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Thisdissertationexploresthe phenomenon of firms inflating or deflating
profits to strategically report accounting prgfknown as earnings managemeht
study the effect of earnings managemennt how scholarsinderstandthe drivers of
firm performanceas well as on th& A NdgvénS§iream resource allocation decisions.
The essays in thdocument are intended to address twodad research questions
First #Sa GKS FANYQa SyR23ISy2dza OHK@dd@& (2 YI y;
bias in econometric models designed to understand, preaictontrol forfirm
performance?Second, doea firm engaging in the choice to manipulaarnings to
smooth out reported profitdlampen the performance feedbagkocess, and thus
engage in less subsequent strategic chageth questionsaddress callso further
knowledgeof how firm performance is measured, interpreted, aménipulated

(Richard et al., 200%;ieberman, 2021)

THECENTRALITY GFRM PERFORMANCE

Perhaps the most central question of strategic management research is how
firms gain and sustain compgtie advantage (Ported,985. Firms create and
capture value bynanaging atock of resources and successful firangethoughtto
haveeither superior resourceand/or a superior way obrganizing and deploying
their resourcesompared to their less successful competitBarney, 1991).
Competition between firms se@lg to create and capture valkel OGa G2 RANBOU
NBE&2dzNOSa (261 NRa dza S aRENEIFISNAnY tHroughth® KA I KS a
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freedomof market exchangerovideincreased prosperitynore broadly for society
(Smith, 1776)

The mechanism of relativérin performanceguiding resources toward their
most productive use is particularijportant in capital markets for publicly traded
corporations.Firms with publicly offered common stock are required to report
financial accounting data quarterndannuallyaccading to generally accepted
accounting principles (GAAf®) companies listeéh the U.S, and to the
international financial reporting standards (IFR8)those listedn most other
jurisdictiong. Many entities rely on thsepublicfinancialreportsto decide whether
to infuse or withdraw resources to the firrmcluding equityinvestors, corporate
bondholdersandpotential mergers and acquisitioriM&A) counterpartiesThese
stakeholders use informatiod Y (G KS FA N)X Qa sedediFtBeNY | y OS | & L.
accounting statements as a key input in decisiaking on whether or not to invest
in, divestfrom, lendto, acquire, merge, or be acquiréy the firm;given this,t is no
wonder that stock price@artov, Givoly, and Hayn, 20G#)dthe cost of debt
(Jiang 2008)are sengive to accounting measures of performangaarticularly
earningsrelative to salient benchmarks

In addition to the participants in capital marketbe public more broadly

relies onfinancial accounting data to gge the relativgperformance oicompeting

1 https://www.investor.gov/introductieimvesting/investingpasics/rolesec/lawsgovernsecurities
industry
2 https:/iwww.ifrs.org/usearoundthe-world/useof-ifrs-standardsy-jurisdiction/
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firms. As Liebermar2021) points outthe notion of competitive advantagenplies
that agivenfirm has better performance than anotheand he suggests th#te
study ofsuperior performance ia cornerstone oftsategic management
scholarshipHe proceeds to notéhe myriad ways that firm performance has been
defined in the literaturemost of thewhichinvolve a form of accounting profitAs
competitive advantage through superior performance is the most cétagc of
study in strategic management, so accounting prsfihe mostcommon waythat

firm performance is operationalized.

ACCOUNTINBROFITS ABERFORMANOAEASURE

It is sensible that accounting prof#t used to judge firm performance. Profit
is simply revenuéa measure of th&alue customers place on the final product or
service)minus costa measure of the value of resources consumed in creating the
product or service)which represerd the most bais calculation of value created and
captured by  FTA NN Q& S ORyy@mparity thie Galiie\ oPtheivdridus inputs
before business activity to the total price paid by customers for the outputs of that
business activity, the value createg the activty is thusmeasuredn accounting
profit (on a balance sheet, this valuerepresented by net income

When comparing firms within and across industries, it is commocscale the

raw earningsaumber by some measure of the size of the fidn. annuahet income

3 For example, Lieberman mentions economic profit, which is defieed accounting profit by also
applying the opportunity cost of capital. As described earlier, evesrost of capital is affected by
relative levels of accounting profit.
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of 10 million USDnay be quite impressive for a small growth firm but seen as wholly
inadequate forApple, IncThe particular scalar used for firm size varies with the
particular aim othe observer. ForexampleQd t Ay3 o6& (KS FANNQA
on sales) ray be informative ifin observer is trying to predict the potentaiofit of
expandinghe size of operationsScaling by théotal value ofcommonstock (return

on equity)or onthe number of shares outstanding (earnings per sha&f interest

to equity investors to gauge thesidualprofits generatedy the various

components of their portfolipbut this measure is more sensitive to the debt/equity
structure of acompany than is return on invested capit&k is discussed in Chapter

2, a ubiquitougperformancemeasure for strategic management egsch is return

on assets (ROAjhich scales the accounting profit of a firm by the total of the
assets listed on its l@nce sheet. This has the advantage of being insensitive to
financial leveragand being comparable across industregaged in very different
work (e.g., one can compare a software developrfent to an oildrilling firmeven

though the type of assetsimed by each are quite different).

EARNINGMANAGEMENT

Managers recognize the importance of earnings as a m@iiaham, Harvey,
and Rajgopal, 2008)ndare incentivized taeport earnings at or above key
thresholds such agrevious performancegains vslosses (zero profitjinancial
analyst consensus expectations, or the earnings of industry [Bergstahler and
Dichev, 1997Du and Shen2018) There are both individudkvel incentives

(includingmaintaining or building reputation, retaining theosition,increasing

4
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compensation through salary/bonusicreasing the value of stodiased
compensation by boosting the share price, or the psychological satisfaction of
attaining goals) as well as firlavel incentives (lowering the cost of capital, aimng
breach of debt covenant&uilding a reputation for trustworthiness or consistency
with shareholders and financial analysts, incretisestock price in anticipation fa&
merger or stockased acquisitionetc.) for reporting above thresholds (Ronamd
Yaari, 2008).

When these incentives guidemanagers to seek profitable projects and
investmentsto makeprocesse®fficient, and to give and inspire additional marginal
effort from employees, these incentiveshould be generally aligned with value
creation.However, there are techniques to temporarily inflate or deflegported
accounting profithat decouple the reported value with thectualunderlying
financial position of the businesBarnings managemewtccurs vinen managers use
suchdiscretion over accounting or operational decisionsti@tegicallyreport profit
(Phillips et al., 2003)

The specifitechnigues managers use to adjust profits strategically are well
summarized by Ronen and Ya@015, p258; 2008, p42-55), but in general
concept, theyrely on two types of discretion manageran exert: 1) the timing of
events,for examplewhen revenues or expenses are recognized, wiate-offs,
impairments,or adjustmentsare made, when new accoung standards are
implemented, or wherassetsareliquidated; and 2) whethe manager must make a

judgment call on quantifying an uncertain future event, such as how many current



credit customersare unlikely to pay, how many years a new piece of equiprisent
expected to last, owhat potential financial penalty may be incurrdde to a

pending lawsuit or regulatory breachA.certain amount of discretion in timing or
valuation of uncertainty is necessary within accounting standards, as managers are
arguably in the best position to make such gakstricting regulations within GAAP
and IFRS to try to eliminate all such disicre would be counterproductive (if even
possible) Additionally, it is difficult to knova prioriwhether a particulajudgment
OFftf A& YIFYALMzZ I GASS 2NI (0 NHzf @Evéngo& hoe I y I 3 S NI
detection is imperfectasdespitepublic firmsbeingrequired to undergo annual
external auditsa substantial portion still are subject to enforced penalties and
restatement (Harris and Bromiley, 20G)d as the share price increase to meeting
earnings thresholds persists even when thersuspected earnings or expectations
management (Bartov, Givoly, and Hag2002).

The factors driving earnings management can roughly be categorized into
WY20A0SQ 2N W2LILR NI dzyAGeQ FILOG2NE® CANRG 2
management include events @onditions where there is direct benefit conditional
on earnings being either inflated or deflated. For example, a firm at risk of violating
debt covenants may manipulate the timing of accruals to increase earnings (DeFond
and Jiambolvo, 1994). Firm mages themselves may have a direct benefit from
earnings higher than salient thresholds due to the triggering of targets for bonus

compensation (Healy, 1985; Guidry, Leone, and Rock, 1999; Tabhir, lIbrahim, and



Nurullah, 2019). These first order factors canitbentified by the direct incentive to

the firm or the relevant top management team members.
There are also second order effects that motivate earnings management by

anticipation that posting earnings above certain thresholds will elicit a positive

reaction in the stock market or will increase the status or reputation of the firm or

its top managers. There is evidence that top management teams manipulate

earnings moreo drive up the stock pricesthen executive compensation has a large

proportion of stockbased compensation (Bergstresser and Philippon, 2006).

Additionally, firms anticipating mergers or acquisitions with a stock component

seem to use earnings manipulation to boost their own share fréfere the

transaction(e.g., Ardekani, Younesi, and Hashjoo, 2012; Meisel, 2007; Zhu and

Lu, 2013)While these aranotives oftangiblebenefits fromdriving ashare price

higher, there isalsoa reputational motive for both the firm and its executives.

Graham, Harvey, and Rajgopal (2005) found that major motivations for GFOs t

YSSG SIFENYyAy3a o6SyOKY!Il NJ #&helaapial maké & 6ldak R RGO H NS

SYKIFIyO0S GKS GSEGSNYIf NBLMzil GA2Yy 2F YIyl3as
In addition to thefactors that motivate earnings management behavior,

there are also conditions that constrain or enalbhe flexibility and discretion used

for such manipulationThisincludesbroad statutory or regulatoy changes

impacting accounting standards and practice, for example Séwdanegxley Act of

2002 (SOX)put also includes industry dirm-specific factors!  FANX Qa 3JI2OSNY | y

structure (Davidson, Goodw#Stewat, and Kent, 2005Yhe powerof top executives



visavisoutsidedirectors(Baker et al., 2019and thecompositionand activities of
shareholdersuch as theelative proportion of institutioml investorsthe presence
of shareholder actigim, et. (Hadani, Goranova, and Khan, 20&4y alsanable or
constrainmanagemen® abilityto manageearnings in additioro their incentives to

do sa

RESEARCAGENDA

Many of the factorsthat drive or mitigate earnings management behavior
relateto corequestions of vlue creationand thusto strategic decisioemade by
the firm. It is at these intemsctionsthat issues about the accurgofreported
earnings and thguality of afirm@ earnings (i.e., the likblbod that theywill
endure) cross over taore strategiaecisions, suchs how firms position for
execute and integrateafter mergers and acquisitionsow senior managemerns
compensated to best align stakeholder interester what organizatioal and
governance struatre provides effective oversight of activities most efficienffis
poses interesting questions abowhether firmsmake such strategidecisionsin
part, to later facilitate more flexibility to manage earninger ifthe decision to
manage earnings now hadfects on sbsequent strategic decisions of the firin.
also calls intguestionwhether the disconnect between reported performance and
the underlyingtruth for a given period couleebd us astrgas scholars studyinye
antecedents okuch performance.

The two essaypresented in this dissertatioare part of an overall research

agenda in which | plan &tudy the impact of earnings management the science
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and practice of strategic management. The research will fall into tbagegories
The firstcategoryis to examine the effect adarnings manipulation on econometric
models of interest to strategy scholars. The second and third categoiy éoek at
strategic decisions downstreaand upstreamrespectivelypf a firm engaging in

earnings manipulation.

Measurement / Econometric Effects

Essay 1 of this dissertatigamovides quantitative estimates of the extent of
earnings management amongiplic firms and estimates the neslassical
measurement error present in publicly reported income numbers. By using an
algorithmic bunching estimator pioneered by scholars in economics (Chetty, 2012;
KlevenandWaseem, 2013; Diamond and Persson,&0disontinuities in the
distribution of annual firm RO&re compared against iterative counterfactual
functional forms to estimate 1) the range of probable earnings management, and 2)
how much mass has shifted from one part of the distribution to the other.
Operational cash flowsver asset§OCIPA) isused as an alternative measure to
serve as a counterfactual for the distribution of R@Account for endogenous firm
effort near aspirational thresholdé\n updated study in the decomposition of
variance of préitability is conducted in the spirit of McGahand Porter (1997,

2002 and Mackey2008) to revisit how much variance in profit can be explained
through various components. The results suggest that earnings management

reduces the overall amount of varie@ explained by approximately 10 percentage



points, as well as shifting our understanding of how much variance each individual
component explains.

| plan to extend this work to apply the findings to previous empisaak in
strategy, particularly on studies of top management team (TMT) eff@stgarnings
management behavias driven substantially by the CEO, the CFO, and the
governance structures within which they operaiopen and Yaari, 2015), the ron
classicameasurement error caused Ishould be particularly salient for studies
attempting to equate TMT or governance characteristicsubsequent performance
or strategic changeRather than focus on one constructive replication of awell
known finding this wok wouldtake a comprehensiviook at the literature stream
to look for common patterns of biase.g.,CEO narcissis{€hattejee and
Hambrick, 2007; Haret al, 2017)may have armverstated effect on performance,
as earnings management may lead to the idication of CEOs who are more
aggressively manipulating rather than more effectively manadihgs is the primary
concern that earnings management could threaten inferentee as scholars
misinterpret being more aggressive in earnings management iag) lgpod at
creating valuédecause we takeeported earnings at face value, this colddd us
astray inour efforts to understand and explain superior performance.

The other planned addition to this work is to creaguide of which factors
important to managementnd organizationatheory are most strongly correlated
with earnings management, along with tangible examples of econometric models

with and without controls for this biashe intention is to not only enhance previous

10



work but providesensemakig of the existing knowledge asguide for future work

in this area

Downstream Effects of Earnings Management

Essay ®f thisdissertatiorS EI YAy S& GKS Ol dzalt NBtLF A2y
earnings smoothing activity and subsequent propensity for strategic chaimge.
essay explores the implication thfe core prediction of thédehavioral theory of the
UNVGKEFG | UNY Aa YnsthRgidchahge ivien it$ gerfdsnyamck 3 S
falls short of its aspirationsf by engaging in earnings smoothing, managers are
more likely to report earnings above aspirations, does this then suppress future
change?T'he study includes two instrumental varlab to aid causal identification: 1)
the influence of earnings smoothing by industry peers and 2) variation in special
items.

The resultsuggest that firms tha smooth earnings are more likely to report
earnings aboverganizational aspirations than firms who do ndhis effect holds
for four different types of organizational aspiratiofmevious year performance,
average industry @rformance, posive vs. negative profit, andnalyst consensus
expectations) but the effect seems to be strongest fpostingnon-negative
earnings Furthermore earnings smoothing leads to a lower propensity to change
major resource allocations (R&D spendinG&3 spending, debt/equity ratio, etc.)
in subsequent period#Approximately40 percent of the dfect of earnings
smoothing to lowersubsequenstrategic changés accounted foby whether or not

the firmsreported earnings above aspiratians

11



Thinking aboutmechanismby whichaspirationattainmentmediates the
effect of earningssmoothing on strategic changaises intereshg implications for
performarce feedback theorywhile it iswidelyaccepted irthis literature that
performance below aspiratiorsngendersorganizational search arthange Gavetti
et al., 2012in this caseearnings smoothing isatouplingthe performarce that is
reported publicly from thainderlyingactual performance for any given time period.
If one takes the perspective thatanagers actively manipulag earning have
private information e what the counterfactualinmanipulated earnings would be
(and thus that they would haviallen short ofthe salient aspiratiorsave for the
manipulation) thenthis would imply thatpart ofthe classic performance feedback
findings aroundgerformance shortfalls and changedue topressures or
expectations external tahe firm managment. These external pressuresme from
uses of reported financial data, includirsiparehotlers,analystspondholdersand
counterpartiesfor future transactiors.

If onerelaxes theassumption that managsersmoothing earnirgthave a clear
understanding of what their counterfactual oranipulaed earnings would have
been, this opens upther interesting mechanismsg.or ekample,scholardrom a
sociological lesstudying the budgehgprocess of a firm as ritudlescribe a proces
of negotiationand dreificatiorg resultingin the formal budget(Mazmanian and
Bedkman, 2018)In practice,oncethe process of creating financial statents

conclues,the reported figures mg holdsimilar salience inside the firm as they

12



outside the firm,evento the pointof reducing or eliminating the salience ‘tiow
the sausage was mafa the first place.

| plan to extend this work bgxploring whether the negative relationship
between earnings smoothing and strategic change described above is a mechanism
by which firms go down the slippery slofgeoutright financial fraudChu et al.
(2019)present results suggesting that firms that consistently meet or beat earnings
estimates are more likely to engage in outsmfeGAAP fraud. Anth their work on
firm financial restatements prompted by SECctam, Harris and Bromiley (2007)
proposean extension of the traditional performance feedback model thaen
firms fall short of their aspirations, they can choose to lie about their financial
position(i.e., engage in financial manipulation outside tdodetion allowed under
GAAP)ather than engage in search and change. This substitution eftedt
happen earlier in the procesand earnings management suppressing strategic
change through aspiration attainment could be the causal mechanism underlying
the results seen by both Chu et al. and Harris and BronBlgwpplying a similar
instrumental variable approach as in Essay 2 for identification, the work could then
be extendedo look at the likelihood for subsequent SEC enforcement actions on

smoothing firms and test whether low strategic change precedes this effect.

