unequal treatment in the legal system is tied to long-standing structural inequities.
Study Limitations and Future Directions

As with all empirical research, the current study has several limitations. First, certain
aspects of the analyses are limited by the use of self-report data. In particular, measures of both
offending and legal factors are not captured with high precision. While the NLSY97

questionnaire probes respondents about a variety of delinquent behaviors, the questions do not
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cover the gamut of arrestable behavior. Of particular concern, the survey lacks questions about
victim crimes beyond assault. Questions are not asked about crimes such as robbery, shootings,
and sex offenses. To the extent that there are racial or ethnic differences in offenses that are
unaccounted for by the NLSY97 survey, the current study would underestimate differences in
offending patterns. One potential approach for future studies involving self-report measures of
offending would be to cover the seven index crimes used by the FBI and many states as
indicators of overall crime trends in the United States. Similarly, questions covering these
offenses could serve as indicators of overall offending patterns across individuals. More work is
needed to test the viability of this approach, however.

Additionally, some measures are not well defined or do not necessarily map well to their
legal definition. For example, the assault measure in this study is based off the question “have
you ever attacked someone with the idea of seriously hurting them or have had a situation end up
in a serious fight or assault of some kind?”” The wording of this question does not necessarily
exclude physical fights with siblings and friends, which are unlikely to be viewed the same as
criminal assault. This lack of precision applies to measures of case processing outcomes as well.
For example, data on case processing outcomes are largely limited to whether the respondent was
arrested, convicted, and sentenced to incarceration. This limits the ability of the current study to
fully investigate all dimensions of a criminal history record. A lack of precise measurements of
criminal charges, for example, prevents the examination of charge reductions, which can
contribute to racial inequality in punishment (Johnson & Larroulet, 2019; Metcalfe & Chiricos,
2018). There is also no information on whether an individual was held in pretrial detention
before their case was disposed, another factor that can drive inequality in legal outcomes

(Demuth, 2003; Sutton, 2013). Moreover, the NLSY 97 survey lacks precise data on the sentence
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length for respondents who reported carceral sentences. All three of these outcomes influence the
magnitude of individual criminal history marks and would be highly relevant to the current
study.

Precision issues also affect the geographic control variables and could be responsible for
the surprising relationship seen between the measures of MSA status.® Respondents coded as
living outside an MSA experienced significant disadvantages compared to their counterparts in
the “MSA, not central city” group. The gap between these two areas was often greater than that
between the “MSA, not central city” group and those living within the central city. These
measures were added as a proxy for rural/suburban/urban status, but the results run contrary to
prior research that finds punishment is often harshest in urban areas (Feld, 1991). These results
could suggest that this pattern is not necessarily true when accounting for underlying delinquent
behavior, but they also might be the result of weaknesses in the measure’s ability to distinguish
between rural, suburban, and urban areas. More work that employs controls for underlying
behavior and more precise measures of population density is required to fully understand the
relationship between rural/suburban/urban status and differences in legal outcomes.3®

In addition, respondents who were arrested and formally charged with an offense were
asked if they were processed in the adult or juvenile legal system, however the structure of the
data prevented this from being included as a control variable. Because the models include all

respondents in the sample, and not simply those who were arrested, the inclusion of this variable

3 The NLSY97 does contain more detailed information on the geographic residence of survey respondents in a
restricted data file, to which | applied and was granted permission. The decision was made not to include these data,
however, due to high levels of missingness and inconsistency in geographic measures over the first few waves,
combined with restrictions that do not allow for research outputs at any geographic level below the State level.

% |n addition to MSA status, the NLSY97 includes a binary variable for Urban/Rural status. According to the
NLSY97, “urban places were those in ‘urbanized areas’ or ‘places’ with a population of at least 2,500; all other
areas were rural.” Supplementary models were run using this binary measure in place of the categorical MSA status
variable. In these models, the results for race/ethnicity were substantively unchanged and there was rarely a
significant difference between urban/rural status.
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in the model would create a perfect correlation with the outcome. For example, in the conviction
analysis, those who were not arrested would necessarily be coded as “neither” for the court type
covariate, which would perfectly predict the conviction outcome. The omission of such a control,
however, represents a significant limitation, given the differential impacts of being processed in
the juvenile or adult legal systems.

In regard to criminal records, data on juvenile adjudications are typically subject to
greater restrictions and are less likely to follow an individual for their entire lifecourse, unlike
marks accumulated in the adult system. For example, the Maryland State Commission on
Criminal Sentencing Policy (MSCCSP) does not incorporate juvenile adjudications in the
criminal history component of the sentencing guidelines if the defendant is 23 years or older
(Maryland State Commission on Criminal Sentencing Policy, 2022). One method for addressing
this issue would be to split the sample based on juvenile and adult system eligibility and run
multiple models predicting juvenile and adult conviction separately, to examine if the influence
of race and ethnicity is similar. However, the limited number of legal contacts in the current
sample coupled with a lack of information on the states in which respondents were processed
prevented this type of sub-analysis.

Although the fact that the NLSY97 is a nationally representative household survey
provides some benefits to this research, it also poses potential limitations to the current study.
Mainly, the sample exhibits relatively low levels of delinquent behavior and contact with the
legal system. Indeed, only 1,904 out of the 8,128 respondents in the sample (23.4%) experienced

arrest during the study period.®” The low levels of delinquency and system contact reported

37 To get a sense of how system-involved respondents might differ from the overall sample, Table A2 in Appendix
A presents descriptive statistics for individuals who reported one or more arrest. Respondents in this subsample
report higher levels of engagement in all measures of delinquency as well as greater levels of involvement with the
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among the analytic sample likely limits the ability to statistically detect differences in how
criminal histories build across race and ethnicity. This is perhaps best exemplified in the fully
specified incarceration models, where the magnitude of the coefficients is substantively large but
statistically insignificant. Furthermore, the sample composition likely limited the current study’s
ability to measure how prior criminal history may play a mediating role between racial/ethnicity
and the likelihood and quantity of future contacts with the legal system.

Studying a sample of individuals with higher levels of offending and official criminal
history would help to address these issues. To this point, Grunwald (2023) utilized the Pathways
to Distance study to study racial bias in criminal records. The Pathways to Desistance study
combines seven years of longitudinal survey data and official criminal history data for a sample
of 1,354 youth who were convicted of a serious criminal offense at the start of the study. In
consequence, the sample is comprised of more delinquent and system-involved individuals than
the NLSY97 while providing similar information relevant to the current study. Of course,
studying such a sample comes with its own limitations. For one, the main inclusion criterion is a
prior conviction, thus limiting the sample to those who already have a criminal record and
eliminating the ability to examine a key source of bias — the generation of a criminal record
altogether. Importantly, the results from Grunwald’s (2023) study mirror and compliment those
reported in the current study, providing confidence in the ability of the two data sources to
examine the issue of bias in criminal history records.

Ideally, future research could utilize a longitudinal data source that melds the strengths of
the NYLS97 and Pathways to Desistance studies while addressing their respective weaknesses.

For example, to address the NLSY97’s weakness of lower levels of system contact, questions

criminal legal system. For example, roughly 46% of this subsample reported at least one criminal conviction,
compared to roughly 11% among the full sample.
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regarding this topic could be asked for a longer period of time, rather than the first six waves, to
allow for more contacts to accrue among the sample. This would likely increase the levels of
system contact among the sample without focusing solely on individuals who already have
significant history with the legal system. In addition, official records of criminal history could be
collected for every respondent, as is done in the Pathways study, to allow for more direct
examinations of these records and to measure legal case factors more precisely.

In addition to issues of measurement and sample composition, characteristics of the
NLSY97’s survey structure impose limitations on the current research. Consistency in the
administering of questions represents one of these issues. Some questions were only asked in
wave 1, whereas other questions were not administered to all groups of respondents. While some
questions that were only asked in wave 1 were utilized in this study, these inconsistencies
precluded other measures from being included that would otherwise been useful. For instance,
more precise measures of socioeconomic status included in the NLSY97 were not recorded
reliably enough to be used in this study.

Data missingness and changes to the structure of the NLSY97 questionnaire create
further limitations related to the analytic sample. As described in Chapter Four, questionnaire
changes that began in wave 7 of the NLSY97 prevent the tracking of individual arrest events
through conviction and incarceration. As a result, the study was restricted to the first six waves of
the survey. While this does not threaten the validity of the study, it does limit its scope. This
limited scope restricts the study’s focus to the early development of delinquency and criminal
history among respondents, but it likely omits the most active years of offending and the
development of longer criminal histories. Indeed, the age range of the analytic sample (13-22)

suggests that this study is focused on the beginning stages of the age-crime curve (Sampson &
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Laub, 2005) but largely omits data on the years in which respondents would be reaching the
peak. As such, the level of criminal history accumulated by the analytic sample is quite low and
the ability to detect differences may be limited. This limitation is apparent in the finding that
prior criminal history does not meaningfully mediate the relationship between race and legal
outcomes. It is hypothesized that this finding is tied to the overall low levels of system contact in
the sample and the resulting lack of racial/ethnic variation in the level of criminal history,
however, more work is needed to explore this possibility.