Upstream Effect®f Earnings Management

Just as there are downstream strategic decisions that are enabled or
constrained byengaging in earnings management, there are many questions to

explore regarding strategic decisions maitiat give managers the flexibility to
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manage earnings later.®a ¢ GKIF G &SS& SFENYyAy3a YIFyl 3ISYSy
GKS 3FrYSe¢ FyR GKIF G A a-temnidlue forfrg shorermad I ONRXA FA OS
benefit of smoah or reliable earnings (see Graham, Harvey, and Rajgopal, 2005)

may make resource gathering or allocation decisions on the front end to give

themselvessuch flexibility or to reduce the cost (or chance of detection) of

manipulation.

There are two projectsintend to explore on precursors to earnings
management. The first is whether firrttzat subsequently engage in manipulation
choose certain types of projects to greenligintassets to acquirthat give them
ample discretion in timing oraluation of financial event3his could includeternal
R&D or external business development opportunitieg (| M&A targets). This study
could look at either a process level (swshthe different hurdles applied during
project evaluation or by examiing thecharacteristicactual projects funded or
companies acquired.

The second project is to examine tbganizational structuref a firm that
enable subsequent earnings managemértiere are plausible treatment and
selection effects that could be epating here. A possible treatment effect would be
anew CEO or CFO that wants to engage in more manipulatipfemening
organizational changes to centralize authority regarding key levers of earnings
managementThe selection effect could occur on eithede of the twesided
market to place top executives in the role.CEO or CFO who was willing to engage

in more aggressive earnings management may find more opportunity in a firm

14



structured to enable this as an optio@n the other side of the market¢hkolars

have explored how firmseeing the need for earnings management may recruit top
SESOdzi A ¥Sa 6AGK WY2NI f holivelfaBitet a.,f2R0). IFLISNEA 2 v |
this is true, it stands to reason that the organization would aldopt ormaintain a

structure giving those recruited managers the tools to accomplish the earnings

management sought.
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wSaSkNDKK
INTRODUCTION
Investors, managers, and scholars all relyaocountingbased measures of
LJdzo f AO UNY)Y LISNF2NXIYyOSd ! Odz2NE2NE aSlF NOK 2

2OSN)J HHZAnn LI LISNBEZ RAAGOGNAOdzZESR 2@SNJ Ydzt G A

G/ 2YLIzaGFGE YR awShGdz2NYy 2y | a3 Stuaditidne ¢ KA A LI

ax

2F dzaAy3d FOO02dzyiAy3d RFGIF G2 &addzRe 020K GKS
Porter, 1997, 2002), and the persistence of performance (Rumelt et al., 1991;
5Q! gSYyA SO fdX wamMnod® az2NB2@0SNE NBLIRZ2NIAY3
publioOf @ GNJ} RSR UNXasz LINPOGARAY3I aO0OK2ftl NE SAGK
convenient, and broadly accepted as important.

At the same time, there is a substantial accounting literature on earnings
Yyl 3SYSyGsx RSUYSR | & NBLIR2dMbkehofdgs abdut G | A Ya
0KS dzy RSNI eAy3a SO2y2YAO LISNF2NXNI YOS 2F GKS
outcomes that depend onreporteld OO2 dzy 0 Ay 3 ydzYo SNBE 61 Sl te |
1999)3 Although our impression is that scholatsi dzZR&@ Ay 3 UNXY LISNF 2 NXY | y (

generally svare that accounting adjustments can obscthe link between real and

4This chapter is cauthored with Dr. Timothy Simcoe and Dr. David Waguespack

SWe use the term fiearnings manipulationodo to describ
under Generally Accepted Accounting Principles (GAA
accounting proyts. The term does not imply fraud.
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NBLI2ZNISR LISNF2NXIYyOS:E 6S UyaBcoudthidN\E FSg OAl !
NEASIFNOK Ay USftf Ra adzOK I &WespetlatétBathis> Uy | y OS
2YAaaArzy NEDKIQIH A IyKAQIFIHQANR 2y > Ly | OGAGAGE
ishard to systematically assess. Moreover, scholars may implicitly assume that any
Gy 2R¥¥S4 OONHzl £ F O02dzyGAy3a gAtft obFfl yOS 2dzi
market willdetect nontrivial misreporting.

Ly (GKA& YIydzZzaONRLIGI ¢S UNBRG SadrofAakK GK
introduces norclassical noise, and distorts our understanding of broad drivers of
UN)X LISNF2NXIyOS® 2SS 0S3AAY GAGK | &aAYLI S Y2
earnings that predicts bunching in reported earnings just above the zero returns
threshold. We then turn to data from Compustat and Execucomp and document a
RA&AO2yGAYydzAGe Ay GUKS RAAGNAROdzGAZ2Y 2F wSiddzN
employ a bunching estimat (Chetty, 2012; Kleven and Waseem, 2013) to estimate
GKI G | LILINE EA Y I G Syear obsepratiadS Nd&s8ifyed froth fiegdlivelo
LI2AaAGAGS LINRPUGFOATAGED 2KAES AGNATAY3IZ GKA
SYyR23ASy 2dza iGirighdider wheh widid Srikidgdisthncé a goal) as
well as accounting tricks. Therefore, we next demonstrate that for Cash Flows from
Operations on Assets (OCFOA), an alternative accounting measure that is arguably

less subject to manipulation, onpproximately four percent of observations shift

5 For example, at thtime of this writing, the seminal study of earnings management by Burgstahler
and Dichev (1997) had been cited over 5,000 times. It received one citaBtmatiegic Management
Journal three in theAcademy of Management Journal y v e Journal ot Rhamce and none in the
Quarterly Journal of Economics
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from the negative to positive region. Finally, we conduct a decomposition of
variance, in the spiriof canonical analyses found in Schmalensee (1985), Rumelt et
al. (1991), and McGahan ararter (1997, 20P), comparing results based on ROA
GSNRdza h/ Ch! ® 2 $andgémentintay obfusSate NO/paryedt dr
more of the variance in earnings that scholars pagdict using these factors; and
moreover, the manipulation changes the relative importaoténdustry> & Bidd
CEGlevel factors.
The issues of performance measurement and the match to theoretical
constructs are of longtanding concern in management scholarship (Winter, 1995;
[ ASOSNXYIYZ HAHUMOD !y SYSNHAY3 dendeéSihY 2F NB
I 002dzyGAy3 YSI &adzNBSaz adzOK a GKS RAAGAYOGA
maximization (Levinthal and Wu, 2010; Shapira and Shaver, 2014), &sus
longterm value creation (Wibbens and Siggelkow, 2020), cleavages between value
creah 2y YR OFLIGIdzZNSE O0[ ASOSNXYIY S IfdX HamMTDO
non-owned assets (Barney, 2019). We contribute to this line of work by
documenting how accrual accounting may systematically obscure understanding of
GKS NBfIFIOA2YyARKEINO\SHS ISR NG O2YSas | yR o8
simple solution of checking results with an alternative accounting measure. While
we embed our variance decomposition analysis within a broad line of empirical
inquiry, we believe there is much poteniti@r strategy scholars to examine whether

FYR K2g Y2NB aLISOAUO UNXY | OGA2ya I NB AybdzS
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THEORYEARNINGM ANIPULATION ANBUNCHING

¢tKA&a aSOiA2y LINBaSyida || aAiAyYLI AUSR Y2RSt
the more generaltreatmeh Ay Yt S@SYy édunmcO® hdz2NJ Y2RSE A
whose true performance is a random variable denoted byhe CEO observes her
UNX¥Qa LISNF2NXI YyOY Fy R wheteh @gresents aBouddingJi
adjustments. In our empirical contexy,correponds to publicly reported

accountingbased performance measures.

We assume that adjustments incur a quadratic @sd —, so unbiased

reporting is free, and reporting costs increase (at an increasing rate) with the size of
any adjustments. In prac, the costs of earnings management may show up in a
wide variety of ways, such as a loss in credibility, managerial distraction, the direct
Oz2ada 2F +y |dzZRAGE AYyONBIFASR UylFyOAlLf O2ya
adjustment by undestating futureLIN2 UG a ® . & | Ri@rhdjuadyaic | NI R dzO S
cost function, we are emphasizing expositional clarity and convenience over realism.

The CEO chooses adjustments, (2 YFEAYAT S KSNJ LI &z2d03x 4

following form:

max U(a:m) = (7 +a) +B - 10y — c(a) (1)
a ‘—\,_/
R
where is an indicator function that equals one if and only if the repoftis

nony S GABSP® ¢KS /9hQa LYt@cgiurekhy OddBhata Sa f Ay S|
she wouldgenerally like to report better performance. Because she also pays a

quadratic adjustmencost,® ¢ , however, there is a limit to the size of any

19



distortions. The parametéi isad 0 2 y dza ¢ LJ A R { -Regdtive$epart9 h T2 NJ |
This bonus could represent an actpalyout, a reduced probability of termination,
or simply a psychological Sy SU G I @MRROAGYIRR t 2aAy3 Y2y Se oé
the underlying cause, the bonus produces a discontinuous jump in the marginal
0SySUGa 2F SINYyAYYIa THis jypEIVSIYSIR dK Sy 230 OKe A
LJdzof AO Uyl yOS tAGSNI Gdz2NB o

Asabaselinen®St 2F SIFNYyAy3Ia YIyALdzZ FGA2yT 02
the absence of a notch (i.e., whén ). Given the linear quadratic structure of

SljdzZ- GA2Yy O m voHer gokdition révdal® thads U NETHe CEO will always

make optimistic reports, anthe size of her adjustments will naturally decline as the
cost of misreporting, , grows larger.

.ST¥2NB O2yaARSNAYy3 K2g | y200K FaSoOda i
and consider the implications of this baseline model for empirical strategarel.
Because the CEO always makes adjustments, a researcher never actually observes
GGNHzSE LISNF2NXIFYOSd® hy (GKS 20KSNJ KFEYyRZ (KA
particular, variation in underlying performance, maps directly into variation in the

optimalreport,’Y “ -, For example, in a statistical analysis that seeks to explain

how some factor or decisio® impacts observed performanc¥, all reporting

distortions can be swept away simply by including a constant term in the regression.
Unfortunately, this argument only goes so far. In our modéis constant only

0SOlIdzaS GKS YINBHAyLf O2aia IyR o0SwSUGa 27

general, as we now illustrate for the case of a notch, misreporting might be
20



correlated with“ , &, or both, leading to welknown problems of omitted variables
or simultaneity.
To see how this can happen, consider our baseline model with a notch
inducedbyd md ¢KS /9h y2g KIFIa Iy AyOSyuAa@sS G2 a

reporting’Y  tt(or equivalentlysd ‘0 X Fa f2y3a a GKS UN¥Qa 0

close enough to the reporting threshold. In the Appendix, we show that this happens

when* “ k - — .Thisimpliesthali KS / 9hQa 2LJiAYlFf NBLI2N
is:
pY B "Q'I‘Qe “ Fl E
s I [
o g P
w r

Figure 21 graphs this optimal reporting strategy and illustrates the
distribution of'Ywhentrue performance is normally distributed. As illustrated in
NAIKG LI ySt I thekdiStiBtionotirepbrts jind feov ¢ 1, And a

spike or maspoint at zero, because all dfK S UNXa GA 0K (NXzS LISNF 2N
interval “ - shift their reports upwards to zerd@.his is the key feature of the

model that we will examine in our data.
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Figure 2-1: Optimal Reporting (left) and the Distribution of Reports (right)

P(R)

Y

R=0 R

Although the predictions of this simple model are very sttty can be
relaxed. For example, if we allow the marginal cost of adjustnierig vary across

P NN

UNXYa 2NJ AYiNRRdzOS |y ARA2a4@yON} GAO ESR 2

0
/ 9hQa YlI& OKz22a$S (2 YI1S atAaakate yS3alFiArAgs
extensions here because the purpose of the simple model is not to capture every
feature of the data set described below. Rather, our aim is to illustrate a set of
AYyOSyiaAaA@Sa GKFEG OFy 3SYSNIrGS o0dzy OKAy3 Ay N
bunching obsered in our data to illustrate how earnings management can distort
empirical strategy research.

I Uyl t LRAYGOG Foz2dzi 0KS Y2RSt GKIFG YSNRG
AYOGSNILINBGFGAZ2Y 2F (GKS /9hQa OK2AO0S® ! LJ (2
GFr R2adzatYSyiGdaé FyR |aadzySR KIG Ad NBLINBAaSY
UyR GKI G Ay dsBlibllodeBoild dadilyy a8t I aYIl ylFr ISNRF ¢
argue that a better interpretation of any observed bunching is ekity NRSNJ St SO

AYRdzOSR o6& GKS alryYyS y240K Ay GKS /9hQa LI &
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introduce a second performanceeasure that is harder to manipulate and show
GKFG GKSNB Aa I a2adSYFiAO RAGSNBYOS Ay (K
outcomes. Because that approach is fundamentally empirical, we now turn to a

description of the data.

CoONTEXTPUBLICHRM PERFORMNCEDATA

Return on Assets (ROA) features prominently in strategy research on the
drivers of organizational performance. For example, out of approximately 860
empirical articles published in tH&trategic Management Journbétween 2011 and
2020, we foundhat 238 articles (27%) reference ROA. The popularity of ROA as an
outcome variable in the empirical strategy literature is due to at least three factors.
CANBGEZ wh! A& O2YLINIoOtS | ONRP&aa UNXYa 2F RA
capability of maagers to generate value from a stoakresources (Barney, 1991,
for example). Second, ROA is a key outcome variable used by investors, making it
reasonable to assume that managers also focus on that outcome. Third, and perhaps
most importantly, the undeyling components of ROA Net or Operating Income
and Total Assets are part of the mandated reporting requirements for publicly
GNI RSR ! ®{ ® UNXa&aX YR INBE (KSNBEF2NBE NBI RAf
Compustat database.
Because our aim in this papisrto illustrate the potential importance of
earnings management for Strategy research that takes ROA as an outcome, we also
use Compustat data. Tablel2below reports descriptive statistics, and Tabi2 2

correlations, for selected variables from theruustat database using data from
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1992H nmy ® 91 OK (FofS O2yaAARSNAE (g2 &l YL Sao

publicly traded in the United States (N=210,797). The second sample (N=171,328)

SEOf dzRSa UNXN& Ay GKS UylryouOt GAa8PEAHNILOBGIOF
the 6000s) or public administration (SIC codes in the 9000s) as is common in many

I OF RSYAO aitidzRASE GKFG dziAt AT S wh! & . 20K &t
entering in 1992 or the year they became public and exiting in 2018esoyear they

ceased being public.

Table 2-1: Summary Statistics

All Industries

Variables Observations Mean Std. Dev. Min Max
Fiscal Year 210,797 2005 7.670 1992 2019
Total Assets 210,797 9,127.191 82,896.37 0 3,771,200
Net Income 210,797 161.497  1,306.279 -99,280  99.806.04
ROA 210,797 -0.034 0.224 -1 1
OCF 210,797 369.056  2,570.763 -110,560 166,671.5
OCFOA 210,797 0.031 0.193 -1 0.999
Earnings Smoothing 145,479 2.692 6.311 0 520.836

SICs in 6000s and 9000s Omitted

Variables Observations Mean Std. Dev. Min Max
Fiscal Year 171,328 2005 7.670 1992 2019
Total Assets 171,328 3,688.508 16,842.77 0 551,669
Net Income 171,328 145.215 1,211.2 -98,696  98,806.04
OCF 171,328 352.571 1,853.95  -16,856 81,266
ROA 171,328 -0.042 0.236 -1 1
OCFOA 171,328 0.032 0.202 -1 0.999
Earnings Smoothing 117,585 2.109 2.243 0.090 20.544
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Table 2-2: Cross-Correlation Table
All Industries
Variables Fiscal Total Net ROA OCF OCFOA Earnings
Year Assets Income Smoothing

Fiscal Year 1.000
Total Assets 0.068  1.000
Net Income 0.071  0.357  1.000
ROA -0.046  0.027  0.106  1.000
OCF 0.075  0.379  0.546 0.062 1.000
OCFOA -0.036  0.007  0.072 0.697 0.079  1.000
Earnings Smoothing -0.021 0.109  0.046 0.101 0.010  0.043 1.000

SICs in 6000s and 9000s Omitted

Variables Fiscal Total Net ROA OCF OCFOA Earnings
Year Assets Income Smoothing

Fiscal Year 1.000
Total Assets 0.115  1.000
Net Income 0.071  0.605  1.000
ROA -0.068 0.082  0.123  1.000
OCF 0.100 0.875 0.748 0.095 1.000
OCFOA -0.040  0.080  0.090 0.718 0.112 1.000
Earnings Smoothing -0.097 -0.002  0.021 0.246 -0.002  0.174 1.000

Most of the variables used in our analysis are quite standard. Net Income, Total

1 3aSiax IyR h/ C 6bSi OFakK b2ga FTNRBY 2LISNI

[ 2YLdzadF 4 FNRY oK 3t ANMEGE Ay WKOzZIGKISImA{A%/ (G KS Ol

the company would have reported had it constructed its income statement on a

OFaK oFlaArada NYGKSNI GKIyYy |y HMDONHzZ f ol araé¢ o6
OCF plays an important role in our analysis, and it can be calculated in two

ways: the direct method (i.e., noting the cash received or cash paid for all operating

transactions), anthe indirect method of starting from Net Income and removing all
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non-cash gains or lossé#t a conceptual level, Net Incongehe numerator of ROA
¢cNBLINBaSyda GKS LINR UG 2 Ndade@a@cdunthd, while 0 dza A Yy S & ¢
h/ C NBLINBaSyiGa GKS LINPUG 2N 2BDATDNR Y 2 IS N,
dzZaAy3 h/ C a | YSIadz2NE 2F thhskdnmelsids2 NY I yOS
NEY2@SES QUK TFSMAYydSaidAay3 yR UylFyOAaAy3 SuaSoOia
YR aLISOALITf AGSYadashbobRransdctonsSuclbad®i a 2F y2y
depreciation, amortization, or boekalue changes in asset or liability valuatiom.
FRRAGAZ2Y (2 msk&udidappddr@d jtlial antri&s in the corporate
accounts, OCF is also not sensitive to broad accounting policy decisions such as the
choice ofinventory valuation method (e.g., LIFO vs. FIFO), when revenue is
recognized, or allowancder potentiad outcomes (such as anticipated customer
returns). Because it is less sensitiveséwious discretionary choices that managers
Oly dza8 (2 Aybdz2SyOS pelisduErabk tolatd@ittiigz h/ C &K
based earnings management than ROA.

ROAina@Sy @SINJ F2NJ I IFAGBSY UN)¥Y A& OIF f Odz |

convention, by dividing Net Income by the Total Assets from the prior year. Similarly,

'Speciycally, the items that are removed are typica
non-cash assets (such as accounts receivable, inventory), and changes to cucashiabilites

(such as accounts payable).

8 Some scholars use Operating Income or adjusted income such as Earnings Before Interest, Taxes,
Depreciation, or Amortization (EBITDA) to calculate ROA. These other inebased measures

relieve some of the potential erfoom earnings management, as they strip out certain sources of
accountingbased discretion, but OCF excludes more potential sources for accebasied)

manipulation by restricting fully to a cash basis.

There is evi de nmethodsimadditios to atsruals to engage is earnings
management (Zang, 2012; Roychowdhury, 2006; Graham et al., 2005). Mismeasurement caused by
these other types of activities may not be detected by our analysis. Thus, our estimates are likely to
represeha conservative lower bound on the potential impact earnmragsagemeninduced

measurement error have on ROA.
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OCFOA is calculated by dividing OCF by the Total Assets of the prithByear.
construction, OCF and Nincome are strongly correlated, as are the two
performance measures ROA and OCFOMthough OCFOA is not widely used as a
performance measure in the strategy literatuse found only six instances in our
corpus of SMJ articles, it is cledrhked to operationaperformance, and for the
reasons described above, less subject to accounting manipuldtzonROA.
9FNYyAy3da {Y220KAYy 33X (KS1laod2R iswall NAl o6t S f
known to accounting scholars (Leuz et al., 2003; Dech@k,2010) but less
common in strategy research.it. Aad RSUYSR I a &aidlyRINR RSGALl
by the standard deviation of ROA, calculated over the trailing 12 quarters (and
therefore computed from quarterly rather than annual data). Earnings Shiogts
constructed such that a higher ratio indicates smoother earnings relative to the
dzy RSNXI @Ay3 OFakK b2gad alye YIyl3ISNB LINBFSN
2005), and the intuition behind this variable is that a large discrepancy between
varlk GA2Yy AY 2LISNIGAYy3a OFakK b2ga YR @FNRFGA?Z
OKFG F UNY A& AyGaSyidazylrftfte avy220iKAy3a SI Ny

j dzZ NIISNR | yR adl &aKAyYy 3 Hitgslingportadu® hbte hatR dzNA y 3 3

10 Total Assets from the prior year is used in order to avoid time reversal, for instance such that

declines in Net Income or OCF early in thewyprompt asset depreciation later in the year.

11 See Figure C.1 in Appendix C.

12 Although there are other measures for earnings management/earnings manipulation that hold value

(for example, the Modiyed Jones meéohdfeathingsechow et a
variation in cash pows has helpful features for our
and isolating discretionary accruals, this method c
income smoothing (Ronen and Ya&008). Additionally, this method does not require the existence

of a-mAnopul atedo period f or e aedscrefionany atcrualm whi ch t o
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while Earnings Saothing provides some evidence that earnings are being

intentionally managed from perictb-period, it does not provide information on

GKSOGKSNI Fye ALISOAUO LISNA2RQA SIENYyAy3aa KI @S
counterfactual earnings should have been.

BeF2NB GdzNYyAy3a (2 GKS lylftearazr oS OoNARSD
accounting which, when used properly, can add useful information to reported
SENYyAy3Iad C2NJ SEF YL ST &dzLdll2aS | UNXY Ay OdzN
paid in cash 30 daystef the 1st of each month. Under caslased accounting, the
UNXY ¢2dz R aK2g¢g Y22yikKte SELSyasSa 2F bp-3I bnaz
March, respectively. In contrast, because of the matching principle, accrual
accounting would show an expense of $xlithree months. Because the company
incurred the liability when it used the facility, the accrual accounting method shows
' GNHzSNJ LIAOGdzNBE 2F (GKS Uy I-bAedrethodAly LIF OG 2 F
econometric models that use monthly panel data might therefore expect ROA to
LINE RdzOS | 6SGGSNI UG GKFY h/Ch! @ {AYAf I NI I N
2F Ay@SadyYSyid FyR UylFyOAy3 OGAGAGASAD

On the other hand, accrual accounting implies a degree of managerial
discretion that can be used to @lscate underlying performance. Suppose, for
SEI YLX S (KI G I -badddrlossobdy thviheimSrih by selidy a K

LINR RdzOG 'S FyR | OlFak LINBUG 2F b GKS ySEI

5

patterns. Finally, the ratio of standard deviations is more intuitive for @oomunting auénce than
detecting anomalies in speciyc accrual accounts wou
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Fy | OONXzkt (G2 Aybl GSg., hyMiBKInG @mokeiggiedsi®e UNEBR G Y 2
prediction about its receivables), and then unwinds that accrual in the next month,
the pattern of returns would be $0, $0 under accrual accounting-8\vd $Y based
2y OlFlaKad /2yaSldsSSyidtesr HWINRUINDAIMAE PP dr IRN.
no clear result if ROA is used as the outcome variable, but would showrtbzict

Ad aa20A1 SR 6AUK INBFGSNI LINPUG 6KSY dza
Affdza0iNI GSa gK& GKS AyUudAGAGNT B&E (2 &b NV A Y I
correct. Even if all adjustments are eventually reversed, earnings management can
generate bias in statistical analyses when it is correlated with other variables, such
as a particular manager or stratedy.

The precedingliscussion suggests that accrbased accounting can provide

a better picture of performance over time by matching operational decisions to their

Uyl yOAlf O02yaSldzSyoSa FyR aYvY22iKAy3a 2dzi AR
the same time, accruals maypscure true performance, at least for a while.

Ultimately, the information content of ROA relative to OCFOA is therefore an

empirical question whose answer will depend, among other factors, on the amount

of earnings manipulation and its causes.

BWhen yrms exit a data set

e.g., through bankruptec
|

(
observe the Aunwindingd of all accounting adjust men
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THEAMOUNTOFEARNINGM ANAGEMENT

Accounting scholars are well aware that there is a discontinuity in reported
earnings atthe zerbJNR Ul G KNBAK2f RX YR GKFIG GKA& GA
earnings are scaled by shatdNA OS o061 F @8y S mMdopdpp0 2 Mhlei KI NEK2f |

and Dichev, 1997). FigureZllustrates this discontinuity using an ROA histogram.

Figure 2-2: ROA Histogram: U.S. Public Firms 1992-2018

10
10

o . E - -2 0 .2
ROA (all industries) ROA (SICs in B000s & 9000s cmitted)

The left panel of Figure-2 is based on the full sample of all U.S. Public Firms
from 1992 through 2018. There is a clear spike in the reported ROA distrib@ition a
I SN O00GKS OSNIAOFf az2fAR fAYySO® ¢KS NRIKID{
0KS UYFYyOAlIfX AyadzaNIyOSs 2NJ LWzofAO I RYAYAaA
the 9000s). Although the larggpike at zero becomes less pronounced in the right
panel, there is still a sharp increase in the probability distribution just above zero.
alye SYLANROFf &dGdzRASE OK22aS (2 2YA(Ol UN¥a
suggests there is a logic to that decision, although (as we show below) it does not
eliminate the measurement problem.

In the accounting literature, earnings management is generally accepted as

the explanation for the discontinuous jump in the distribution of reported earnings
30



just above zero (e.g., Burgstahler and Chuk, 2&41\Rje are awaref no prior study,
however, that estimates how much earnings management occurs around that
threshold. To address this gap, and to provide some sense of the overall the size of
the potential measurement problem for empirical strategy research, we use @f set
methods developed to analyze economic behavior around discontinuities in
incentives (Chetty, 2012; Kleven and Waseem, 2013; Kleven, 20p@)ticular,

Diamond and Persson (2016) suggest a methodology for assessing how much

w»
Z
&

probability massisshiftk | ONRPaa | G(KNBakK2fR ¢6KSNB (K
(as in thesimple model presented above). We apply their method to the ROA
distribution in Figure 2.

At the core of this methodology is a model of the probability distribution of
ROA (denoted by that takes the following form:

K -1 U
P= Z Brx™ + Z .+ Z Yz + € (2)
z=L

m—1 =0
where is a count of observations & 0 & cithef I NB O2SYOASydGa 27F |
order polynomial inay the parameters [ measure the missing (excess) mass

due to earningsnanipulation below (above) the zedaINP Ui G KNBsaak 2t RT I YR
econometricerrortermL Y 1 dzA G A @St 83 GKA& NBINBaaraAzy dzas

estimate the uamanipulated counterfactual ROA distribomi on the interval [, U],

14 Based on citations, this fact does not appear to be widely known to strategic management scholars.
For example, Hayn (1995) has not been cited and Burgstahler and Dichev (1997) is cited by only one
article inStrategic Management Journal
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and the dummies andr provideab SEA 6t S UG G2 GKS | OlGdzr £t RI
manipulated region. This model assumes that (1) tHe@ | & Y| YA LJz | GA2y 1
around zeragd LISOA UOI f £ & ALUatAvih&re theRGA niesliie 8NII I | o
distorted, (2) outside of that interval we observe an accurate measuRQOA, and
(3) the countesfactual (unmanipulated) distribution of ROA is continuous on the
interval [L, U], so we can extrapolate from a polynomial estimated on data outside o
the manipulation zone to impute the counterfactual values within.
To complete this empirical model of earnings manipulation requires that we
select values for the parameteks U, andL To do so, we use the cregalidation
algorithm proposed ibiamond and Persson (2016), which consists of the following
steps:
1. Discretize the underlying ROA data. In practice, we use 200 bins of equal
width between ROA values ¢f and 1 (i.e., each bin coverd (nits of
ROA).
2./ 2y aiNHzO0 UGS NleytiRgA Sbseivhativnsiwinda > o0& aSft
replacement) from the actual ROA data. In each random sample, we treat
80% of the observations as a training data set, and 20% as a holdout
sample.
3. Perform a grid search, looping over feasible value&df (J), and for
each tiple
a. Estimate equation (2) for given valug§ I(, U) on the full dataset.

Test the hypothesis thd& | B t 0ADPSdT (KS aGaYAaaan
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mass below zeroequals K S 4 SEOSa&aé¢ YI aa

rejects at the 10% level or better, movettoe next triple.

- 020S0d

b. If we cannot reject the hypothesis that missing mass equals excess

mass, then estimate equation (2) using the valu€4,(U) on each
2T 0KS U@S GNIAYyAy3 al YLIX Saz
prediction error (MSE) for the associated holdoatrgple. Store
GKS adzy 2F GKS a{9 I ONR&aa |Iff
4. Choose the value¥(L, U) that produced the lowest aggregate MSE at

Step 3, and reestimate that model on the full data set.

¢ KS NI & dzf ol crassvalidatioh procétidr&ardisplayed in Figure

2-3. The upperld) and lower ) bounds of the region of ROA manipulation are

Ce
&\
w»

AYRAOIFIGSR 08 RIAKSR tAySad DdadobserdafioNdt S &

in each ROA bin. Black diamonds represent the counterfactual estimattestdoin

imputed from our model.

Figure 2-3: Imputed Vs. Actual ROA
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The left panel in Figure-2 plots the actual versus predicted distribution of
ROA for the full sample, where the cressidation procedure selected a 12th
degree polynomial with.I' & n ® Mp 0.08.\F® that sampleur model implies
GKFG mpop LISyddDddseivatichdwete ShiftedBrdidvnegative to positive
ROA.

Theright panel in Figu2o & K2 g4 NB&dzZ 6G& AT 68 SEOf dzR
aSOG2NI UNXa FNRBY 2dzNJ a k-t YSaRSBMegddéiakK A & &l Y LJ
polynomial, withLI' & 1 ® M9 0.10.yTHe model implies that 10.5 percent of all
nonU Yy I y O Ayledr obgeNafions were shifted from negative to positive ROA.

This is almost 30 percent less earnings manipulation than we estimate for the ful

Al YL ST gKAOK &adz33asSada GKIFG YFEYyALWdzZ FdAzy |
comprise about 20 percent of the full sample, could be quite substantial.

Nevertheless, our baseline estimates suggest that around 1 in 10 observations in a

paper that employs Comptiat ROA is prone to systematic measurement error, even

6 KSy SEOfdzZRAY3I (GKS Uyl yOAlf &aSOG2N® Ly ! LLJ
methodology that replaces the polynomial in equation (2) with a function of the

density of OCFOA (under the assumptiont tB&FOA is not manipulated), yields

similar results, at least forthenedy | Yy OA I f & @

Earnings Management vs. Endogenous Effort

Earlier in this chapter we noted that there are at least two explanations for

the discontinuityin ROA at the zerbJNR U G dr &aNiBgs inanipulation and a
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G G-KE NR S NF UpSolthss @aint) we have focused on measuring the scale of
the discontinuity (i.e., what sham@f all reporting is moved from negative to positive)
and discussed those results in terofsearnings maniplation. We now consider two

complementary approaches that help tole out explanations other than earnings

YEYALdz I GA2y @ ¢ KS UNISmoothigyimadURe ddgarifel G KS 9 | N

above, and the second exploits the idea that OCFOA is hardeanipubte than
ROA.

Figure 24 shows a binned scatterplot of the mean of Earnings Smoothing

O2yRAGAZ2YIE 2y wh! ® 28 KFI@S 20SNIFAR 2y (K

O2yURSYyOS AyidiSNBIta FyR AYRAOIGSR GKS YI YA

above usang dashed vertical lines. For both the full sample and the sample excluding

Uyl yO3OGE2NI UNYaz ¢S 20aSNBBS || aKINL) 6RAaA0O2)

aY220KAYy3 6KSy wh! Aa 2dzaid 16208S 1 SNRPD ¢KA

positive values of @A, they also tend to exhibit a sudden increase in the ratio of the
variance in accounting earnings to the variance in OCF. Moreover, because these
variances are computedithin-U NJ6ver the trailing 12 quarters), the evidence of
earnings manipulation ifigure 24 is not simply an implication of the baseline

7 A

discontinuity illustrated in Figure@ ® t dzi &AYLX 83X (K U NI &

5 1n the literatire on bunching, round numbers and psychologically important thresholds are called
focal points T h e-based explanation for bunching near focal points has been advanced in other

contexts, such as the distribu2l®d.n of marat hon
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in the ROA distribution aralsocharacterized by an unusually low level of earnings

g2t FGATfTAGEe NBfEFGIADGS (2 GKSANI OFakK bz2gad

Figure 2-4: Earnings Smoothing Vs. Reported ROA

Earnings Smoothing
Eamings Smoothing

1] E - -2 0 2
ROA (all industries) ROA (SICs in 6000s & 9000s omitted)

If we expand our gaze, moving away from the discontinuity at zero ROA to
consider the entire manipulated region of the ROA distribution, it becomes clear
that Eanings Smoothing is lower at negative levels of ROA, and higher when ROA is
positive. This is a natural consequence of accounting conventions. Firms with higher
dzy RSNI @Ay3d LINRPUGFIOATAGE INB fSaa O2yaidNt Ay
becausesom&ly I yOALF £ &fF O1 Aa NBIJdZANBR Ay 2NRSNJ
peaking at an ROA of 5 to 10 percent, the relationgi@fveen ROA and Smoothing
turns negative, perhaps because managers feel less pregsuananipulate earnings
when the business is penfming well.
To the extent that our measure of Earnings Smoothing captures what it
purports to measure, Figure£2 provides direct evidence against the hypothesis that
0dzy OKAYy3a Ay (GKS wh! RAaAGNAROdzIAZ2Y G T SNR A
earnngs manipulation. As another test, however, we can apply our eralggation

F LILINR I OK RANBOGfe G2 h/ch! {2 SatdAyYrasS GkS
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GKS alryYS GKNBakK2fR® ! yYRSNI 0KS YIFIAYGlrAySR |
CEOstomanipula®l a8 K b2¢g GKIFIYy | O02dzyGAy3a SIENYyAy3aas
less evidence of OCFOA manipulation. FigdsesBows the results of that exercise.