The limited study period and age range also prevents a more detailed investigation of the
potential role of age in influencing racial and ethnic differences in criminal history. Research
suggests that Black and Hispanic adolescents are subject to more punitive responses to
delinquency (Leiber et al., 2020), which could have consequences that reverberate through
adulthood and could increase the punitiveness of responses to offending in adulthood (Ulmer &
Laskorunsky, 2016). Relatedly, the inability to include a categorized measure of age in
imputation models prevented a more nuanced examination of the role of age in the construction
of criminal history records. Supplementary models included in Appendix D do suggest there are
age-group differences in the outcomes under study, providing motivation for future research that
explores how inequalities in the construction of criminal records could be tied to age and the
time at which an individual’s criminal history begins. The combination of a study period that
only covers the early stages of the age-crime curve and a continuous measure of age limit the
study’s ability to investigate the role of age in affecting racial and ethnic inequalities in the
construction of criminal history.

Data missingness represents an additional limitation to the current work. Although

missingness in the independent variables was addressed with multiple imputation, other forms of
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missing data resulted in the exclusion of 856 of the original 8,984 respondents (9.53%) from the
study. As described in Chapter Four, these sources of missingness include attrition, the structure
of legal contact questions in wave 1, and respondent refusal to answer case processing questions.
Appendix B presents a comparison of the excluded and included samples. Two tailed t-tests were
utilized to test for significant differences between the samples for the dependent and independent
variables. Although there are significant differences among some of the covariates, such as dug
selling, hard drug use, and antisocial peers, the results on the whole do not suggest there are
widespread differences between the included and excluded samples.

Among the sample of respondents that were included in the study, some were not
interviewed in all six waves. Roughly 16% of respondents (n=1,294) missed at least one
interview. Importantly, the maximum number of missing waves permitted in the analytic sample
is two. If these non-interview waves were randomly distributed across the sample, they would
pose no issue to the current study’s results. However, estimates from Chapter Seven indicate that
missing waves are tied to legal contact. To elaborate, the number of missing waves across the
study period was positively and significantly associated with the number of arrests, convictions,
and incarcerations accumulated over this time period. Although the Bureau of Labor statistics
tries to interview individuals who are incarcerated (U.S. Bureau of Labor Statistics, 2011), these
results indicate that the reason many of these respondents missed interviews is due to legal
system contact itself. As such, missing data due to non-interviews represent a source of bias in
the current study’s results, which likely underestimate the level of system contact among
respondents. To the extent that non-interviews caused by system contact are unequal across race
and ethnicity, estimates of racial and ethnic inequality could be affected. Descriptive statistics

show that roughly 15% of White respondents missed one or more interviews, whereas this
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number is about 17% for both Black and Hispanic respondents. Greater missingness among
Black and Hispanic respondents, combined with higher likelihoods of reported incarceration,
suggest this source of bias may lead to underestimating the level of system contact among these
groups. However, without information on whether the respondent missed an interview due to
incarceration (U.S. Bureau of Labor Statistics, 2011), it is not possible to assess the proportion of
missingness that is caused by system contact.

Additionally, some individual observations were excluded from analytic models due to
incomplete information caused by criminal cases that were ongoing at the date of interview. For
example, if a respondent was arrested in September of 1998 and convicted and sentenced for that
arrest in February of 1999, but was interviewed by NLSY97 researchers in November of 1998,
the information contained in the data will be incomplete. Starting in wave 5 (2001), and
continuing for the rest of the study period, respondents were asked questions about the outcome
of arrest cases that were unresolved at last interview. In other words, respondents in wave 5 were
asked to update researchers on the outcome of criminal cases that were ongoing during the wave
4 interview. As such, information from these retroactive questions were used to complete the
case processing data for arrest cases that were reported, but unresolved in waves 4 through 6
(2000-2002). However, because these retroactive questions were not asked previously, there are
missing outcomes for unresolved cases reported in 1997 through 1999 (n = 30). As a result, the
arrest models include slightly more observations than the conviction and incarceration models.

Although the NLSY97 provide high quality longitudinal data that allow for the estimation
of criminal records over time, the criminal legal system has experienced significant changes
since they were collected. The first six waves of the NLSY97 cover each respondent’s life

through 2002, placing the study period within the height of mass incarceration. Although mass
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incarceration persists today, as do racial disparities in legal outcomes, there have been significant
efforts to mitigate both since 2002. Surveys on the scale of the NLSY97 are quite rare due to
immense time and resources needed. There were no alternative data sources that provided the
breadth of legal, delinquency, and other factors that were needed to conduct this dissertation.
Nevertheless, to ensure that the results of this study still apply today, future work should look to
investigate potential biases within criminal history records with more current sources of data.
Indeed, this represents an important potential pathway for future research.

Beyond addressing the limitations detailed above, another important direction for future
research is to examine whether disparities evidenced in this study are tied to differential
enforcement of specific crime types. A long standing debate within the field of criminology is the
extent to which racial and ethnic disparities in the legal system are due to differential
enforcement of the law or differential involvement in crime (Beck & Blumstein, 2018;
Crutchfield et al., 1994, 2012; Hindelang, 1978; Steffensmeier et al., 2011). Although evidence
of differential patterns of offending across race and ethnicity is shown in the literature (Beck &
Blumstein, 2018; Blumstein, 1982), research suggest these differences are largely tied to the
vastly different social environments in which racial and ethnic groups live (Peterson & Krivo,
2012; Sampson & Lauritsen, 1997). Moreover, the literature has demonstrated that differential
involvement in crime cannot completely explain disparities in the legal system (Crutchfield et
al., 2012; Franklin, 2018; Grunwald, 2023), but the extent of differential enforcement of the law
can vary across types of criminal offenses (Johnson & Betsinger, 2009; Rehavi & Starr, 2014;
Steffensmeier & Demuth, 2000).

The current study adds to the literature on differential enforcement/offending by

demonstrating that, net of delinquency, there exist disparities in arrest and incarceration,
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suggesting a differential application of these legal responses to crime. However, the current study
simply looks at overall differences in arrest, conviction, and incarceration. These outcomes are
not disaggregated by the type of offense involved in the legal contact. This is important, given
evidence that the extent of racial/ethnic disparities in legal outcomes can depend on the type of
offense (Shermer & Johnson, 2010). Some scholars argue that legal actor discretion is limited in
cases of serious and violent crime, but increased when non-violent and less serious offenses are
involved (Austin & Allen, 2000; Kutateladze et al., 2016; Spohn & Cederblom, 1991). In line
with this argument, prior research has shown significant disparities in the enforcement of drug
crimes (Beckett et al., 2006; Gaston, 2019; Mitchell & Caudy, 2015), as well as the impact of
facially neutral drug policy (Tonry, 1995). To explore the possibility that overall differences in
the dependent variables were driven by certain offenses, supplementary models were run to test
for racial and ethnic differences in arrest for drug and non-drug offenses. Results suggest that
racial, but not ethnic, disparities exist in both types of arrest, but are more severe in drug arrests.
These preliminary findings support prior work that suggests enforcement of drug crime
represents a significant source of racial disparity in the legal system. Future work should further
explore how enforcement can vary across crime types and how these variations may contribute to
biases in the construction of criminal history records.
Conclusion

The current study set out to investigate a problem that has not been adequately addressed
in the extant literate. Many scholars have highlighted that the use of criminal history records to
drive legal outcomes exacerbates racial disparities in the legal system because of racial
differences in the extent of criminal history (Frase & Roberts, 2019; Hester et al., 2018).

Researchers have not sufficiently examined the source of these differences, however, as racial
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disparities in criminal history records have been assumed to be the byproduct of differential
engagement in crime. Largely missing from the conversation has been the possibility that racial
differences are caused by a combination of both differential involvement in crime and
disadvantages in the outcomes that are recorded in criminal history records. The findings from
this study provide mixed support for the hypotheses, but on the whole, they paint a picture in
which there do exist racial and, to a much lesser extent, ethnic inequalities in the construction of
criminal records. Importantly, these inequalities do not manifest uniformly across the outcomes
that determine the existence and severity of a criminal history record. Moreover, the findings
suggest that racial and ethnic disparities in these outcomes are tied to structural inequities. This
dissertation represents an important contribution to the criminological literature and has both
theoretical and empirical implications.

This study was grounded in a theoretical framework that outlines how both bias in the
decision-making of legal actors and larger societal inequalities represent two mutually
reenforcing sources of disparity in the criminal legal system broadly, and criminal records
specifically. Results from this study do suggest that structural inequalities produce racial
disparities in the legal system, net of offending levels, as controlling for extralegal factors
explained away disparities seen in base models for the arrest and conviction outcomes. Evidence
of biased decision-making, traditionally measured as the direct effect of race after controlling for
all relevant factors, is absent in most of the fully specified analytic models. It may be difficult to
parse the two, however, because biased decision making occurs within this larger structure of
societal inequality. Of course, this is not to say that racially biased decision making does not
matter, nor am | suggesting that it should not be taken seriously. Instances such as the killings of

George Floyd and Philando Castile demonstrate the potentially deadly consequences of
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individual instances of racial bias. What I am suggesting, however, is that when examining large-
scale patterns of disparity, the effects of biased decision making may be secondary to structural
inequalities. The scale and entrenchment of economic and residential segregation (Sampson,
2009), for example, combined with a legal system that overwhelmingly focuses its attention on
offenses connected to poor communities and those of color (Fagan, 2017), likely ensures that
similarly scaled inequalities in the legal system would persist if racial bias were completely
eliminated from the decision making of all legal actors. Indirect evidence of this is seen in
situations where racially neutral policies produce disparate outcomes, such as the targeting of
open air drug markets (Beckett et al., 2006) or mandatory minimum sentences (Fischman &
Schanzenbach, 2012).

Prior criminological research has focused primarily on bias in decision making, or Type A
discretion, as the main source of inequality in the criminal legal system. Less work has focused
on Type B discretion, or the discretion to create rules and policies that shape societal outcomes
and contextualize the Type A discretion present in legal actor decisions (Bushway & Forst,
2013). It may be the case that bias in the decision making of legal actors is simply an outcrop of
structural inequality, and, in consequence, it is difficult to distinguish between the two because
they are not truly separate. Researchers have begun to address how negative racial attributions
are born out of, and reenforced by, larger structural inequalities (Gaston, 2019; Omori &
Petersen, 2020), but more work exploring this relationship is needed. The criminological
literature would likely experience significant benefits from future efforts to integrate macro- and
micro- level theories on racial and ethnic inequality.

Testing more integrated theories of inequality in the legal system would require data that

has usually been missing from prior work. The current study suggests that the use of survey data
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is a possible path that could prove fruitful. Descriptive analyses presented in Chapter Five
demonstrated that criminal case data in the NLSY97 survey exhibit patterns that are compatible
with those seen in prior work using administrative data. Based on the descriptive results, it
appears that the NLSY97, and survey data more generally, can be reliably used to probe
questions regarding criminal case outcomes. This represents a significant contribution made by
this dissertation. Survey data present a potential opportunity to integrate data on both case
processing patterns and social structural factors. Although survey data have been a staple of
social science research, including criminology, for decades, they have not been sufficiently
incorporated into studies of the legal system itself. Studies of the legal system that have
incorporated qualitative data have typically used interviews with legal actors and related survey
data to contextualize patterns seen in administrative data (Baumer & Martin, 2013; Frederick &
Stemen, 2012; Shaffer, 2023; Ulmer & Johnson, 2017). Researchers have not yet derived case
processing data itself from surveys. Used in this manner, survey data could help address the need
to produce studies that cover the entire lifecourse of a criminal case and address issues of
selection bias (Knox et al., 2020; Wooldredge & Thistlethwaite, 2004). As is the case with all
data sources though, survey data come with inherent limitations that affect the scope and
accuracy of studies that utilize them. Rather than a replacement of administrative data, I contend
that survey data are uniquely positioned to address the weaknesses of administrative data and, if
used to compliment research built upon administrative data sources, can help to produce a more
well-rounded knowledge of the function and effects of the criminal legal system.

The importance of criminal history records in the American criminal legal system is
irrefutable. Criminal history records are used to guide policy and decision-making in all sectors

of the system, from policing (Groff et al., 2015) to prosecution (Kutateladze & Andiloro, 2014)
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to sentencing and corrections (Frase et al., 2015). The body of existing literature demonstrates
that individuals with prior criminal histories are regularly subject to processing and punishment
disadvantages (Stolzenberg et al., 2021; Ulmer, 2012). The extant literature has also
demonstrated that the current use of criminal history records in the legal system exacerbates
racial disparities because of differences in prior record information (Frase & Roberts, 2019).
Racial and ethnic differences in offending are typically reasoned to be the driver of such
disparities in criminal history records. What has not been sufficiently wrestled with in the
literature is whether criminal history records are truly unbiased measurements of past criminal
behavior, or if disparate effects of legal policies and decision-making embed biases within them.
This dissertation represents an important step towards addressing this issue. Results from this
study challenge the assumption that the criminal records are unbiased and race neutral. Instead,
these records reflect criminal legal outcomes that are tinged with racial and ethnic bias. Moving
forward, the criminological literature should extend more consideration to how biases embedded
in criminal history records affect empirical estimates, as well as the implications for how legal

policies can reproduce and further entrench societal inequities.
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Appendix A: Additional Descriptive Statistics

Table Al. Weighted Descriptive Statistics for All Respondents (n = 8,128)

Full Sample White Black Hispanic Other

Variables Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)
Dependent Variables
Arrested at Least Once 23.14% (0.42) 22.63% (0.42) 28.15% (0.45) 21.48% (0.41) 18.86% (0.39)
Number of Arrests 0.53  (1.48) 0.51 (1.43) 0.69 (1.78) 0.50 (1.44) 0.38 (1.21)
Convicted at Least Once 11.00% (0.31) 11.54% (0.32) 10.84% (0.31) 9.58% (0.29) 8.08% (0.27)
Number of Convictions 0.18  (0.64) 0.19 (0.67) 0.17 (0.60) 0.15 (0.58) 0.11 (0.42)
Incarcerated at Least Once 3.97% (0.20) 3.56% (0.19) 584% (0.23) 4.20% (0.20) 3.03% (0.17)
Number of Incarcerations 0.06 (0.35) 0.05 (0.33) 0.09 (0.41) 0.07 (0.37) 0.04 (0.23)
Respondent Demographics
White 66.69% (0.47)
Black 15.41% (0.36)
Hispanic 12.72% (0.33)
Other Race/Ethnicity 5.18% (0.22)
Age at Dec 31, 1996 1395 (1.42) 1395 (1.42) 1394 (1.40) 1397 (1.41) 13.89  (1.46)
Female 49.24% (0.50) 49.36% (0.50) 49.79% (0.50) 47.53% (0.50) 50.35% (0.50)
Delinquency
Committed Assault 31.70% (0.47) 29.09% (0.45) 4253% (0.49) 32.62% (0.47) 30.79% (0.46)
Assault Freq. 134  (3.67) 1.25 (3.61) 1.74 (3.89) 1.40 (3.93) 1.07 (2.90)
Committed Theft 15.74% (0.36) 15.13% (0.36) 17.32% (0.38) 16.59% (0.37) 16.72% (0.37)
Thefts Freq. 059 (2.51) 0.55 (2.38) 0.65 (2.51) 0.68 (2.91) 0.64 (2.97)
Committed Vandalism 39.29% (0.49) 41.21% (0.49) 35.78% (0.48) 34.80% (0.48) 36.18% (0.48)
Vandalism Freq. 148  (3.83) 1.60 (4.02) 1.09 (3.18) 1.44 (3.84) 1.17 (2.90)
Committed Other Property Off. 15.61% (0.36) 15.71% (0.36) 15.68% (0.36) 15.60% (0.36) 14.15% (0.35)
Other Property Off. Freq. 056  (2.48) 0.58 (2.53) 0.51 (2.32) 0.60 (2.57) 0.39 (1.89)
Sold Drugs 20.76% (0.41) 22.23% (0.42) 16.63% (0.37) 20.24% (0.40) 15.45% (0.36)
Sold Drugs Freqg. 220 (6.61) 2.49 (7.17) 1.29 (4.42) 2.08 (6.17) 1.39 (5.12)
Consumed Hard Drugs 20.29% (0.40) 23.17% (0.42) 9.34% (0.29) 20.01% (0.40) 16.59% (0.37)
Hard Drugs Freq. 1.92  (5.58) 2.34 (6.18) 0.51 (2.30) 1.62 (5.00) 1.38 4.77)
Consumed Marijuana 53.63% (0.50) 56.33% (0.50) 47.52% (0.50) 48.70% (0.50) 49.09% (0.50)
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Consumed Alcohol Underage 86.22% (0.34) 89.63% (0.30) 75.23% (0.43) 84.37% (0.36) 79.46% (0.40)
Ever in a Gang 417% (0.20) 3.28% (0.18) 6.77% (0.25) 5.81% (0.23) 3.88%  (0.19)
Individual Risk Factors