The top two panels in the Figure compare ROA to OCFOA manipulation for
the full sample, and the bottom two panetempare ROA to OCFOA manipulation
forthe nonU y | v &R ik dlear@ven from visual inspection that the size of the
discontinuity around zero and the subsequent bunching above zero is dramatically
reduced by using the cadbasisperformance measure dCFOA rather than the
accrualbasis performance measure of ROA. For the full sample, our estimates imply
GKFG F2dzNJ LISNOSy i 2F GKS 20aSNBFiA2ya | NB
thenonUy | yOAI £ &F YL S ¢S SaiAManipdhatonik & GKS |
negatved LY &d0SIFR 2F aYAaairy3dé Yl aa o0St26 1 SNBR>
observations that were predicted. This evidence, we interpret as essentially no sign

of left-to-right OCFOA manipulation.

16 1n the Appendix, we provide the histograms corresponding to each panel in Figure C.2
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Figure 2-5: Comparison of Imputed Vs. Actual ROA and OCF
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The analyses in this s#on yield three basic facts. First, there is a substantial
FY2dzyd 2F SIENYAy3Ia Yl yALWdz l-yied @ogervdtiang) G KS 2 N
aroundthe zerdlJNR Ul G KNB&AK2f R® { SO2y R YI yALIz I GA:

FY2y3 UNXa Ay UTKIG, theng is g lés§ madaiRulatior dl@CFOA,

puj
(0p))

and essentially nonefornedy I Y OA I £ UNX&a® 2SS KI @S O2yaa

adzLJL)X SYSyidlt FyrfeasSa yR NRodaldySaa OKSO]
First, we checked whether Earnings Smoothing wasimoeous at the zere

OCFOA threshold, and whether OCFOA was continuous at th&@ekahreshold. In

7 A

Appendix C, we show thatforndny Y OA I £ UNX&X G§KSNB A

QX
w

y 2
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G2 I OKAS@S L2 aAdA @&aminb makagénten @e., mgiuRition K & NI |
2F h/C G2 I OKAS@S LI2aAliAdS VBothéesuksimre 02y Uy SR
O2yaAraidsSyd oAGK 2dzNJ UyRAy3Ia OGKIFG FO0O02dzyiAy
YIEYALdz FGA2y GKFEFY OFakK b2gad

{ SO2YyR> & Iy It dSNyeguatbridd thit eliesiocrS aLISOA U
functional form to estimate the counterfactual density of ROA in the interval [L, U],
we developed a model that uses OCFOA to predict ROA. This approach rests on the
maintained assumptiothat OCFOA is not manipulated, and assult, works better
for the sample that excluded y' I Y33 ®G 2 NJ UNXYad ¢ KS NBadz daszx L
B, indicate that around 6 percegt ¥ -Uelibbservationsinourned y' I y OA | €
sample are manipulatet?

Finally, there is a concern thatthe missivid a4 Ay 2dzNJ U3 dzNBa YA3
Ol dzaSR o0& | fAljdARFGAZ2Y 2LIGA2Yy F2NJ aiNHzZA3f
likely to post accounting losses leave the dataset due to bankruptcy, acquisition by
Iy 2GKSN U nakeh prigad] titatScauld Aroduce@K 2 € Sé¢ Ay GKS ST NJJ
distribution just below zero. Thisypothesis does not explain the bunching of
reported earnings just above zero. Nevertheless,have replicated our main
NBadz §a 2y | RIGI &aSh (Cuhpistadefdd ekttt UNX a (K
the sample period (regardless of whether the exit was duleaokruptcy,

liquidation, leveraged buyout, etc.) with substantially similar results.

17 See Figure C.3.
18 See Figure B.1.
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EARNINGSMANAGEMENT ANBMPIRICAISTRATEGIRESEARCH

Having established that there is a large amount of earnings manipulation
nearthe zerd N2 Ul G KNBaK2f RX (KS 1jdzSadAz2y NBYIl Ay:
empirical strategy research. To address this question, we return to an old but
AYybdzSy Al ta tRAKISH 25S S0&dzRAS | GGNR6dzG S DI NR | G A
industry, and macra&conomic factors (e.g., Schmalensee, 1985; Rumelt et al., 1991;
McGahan and Porter, 2008 Our goal is not to replicate prior studies, or to address
any of the methodologicaihortcomings of variance decomposition that are well
documented in previous studies. Rather, we aim to show how the results of this type
2F lylrfeara OKIFy3aS gKSYy ¢S Y20S FTNRBY wh!
performance.

Our analysis will consider two walyswhich earning manipulation might
YFGGSNY CANRGE AU YIeé FRR aOflaaraorté YSIa
explanatory power of a model. Second, and more importantly in our view, earnings
management might be correlated with other variables (afgt,is more prevalent in
ALISOAUO AYRdAzZAGNASAZT YR fAY]TSR 2 OSNIFAY
manipulation is correlated with other factors, it has the potential to introduce bias
into analyses that use ROA as an outcome.

The foundational studin this literature estimated models that might

Ay Of dzRS &SI NE Ay Rdzd/ ME > UESIRS SIHERKANI 0 dzd O Y

One measure of the importance of these papers is ¢
chapters of mangtrategy textbooks (see Rothaermel (2016)).
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modelRa lj dzr NER FT2NJ RAGSNBY (G O2YoAyllAz2ya 2F @I
how much total variance is explained by eatlthe observed factors. One limitation

2F dzAAYy3a h/ Ch! Ay GKA& O2yGSEG A& GKIG 2LIS
reported at the business segment level, and therefore a direct replication of the

classic studies is not possible. In particular,@r Yy Rdza G NB ¢ SiSOG& FNB o

UNXY & |

(s}

LINAYFNE {L/ O2RS lFaaA3aySR (2 (K
business unit. On the other hand, we can extend upon the early papers by using the
9ESOdzO2YLI RIGF &8G4G G2 AyOerdRdarsinghs UESR S S
literature stream (e.g. Mackey, 2008)).

Our analysis is based on the following model for the generation of reported

I O002dzyiAy3 LINRUGY
Pegik = 17+ 0+ B+ 0 + e (3)

In this equationj 5 is either the ROA or OCFOA reported in a givendear
o0& | &rh%pperdir@ within industrycand led by CEQ@ " is the average
F OO02dzyitAy3a LINRUG 20SNJ 0KS SYyiANB alYLXsS o
and the other variables represeltE SR St SOG & e Mdludtrik)S , @ ST NJ
0 KS 1UNandthe CEQ |, as well ashe errorterm - jrp .

C2NJ GKS &aSldzSyiaAalt !'bh+! Y2RSt>X 6S AyON.
@8SIFNE AYRdzZZAGNES UNXZI YR [/ 9h-squ@edgdinddldS GKS
GAGK GKS | RRAGAR SISO ISP K KASI FHAFLINPH DK 61 &
SINIASNI AYy (GKAA fAGSNI GdzZNBE AGNBIFYZ o6dzi KI a

A o W A

2NRSNJ AYy 6KAOK (K ESR
41
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Porter (2002) and Mackey (2008). In sequerfillOVA, variance that could be
SELX I AYSR o0& SAGUKSNI 2F G2 ySaisSR tS@gSta 2
one added to the model.

This drawback is alleviated by the second approach, a simultaneous ANOVA
model. In the simultaneous model, varianbat could be explained by more than
2yS FLOG2N) Aa y2G FGdNARO6dziSR G2 SAGKSNI 27
misattribution of explained variance, while it also has the drawback of leading to
lower estimates of variance explained for each categasythe ambiguous cases are
not attributed at all. However, the total-R lj dzl NS R F2NJ 6 KS FdzZ t Y2RS
SiSoia Aa y2i dzy RS NBEeéakdivd Rmayde(Bey, theitdtat KS OF G S
squared for the model exceeds that of the sum of tagegaies).

Figure 26 presents the results of the explanatory value of the full models for
both ROA and OCFOA, sequential and simultaneous, for both all industry and non
Uyl yOAlf AYyRdzZAGNE &l YL Sad ¢KS 1Se& UyRAy3
variance in OCFOA exceeds that of ROA by approximately 10 percentage points
FONRPaa Iff aLISOAUOFGAZ2yad 'ad (GKS SyiGANB LR
information and remove noise from cadlasis performance, the 10 percentage
points of explained w@ance should be considered a fairly conservative lower bound
for how much obfuscation appears to be introduced by strategic accounting
RSOAaA2yad b2 2yfeé& INBE I OONHzZ fa y2G IADAY

performance (as they are suppabe do), they are actively worsening the sigtal
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noise ratio in the most common measure of performance used in the strategy

literature.

Figure 2-6: Total Variance of ROA Vs. OCF Explained

All Industries SICs in 6000s & 9000s Omitted

B
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4
4

Variance Explained
Variance Explained

2
2

Full Model Full Model Full Model Full Model
Nested ANOVA Simultaneous ANOVA Nested ANOVA Simultaneous ANOVA

[ RoA W ocFOA | (W ROA RN OCF |

If earnings management introduces measurement error in ROA, under what
conditions should we be concerned withbd G KSNJ G Ky YSNBfe& | f 23
If earnings management caused primarily classical measurement error in ROA, it
would not cause us great concern when using ROA in our econometric models.
When we used ROA as an outcome variable, this would simpl{r&du G KS SYOA Sy Oe

YR AYONBIFasS (KS GFYyRIFENR SNNENAR | N

Qx

P

SELX FYylF{d2NE GFNARIO0fSS Al ¢62dzZ R FGdSydza 65
toward a more conservative interpretation, i.e., pulling our inference taisahe
null (Bound et al., 2001). But unfortunately, there is reason to believe that the
measurement error caused by earnings management on ROA islassical.

The key assumption of classical measurement error is that the error itself is
uncorrelated wih values of the measure, but also that the error is uncorrelated with
other variables in the econometric model (Hyslop and Imbens, 2001). We saw from

the analysis in the previous sections that the prevalence/degree of manipulation
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was not evenly spread axss all values of ROA. Indeed, it is concentrated enough in
a region of ROA to cause visual discontinuities in the distribution.

In addition to the correlation with ROA itself, there is also reason to suspect
that the measurement error from earnings managent is correlated with other
variables that may be in our econometric equations. An easy way to see this is in
f221Ay3 +d GKS RAGSNBYOGAFt AYLI OG dzaAy3a h/
g NAFYyOS SELXIFAYSR Ay SIOK OF cGF@@e® 2F UES
shows the breakdown of explained variance for each of the categories of the
ANOVA &SI NE AYyRdzZGNEX UNXZI YR /9ho ! ONR&aa i
LI26SNJ 2F UNXY YR AYyRdzZAGNE f286SNBR gKSy dzaAa
relativeexplanatory power of CEO and year increa¥dd.the altindustries nested

o

=]
(0p))

l bh+! Y2RStX G4KAA S Ad tFNBS Sy2dzaAK (2

l.j
AYRdAzZZAGNE SuSOGa o0& NBOSNARAYI GKSANI NBElFlGAD

Figure 7: Decomposition of Variance of ROA Vs. OCF
All Industries SICs in 6000s & 9000s Omitted
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20 For tabular format, please see Table i@.Appendix C.
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One interpretation of the results in Figure72is that certain CEOs are more

likely tomanipulate earnings, so that moving from ROA to OCFOA as the focal

A
(0p))

YSIF A&dzNBE 2F UNXY LISNF2NXIFyOS OFdzasSa a K N

z

2 R

A = 7 A

Ot AyS> IyR (K &Kl NB 2 Flev@ifaddksltoy OS S E LJ

increase.

CONCLUSIONS

We make three contributions in this study. First, we provide new evidence on

the prevalence of earnings management, a vkelbwn problem that has resisted

Ce

LINSOAAS YSIFAdzZNBYSyid 2NJ ljdz2r yGAUOILI GA2yd 28§
U Ndyear observationgii Compustat exhibit earnings manipulation. Our estimates
Ffa2 AYRAOIFIGS GKIFG SFENYAYy3IEA YIEYALdz FGAZ2Y A
GKSNBEoOo& LINPGARAY3I I UNNSNI SYLANROIE F2dzyRI
YAIKG 61 yld G2 SE§idzRS A AF yONIT LIS NeFRNKV | Iy OS 4
RFGF® ¢KSAaS UYyRAY3A |dAYSYyld GKS f AGSNI GdzNB
(Burgstahler and Chuk, 2017), studies leveraging discretionary accruals (Dechow et
al., 1995) or accrual reversals (Dechow et al. 220dnd survey designs targeting
OKAST UylyOAlrtf 2YOSNAR ODNIKFIY SG Fft®X wnnp
econometrics literature on bunching.

Second, these bunching methods are employed to evaluate alternative
LISNF 2 NI yOS YSI & dzN&eihibitsde§s manjpiatian Kahdithush / Ch
provides a method by which scholars can test the sensitivity of models including

I O02dzyiAy3a LINRPUGA F2NJ oAlLa AYGNBRdAdzZOSR o6& S
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R2OSGFATa 6AGK OdzZNNBy (i Sviensdsuie pardrmanBed KAy 1 |
(Lieberman, 2021; Lieberman et al., 2017; Wibbens and Siggelkow, 2020).

Finally, we deploy our insight about OCFOA tevealuate a classic set of
A0NY GS3e LI LISNER OGKIFG dzasSa JFNAIFyOS- RSO2YLR
performance (Schmalensee, 1985; Rumelt et al., 1991; McGahan and Porter, 1997,
2002). Our results suggest, coundatuitively, that we can explain more of the total
variance in casbased rather than accruddased accounting performance. Moving
fromROAtoO Ch! | f a2 NBRdzOS& (K Derforigndey & 2F DI NA
Faa20AF0SR ¢AGK / 9that sBrieBUsAME mareikeP© a dz33Sa
engage in manipulation than others.

hdzNJ UyRAYy3a KIFI @S AYLIX AOFGA2ya F2NJ SYLIAN.
measured@ Ay 3 | O02dzyitAy3 LINRPUGD® C2NJ YI-y& &0GdzRA:
Uyl yOAlf UNX& FyR dziAf AT Ay3 h/ Ch! & | LISN
LINPUGFOAEAGE 20GSNAR | aAYLIXE S ¢gLle G2 | g2AR LI
earnings management. More gerally, researchers should carefully consider
GKSHGKSNI UNXYaQ dzy20aSNIBSR LINRPLISyaAalne G2 Ayb
outcomes or explanatory variables. In some cases, such as when ROA serves as an
ancillary control variable, this will not bepaially problematic. But when ROA is
the outcome, and key explanatory variables might be correlated with the propensity
G2 YFyALdz I 6ST NB&SI NOKSNBE aKz2dzZ R SELX 2NB
also suggest that these issues may be particulatlgrsavhen exploring the

NBfl 0A2YaKAL 60SG6SSyYy /9h FUGGNAGdzGSaAa | yR UN
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Although the strategic management literature provides an extensive toolkit
F2NI FylFrfel Ay3a UNY LISNF2NXYIFYyOS FyR @ fdzS ON
measuremenbf these constructs for granted. In our view, empirical scholars could
0S Y2NB FGldzySR (2 aGK2¢ (GKS aldzal3S 3Saa v
measurement, because it is fertile ground for future research on how earnings
YSIadNBYSyid | GSahiva {AYyMN #3FKQA YyRIBSAUNY | YR

across a broad spectrum of stakeholders.
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[ KI LIPSNS Yo Yt SNF 2 NI |y OScol &Ny @/ 3taS N
I O =

{Y220KAY3S t SNF2N¥YIyOS CSSRo
INTRODUCTION
¢KS 0SKI@A2NIt (KS égidsBhatddrformanc® bdlony o . ¢ 2 C0
aspirations leads to subsequent search and organizational change (Cyert and March,
1963; Gavetti et al., 2012). Firm performance and aspirations in the performance
feedback literature based on BToF are commonly measured through y OA I f
2dzi 02YSa ot2aSy S FfdX wnmyox Yz2ald 2FGSy
size like sales or assets (Shinkle, 2012). But managers have some control over
reported earnings, and in egregious examples, managers can choose to misrepresent
Uy kiaf data when performance falls well below aspirations (Harris and Bromiley,
2007).
Even when operating within regulatory constraints, such as generally
F OOSLIISR | O02dzyiAy3d LINAYOALX Sa 6D!' !t 0 F2NJ
GKAOK (K8E NjeaRkmngdirkagiven period. A common use of this
discretion is to engage in earnings smoothiwdjch is a type of earnings
YFEYlF3SYSyld ¢KSNBE LINRPUGA | NB ARN@ENKYBR RdANK y 3
years to reduce the variability of eargs (Ronen and Yaari, 2008). Because it
involveshA Yy ONB I aAy 3 NBLR2NISR LINRPUGA RdzZNAYy3I R24Y
decrease the frequencggnd magnitude of shortfalls below aspirations of reported
performance. This creates a theoretitahsion not adressed by the literature if

UNXa dzaS SINYyAy3da avyz220KAy3a (G2 AyONBlIasS NB
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when actual performance would have led to a shortfall, do managase
subsequent search and change activities on the privately observed penfmeror
the publiclyreported performance?