Non-enrollment Dummy 61.54% (0.49) 58.35% (0.49) 69.69% (0.46) 71.77% (0.45) 53.32% (0.50)
Number of Non-Enrollment Waves 151 (1.59) 1.42 (1.59) 171 (1.56) 1.82 (1.62) 1.16 (1.39)
HS Diploma or Greater 7751% (0.42) 79.89% (0.40) 70.24% (0.46) 71.20% (0.45) 83.96% (0.37)
Antisocial Peers 213  (1.00) 2.08 (098) 234  (1.07) 218  (1.01) 206  (0.96)
Repeated Grade 18.72% (0.46) 1354% (0.34) 33.18% (0.61) 18.82% (0.39) 9.67%  (0.30)
Number of Grades Repeated 016  (0.37) 0.15 (0.41) 0.27 (0.45) 0.22 (0.48) 0.11 (0.34)
Suspended from School 35.24% (0.48) 29.77% (0.46) 57.13% (0.50) 39.72% (0.49) 29.69%  (0.46)
Suspended from School Freg. 057 (0.94) 048 (0.88) 099 (1.11) 060 (0.89) 048  (0.86)
Geographic Controls

Not in MSA 20.11% (0.40) 24.12% (0.43) 17.21% (0.38) 6.34% (0.24) 10.91% (0.31)
MSA, Not in Central City 53.70% (0.50) 56.97% (0.50) 36.60% (0.48) 56.07% (0.50) 56.26% (0.50)
MSA, Central City 26.19% (0.44) 18.90% (0.39) 46.19% (0.50) 37.59% (0.48) 32.83% (0.47)
Northeast US 18.24% (0.39) 20.08% (0.40) 13.34% (0.34) 16.36% (0.37) 13.87% (0.35)
North Central US 26.02% (0.44) 31.46% (0.46) 17.86% (0.38) 10.07% (0.30) 19.44% (0.40)
Southeast US 3456% (0.48) 30.71% (0.46) 62.30% (0.48) 28.03% (0.45) 17.71% (0.38)
Western US 21.17% (0.41) 17.75% (0.38) 6.50%  (0.25) 45.54% (0.50) 48.98%  (0.50)
Socioeconomic Factors

Disadvantage 9.44% (0.29) 6.81% (0.25) 19.75% (0.40) 12.31% (0.33) 5.77%  (0.23)
Parental Education 86.90% (0.34) 92.70% (0.26) 81.31% (0.39) 61.99% (0.49) 85.83% (0.35)
Family Structure 53.46% (0.50) 58.89% (0.49) 27.19% (0.45) 54.88% (0.50) 58.18% (0.49)
N 8,128 3,837 2,120 1,713 308
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Table A2. Unweighted Descriptive Statistics for Respondents with One or More Arrests (n = 1,904)

Full Sample White Black Hispanic Other

Variables Mean (SD) Mean (SD) Mean (SD) Mean (SD) Mean (SD)
Dependent Variables
Number of Arrests 231 (235) 227  (227) 237 (246) 239 (242) 203 (2.12)
Convicted at Least Once 45.96% (0.50) 51.16% (0.50) 39.27% (0.49) 43.87% (0.50) 44.07% (0.50)
Number of Convictions 075  (1.12)  0.86 (1.19) 0.61 (1.03) 072 (1.12) 0.59 (0.85)
Incarcerated at Least Once 18.49% (0.39) 15.80% (0.36) 21.29% (0.41) 20.98% (0.41) 16.95% (0.38)
Number of Incarcerations 0.28 (0.71) 0.24 (0.67) 0.31 (0.74) 0.34 (0.80) 0.22 (0.53)
Respondent Demographics
White 47.53% (0.50)  1.00 (0.00) 0.00  (0.00) 0.00  (0.00) 0.00 (0.00)
Black 30.10% (0.46)  0.00  (0.00)  1.00  (0.00) 0.00 (0.00)  0.00  (0.00)
Hispanic 1928% (0.39) 0.00  (0.00) 0.00 (0.00) 1.00 (0.00) 0.00  (0.00)
Other Race/Ethnicity 3.10% (0.17)  0.00 (0.00) 0.00  (0.00) 0.00  (0.00) 1.00 (0.00)
Age at Dec 31, 1996 1404 (1.37) 1408 (1.39) 14.01 (1.33) 14.01 (1.38) 14.00 (1.51)
Female 31.51% (0.46) 33.48% (0.47) 29.49% (0.46) 28.07% (0.45) 42.37% (0.50)
Delinquency
Committed Assault 61.50% (0.49) 58.67% (0.49) 67.37% (0.47) 59.67% (0.49) 59.32% (0.50)
Assault Freg. 341 (570) 331  (5.66) 358  (5.45) 343 (622)  3.05  (5.46)
Committed Theft 37.34% (0.48) 38.01% (0.49) 34.03% (0.47) 40.33% (0.49) 40.68% (0.50)
Thefts Freq. 175 (437 175  (433) 152 (3.85) 206 (484) 224  (6.18)
Committed Vandalism 61.61% (0.49) 68.51% (0.46) 53.75% (0.50) 57.49% (0.50) 57.63% (0.50)
Vandalism Freq. 3.03  (5.65) 3.64 (6.13) 2.11 (4.50) 3.11 (5.91) 222 (4.02)
Committed Other Property Off.  34.19% (0.47) 3591% (0.48) 32.11% (0.47) 33.79% (0.47) 30.51% (0.46)
Other Property Off. Freq. 1.57 (425 177 (4.49) 1.21  (3.68) 166 (449 1.41 (4.20)
Sold Drugs 42.12% (0.49) 47.96% (0.50) 35.60% (0.48) 38.42% (0.49) 38.98% (0.49)
Sold Drugs Freq. 537  (9.89) 7.00 (11.54) 324 (6.80) 482 (9.03) 451  (8.76)
Consumed Hard Drugs 33.82% (0.47) 4597% (0.50) 16.58% (0.37) 31.88% (0.47) 27.12%  (0.45)
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Table A2. Continued

Hard Drugs Freq. 379 (7.76)  5.72 (9.13) 1.07  (330) 344 (7.86) 2.95 (6.92)
Consumed Marijuana 77.68% (0.42) 83.54% (0.37) 69.98% (0.46) 74.66% (0.44) 81.36% (0.39)
Consumed Alcohol Underage  93.91% (0.24) 98.23%  (0.13) 87.44% (0.33) 92.37% (0.27) 100.00% (0.00)
Ever in a Gang 10.24% (0.30)  7.97%  (0.27) 12.19% (0.33) 12.30% (0.33) 13.56% (0.35)
Additional Risk Factors

Non-enrollment Dummy 81.78% (0.39) 78.67% (0.41) 83.77% (0.37) 86.10% (0.35) 83.05% (0.38)
Non-Enrollment Waves 227  (1.62) 2.19 (1.67) 229  (1.57) 242  (1.58) 2.25 (1.59)
HS Diploma or Greater 61.56% (0.49) 70.17% (0.46) 52.71% (0.50) 53.13% (0.50) 67.80% (0.47)
Antisocial Peers 242 (1.06) 236 (1.03) 253 (1.10) 240  (1.06) 2.41 (1.03)
Repeated Grade 26.58% (0.44) 21.77% (0.41) 36.13% (0.48) 25.34% (0.44) 15.25% (0.36)
Number of Grades Repeated 0.32  (0.60) 0.25 (0.51) 046  (0.72) 030  (0.56) 0.19 (0.47)
Suspended from School 69.43% (0.46) 60.44% (0.49) 83.07% (0.38) 70.85% (0.46) 66.10% (0.48)
Suspended from School Freg. 1.27  (1.17)  1.09 (1.16) 1.62 (1.19) 1.17  (1.05) 1.25 (1.14)
Geographic Controls

Rural Area 21.06% (0.41) 28.89% (0.45) 17.94% (0.38) 7.20% (0.26) 16.95% (0.38)
Suburban Area 44.62% (0.50) 51.29% (0.50) 29.49% (0.46) 49.86% (0.50) 55.93% (0.50)
Urban Area 34.33% (0.47) 19.82% (0.40) 52.58% (0.50) 42.94% (0.50) 27.12% (0.45)
Northeast US 16.49% (0.37) 17.90% (0.38) 14.83% (0.36) 15.80% (0.37) 15.25% (0.36)
North Central US 22.85% (0.42) 30.61% (0.46) 18.50% (0.39) 10.35% (0.31) 23.73% (0.43)
Southeast US 3871% (0.49) 31.38% (0.46) 60.56% (0.49) 25.34% (0.44) 22.03% (0.42)
Western US 21.95% (0.41) 20.11% (0.40) 6.11% (0.24) 48.50% (0.50) 38.98% (0.49)
Socioeconomic Factors

Disadvantage 15.15% (0.36) 8.13%  (0.27) 26.52% (0.44) 16.23% (0.37) 7.41% (0.26)
Parental Education 77.84% (0.42) 88.46% (0.32) 74.95% (0.43) 54.73% (0.50) 77.36% (0.42)
Family Structure 37.40% (0.48) 46.30% (0.50) 17.98% (0.38) 44.69% (0.50) 44.07% (0.50)
N 1,904 905 573 367 59
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Appendix B: Attrition Analysis and Sample Comparison

Table B1. Comparison Between Analytic and Excluded Samples

Analytic Sample Excluded Sample T-Test

Variable Mean (SD) Mean (SD) Sig.
Dependent Variables
Arrested at Least Once 577% (0.26) 5.85%  (0.25)
Number of Arrests 0.07 (0.31) 0.08 (0.31)
Convicted at Least Once 1.38% (0.12) 1.20%  (0.11)
Number of Convictions 0.02 (0.13) 0.01 (0.13)
Incarcerated at Least Once 0.23% (0.05) 0.00%  (0.00)
Number of Incarcerations 0.00 (0.05) 0.00 (0.00)
Respondent Demographics
White 49.05% (0.50) 54.27% (0.50) **
Black 26.08% (0.44) 22.04% (0.41) *
Hispanic 21.08% (0.41) 20.24% (0.40)
Other Race/Ethnicity 3.79% (0.19) 3.45%  (0.18)
Age at Dec 31, 1996 4951% (0.50) 46.78%  (0.50)
Female 13.94  (1.40) 14.45 (1.33)
Delinquency
Assault Freq. 0.32 (1.28) 0.30 (1.15)
Theft Freq. 0.15 (0.98) 0.21 (1.18)
Vandalism Freq. 0.44 (1.52) 0.40 (1.43)
"Other Property" Freq. 0.13 (0.89) 0.17 (1.03)
Sold Drugs Freq. 0.22 (1.29) 0.35 (1.69) *
Consumed Hard Drugs Freq. 0.04 (0.20) 0.02 (0.15) *
Consumed Marijuana 18.76% (0.39) 21.03%  (0.41)
Consumed Alcohol Underage 41.93% (0.49) 45.71%  (0.50)
Ever in a Gang 463% (0.21) 481% (0.21)
Individual Risk Factors
Enrolled in School 97.81% (0.15) 96.85% (0.17)
Antisocial Peers 2.17 (1.01) 2.33 (1.01) ***

Number of Grades Repeated 0.16 (0.41) 0.14 (0.39)
Suspended from School Freqg. 0.28 (0.45) 0.27 (0.44)
Geographic Controls

Not in MSA 18.20% (0.39) 12.18% (0.33) ***
MSA, Not in Central City 49.61% (0.50) 55.40% (0.50) **
MSA, Central City 32.19% (0.47) 3242%  (0.47)
Northeast US 17.48% (0.38) 20.39%  (0.40)
North Central US 22.40% (0.42) 26.24% (0.44)
Southeast US 37.82% (0.49) 33.58% (0.47) *
Western US 22.29% (0.42) 19.79%  (0.40)
Socioeconomic Factors

Disadvantage 11.84% (0.32) 10.05%  (0.30)
Parental Education 81.83% (0.39) 82.76% (0.38)
Family Structure 49.51% (0.50) 49.63% (0.50)

N 8,128 667
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Appendix C: Unique Effects Models

Table C1. Panel Logistic Regression Models on Arrest OQutcome, Unique Effects

Model 1 Model 2 Model 3 Model 4 Model 5

Independent Variables (S[;l) OR Sig (SEE) OR Sig (SEE) OR Sig (SEE) OR Sig (S[;?) OR Sig

Respondent Demographics

Black 051 166 *** 015 116 * 049 163 *** 048 162 *** (025 129 ***
(0.06) (0.06) (0.06) (0.07) 0.07)

Hispanic 0.05 1.05 -0.07 0.93 0.04 104 0.10 1.10 -0.14 0.87
(0.07) (0.07) (0.07) (0.08) (0.08)

Other Race/Ethnicity -0.12 0.89 -0.12 0.89 -0.11  0.90 -0.09 0.92 -0.17 0.84
(0.16) (0.15) (0.15) 0.17) (0.16)

Age at Interview 0.03 1.03 ** -0.07 093 *** 001 101 0.03 1.03 ** 0.03 1.03 **
(0.01) (0.01) (0.01) (0.01) (0.01)

Female -096 038 *** -082 044 *** -090 041 *** -097 038 *** 099 037 ***
(0.06) (0.06) (0.06) (0.06) (0.06)

Delinquency

Assault 014 115 *** 012 112 *** 014 115 *** 014 115 *** 014 115 ***
(0.02) (0.01) (0.01) (0.02) (0.02)

Theft 014 115 *** (013 113 *** 014 115 *** 014 115 *** (013 114 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Vandalism 0.04 1.05 ** 0.05 1.05 ** 0.04 104 ** 0.04 105 ** 0.05 1.05 **
(0.02) (0.02) (0.02) (0.02) (0.02)

Other Property 0.01 101 0.00 1.00 0.01 101 0.01 1.01 0.00 1.00
(0.02) (0.02) (0.02) (0.02) (0.02)

Drug Selling 0.08 109 *** (007 1.07 ***> 008 108 *** 0.08 1.09 *** 008 1.08 ***
(0.01) (0.01) (0.01) (0.01) (0.01)

Hard Drug Use 006 106 *** 005 105 *** 006 106 *** 006 106 *** 006 106 ***
(0.01) (0.01) (0.01) (0.01) (0.01)

Marijuana Use 097 263 *** 085 234 *** (095 257 *** (098 265 *** (095 259 F**
(0.06) (0.06) (0.06) (0.06) (0.06)

Underage Drinking 055 173 *** 052 169 *** (055 173 *** (055 173 *** 057 177 ***
(0.06) (0.05) (0.05) (0.06) (0.06)

Gang Membership 070 201 *** 056 174 *** (065 192 *** (068 198 *** 065 191 ***
(0.12) (0.11) (0.12) (0.12) (0.12)

Individual Risk Factors

Enrolled in School 042 0.66 ***
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(0.06)

Antisocial Peers 0.18 119 ***
(0.03)
Repeated Grades 012 113 =
(0.05)
School Suspensions 051 166 ***
(0.03)
Criminal History
Prior Record Scale 0.15 116 ***
(0.02)
Geographic Controls
Not in MSA 0.39 148 ***
(0.07)
MSA, Central City 020 122 **
(0.06)
Northeast US -0.17 0.85 *
(0.08)
North Central US 0.07 1.08
(0.07)
Western US -0.02 0.98
(0.08)
Socioeconomic Factors
Disadvantage 0.28 132 ***
(0.08)
Parental Education -0.43 0.65
(0.08)
Family Structure -050 061
(0.06)
Constant -443 0.01 *** -296 005 *** -393 002 *** -455 0.01 *** -379 0.02 ***
(0.20) (0.25) (0.20) (0.20) (0.21)
N 46,673 46,673 46,673 46,673 46,673
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Table C2. Panel Logistic Regression Models on Conviction Outcome, Unique Effects

Model 1 Model 2 Model 3 Model 4 Model 5

Independent Variables (SL;E) OR Sig (SEE) OR Sig (SEZ) OR Sig (SEZ) OR Sig (SEE) OR Sig

Respondent Demographics

Black 0.14 1.15 -0.20 0.82 0.12 1.13 0.19 1.20 -0.16 0.86
(0.10) (0.10) (0.09) (0.10) (0.10)

Hispanic -0.13 0.88 -025 078 ~* -0.14 0.87 0.01 1.01 -0.33 0.72 **
(0.11) (0.11) (0.10) (0.12) (0.12)

Other Race/Ethnicity -0.26  0.77 -0.26  0.77 -0.24 0.79 -0.19 0.83 -0.32 0.72
(0.24) (0.24) (0.22) (0.25) (0.24)