Firms choose whether to smooth earnings and whether to engage in
A0NY G§STIAO0 OKFy3aSs a2 RNIgAy3d Ol dzalt AYyTSNEB
these two actions are jointly determined as part of acohekiffie y 2 NJ 62 0K | 0SSO
by unobserved endogenous processes. This study isolates exogenous variation in a
UNX¥ Q& FoAfAGe G2 Sy3ar3asS Ay SIENYyAy3Ia avz2z2ikK
variation in gains and losses from special items, and industry peer tEhedsnings
smoothing. This exogenous variation is used to explore 1) whether earnings
smoothing increases the likelihood of reported performance at or above aspirations;
2) whether earnings smoothing leads to lower propensity for strategic change; and
3) whether having reported performance above aspirations accounts for the lower
propensity for change.

¢CKAA LI LISNRa LINARYINEB O2yiNROdziAZ2Y A& LIN
engaged in earnings smoothing are less likely to make substantive change in major
re dzNOS [ ff20FGA2ya YR GKFIG GKA&A StiSOG Aa
NELR2NIAY3I LINRUG G 2N Fo62@3S 2NBFYATFGAZ2Y I §
YEye UN¥Xaszs G§KS UylFyOAlf LISNF2NXIFyOS (KSe& LI
0 K Iy ci& geFfofmance they privately observe in the performance feedback
LINE OS&dad® ¢KS AYLIXAOFIGAZ2Y&A 2F SENyAy3a ayvyzz

widely explored in the management literature, and this paper addresses this gap by
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analyzing how earningssmocdkK Ay 3 |y R Ala SuaSOGa 2y NBLRNI
to downstream resource allocation decisions. Finally, post hoc analysis shows that

the relationship seems to persist even after the implementation of the Sarbanes

Oxley Act of 2002 (SOX) even as marsmghifted earnings smoothing behavior

away from discretionary accruals toward operational smoothing.

THEORY ANBIYPOTHESES

What is Earnings Smoothing and Why Does It Occur?

¢CKS | O02dzyiAy3a fAGSNY GdzZNBE Kl & ARSYGAUSR
managyy Sy iz RSUYSR ' a dzaAy3a YIylFI3ISNAIf RA&AONEB
activities to strategically generate accounting earnings (Phillips et al., 2003). The
phenomenon of earnings management has been studied in the accounting literature
primarily from he focus of predicting how, when, why, and by whom earnings
management happens. There is a wealth of research on detecting earnings
management (Jones, 1991; Dechow et al., 1995), the motivations for engaging in
earnings management (Burgstahler and DicH®87; Ronen and Yaari, 2008;
5S3S8S2NHS SiG Ff o Mphdp0I YR RAGSNBYG | 002 dz
that can curb earnings management behavior (Becker et al., 1998; Healy and
Wabhlen, 1999). However, there is relatively little attention in theréiture on the
UNX¥ QA &adzoaSljdzSyd aGNFXG§S3IAO0 OK2A0Sao

Earnings smoothing is a particular type of earnings management in which

YIEylF3ISNE 2SN LINPUGA Ay W3I22RQ &SI NE |

<
puli

u»
C

LFPENRE waonyod ¢KS ySi SaSO0 Aa G2 NBRAzO
50



both the peaks ad valleys. Managers can use discretion over accounting accruals to
ONBIFGS LINRPUG 2N t2aa F2NI Iy F002dzydAy 3 LISN
Gl tdzr A2y YSUGUK2R2f 238 (KIFIG OKFy3aSa GKS 022
by modifying allowances fahe percent of customers on credit who will not pay in
the long run. In addition to accounting accruals, managers can time operational
RSOAaA2ya G2 aKATFAO SFENYyAy3aa ol O16l NRa 2N T
likely to miss a key earningstarge2 NJ I U&AOFf LISNA2RX Ad YIe& O
FYR 20GSNJ GKSY Iy FTRRAGA2YyIFf RA&O2dzyd G2 Sy
can create the appearance of a higher shdr6 NlY LISNF 2 NXY I yOS KAt S
the future period will not be observed unfilk G SNX» ¢ KSNBE A& SOARSYyOS
combination of both accounting earnings management (AM) and operational
earnings management (OM) as a joint strategy that depends on the relative
O2atakoSysSuia 2F SIFOK 6%Fy3aZ HAMHO O

Managers may have several motiiats to engage in earnings management.
They may have individual incentives to adjust earnings up or down, including
compensation through bonuses or stock options, avoiding termination, or setting
OSUGSNI LINROAY3I F2N) I f S@S Nditigh8lIR thérelae2 dzi 2 0 S N.
AaSOSNIf o0SySUGa (2 GKS UNXY GKFG OFy | OONMZS
as avoiding breaches of bond covenants, achieving better pricing on initial public
20SNAYy3Ia 2N A4Sl a2ySR Sljdzade tehEhNhy Ias>s 2N 3
stockbased mergers and acquisitions (Ronen and Yaari, 2008). The need for external

OFLIAGIE YR GUKS ySSR (02 YIFIAYyGlAy adNRy3 NB
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motivation for earnings management (Anagnostopoulou and Tsekrekos, 2017) ove

YR F062@0S (GKS LISNE2YIFf UylFyOAlt AyOSydA@gSa
There is evidence that suggests earnings smoothing is common among U.S.

UNXA&Z GKFEO YFEYF3aSNE 20SNBKSE YAy3Ite LINBTFSNI

and that they are willingo forego longterm value to achieve smooth earning paths

w»

ODNI KI'Y SO f®dS wnnpo® LYRSSRZ Ty LISNOSYI

YAGAQG

P

AYGSNBASHESR o0& DNIKIY SO | ftedmvaleesonp o |
smooth earnings, which suggests that thisgiree is widespread and impactful.
Additionally, there is evidence suggesting that within GAAP earnings smoothing to
YSSG YIN] SO SELISOGEHGAZ2YyE Oy SR R2s6y |«
YFEYALz | GA2Yy 2dziaARS 2F D! ! mstiefedlltsi 2 YS UNN A
presented below suggest, managers engaging in earnings smoothing are less likely to

engage in subsequent strategic change, they may engage in more and more

manipulation when faced with a string of poor performing periods in lieu of

addressig underlying problems. This could be an interim mechanism explaining

K2g UNX¥A& O02YS (G2 UyR (KSYaSftf@Sa OKz22aAiy3d i
misconduct when facing large performance shortfalls that Harris and Bromiley

(2007) observe.

Behavioral Theory, Eaings Smoothing, and Aspirations

A core aspect of BToF is that organizations have target levels for their
performance (aspirations) and at salient points of evaluation will gather feedback on

such performance and compare it to the aspirations previousyGyert and
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March, 1963). Aspirations are contextLJISOA UO f S@Sfta (KIFaG F2N¥Y R
0§KNBaAK2f RA A Y b dafakithhag aiginalyiéondei®ed, a dafiedty
aspiration was a performance level deemed acceptable, and organizational behavior
O2dzZ R 0S @OGASHSR Fa aGalidAraUOAy3IzZ¢eé 2N GNBAyY3
level by boundedly rational actors rather than attempting to fully optimize (Simon,
HaMoT al NOK YR {AY2Y>SZ mMbppyo® {dzoaSljdsSyid o
organizations seaspirations, adjust aspirations, and reconcile multiple aspirations
(see Shinkle (2012) for a review), but the core construct of what an aspiration is has
remained quite stable from the initial framing.

Harris and Bromiley (2007) noted that in the oridinanception of BToF,
managers were assumed to act within ethical bounds, and in their work proposed
NEflEAY3 GKA& | &dadzYLWiA2yd C2NJ Lzt AO UNXaZ
LISNR2RAOFf & (GKNRdzZAK GKS NBfSFHasS 2F Uyl yOa
suggested that if the managers observe private feedback on performance indicating
a likely shortfall below aspirations, one available option for search was to engage in
UYyFyOAlLf YAANBLNBaSyuldAz2y G2 AyblLdS GKS N
couldapply to more common earnings smoothing activities that fall short of the
SANBIA2dza UYFYyOAlf YAANBLNBASYydGlFdA2ya aidzR

Earnings smoothing increases reported performance during bad years, which
could in itself increase thelliSt A K22 R GKFG F UNY NBLR2NIA |62
threshold in a given year. But aspirations may also be important in terms of guiding

YIYylF3ISNE 2y 6KSYy (G2 AyblaGS LI22N LISNF2NXI yO
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that there is increasing marginal costaddd { (G2 AyDbl GAy3 SINYyAy3Iasz
aSyaroftsS F2NJYIYF3aASNBR G2 AyblFaGS SIENYyAyYy3IaA dz
organizational aspiration but not substantially higher due to increasing costs.

[ A1S6AaST AT | UNXY A& pa&forddngedn agwfi®iEndS OG SR &
glhyida G2 aidlak a2y$sS 2F GK2a$S LINeUdGa Ay |«
Fdzi dzNBE LISNA2R&>X (GKS UN)Y LINBadzyYlFote ¢2dz R y
reported performance under a salient aspirational threshdlderefoe, aspirations

g2dzft R ASNBS a GKS 01N gKAOK SIFENYyAy3aa Aybl

A

A2y 6KAES Fta2 aSNWAY3I +a GKS b2

No
<,
w
Py
>
Z
0
O«

gyl G2 I @2AR O0ONBIFIOKAY3 FTNRBY (GKS 80GKSNMWP ¢K
engaging in the most earnings smoothing should be most likely to report earnings
bunched just above the most salient organizational aspiration.

There are three types of organizational aspirations included in this analysis:
historical aspirations, sociela LJA N} G§ A2y as | yR yIF GdzNI € | aLJA NI
performance level is referred to as a historical aspiration and has generally been
measured as originally formulated by Cyert and March, as an exponentially weighted
Y2@AY3A | @SNI IS e it tkeSnodd MAEM previbdS peficels.
{OK2f I N&B KIFI@S FylLfel SR RAUSNBy(d aLlSSRa I
from most recent performance (e.g., Greve (2002); Audia and Greve (2006); Harris
and Bromiley (2007)), but in general it is commmio theorize that the most recent

periods are the most salient for comparison with historical performance.
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In additionto thisseO2 YLI NA a2y > GKS . ¢2C LINBRAOUA
FALIANIYGA2Yya o0lFlaASR 2y &a2O0Al  thaxofripteNA a2y a o 2
gAUK GKS FT20Ff UNY 6/@SNI IyR al NOKX mMdcoD

| I NBtFGA2Y 2F | UN¥YQ&a LI SNF2NXIFyOS (2 |y

ax

A

NEOSyidte Al KIFra 0SSy NBUYySR G2 NBO23ayAl S i
AALIANI GA2ya GKFG YL@ 0SS Y2NB 2Nt Saa alftASsSy
set does not necessarily correspond to an industry. For example, Moliterno et al.

(2014) noted that rather than (or in addition to) the average performance of

O 2 Y LJ NX atBeye mbyNhdygther social thresholds that are more salient if they

I NE Of 2aSNJ G2 GKS UN¥YQa KAAUG2NROFf LISNF2NY
of a top performance aspiration, which is the threshold above which an organization

can be consider among the elite of their class. Moliterno et al. (2014) also study

survival thresholds a level under which the organization is no longer thought of as

Ay Al0a LINB@GA2dza Of I aad hiGKSN) Aa0K2t | N& KI @S
GKEFEG 20KSINNUNF AL OBXOlFt UNNQA NBFSNBYyOS 3INE
(Massini et al., 2005; Vissa et al., 2010). Kacperczyk et al. (2015) have suggested that
GKSNBE YI&@ 06S RAGSNByYy(d SuSoOia 2F LI SNF2NXIyO
levels of analysis (individuas vorganizational) and from intdd N @ 80dNJYA y G NI

social comparison, and other scholars have noted that responses to performance

relative to historical aspirations and social aspirations may be distinct, and that

a2YSGAYSA (GKSe& | Ntah (2018, Kyubela®tial. (205793 o= [ dzO|
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CAYylLffes GKSNB Aa Fy FNBRBdAzYSyad GKI G

thresholds that are salient due to the nature of our base cognitive processes or

i KSN.

contextid LISOAUO Ay OSYiGA@Sad h midnglassesi&dBawin K NS & K 2 f

from prospect theory (Kahneman and Tversky, 1979) and then extrapolated to an

organizational level as it may represent the status quo (Greve, 2003). There are two

YIEGdzNF £ F ALIANI GA2YAS LRAAGADSbel@da ® yS3IIFGADS

Uyl yOAlt Fylfead SELSOGIGAZ2ZYas GKIG &8SY @

(s}

ESOdziA@S& yR GKSANI FYGAOALI GAZY 2F K2g U

Hanpo® ! RRAGAZ2Y I fteas | O02dzyiAy3 al0KRE F NE K

Ay GKS RA&ZGONROdziA2zY 2F UNX SENyAy3aa I
estimates that may be indicative of earnings management (Hayn, 1995; Burgstahler
and Dichev, 1997; Degeorge et al., 1999; Burgstahler and Chuk, 2017), lending
crederOS (2 GKS ARSI GKIFIG aAYLIX @& | g2anrdRA Y 3
avoiding posting earnings below analyst estimates may be salient motivators for

managers tesmooth earnings.

¢KS UNBR(O KeLRGOKSAaAAZ o0St2g> unthg yatl G

literature to harmonize with the notion of organizational aspirations from the BToF:

H1. Firms engaging in higher levels of earnings smoothing will be more likely to post

reported earnings at or above organizational aspiration levels.
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Behavioral Tieory, Earnings Smoothing, and Strategic Change

/ SYiNrt G2 GKS .¢2C Aa GKS y22aAirz2y GKI

7 A

2NBIF yAT I GA2yFE FALANIGAZ2Yas (K UNY A& Y2N.

YR OKIFy3S GKIyYy KIFR K ®nsayaftandMarch?21883) S EOSSRS

While this core prediction is elegant, extrapolating how organizations change and

K2g &adzOK OKIy3aS Oly 6S YSI &adz2NBER I ONRaa AYyR

daunting. The performance feedback literature has studied geaof organizational

changes thought to be generated by this process up to and including strategic

OKIFIy3dSs gKAOK 3ISySNIffte RSyz2GSa araayiauUOllyi

SEFYLX ST Ay GYK-SNJUSNGY rat SNRyRH2O 16 DNB JST Hnnold
While studies of individual industries have used appropriate coni@xtJS O A U O

measures to detect meaningful strategic change (such as Greve (1998) study of radio

station programming format changes), several scholars conducting broad cross

industry studies within the sategic change literature have used a more generalized

AYVRSE 2F | UNNYQ& NB&2dzNDS [ft20FGdA2y OKI y3

Carpenter (2000); Zhang and Rajagopalan (2010)). These studies draw from the core

ARSI GKFG [ UNM@at ofiad alidosais & Bnpoidntdecisiéns

baAyidl 6SNBZ mopTtyo yR (GKFG OKIFIy3aS Ay 6KSNB

a change of that mosaic. Strategic change in this case can be thought of as actions

GKFG aYy20S GKS ySSBatoS and thysrise Ha lewldf 2 dzZNDOS A YR

SO2y2YAO aA3AYAUOlFIYyOS F2NJ GKS UNXY YR AGa O
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Introducing earnings smoothing into the performance feedback process
creates an interesting theoretical tensiomamely that organizational performance
is separated ird actual performance (generally private information observed by
YIEYyF3aASYSYyado FyR NBLR2NISR LISNF2NXIYyOS o0gKI
statements). These two measures of performance can divergjeetextent that
YEYyF3aASNBR Aybl S NANIRRSD INBSI diNYIR @KSyLIS 2 G K |+ C
performance fall on one side of aspirations or another, the baseline predictions of
BToF shouldovern. But when actual performance experiences a shortfall while
through earnings smoothintpe reported performace meets or exceeds the
aspiration, subsequent strategic change couldbe & SR 20 F Ol dzr £ LIS NJF 2 N.
NELR2NISR LISNF2NXIyOSs 2N I Omtédidd yI GAz2zy 27
scenario before stating a formal hypothesis.