Age at Interview 019 121 *** 008 108 *** 014 115 *** 019 121 *** (019 121 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Female -1.10 033 *** -091 040 *** -097 038 *** -110 033 *** -113 032 ***
(0.09) (0.09) (0.08) (0.09) (0.09)

Delinquency

Assault 014 115 *** 011 112 *** 013 114 *** 014 115 *** 013 114 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Theft 012 112 *** 011 111 *** 011 112 *** 012 112 *** 011 112 ***
(0.03) (0.03) (0.03) (0.03) (0.03)

Vandalism 0.02 1.02 0.03 1.04 0.02 1.03 0.02 1.02 0.03 1.03
(0.02) (0.02) (0.02) (0.02) (0.02)

Other Property -0.01 0.99 -0.01 0.99 0.00 1.00 -0.01 0.99 -0.01 0.99
(0.03) (0.03) (0.03) (0.03) (0.03)

Drug Selling 009 109 *** 007 107 *** 008 108 *** 009 109 =*** 0.08 109 ***
(0.01) (0.01) (0.01) (0.01) (0.01)

Hard Drug Use 0.06 107 *** 005 105 ** 006 106 *** 0.06 107 *** 006 106 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Marijuana Use 096 260 *** 08 236 *** 092 252 *** (098 265 *** (095 258 ***
(0.09) (0.09) (0.08) (0.09) (0.09)

Underage Drinking 065 192 *** 061 184 *** (065 191 *** (065 191 *** (069 199 ***
(0.09) (0.09) (0.08) (0.09) (0.09)

Gang Membership 077 217 *** 063 188 *** (065 192 *** (075 212 *** (070 202 ***
0.17) 0.17) (0.17) (0.17) (0.17)

Individual Risk Factors

Enrolled in School -0.61 055 ***

(0.09)
Antisocial Peers 0.08 1.09 *
(0.04)
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Repeated Grades 0.10 1.10

(0.08)
School Suspensions 050 1.65 ***
(0.04)
Criminal History
Prior Record Scale 0.18 120 ***
(0.02)
Geographic Controls
Not in MSA 057 177 ***
(0.10)
MSA, Central City 0.13 114
(0.09)
Northeast US -0.14 0.87
(0.12)
North Central US 023 126 *
(0.10)
Western US 0.00 1.00
(0.12)
Socioeconomic Factors
Disadvantage 040 149 **
(0.12)
Parental Education -0.43 0.65 ***
(0.11)
Family Structure -056 057 ***
(0.09)
Constant -854 0.00 *** -648 000 *** -738 000 *** 876 0.00 *** -790 0.00 =***
(0.35) (0.43) (0.34) (0.36) (0.36)
N 46,673 46,673 46,673 46,673 46,673
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Table C3. Panel Logistic Regression Models on Incarceration Outcome, Unique Effects

Model 1 Model 2 Model 3 Model 4 Model 5

Independent Variables (SEE) OR Sig (SEE) OR Sig (SEZ) OR Sig (SEE) OR Sig (SEE) OR Sig

Respondent Demographics

Black 082 227 *** 042 152 ** 074 210 *** 079 221 *** 037 145 *
(0.15) (0.16) (0.14) (0.16) (0.16)

Hispanic 044 155 * 031 1.36 040 149 * 057 176 ** 0.15 1.16
(0.18) 0.17) (0.16) (0.19) (0.19)

Other Race/Ethnicity 0.08 1.08 0.07 1.07 0.09 1.10 013 114 -0.01 0.99
(0.40) (0.38) (0.35) (0.40) (0.39)

Age at Interview 028 132 *** 008 109 ~* 019 122 *=** (028 132 *** 028 132 ***
(0.03) (0.03) (0.03) (0.03) (0.03)

Female -1.38 025 *** -109 034 *** -117 031 *** -139 025 *** -145 (.23 ***
(0.15) (0.15) (0.14) (0.15) (0.15)

Delinquency

Assault 013 114 ** 011 111 ** 013 114 *=* 013 114 *** 012 113 ***
(0.03) (0.03) (0.03) (0.03) (0.03)

Theft 012 113 ** 011 112 ** 012 112 *** 013 114 *** 012 113 **
(0.04) (0.03) (0.03) (0.04) (0.04)

Vandalism 001 1.01 0.03 1.03 001 1.01 001 1.01 001 1.01
(0.04) (0.04) (0.04) (0.04) (0.04)

Other Property -0.02 0.98 -0.02 0.98 -0.02 0.98 -0.02 0.98 -0.02 0.98
(0.04) (0.04) (0.04) (0.04) (0.04)

Drug Selling 0.09 109 *** 007 1.07 ** 0.07 107 ** 009 109 *** 0.08 108 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Hard Drug Use 009 1.09 =*=** 0.07 107 ** 0.08 1.08 ** 009 109 *** 0.08 1.09 ***
(0.02) (0.02) (0.02) (0.02) (0.02)

Marijuana Use 078 218 *** 066 193 *** 074 209 *** 079 221 *** 076 215 ***
(0.15) (0.15) (0.14) (0.15) (0.15)

Underage Drinking 042 152 ** 034 140 ** 040 149 ** 043 153 ** 048 161 ***
(0.13) (0.13) (0.12) (0.13) (0.13)

Gang Membership 102 278 *** (085 235 *** (082 227 *** 099 269 *** 092 250 ***
(0.24) (0.23) (0.23) (0.24) (0.24)

Individual Risk Factors

Enrolled in School -1.16 0.31  ***

(0.14)
Antisocial Peers 0.04 1.04
(0.06)
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Repeated Grades 010 111
(0.11)
School Suspensions 058 179 ***
(0.06)
Criminal History
Prior Record Scale 0.21 123 ***
(0.03)
Geographic Controls
Not in MSA 059 180 **
0.17)
MSA, Central City 032 138 *
(0.14)
Northeast US -0.34 071
(0.20)
North Central US 021 123
(0.16)
Western US -0.12 0.89
(0.20)
Socioeconomic Factors
Disadvantage 058 179 **
(0.18)
Parental Education -0.61 054 ***
(0.17)
Family Structure -0.93 039 ***
(0.15)
Constant -11.78 0.00 *** -788 0.00 *** -962 000 *** -1198 0.00 *** -10.83 0.00 ***
(0.60) (0.71) (0.56) (0.62) (0.61)
N 46,673 46,673 46,673 46,673 46,673
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Appendix D: Complete Case Regression Models

Table D1. Panel Logistic Regression Models on Arrest Outcome, Without Imputed Data