Earnings Smoothing Predicts Higlstrategic Chang& here is a potential
mechanical relationship between earnings smoothing in one period and some
component measures of strategic change in following periods that could result in a
positive relationship bias. Managers engaging in earnénggothing to prop up a
bad period do so by temporarily increasing gains (e.g., early recognition of revenues)
2N RSONBI aay3a Ozaia oSdaovs o0& RSfFeAy3a SELI
resource allocations for one period could cause the appearahchange in the
next period when levels regress to the mean or even swing the other way as
GSYLI2NINE | OONHzE £t & I NBE NBOSNBSR® 9aaSydAalft
in earnings between periods, this often requires them to create variandeein t
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components of earnings by changing various levers driving costs or revenue. This is
the very premise underlying common accounting measures for earnings
management that are based on odd or unexplained variation in accruals (such as the
Y2RAUSR W2DEDGEw etvaR @ID5)). Aside from this slight positive bias,
there does not seem to be a compelling theoretical reason to expect earnings
smoothing to cause substantial strategic change.

Earnings Smoothing Does Not Predict Strategic Chdrgegre aranany
oSySuUGa G2 FdadrAyAy3 OSNIFAY o0SYyOKYIFN]l & 2V
independent to whether managers deem underlying actual performance as
Al GA&ATEFOU2NR® LG Aa LI |'poph gedofrming ye&idtdi Y I y I IS N
achieve various tical objectives (e.g., maintaining a stable or increasing market
price for stock shares, avoiding breach of debt covenants, decreasing cost of capital,
attaining higher individual compensation, etc.) while basing strategic decisions on
the privateinformation they have on actual performance. In this case, earnings
smoothing would serve principally as window dressing or audience management,
and greater earnings smoothing in a giyeriod would not predict strategic change
in future periods. This casserves as the null hypothesis.

Earnings Smoothing Predicts Lower Strategic Chabgjling on Hypothesis
MZ AT SIENYyAy3Ia avyz22iKAy3a AyONBFasSa | UN¥Qa
reported performance, this could explain why earnings smoothrmne period
would predict lower strategic change in a subsequent period. If this were true, it

would imply that the relationship between reported performance and aspirations is
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salient to strategic change at least partially independent of actual perfooma

¢CKSNBE NB Ydzf AL S LI Il dzaAoftS YSOKFIyAaYa oe

managers are aware that they had a performance shortfall in reality, reporting

performance above aspirations may relieve pressure from external stakeholders,

whichcouldbd LINA YIF NBE AYLIS{dza F2NJ OKIFy3aSaed ! RRAGA

managers perfect observation of underlying performance is relaxed, other potential

mechanisms become plausible. If substantial earnings smoothing activity occurs

below the level of corprate leadership (i.e., at the business unit level or below),

then they may not clearly observe actual performance due to information

FA2@YYSGNRE GAGKAY GKS UNXN® t SNF2NXYIF YOS NBLR

j dzZ yGAUOF GA2Y &A Y Adedcrdad bypMaintariain an®l BedkimandzR 3 S (G A v

OHnNMYy VI BKSNB 2yS aSi tBehgreéedionpai®tmancedzY 6 S N&

O2YYdzyAOIFI SR 020K AYyiSNylLtteée |yR SEGSNYI f ¢

responsible for strategic change decisions may be relying on smdgérformance

AYF2NXNIEGAZ2Y a2YSeKI G NBIIFINRESaa 2F 0KS LINE
| LR IKSAAA HXYX 0Sf26> taz2 RNIXga 2y | F NN

extension of BTaFmanagers facing a shortfall in actual performance below

aspirations may choose2 Ay Dbl 0SS NBLERZ2NISR LISNF2NXYI yOS |

F2NJ aSIFNOKD 2 KAES I FNNA&a FYyR . NRYAfSeQa O2

misrepresentation, the logic holds when extended to the ethically gray area of

within-GAAP managerial discretion sEstially, earnings smoothing to improve

reported performance could serve as a substitute for other types of change that
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would be address the underlying shortfall of actual performance. Earnings

AY220KAYy 3 NBLNBaSyda GSY LR permsiderd shiftdNdi A UOA I f
committed resources. In fact, if the earnings smoothing is done purely through

I OONXz f 4> NB&az2dz2NOS O2YYAlUYSyda FyR 2LISNF GA
Thus, earnings smoothing within GAAP is generally less costly and leskarsky t

many other types of organizational change and may therefore be judged by some
managers as a palatable alternative to more meaningful change. Based upon these
theoretical points, Hypothesis 2 predicts a negative relationship between earnings
smoothing a&ad subsequent strategic change, and Hypothesis 3 predicts that

aspiration attainment (the proposed mechanism) mediates the relationship. Figure

3-1 provides a visual depiction of the theoretical mediation model with a summary

of the hypotheses.

H2. Firmsngaging in higher levels of earnings smoothing in preceding periods will

have lower levels of overall strategic change in the subsequent period.

H3. Attainment of organizational aspirations mediates the relationship between

earnings smoothing and strategchange.
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Figure 3-1: Overview of Proposed Model
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Hypothesis 3 M2y
DATA ANDMETHODS

Data Sample

The data sample studied covers approximately 30 years (20&8) of
I O02dzyiAy3a RFEGEF FNRY LlztAOfte& (GNIRSR ! of{ @
merged database from the Center for Research in Security RGEESP) and
[ 2YLzadFdd ¢KS &l YLIS A& +y dzyolftlyOSR LIY
UNBRG @SN GKSe NP fAaGSR Ay /2YLMzaldlrdG odGe
exiting in 2018 or the year they ceased operations or being publicly traded. The

primary data analysis includes all industries for the broadest coverage; for

NRPodzalySaazr GKAA lylfteara g1 a NBLSFISR 2YA
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administration andmiscellaneous sectors), as is typicasurch studies.

Summary statistics and cre€s2 NNt G A2y O2SYOASyidia Oy
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although there are substantially fewer sérvations for some measures. The lower

number of observations corresponds primarily to missing values (for example, some
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smooth earnings and then to subsequently change resource allocations. Firms do

Table 3-1: Summary Statistics

Variable Obs. Mean Std. Dev. Min Max
1. Resource Change 219,321 .0330644  .7274059 -4.663742 6.235101
2. Advertising Change 67,333 -5.973915 1.890232 -18.79671 6.134588
3. R&D Change 79,611 -4.284161 2.791002 -17.06727 10.07603
4. PPE Change 205,004 -3.515658  2.058857 -15.47054 9.64115
5. SG&A Change 172,325 -3.841844 1.991302 -16.13173 9.052633
6. Inventory Change 160,197 -4.274306 1.895102 -19.04039 7.307641
7. Debt/Equity Change 184,260 -2.023085  2.28846  -15.23881 12.04047
8. Earnings Smoothing 187,008 .6295459  1.378213 -10.25312 T7.761935
9. Firm Size 240,533 4.724564  2.808137 -6.907755 13.11591
10. Firm Age 302,619 2.133016  1.010967 0 4.043051
11. Altman’s Z 160,557 -41.33577 2267.182 -618059.7 168307.8
12. Financial Slack 205,921  .4899251 1.20402  -10.94715 10.0903
13. Organizational Slack 250,951 -.634933  1.429084 -12.87573 10.09361
14. Return on Assets 227,552 -2.126449  120.4624 -26115 21095
15. Var. Special Items 100,351 -5.297817 2.083506 -17.37261 7.368777
16. Mean Ind. Smoothing 293,099 6864462  .7649047 -5.099946 5.63187
17. Meet/Exceed Historical 203,260 .4915576 49993 0 1

18. Meet/Exceed Social 227,552  .5109074  .4998821 0 1

19. Meet/Exceed Natural 227,552 6234267  .4845275 0 1

20. Meet/Exceed Analyst 112,380  .407439 49136 0 1
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not randomly make these choices, but rather choose for an anticipafeg 5 UG 2 NJ
FRGFYy(dF3aSe LOGQA L FdzAAOGES GKIFIG 020K SENYAY
change are jointly determined as one decision or are both caused by other variables,
which would introduce omitted variable bias if we cannot adequately control for
them with observables.

The ideal experiment to address this threat would be to exogenously restrict
I UNX Q& OFLIoAfAGE 2N Y2GAQ0S T2N) Sy3r3aiay3
FaSOGAY3a GKS UN¥YQa fA1StAK22R (2 OKFIy3S NB
I OO0dzNY 4SSt & YSIadNBE K2g YdzOK F UN)Y ayvyz22dKa
LISNF2NXYIFYyOS 162088 2N oSt2¢ | altASyd Oyl yoO
resource allocations change in the following periods, we could recover an average
ONBFOYSYY SKEAlI®FaS>s GKS UN¥a GKFEG FNB NIy

A 7 A

g2dzZAZ R IABS dza +y SadAYlraS 2F GK O2dzy (G SNF I
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Table 3-2: Cross-correlation table

Variable 1 2 3 4 B 6 7 8 9 10
1. Res. Change 1.000

2. Adv. Change 0.681  1.000

3. R&D Change 0.806  0.430  1.000

4. PPE Change 0.707 0.262 0.516 1.000

5. SG&A Change 0.757 0449  0.720 0.368  1.000

6. Inv. Change 0.649 0.210 0450 0197 0367 1.000

7. D/E Change 0.487 0.028 -0.028 0.102 0.019 0.022 1.000

8. Earn. Smooth. -0.264 -0.195 -0.336 -0.225 -0.303 -0.043 -0.080 1.000

9. Firm Size -0.530 -0.391 -0.667 -0.319 -0.585 -0.379 -0.017 0.266 1.000

10. Firm Age -0.235 -0.230 -0.334 -0.130 -0.231 -0.159 -0.092 0.105 0.357 1.000
11. Altman’s Z -0.017 -0.025 -0.039 -0.008 -0.054 -0.014 -0.003 0.049 0.035 -0.003
12. Fin. Slack -0.062 -0.050 0.115 -0.084 -0.065 0.167 -0.207 0.178 0.043 0.016
13. Org. Slack -0.091 0.104 -0.043 -0.204 0.020 -0.098 -0.032 -0.112 -0.069 0.012
14. ROA -0.023 -0.029 -0.027 -0.014 -0.029 -0.010 -0.000 0.043 0.028 0.014

15. Spec. Items 0.258 0.246 0.359 0116 0318 0.123 0.049 -0.520 -0.410 -0.207
16. Ind. Smooth. -0.163 -0.135 -0.321 -0.205 -0.167 0.063 -0.002 0.356 0.095 0.017

17. Meet Hist. -0.040 -0.033 -0.035 -0.027 -0.039 -0.032 -0.010 0.094 0.015 0.010
18. Meet Soc. -0.268 -0.158 -0.301 -0.151 -0.264 -0.149 -0.147 0.271 0.252 0.115
19. Meet Nat. -0.386 -0.274 -0.478 -0.228 -0.408 -0.199 -0.140 0.451 0407 0.187
20. Meet Analyst -0.085 -0.055 -0.037 -0.063 -0.083 -0.047 -0.044 0.104 0.076 -0.003
Variable 11 12 13 14 15 16 17 18 19 20
11. Altman’s Z 1.000

12. Fin. Slack 0.140  1.000

13. Org. Slack -0.128  -0.274  1.000

14. ROA 0.068 0.043 -0.037 1.000

15. Special Items -0.055 -0.207 0.441 -0.053 1.000
16. Ind. Smooth. 0.027 0.019 -0.258 0.012 -0.236 1.000

17. Meet Hist. 0.009 0.020 -0.022 0.018 -0.124 0.011 1.000
18. Meet Soc. 0.017 0175 -0.076 0.024 -0.253 -0.018 0.188 1.000
19. Meet Nat. 0.022 0.128 -0.228 0.030 -0.437 0.281 0.193 0.606 1.000

20. Meet Analyst 0.007 0.031 -0.057 0.001 -0.126 0.054 0.252 0.215 0.217 1.000

Variables 1-7 measured at time ¢+1. All other variables measured at time ¢
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particular type, but the policies with the most impact (e.g., the Sarb&hdsy Act

of 2002; SOX) also@S NA LJILIX S SiSOGa GKFG O2dzZ R adzmadl
change decisions outside of this mechanism. Cohen et al. (2008) document a notable
SiSOG 2F {h- 2y GKS LN} OGAOS 2F SINYyAy3aa Y

accrualbased earnings nmagement to real earnings management) which for some

studies could be exploited as exogenous variation. However, SOX was passed at the
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tail end of the 2001 recession, with other madroS @St St SOGa o©02¢ft t I LJAS
com bubble, market crash following therror attacks of 911) that present
OKIffSyaay3d 02y F2dzyRa Fr2rébbuic&®angelJSOA UO 2 dzi O
We can, however, use a nehest approach of using two instrumental
variables to isolate exogenous variation in earnings smoothing that haveopsdy
0SSy dziaAt AT SR Ay (KS | O002dzyiAy3 f AdGSNI GdzNB
income from special items as an instrument. Special items as an accounting category
constitutes gains or losses that are outside normal-tteglay operational, investg,
FYR UyFyOAy3 | OGA DA G AeBrd, dne K S0 O lBNFWEB S @zSly i |
hence by this nature hard to predict or forecast far in advance. The key assumption
fortheuse of thish y & G NHzY Sy i A& GKFG GKS Y2NB &aLISOAL f
R A Yt ézto smooth earnings, as managers have less time to pull the levers
needed. This makes these items a source of income variation that is hard for
YFEYyF3ISNBR (2 F2NBaSS [yR (2 LIXIy FT2NJ FFEN AY
smooth earnings. Wite it is the ideal of random assignment, this approach attempts
toexploitquasiNt Y R2Y NBalIGNROGA2Yya 2y | YIFyl3ISNDRa |
are likely to be and manipulate it higher or lower.
A concern about this instrument is whether managess income from
special items as a category for transactions with which to smooth earnings (which
O2dzZ R ONBIGS NBOSNES OldaltAade Ay GKS UN&EIG
scrutiny and guidance released by the Financial Accounting Standards(Bs&#)

gK2 LINRYdz 3L GS D!'!'t adryRIFNRa NBIFNRAYy3I K2
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NBFazy F2NJ O2YF2Nl Aa OGKIFIG 2yS 2F (KS
increases the visibility and scrutiny of gains/losses here. This increasedyiarli
scrutiny makes detection of earnings manipulation in this category (intentionally)
more likely, and thus a less appealing place to smooth earnings. Secondly, if
managers were using special items as a lever with which to smooth intertemporal
variance then we would see a positive correlation between the variance of special
items and the earnings smoothing measure. In fact, there is a negative correlation in
GKA& UNRG adr3asSsy gKAOK Aa Y2NB Ay FftA3AyYSy
exogenouO2 Y RAGAZ2Y A YI1AYy3 Al Y2NB RAYOdzZ G G2 2
The second instrumental variable used in the study is the average level of
SENYyAy3da &aYz22iKAy3 O06SEOfdRRAY3I GKS F20Ft UN
UNX¥ Q& LINAYINE F2dzNJ REIA G I BARDOF GXENA QR (1S
¢CKS FYGAOALI GSR NBfIUGA2YAKALI Aa OGKFG  UNY
have higher levels of earnings smoothing will also have higher levels of earnings
aY220KAY3Z | YR (KSNSBT g ofdh instrin®edztoR S E LIS Ol
NEbSOUO GKA&A LI2AAGADBS O2NNBflGA2yd ¢KS ARSI
variation in earnings smoothing to that predicted by how much smoothing industry
peers are engaging in, we are approximating exogenoud @otNJ A yida 2y I UNXC
choice to smooth. An industry with low levels of earnings smoothing may indicate
GKFG UNX&a gAGKAY A0 KIFE@S FSESNI GNIyalOGAz2y
adzYOASY(G RAAONBGAZ2Y (2 avY220KT tiaymwy LISNK I L&

analysts or regulators which increases the costs/risk of detection for smoothing. A
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concern for the second instrument is that by nature of its construction has
ddzoadFyadAlrt O2NNBflIGA2Y gAGK AYyRdzZAGNE SuaSO
streldGK 2F GKS UNRG adar3as Aa y2d4d Fa adNey3a |
O2F NBS ylIUdz2NB 2F dzaAy3d AYyRdzZAGNE SaSOGa G2
| 26 SOSNE 6KAES AYLISNFSOGXTZ dzaay3d GKAA AyailN
possible joindetermination of earnings smoothing and strategic change (as
managers are presumably limited in their control over industry peer behavior) helps
us gauge sensitivity to that particular threat to inference.

¢KS Uylt O2yOSNYy (2 rR&NS hépossihililyKk dza Ay 3
for violations of the exclusion restriction. It is plausible that the instruments could
KIS RANBOG SuSoOita 2y GKS 2dzid2YS O NARIofS
explanatory variable. This study uses econometric techniques €onley et al.
(2012) to relax the assumption of exclusion restriction and account for the direct
SiSo0lia Ay GKS astgerasiRquards maléls (2SES).0 KS H

As pointed out by van Kippersluis and Rietveld (2018), ideally, we should
selectanoAldr NI YSGUNRO gl & (G2 SaldAyYridsS GKS RANBOIU
absence of a strong theoretical reason to assume a certain value. One approach is to
regress the outcome variable on both the variable of interest and the instrument for
asample of the.J2 Lddzf I G A 2y Ay R SdtdevfrRafngént. P& anotlieK S U NA U
gl ez F2NJ GKS UNRG AyaluNdzySyidsz ¢S 46l yid G2 LI
dzaAy3 GK2a$S UNXa FT2N gK2Y (GKSAN £ S@St 27F a

instrument to recoverthe di®d ST SOG 2F GFENARFGA2Y Ay &LISOA
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aspirations or changing resources. Likewise, we would need to do the same with
AYRdAzZZAGNE LISSNJ aY220KAYy3 G2 NBO2OSNI Ada RAN
changing resources.

The good news is that thtevo instruments, when controlling for the
SELX I yIF 12NE @I NAI 6f Sake ohéggnal kokeéch &herlr Y R UESR S
Therefore, it is reasonable to assume that the predicted values of the explanatory
GFNRAFO6ES FTNRY GKS UNXA lbeindepeBdentdftheét K 2y S Ay al

SasSOia 2F GKS 20KSN®

(s}

SyR23Sy2dza UNBG adal 3
instrument in the 2SLS model instrumenting for peer smoothing, we can recover the
RANBOG SuSO0 2F aLISOAIT Al §Wacagrngpedtd LIA NI G A 2
GKAA adGSLI o agl LIWAyYy3 (GKS (62 AyadaNuzySydia

peer smoothing. This of course must be repeated for each outcome variable, as the

&

RANBOGO SiSOla ¢2ddZ R 06S RAGSNBYUO F2NJ SIOK 2

MEASURES
Outcome VariableResource Change

Consistent with previous literature on strategic change (Weng and Lin, 2014;
Zhang and Rajagopalan, 2010; Haynes and Hillman, 2010; Finkelstein and Hambrick,
1990), this study operationalizes strategic change as variation in resource ialtocat
The general approach is to measure pertoeperiod absolute value change in the
UN¥Qa YIF22N) NBaz2dzNDS O02YYAlGYSyida +a | LINRE

strategy.
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As in previous studies, six broad measures of resource allocations are
standardizedand integrated into a combined measure, titlB#®source Change
this study. These are: advertising intensity (total advertising expense / total sales),
research and development (R&D) intensity (total R&D expense / total sales), plant,
property, and equiment (PPE) newness (net PPE / total sales), nonproduction
overhead ratio (SG&A expense / total sales), inventory levels (total inventory / total
alrtSaovsz yR UyFryOAlLf tS@OSNII3IS 66201t RSod
component measures are labelédivertising ChangeR&D Changd®PE Change
SG&A Changénventory ChangeandDebt/Equity Changeespectively. Because
change is measured as an absolute value, either increases or decreases in any of
these component measures will result in a higher vabreResource Change. Thus,
the measure is agnostic about the directionality, but rather is intended to capture
RA&ZGFYOS FTNRY 2yS LISNA2RQAa NB&a2dz2NOS | tf 20l
capabilities in a new product category would tend to show upragcrease in R&D
expenseChanging from traditional manufacturing to jtisttime production would
d&K2¢ dzLJ a I RSONBI&AS Ay Ay@SyGa2NER SELSyas
production facilities would show up as in increase in relative PPE \Edih. of
these would register as an increase in Resource Change.

wSaz2daNDS /KFy3aS +a& Iy AYRSE KF& | / NRYyO
sample, which is slightly lower than the benchmark of .65 or .7 typically used to
gauge how closely related the comparis of the index are. This cautions against

overly strong claims of the measure as representative of a latent construct without
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other supportive evidence. Accordingly, in addition to the combined measure, the
ALISOAUOI GA2ya T2 N | Rdiipdsik Sompodentsias hdisblé Ay Of dzR
outcome variable to check whether results hold for each of these measures as well

as the combined index. Natural log transformations are used for the individual

components of Resource Change due to their exponentiaNdisd dzi A 2y (2 o0SG 0 S
linear model. Additionally, while the main analysis measures Resource Change over

the subsequent period from timéto time o p, results for both tweyear and

three-year change are included in the supplemental analysis.

Explanatoy Variable: Earnings Smoothing

Measuring earnings smoothing is challenging in that we do not directly
20aSNWS (GKS O02dzy i SNFI Oldzr t 2F ¢KIG GKS UNY
FR2dzZAGYSY Uk Yl YyALz I GA2y® | RRAGA 2 yWertf £ @ X UNY
02dzi GKA&A O0SKIF@GA2NI a2 GKIFd GKSANI StG2NIa |
 002dzy i SR FT2NJ o6& UylyOAlf Fylrfteada IyR YI N
can make such adjustments, the less potential risk of detection and subsequent loss
in terms d lost reputation/credibility or the increased chance of regulatory action
from the SEC. While we cannot pinpoint and measure the delta or direction in which
reported earnings are being manipulated, we can draw from the accounting
literature a proxy thatndicates a lower or higher likelihood that earnings smoothing
is present.

There are two general approaches to detecting earnings management. The
UNBG A& (02 FTOGGdSYLI-RAZORSNA DG NK S O SMff t 2 T

71



expected to have, givenvar2 dza 20 aSNIWI 6f S& Fo62dzi AGA AYyRd:
characteristics (revenue growth, normal ratio of accounts receivable to total sales,
etc.). A scholar would then look for anomalies they could attribute to discretionary
accruals deviating from this expectatiddne challenge with this approach is that it
NEIljdzZANB& | LISNA2R Ay gKAOK GKS UNXY 2N Ala
manipulating, from which the appropriate level of ndrscretionary accruals can be
inferred. This works well in cases such as éhy¢gwWi & G dzReé YSI adzZNAy3a (KS
LJdzo f A0 LRt AOe OKFIy3aS 2N OKFy3dS 6AGKAY (GKS
where there is a strong theoretical reason for believing there will be more
manipulation in one period than another. Unfortunately, tresiot the case for this
study. A second challenge is that techniques leveraging discretionary accruals would
2yt e YSIFadaNB al 002dzyiiAy3aé SIENYyAyIa avyz2z2idKA
So while this method would detect the use of accounting discraiged to manage
SINYyAYy3Ias GKS dzaS 2F 2LISNI A2yt RAAONBIA?Z2
Since scholars have found evidence suggesting that managers use a combination of
accounting and real earnings smoothing to achieve their targets (Zang,, 20i%2)
method would potentially miss out on a substantial portion of the phenomenon.

The second general approach to measuring earnings smoothing, and the one
used in this study, is to look for a disparity in the quarterly variance of earnings
comparedto @JSNJ} Ay 3 OF &K b2¢gad o6h/ COP® h/ C Oly o6S
the company would have reported had it constructed its income statement on a

OFaK oFaAra NIYGKSNI GKIY |y HDGeHasEOCBl aAaé 6
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does not include accruald,omits this source of accountidgased manipulation.
| RRAGAZ2YIff@&> h/ C A& yz2i O2YY2yteé AGaStT |
judged on their performance, and so presumably, OCF would pick up on changes in

the levers driving real earnings smoothiwghout itself being a target for such

smoothing. Put simply, if the variance of quarterly earnings is much lower than the

G NAFYyOS 2F ljdz2r NISNXI @ h/ CX GKSYy Al Aa Y2NB
remove volatility in operations (accountisigased earnings smoothing) or timing
NEOSNEIFfa Ay 2LISNIGAy3a FOGAGAGASA (2 | OKAS

2 KAfS GKAA R

No

SayQi 3IAGS dza |y SELIX AOAG RAN
6ra ¢g2dZ R GKS Y2RAUSW usangr&céomprefidnsivée Ro > A0 R?2

measure of when manipulation is more likely overall, which better suits the needs of

this study.Earnings Smoothinig calculated as the ratio of standard deviation of OCF

(scaled by total assets) over the standard deviation of net income (scaled by total

assets) over the previous 4 quarters. A natural log transformation is used due to the

G NRAIFo0f SQa SHAVAPYYy iRl © SRASNNIOG | t Ay SEN Y2

using the previous 8 and 12 quarters are included in supplemental analysis.

Mediating Variable: Aspiration Attainment
aSlFadz2NAy3a FaLANXGA2ya F2NI UYFYyOAIlf LISNF
within the performance feedback literature. Key predictions of the Behavioral
Theory of the Firm surround the setting, attaining, or falling short of performance
aspirations (Cyert and March, 1963). As Bromiley and Harris (2014) note, there are

multiple potentiallysalient aspirations as well as numerous ways each can be
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YSI A&dzNBRX odzi Uyl yOAIlf LISNF2Ndeny OS | aLA NI G
2LISNF GA2Yy I fAT SR 6& O2YLI NAy3I UN)XY NBOGdNYy 2y
LISNA2Ra 2N GKIFG 2F L2RHNMudhNMBrevemdkRA I | YR DN
compelling call for considering multiple organizational goals, and while this study

considers the limited scope of earningsr 8 SR Uyl yOALf 3JI2Ft& ol a
NBf SOFyld (2 GKS LKSy2YSy2y e2anfpoBrtialy/ Ay 3a YIy
types of aspirations are included that may be salient to organizations depending on
O2yiSEdl® .l aSR 2y (KS UyRAy3Ia 2F . NBYAfSe
averaged ocombined, but rather are assumed to have salience distindt an

independently from one another.

There does not appear to be a strong theoretical prior for why one type of
UYyFyOALFf FALANIXGAZ2Y YSI&ada2NB YIeé K2fR Y2NB
management behavior. Because this study is intended to be broad in scope (30 years
across all indstries), it is reasonable to expect that one aspiration may be more
altASYyd AY I LI NIOAOdzZ F NI UNY¥KkAYRdza G NBke&SI NI
the context changes. This study utilizes two types of aspirations that are the most
commonly studiedy G KS . ¢2C GNIRAGAZ2YY (GKS UN¥Qa NB
andthatofA 1 & NBFSNBYy (G LISSNEAP® ¢KS ALISOAUO 2 LISNI
match those most commonly found in the performance feedback literature:

Historical Aspirations a binary varia® A Y RAOF Ay 3 gKSGKSNI G§KS UN

A N v oA A~ 7

OdzZNNByYy il LISNA2R YSSia 2N SEOSSR®BocialkS UN)¥ Q&
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Aspirationh &  O0AYIFNE @GFNAFO6tS AYRAOFGAY3T SKSUKS

0KS AYyRdzaGNE | @S NI Hi§it NAlS!codg. 2 NJ G KS UNXN QA T2 dz
Additionally, the study utilizes two aspirations drawn from the accounting

literature for which there is evidence of driving earnings management behavior. The

UNERG Aa (GKS GKNBakK2fR 0SGsSSy LINRPUG 2NJf2a

the performance feedback literature, Greve (2003) refers to this aspiration as a type

2F aylFGdz2NF € FAaLANIGA2Y £S@Sté¢ i oKAOK (KS

of aspiration also traces back to Prospect Theory (Kahneman and Tversky, 1979),

which, when extrapolated from individudével behavior to the organizational level,

KFra 0SSy NBFSNBYOSR Ay (GKS .¢2C GUNIRAGAZY

boundary between gains and losses. The varigb® NP is aNiddyivariable

indicating whetheid KS UNY NBLER2NISR wh! 0 2N Fo2@S 1.

- ~

¢tKS &aSO2YyR |ALIANYGAZ2Y YSIFadz2NB (F 1Sy TNP
fAGSNY GdzNB 2y SENYyAy3Ia Yryl3aSYSyd Aa GKS |
earnings per share (EPS) for the period. Managersattentive to and will release
Uyl yOAlf 3daARIyOS (2 (GNB (G2 &aKIFILS GKS SELIS
AYRdAzZZAGNE 2NJ UNXYo | UN¥Qa aG201 LINROS Aa I f
exceeds these expectations. This is a sound reason forlveng has been previous
SYLANROIfT UyRAYy3Ia (GKIFIG az2yS UNya Sy3al3asS Ay
analyst expectations (Degeorge et al., 1999). The varratddyst Consensus a
OAYEFNER QGIFINARIFIOES AYRAOFGAY3I g KS@irgSe G KS UNY

analyst consensus expectation.
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Instrumental Variables

There are two instrumental variables used in this study: variation in special
items and industry peer earnings smoothing. The rationale and implications of these
variables are described abovey (G KS L RSy (A UOISpesiad yemss G NI G S3Ie
calculated as the natural log of the standard deviation of special items scaled by
beginning period total assets over the previous 4 quartteser Smoothing
calculated as the mean level of Earring { Y2 2 1 KA y 3 Adigit NAKS UNX Q& T

O2RS> 2YAllGAy3 (GKS F20Frf UNXO®

Control Variables

Several control variables are included in the models below in order to partial
2dzi GKS StSOGa 2F UNXY OKFNIOGSNRAGAOA O2dz
outcome variables. These fall into three main categariése size or maturity of the
UNX¥T GKS tS@St 2F UyFyOALFf a0NIXAY 2N ol yl N
af O] NBaz2dzNOSa F@rAftlrofS G2 GKS UNX® ¢KSa
Age;! f ( Y I-S€dded andaFinancial Slack and Organizational Slack, respectively.
Additionally, timel y R fUN&St UESR SiaS0Ga I NB AyOfdRSR
unobserved heterogeneity that may cause additional omitted variable bias. Natural
log transformations a used for Firm Size, Firm Age, Financial Slack, and
hNBIFYATFGA2y e {tF 01 RdzS (G2 GKSANI SELRYySYI
LE Yy Qa % AdorRAPS RSYR DIeo datZinMint F & 2dzd | & K¢

quite small relative to other vaables.
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FiimSiz& CANY { AT S O2dA R ljdzAGS LX I dz&AAo6f& |
through several mechanisms, including organizational inertia, a more complex cost
or investment structure, or the existence of more stakeholders who need to buy in
onAIYyAUOrYy Gl &aKAFTGA 2F adNrdiS3ed ¢KSNB | LIS
9FNyAy3da {Y22GKAYy3 FYR CANY {ATSZ YR AlG A
Y2UAQFGA2Y F2NJ 2N 2L NIdzyAde G2 Sy3ar3asS Ay
undermoS LINS&&dz2NBE FyR &aONMziAye o6& Ay@Sadz2Na |
targets.! RRAGAZ2Y I ff&xX KFE@Ay3a I+ fFNBSNI UNX YIeé O
operational structurewhich could provide more tools or opportunities with which
to smooth earnigs. Empirical studiedy &G NJ} §S3IA 0 OKIy3aS 2FiGSy C
either by including a measure based on revenassets, or number of employees.
CKAA aidzRe dziAt Al Sa UNX NdsrgsS gwide selectiona A G a K
of industries.

FirmAged ¢ KS ydzYoSNJ 2F &@SIFNAR | UNXY KlFa 0SSy
strategic change as well as the motivation or opportunity to smooth earnings. More
mature organizations may have more entrenched procedures and norms that create
barriers to redeployingesources or changing fundamental capital structures.
Mature organizations may be held to a higher standard of consistency in hitting
SFNYyAy3a Gl NASGA o0& AYy@Sai2NBR FyR Uyl yOALlf
smooth due to managerial belief that theyRI S NBE i F YR GKS So60a FyR b2

AYRdAzZZAGNBE G(KNRBdzZAK SELISNASYyOSd® CANXY !'3S A& Y
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0SG6SSYy GKS UNN¥QAa UNRG | LIISKFNIyYyOS Ay [ 2YLlz
year of the focal quarter.

I £ Y I-Sed@a@Marigscholars from the tradition of the behavioral theory
2T GKS UNXY KIF@S &adz33SadSR GKIFG LI22N LISNF 2N
2NBIF yAT FGA2y Lt aSFENOK FyR OKFy3aS oDF@SidA
FILOAYy3 | UNXZI &2 Y &nomadikadiddévél phenbrieBch NadkalleS G K I
to the individual psychology phenomenon of threat rigidity could occur, suppressing
GKS 2NBIFYAT FGA2Y Q& LINRLISyairdge G2 Sy3ar3asS Ay
{41 S It ®X wmdpy m0O dvhdned\vatly thelimniedialeXaskioK S UNXY A
treading water and is either unable or unwilling to make drastic organizational
changes or take on additional risk. This study utilizes a proxy variable for the risk of
Uyl yOAlFf NHZAY RS@Sft 2 LIS Bompate the felativelcygdito mdpc y 0 |
NAa] 2F QOFNAR2dza Lldzof AO0fte& GGNIRSR UNXaod ! KA
bankruptcy or default, while a low Z score is associated with a high risk. Financial

GNF Ay O2dz R I taz2 | dSO0ithedrfings, shtelilisOA G& | UNY

Qx

0St ASOSR GKIFIG GKSNB Ydzad 6S &d2YS DSEAOGAL AL
periodto-period smoothing (Ronen and Yaari, 2008).