Model 1 Model 2 Model 3 Model 4 Model 5
Independent Variables B (SE) OR B (SE) OR B (SE) OR B (SE) OR B (SE) OR
Respondent
Demographics
Black 0.52***  (0.06) 1.68***  0.17** (0.07)  1.18**  0.18***  (0.06) 1.19***  0.18** (0.07)  1.19** 0.05 (0.08) 1.05
Hispanic 0.06 (0.07) 1.06 -0.06 (0.07) 0.94 -0.06 (0.07) 0.94 -0.00 (0.08) 1.00 -0.06 (0.09) 0.94
Other -0.13 (0.17) 0.88 -0.10 (0.16) 0.91 -0.09 (0.16) 0.91 -0.07 (0.16) 0.93 -0.17 (0.17) 0.84
Age 12-14 -0.15* (0.09) 0.86* 0.45***  (0.09) 1.57*** 0.48***  (0.09) 1.62*** 0.49***  (0.09) 1.63*** 0.40***  (0.10) 1.49***
Age 15-17 0.07 (0.05) 1.08 0.41***  (0.06) 1.50*** 0.43***  (0.06) 1.53*** 0.44***  (0.06) 1.55*** 0.36***  (0.07) 1.44***
Age 21-23 0.43*** (0.10) 1.54***  (0.35%** (0.10)  1.41***  0.32*** (0.10)  1.38***  (0.33*** (0.10)  1.39***  0.36*** (0.11)  1.43***
Female -0.97***  (0.06)  0.38*** -0.80***  (0.06) 0.45*** -0.78***  (0.06) 0.46*** -0.78***  (0.06) 0.46*** -0.78***  (0.06)  0.46***
Delinquency
Assault 0.14*>** (0.02) 1.15%**  0.11*** (0.02)  1.12***  Q.11*** (0.02) 1.12***  Q.11*** (0.02) 1.12*%**  Q.11*** (0.02)  1.12*%**
Theft 0.14*>** (0.02) 1.15%**  (0.13*** (0.02)  1.14***  0.13*** (0.02) 1.13***  0.13*** (0.02) 1.13***  0.14*** (0.02)  1.15***
Vandalism 0.05***  (0.02)  1.05*** 0.05***  (0.02) 1.05*** 0.05***  (0.02) 1.05*** 0.05***  (0.02) 1.05***  0.04** (0.02)  1.04**
Other Property 0.01 (0.02) 1.01 0.00 (0.02) 1.00 0.00 (0.02) 1.00 0.01 (0.02) 1.01 0.01 (0.02) 1.01
Drug Selling 0.08***  (0.01) 1.09*** 0.07***  (0.01) 1.07*** 0.07***  (0.01) 1.07*** 0.07***  (0.01) 1.07*** 0.06***  (0.01) 1.07***
Hard Drug Use 0.06***  (0.01) 1.06*** 0.05***  (0.01) 1.05*** 0.05***  (0.01) 1.05*** 0.05***  (0.01) 1.05*** 0.05***  (0.01) 1.05***
Marijuana Use 0.94*** (0.06) 2.56***  0.80*** (0.06)  2.23***  0.79*** (0.06) 2.21***  0.80*** (0.06)  2.22*%**  (.83*** (0.06)  2.28***
Underage Drinking 0.64***  (0.06) 1.90*** 0.67***  (0.06) 1.96*** 0.68***  (0.06) 1.97*** 0.67***  (0.06) 1.95*** 0.69***  (0.07)  1.99***
Gang Membership 0.69*** (0.12) 2.00***  0.56*** (0.12)  1.76***  0.55*** (0.12)  1.73***  0.52*** (0.12)  1.69***  0.51*** (0.12)  1.66***
Individual Risk Factors
Enrolled in School -0.44***  (0.07)  0.64*** -0.43***  (0.06) 0.65*** -0.43***  (0.06) 0.65*** -0.36***  (0.07) 0.70***
Antisocial Peers 0.16*** (0.03)  1.18***  0.16*** (0.03) 1.17***  0.16*** (0.03) 1.18***  (0.13*** (0.03)  1.13***
Repeated Grades 0.12%*  (0.05)  1.12**  0.11**  (0.05) 1.12**  0.10* (0.05)  1.11* 0.10* (0.06)  1.10*
School Suspensions 0.51***  (0.03) 1.66*** 0.48***  (0.03) 1.62*** 0.48***  (0.03) 1.61*** 044***  (0.03) 1.55***
Criminal History
Prior Record Scale 0.07*** (0.02) 1.07***  0.07*** (0.02) 1.07***  0.07*** (0.02) 1.08***
Geographic Controls
Not in MSA 0.40*** (0.07)  1.50***  0.38*** (0.07)  1.47***
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MSA, Central City 0.17*** (0.06)  1.19*** 0.14** (0.06) 1.15%*
Northeast US -0.09 (0.08) 0.92 -0.04 (0.08) 0.96
North Central US 0.12* (0.07) 1.13* 0.17** (0.07) 1.18**
Western US 0.04 (0.08) 1.04 0.08 (0.08) 1.08
Socioeconomic Factors

Disadvantage 0.06 (0.09) 1.06
Parental Education -0.24***  (0.08)  0.78***
Family Structure -0.33***  (0.06) 0.72***
Constant -4.03*** (0.08) 0.02***  -4.49***  (0.11)  0.01***  -443***  (0.11) 0.01*** -4.61*** (0.12) 0.01*** -416*** (0.15)  0.02***
Observations 46,459 44,358 44,341 43,867 39,778

Number of PUBID 1997 8,128 7,766 7,765 7,760 7,012

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
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Table D2. Panel Logistic Regression Models on Conviction Outcome, Without Imputed Data

Model 1 Model 2 Model 3 Model 4 Model 5§
Independent Variables B (SE) OR B (SE) OR B (SE) OR B (SE) OR B (SE) OR
Respondent
Demographics
Black 0.16 (0.10) 1.17 -0.20%* (0.10) 0.82%* -0.16 (0.10) 0.85 -0.11 (0.10) 0.90 -0.31%** 0 (0.11)  0.74***
Hispanic -0.13 (0.11) 0.88 -0.27** (0.11) 0.76** -0.26%* (0.11) 0.77%* -0.12 (0.11) 0.89 -0.22%* (0.13) 0.81%*
Other -0.25 (0.24) 0.78 -0.25 (0.24) 0.78 -0.23 0.23) 0.79 -0.19 (0.23) 0.83 -0.19 0.26) 0.83
Age 12-14 -1.23%%* (0.17)  0.29%*%*  -0.47***  (0.17)  0.62%**  -0.40** (0.17) 0.67** -0.37%* (0.17) 0.69%** -0.40%* (0.18) 0.67**
Age 15-17 -0.36%*F*%  (0.08)  0.70%%* 0.08 (0.09) 1.08 0.13 (0.09) 1.14 0.14 (0.09) 1.15 0.06 (0.10) 1.07
Age 21-23 0.49%*%*  (0.14)  1.63***  0.40%**  (0.14)  1.50***  034**  (0.14)  141**  036**  (0.14)  1.43**  044%Fx  (0.16)  1.55%**
Female -1.10%%* (0.09)  0.33**%*  -0.88***  (0.09) 0.41%* -0.83*%F*  (0.09) 0.44%%* -0.83%*  (0.09) 0.44%F* _0.81***  (0.09) 0.45%**
Delinquency
Assault 0.14%%*  (0.02)  L.15%*t  Q.11%%  (0.02) 1.12%%*  0.11%=  (0.02) 1.12%%%  Q.11%%*  (0.02) 1.12%%F  (.12%%x  (0.02) 1.]12%%*
Theft 0.12%** (0.03) L13%** (. 11*** (0.03) 112%*% Q] 1*** (0.03) LI2%*% Q. ]1*** (0.03) LID***  0.10%** (0.03) 1. 11%**
Vandalism 0.02 (0.02) 1.02 0.04 (0.02) 1.04 0.04* (0.02) 1.04%* 0.04* (0.02) 1.04%* 0.03 (0.02) 1.03
Other Property 0.00 (0.03) 1.00 0.00 (0.03) 1.00 0.00 (0.03) 1.00 0.01 (0.03) 1.01 0.01 (0.03) 1.01
Drug Selling 0.09%** (0.01) 1.09***  0.07*** (0.01) 1.07***  0.06*** (0.01) LO7***  0.06%*** (0.01) 1.07***  0.06%** (0.01) 1.06%***
Hard Drug Use 0.07*%*  (0.02)  L.O7***  0.05%*%  (0.02)  1.05*%*  0.05%**  (0.02) 1.05%** 0.05%*  (0.01) 1.05%** 0.05%*  (0.02) 1.06%**
Marijuana Use 0.94%** (0.09)  2.57%*%*  (.80%** (0.09)  2.22%*x  (.78%** (0.09)  2.19*%**  (.80*** (0.09)  2.22%**  (.85%** (0.09)  2.34*x*
Underage Drinking 0.67*** (0.10) 1.96%** (0. 71*** (0.10)  2.03***  (.71%** (0.10)  2.03*¥**  0.69*** (0.10)  2.00%**  (.74%** (0.11)  2.10%**
Gang Membership 0.70%%*  (0.17)  2.02%%*  0.60%**  (0.17)  1.83%%*  0.54%x  (0.17)  1.72%%%  0.53%kx  (0.17)  1.69%**F  0.48%Fx  (0.18)  1.61%**
Individual Risk Factors
Enrolled in School S0.68%F%  (0.09)  0.50%**F  -0.64%*F  (0.09)  0.53%FF*  -0.64%F*  (0.09)  0.53%FF  -0.59%%*  (0.10)  0.56%**
Antisocial Peers 0.09**  (0.04)  1.10**  0.08**  (0.04)  1.09**  0.10%*  (0.04)  1.10%** 0.04 0.04) 1.04
Repeated Grades 0.08 (0.08) 1.09 0.07 (0.08) 1.08 0.06 (0.08) 1.06 0.06 (0.08) 1.06
School Suspensions 0.50%*%*  (0.04)  1.65%%*  0.45%%F  (0.04) 1.56%**  0.44%Fx  (0.04)  1.55%FF  0.42%Fx  (0.04)  1.53%%*
Criminal History
Prior Record Scale 0.11%** (0.02) LI2%*% Q. ]1*** (0.02) 112%%% Q. 11%** (0.02) 1. 12%**
Geographic Controls
Not in MSA 0.50%** (0.10) 1.66%**  0.50%** (0.10) 1.65%**
MSA, Central City 0.07 (0.09) 1.07 0.04 (0.09) 1.04
Northeast US -0.10 (0.11) 0.90 -0.09 (0.12) 0.92
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North Central US 0.24%*%  (0.10)  1.27%  027%%*  (0.10) 1.3]%**
Western US 0.02 (0.12) 1.02 0.06 0.12) 1.06
Socioeconomic Factors

Disadvantage 0.15 (0.13) 1.17
Parental Education -0.25%* (0.11) 0.78%%*
Family Structure -0.39%**  (0.09)  0.68%**
Constant -4.99%%* (0.13)  0.01**%*  -5.15%¥*%*  (0.17)  0.01%%*  -499%%*  (0.17)  0.01%** -521%%*  (0.18) 0.01*%** 474***  (0.22)  0.01***
Observations 46,459 44,358 44,341 43,867 39,778

Number of PUBID 1997 8,128 7,766 7,765 7,760 7,012

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
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Table D3. Panel Logistic Regression Models on Incarceration Outcome, Without Imputed Data

Model 1 Model 2 Model 3 Model 4 Model 5§
Independent Variables B (SE) OR B (SE) OR B (SE) OR B (SE) OR B (SE) OR
Respondent
Demographics
Black 0.85%** (0.15)  2.34%%x (. 42%%* (0.16) 1.53%**  (.46%** (0.15) 1.58*** . 47*** (0.15) 1.60%*** 0.22 (0.17) 1.24
Hispanic 0.40%*  (0.17)  1.49%* 0.25 (0.18) 1.28 0.25 (0.16) 1.29 0.36%*  (0.17)  1.44%* 0.16 0.20) 1.18
Other 0.09 (0.38) 1.10 0.11 (0.36) 1.11 0.12 0.33) 1.13 0.15 (0.34) 1.16 -0.11 (0.40) 0.89
Age 12-14 -1.40%** (0.26)  0.25%** -0.14 (0.29) 0.87 -0.02 (0.28) 0.98 -0.02 (0.28) 0.98 -0.05 (0.29) 0.95
Age 15-17 -0.54%%* (0.12)  0.58%** 0.23 (0.15) 1.25 0.32%* (0.15) 1.37%* 0.32%%* (0.15) 1.37%* 0.30%* (0.16) 1.35%
Age 21-23 0.75%%*  (0.20)  2.12%%t  0.65%%  (0.20) 1.91*Fx  0.55%t  (0.20)  1.74%eF 058%kx  (021)  1.79%FE Q.67FFx  (0.23)  1.96%**
Female -1.33%%* (0.15)  0.26%**  -1.06%**  (0.15) 0.35%%* -0.97*%*  (0.14) 0.38*%** -0.97***  (0.14) 0.38%** _1.02***  (0.15) 0.36***
Delinquency
Assault 0.14%%*  (0.03)  L.15%*t  Q.11%:%  (0.03)  1.12%%*  0.11%=  (0.03) 1.12%%%  0.11%%*  (0.03) 1.12%%F  (.13%%x  (0.03)  1.14%**
Theft 0.15%** (0.03) L16***  (.13%** (0.03) 1.13%*%  (,13%** (0.03) L13%**% Q. [3*** (0.03) 1.14%%%  (.13%%* (0.03) 1.14%**
Vandalism 0.00 (0.04) 1.00 0.02 (0.04) 1.02 0.02 (0.03) 1.02 0.02 (0.03) 1.02 0.00 0.04) 1.00
Other Property -0.01 (0.04) 0.99 -0.00 (0.04) 1.00 -0.00 (0.04) 1.00 0.00 (0.04) 1.00 0.01 (0.04) 1.01
Drug Selling 0.09%**  (0.02)  1.09%%*  0.06***  (0.02) 1.06***  0.05%*  (0.02)  1.05%*  0.05**  (0.02)  1.06**  0.05%*  (0.02)  1.05%*
Hard Drug Use 0.10%%*  (0.02)  1.10%**  0.08%**  (0.02) 1.08*** 0.07%**  (0.02) 1.07*** 0.08*%*  (0.02) 1.08%** (.08*%*  (0.02) 1.08%**
Marijuana Use 0.77%** (0.14)  2.17%%*  0.56%** (0.15) 1.75%%% (.54 ** (0.14) 1.72%%%  (.56*** (0.14) 1.76%**  (.58%%* (0.16) 1.78%**
Underage Drinking 0.51*** (0.15) 1.67***  0.56%** (0.15) L.75%%%  0.56%** (0.15) L75%%%  (Q.57*** (0.15) 1.76%%%  0.64%** (0.17) 1.90%**
Gang Membership 0.83*** (0.24)  2.29%*%* (. 73%** (0.24)  2.07***  0.63%** (0.23) 1.89%%*  (.64%*** (0.23) 1.90%%* Q. 7]%** (0.24)  2.03%**
Individual Risk Factors
Enrolled in School -1.28%** - (0.15)  0.28%*F*  -121%¥*¥*  (0.15)  0.30%**  -1.21%%*  (0.15)  0.30%** -1.15%¥**  (0.16)  0.32%**
Antisocial Peers 0.06 (0.06) 1.07 0.05 (0.06) 1.05 0.06 (0.06) 1.06 0.01 (0.06) 1.01
Repeated Grades 0.06 (0.11) 1.06 0.06 (0.10) 1.06 0.04 (0.10) 1.04 -0.01 (0.11) 0.99
School Suspensions 0.59%**  (0.06)  1.81*%*  0.50%**  (0.06) 1.65%**  0.50***  (0.06) 1.65%**  (0.48%%*  (0.06) 1.62%%*
Criminal History
Prior Record Scale 0.14%** (0.03) L 14%*% Q. 13*** (0.03) 1.13%%% (. 12%%* (0.03) 1. 13%**
Geographic Controls
Not in MSA 0.43%%* (0.16) 1.53%** 0.31* (0.17) 1.37*
MSA, Central City 0.13 (0.13) 1.14 0.04 (0.14) 1.04
Northeast US -0.29 (0.19) 0.75 -0.33 0.21) 0.72
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North Central US 0.23 (0.15) 1.26 0.26 (0.16) 1.29
Western US -0.00 (0.18) 1.00 0.11 0.20) 1.11
Socioeconomic Factors

Disadvantage 0.19 (0.18) 1.21
Parental Education -0.47%%% (0.16)  0.63%**
Family Structure -0.63%**  (0.15)  0.53%**
Constant -0.61%%* (0.24)  0.00%**  -6.54***  (0.29)  0.00%**  -6.18***  (0.28)  0.00%**  -6.39%**  (0.31) 0.00%** -5.65%**  (0.35)  0.00***
Observations 46,459 44,358 44,341 43,867 39,778

Number of PUBID 1997 8,128 7,766 7,765 7,760 7,012

Robust standard errors in parentheses; *** p<0.01, ** p<0.05, * p<0.1
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Appendix E: Effect of Criminal History Across Race and Ethnicity

To probe whether the effect of criminal history is unequal across race and ethnicity, a series of regression models were run
separately for each group. The results, summarized below, suggest that the effect of prior criminal history may indeed vary across
race/ethnicity. With the exception of the fully specified conviction model, the effect of prior criminal history is typically greatest for
White respondents. Prior work suggests this pattern may be the result of stereotypes associating criminality among people of color
(Steen et al., 2005). Thus, prior criminal history has a greater effect when tied to White individuals, as they are exhibiting a trait
unexpected of their race. The models presented in Table E1 are preliminary in nature, however. More research is needed to thoroughly

examine the extent to which the effect of prior criminal history on future legal contacts is unequal across racial and ethnic groups.

Table E1. Effect of Prior Criminal History on Future Legal Outcomes by Race/Ethnicity

White Black Hispanic
Analyses and Variables B (SE) OR Sig B (SE) OR Sig B (SE) OR Sig
Arrest Analysis
Criminal History Scale (Unique Effect) 0.18 (0.03) 1.20 *** 0.12 (0.03) 113 ***  0.12 (0.04) 113 **

Criminal History Scale (Fully Specified Model)  0.09 (0.03) 1.09 ** 0.07 (0.03) 1.07 * 0.06 (0.03) 1.06 *
Conviction Analysis

Criminal History Scale (Unique Effect) 0.22 (0.03) 125 ***  0.19 (0.04) 121 *** 011 (0.04) 111 **
Criminal History Scale (Fully Specified Model)  0.12 (0.03) 113 ***  0.13 (0.03) 1.14  ***  0.05 (0.05) 1.05
Incarceration Analysis

Criminal History Scale (Unique Effect) 0.30 (0.04) 135 ***  0.20 (0.05) 122 *** (.06 (0.05) 1.06
Criminal History Scale (Fully Specified Model)  0.20 (0.04) 122 *** 013 (0.05) 114 ***  -0.04 (0.08) 0.96
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