Financial Slackinancial Slack is a measure of how much capital is easily
I 0OO0S&aaArof $ @8 yEK S daONY & f | O] O2dzZA R YI 1S AdG Y
engage in strategic change, as there are often costs associated with such transition.

Similar to the Altman-5core, this variable can also account for situations where a
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UNXY Ol yy2i @Al AF 2Ry K3 ly MyoRtdabts. T2 mehgurey OA | f
is constructed by taking the ratio of current assets over current liabilities.

Organizational Slask h NHI yAT FdA2y Il &fF O]l A& &aAiAYAft
NELINBaASy(ia bSEAOtSNENBGI2ytzNILSLE & KAy R yS NES v
AYLX SYSy(d adNrXdS3a3eo LG aKz2dzZ R NBLINBaSyid GK
and above the bare bones level of expenditures necessary to conduct the core
business functions. Organizational slack in this way reptesbe resource
Fft20FGA2ya GKIFG OFry 6S GNAYYSR G2 SasSoOd O
structure that managers can tweak to shift earnings from one period to another.

Additionally, a key part of the organizational search and learning literatomeerns

the notion of slack searehor excess capacity as being a key to innovating new

technology (Levinthal and March, 1981). Accordingly, there is reason to believe that

this variable may be correlated with both strategic change and earnings smoothing,

and therefore should be included as a control. Organizational Slack is the total

' Y2dzyG 2F UN)XY SELSyasSa aoltSR oée Gz2aGlft | aa

Timeand Firmt S@St UEMBRUBSB OS®SOGa I NB Ay Of dzRS
models to account for unobserved heterogeneity correthteth the time period.

- N A

Firmt S@St ESR SiSoOua

NE | faz2 AyOfdzRRSR (G2 Y

a2dzNDOS& 2F dzy20aSNUSR KSGUSNRISYyQBRNed ¢KS&S
variation and partial out all betweedd N @ NA | GA2y ® aKAtS GKA& A
NEBY2@Ay3a GKS oAl a GKFEG O02YSa TFTNRBY UNX OKIF N
time, it comes at the cost of losing the potential explanatory power of comparing
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UNX& GKFG Sy3ar3asS Ay RAGSNByYydG OGAGAGED {AY
term strategy managers employ, a substantial part of the variation in the

independent variable is intdld NY NJ 0 KS-NNX R y KENBRNRNEZ gKAT S
UESR SiS0OGa FRRNBSaa RRAGAZ2YLFE hx. 02y O0OSNYy
of the relationship betwee the independent variable and the dependent variable

because of the variation discarded.

RESULTS

Presented below are the main results and analyses for the three hypotheses

X«
>+
Z
&
O«

SNJ A

&
P

Ft.a2

Qx

2T (KS aiddzReéexr odzi KS N

(0p))
Z
&

2 KAETS GKS LINAYIFINEB lylfteaSa F20dza 2y (K
supplemental tables in Appendix D include an iterative bugdf models from

AAYLE S h[{ (G2 AyOfdzZRS GKS I RRAUGAZ2Y 2F O2yi
sequenceF 2 NJ F ff 2dzi02YS @GFINAIo6fSa RAaOddzaaSRO !
detailing key choices such as time period (for example, whether Earnings Smoothing

7 A AN

and/or Resource Change covers 1,2, @S NJ LISNA2R&a0 > (K

m
(@
~h
o
N

QX

UNX a ¥ N Ys, dr kh&redtrigtibnfoBsample to the peSIOX period are

AyOf dzZRSR Ay (GKS &adzlJL) SYSyidlrt GrofSa a2 GKlI

OK2A0S&a 2y GKS 0O2SYOASyida 2F AyidSNBald F2NJ
Before diving into the analysis for each hypothesis, the primary results and

main takeaway of the paper can be best visualized by the graphs in Figureh@se

AN LIKa | NB K weéadpardimbnteielagve to théNivur aspiration levels

studiedt f ST (2 NAIKGZ (2L G2 o020G2Y0 (GKS UNXYQ
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AYRdz2zGNE | GSNI 3S wh! G KSNBNXYINE UNBLID MIKS © Kw i !
9t { FT2NBOFad FTNRY | O2yaSyadz 2F lFylftealdao
aspiration level, it wuld be a zero on the-axis of this graph. The positive region are

U Ndyears where reported performance surpassed the aspiration, the negative

NB 3 A 2 ¥ -yéaldhetd HaHd not. Overlaid on these histograms are binned
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scatter plots & both Earnings Smoothing (the solid diamonds) and Resource Change

(the open circles). It is worth remembering that Resource Change is measuwed at

p relative to the other variables, so this represents the association of Earnings

Smoothing and performai® 2y wSa2dzNOS / KIFy3aS 2¢@0SNJ §KS 7T

What is most noteworthy about these graphs is that they depict 1) a negative
relationship between Earnings Smoothing and Resource Change, 2) that Earnings
Smoothing tends to be highest in the proximitypand the aspiration level (zero on
the x-axis), and 3) Resource Change tends to be lowest at or slightly above the
aspiration level. This allows us to intuitively visualize the theoretical premises
discussed earlier earnings smoothing is a tool to maniptdgeriodto-period
NELR2NISR | 0O02dzyiAy3a LINRBUG (2 Y2NB O02yairads
levels may provide salient targets for managers to aggressively reach for when they
g2dzt R 20KSNBAAS FLEf aK2NU luadest&dif I+ a G NB
GKS® IINB 20SNIISNF2NX¥YAYy3IT F2N 0KS LISNA2RT |y
consistently reporting performance at or above aspirations could dampen pressures
for the organization for strategic change.

Now that we have anowl f £ LA Ol dzNE 2F (GKSaS @I NARL of
0KS aLISOAUO KeLRGKSaSaod | &8LRIKSaAE M LINBRA
higher propensity for attaining organizational aspirations. First, Figtel&picts
binned scatter plots of simpl@LS regression of aspiration attainment on Earnings

Smoothing, with meaitentered controls, for the four types of aspirations. The plots
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Figure 3-3: Binscatter of Earnings Smoothing and Aspiration Attainment (Hypothesis 1)
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were generated with the binsreg command in Stata (Cattaneo et al., 2019)-The y
axis can be imtrpreted as the probability of attaining the aspiration for a given value
of m As Earnings Smoothing is a-teansformed measure, a .01 increase along the
x-axis can be interpreted as a 1 percent increase in the ratio of the standard
RSOAIFGAZ2Y 2F | UNXQa OFakK b2ga G2 GKS aidly
binscatter plots she a positive relationship between Earnings Smoothing and
FALIANI GAZ2Y FOGOGFAYYSYyld a KeLRIKSaAl SR ¢KS
meat of the distribution of earnings smoothing, which gives some comfort about the
linear assumptions of OLS for thesd.JS OA UOI 1A 2y a &

Table3-0o LINBaSyida GKS NBadz Ga 2F h[{ Y2RSft a

(Modelsl.im®dn o> Fa ¢Sttt a (KS -StagbldasisqéatelS OAUSR Y

(0p))
Qx
N

(2SLS) utilizing the two instrumental variables (Models1185.¢ KS 02 SYOA Sy (i

interest are on Earnings Smoothing and the columns represent the four aspiration
GeLlSaed 2SS asSsS (KIFIG GKS 02SYOASyGa 2F AyidSN.
KAIK Sy2dzaK YI3IyAddRS (G2 KI@FS S&@2y2YAO &aai
O02SYOASYyl 2y a2RSftf Mot Oy 6S AYyGSNLINBGSR
Smoothing leading to a 0.180 percentage point increase in the probability that the

UNY Ll2aida | oasgr&ioniekebof 260k dflIPE L2 aGa | LINR UG
period ratter thanaloss, 22 {1 Ay 3 FdzZNIKSNJ R2gy GKS Gl of Sz
of the instruments are strong and in the hypothesized direction. The expectation

OKFG F KAIKSNI GFENRFYOS 2F alLISOALE AGSya Yl
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Table 3-3: OLS and 2SLS Regression of Aspiration Attainment on Earnings Smoothing (Hypothesis 1)

Model Number 1.1 1.2 1.3 1.4 1.5 1.6 1.7 1.8
Outcome Variable Historical Social Zero Analyst Historical Social Zero Analyst
Aspiration Aspiration Profit Consensus  Aspiration Aspiration Profit Consensus
Model Type OLS OLS OLS OLS 25LS 25LS 25LS 25LS
Earnings Smoothing 0.0663 0.0752 0.104 0.0382 0.163 0.121 0.180 0.0673
(0.00153) (0.00147)  (0.00143)  (0.00188) (0.00475) (0.00415)  (0.00407)  (0.00525)
Firm Size 0.00131 0.0476 0.0507 0.0205 -0.0178 0.0320 0.0299 0.0175
(0.00193) (0.00226) (0.00221)  (0.00401) (0.00326) (0.00300)  (0.00304) (0.00577)
Firm Age -0.000519 -0.00896 -0.0104 -0.0972 -0.00225 0.0167 0.0222 -0.0968
(0.00688) (0.00783)  (0.00647) (0.0113) (0.0111) (0.0107) (0.00940) (0.0162)
Altman Z 0.00197 -0.0130 -0.0147 2.031 0.00950 -0.0155 -0.0149 2.099
(0.00274) (0.00257)  (0.00284) (0.384) (0.00338) (0.00635)  (0.00647) (0.767)
Financial Slack 0.00485 0.0500 0.0494 0.0150 -0.00163 0.0448 0.0444 0.0112
(0.00263) (0.00269) (0.00261) (0.00635) (0.00416) (0.00367) (0.00371) (0.00889)
Organizational Slack 0.00959 -0.0386 -0.0343 0.0244 0.0262 -0.0363 -0.0246 0.0312
(0.00366) (0.00392)  (0.00377) (0.00717) (0.00555) (0.00522)  (0.00520) (0.00937)
Year Fixed Effects X X X X X X X X
Firm Fixed Effects X X X X X x X X
Instrument (Spec. Items) X X X X
Instrument (Peer Smooth) X X X X
Observations 119696 127176 127176 70250 64523 66936 66936 40134
Adjusted R2 0.003 0.378 0.485 0.104 -0.007 0.045 0.071 0.008
1st stage -0.328 -0.327 -0.327 -0.327
Spec. Items (0.004) (0.004) (0.004) (0.005)
1st stage 0.217 0.216 0.216 0.245
Peer Smooth (0.015) (0.015) (0.015) (0.018)
F test of excl. inst. 4055.87 4153.45 4153.45 2612.17
P-Val (0.000) (0.000) (0.000) (0.000)
Hansen J statistic 5.93 238.39 31.85 27.53
P-Val (0.015) (0.000) (0.000) (0.000)

Standard errors in parentheses for coefficients, p-value for test statistics. Standard errors are clustered at the firm level

86



Uda 6AGK GKS yS3IriagsS O02SYOASyld 2y (KA& Ay
Y2NBE SINYyAy3a avY220KAy3 o6& AYRddzZAGNE LISSNA
AaY220KAYy3 Ffa2 Uda sAGK GKAA AyadNHzySyidQa
test of theexcluded instruments is comfortably high, alleviating concerns associated
with weak instruments.

LG A& y20S¢2NIKe GKFEG GKS 22Ayd GSad 27
is too high to give comfort. This reinforces concerns that the assumptiorotdsgon

restriction for the instruments does not strictly hold. That is, the instruments

[t}
(s}
O«
N
N

GKSYyaSt@Sa FLWSEN G642 KIS | RANBOUG S
that through the explanatory variable. Accordingly, this calls for the techniques
ponfSSNBER Ay /2yftSeé& Si ftd 6nvHnmuy | yR NBUYSR
¢KAa YSUK2R Fft2¢ga dza G2 aSS ¢KIi GUKS SiaSO
SNNENBR F2NJ 0KS O2SYOASydGa 2F AyuSNBald oKSy
assumption.
This was conducted by using the plausexog command in Stata (Clarke, 2014),

GKAOK SaitAYlIiSa GKS aSO2yR adlr3asS 2% GKS w({
AYAGNHzYSyido ¢KS adzyAz2y 2F O2yURSYyOS AyidSND

O2yURSYOS AYUSNIDI SU8DUERTSINI Sl OKRANB ONHzY Sy

(0p))

GKS dzyA2y 2F |ff O2yURSYyOS AyuGSNBIta F2N O
total range.
The results of adjustment to relax the exclusion restriction assumption are

presented in Table-&. Shown in in each column are the original point estimates,
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adjusted point estimates, and the estimated upper and lower bounds of the

I R2dza i SR O 2S8irMaies Se/stilldn theé Kypothesized direction (positive),
gAOUK | GA3IKG Sy2dzZaK O2yURSYyOS AYGSNBIE (2
results.

Table 3-4: “Plausibly Exogenous” Relaxing Exclusion Restriction (Hypothesis 1)

Outcome Variable Model Original  Adjusted Lower Upper

Number Estimate Estimate Bound Bound
Historical Aspiration 1.5 0.163 0.0889 0.0202  0.158
Social Aspiration 1.6 0.121 0.0714 0.0553 0.0875
Zero Profit 1.7 0.180 0.322 0.257 0.356
Amnalvst Consensus 1.8 0.0673 0.238 0.154 0.321

Estimates calculated using uci method of plausexog command in Stata

For Hypothesis 2, the same approach is repeated. We begin as before with
binned scatter plts of a simple OLS regression with me&amtered controls (Figure
3n0d ¢KS G2LIv2ad 3INFYLK Ay GKS U3dzNBE NBLINE A !
index variable consistent with previous literature on strategic change. However,
because there is concern abdubw well the index functions as a latent construct
0SPID>s GKS / NRYyolOK |fLKIFE 2F dco A& YSIN o
of the six subcomponents of the measure are also pictured (left to right and top to
bottom, changen advertising inénsity, R&D intensity, PPE newness, nonproductive

overhead, inventory levels, Y R RS0k Sljdzadeé NIYGA20d LYy SI OK
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Inventory Levels Change (zscore)

Advertising Intensity Change (zscore)

Plant, Property, & Equipment Newness Change (zscore)

Figure 3-4: Binscatter of Earnings Smoothing and Resource Change (Hypothesis 2)
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see a clear negative relationship betwegarnings Smoothing and change in the
next period. The relationshige fairly consistent andpproximately linear across
each of the outcome variables.

Tables®and3c LINBaSyd GKS NBadzZ 6a 2F h[{ Y2R

w»

6S0ia YR GKS H{[{ Y2RSta ¢AGK GKS (g2 AY
RA 0 S NB y lvarhle]vitg tieResource Change as thefiedist column and
the subcomponent measures to the right. The second hypothesis predicts that
higher levels of earnings smoothing will lead to lower levels of resource change in
the subsequent period, sowe®hdzf R SELISOG | yS3l G§A @S O028Y0A
Earnings Smoothing. We do indeed see negative point estimates consistent with the
KBLROIKSaAasL ¢gAGK NBEFGA@StE GAIKGE RAALISNEA
Smoothing is a legransformed measureand Resource Change is an average of the
standardized values of the stdmmponents, which makes interpreting the economic
AAIAYAUOIL YOS I 0Al0 OK-tomfoSeytSakeypidsentetl i6S NBE F 2 NB =
unstandardized form. They too are kgnsformed, therdore the interpretation is
easier: percent change in the explanatory variable leading to percent change in the
outcome variable. For example, model 2.10 estimates that a 1 percent increase in
Earnings Smoothing leads to a 0.187 percent decrease in R&[@&han

2SS 4SS [F3aFrAy GKFG GKS UNmRG adlr3as 2¥ GKS
| FyaSy W adridAradaoa F2N GKNBS 2F GKS Y2RSf
instruments on the outcome variables (Models 2.8, 2.11, and 2.12). Accordingly, the
YSiK2Ra 2F atfldzaAofe 9E23Sy2dzaé¢ o/ 2yfSe S
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Table 3-5: OLS Regression of Resource Change on Earnings Smoothing (Hypothesis 2)

Model Number 2.1 2.2 2.3 2.4 2.5 2.6 2.7
Outcome Variable Resource  Advertising R&D PPE SG&A  Inventory Debt/Equity
Change Change Change Change Change Change Change
Model Type OLS OLS OLS OLS OLS OLS OLS
Earnings Smoothing  -0.0314 -0.0523 -0.108 -0.0568 -0.102 -0.0224 -0.0577
(0.00146)  (0.00801)  (0.00657) (0.00436) (0.00444) (0.00464) (0.00686)
Firm Size -0.180 -0.385 -0.671 -0.453 -0.550 -0.334 0.0146
(0.00404) (0.0252) (0.0155)  (0.0117)  (0.0116)  (0.0119) (0.0166)
Firm Age -0.0168 -0.205 -0.0734 -0.115 -0.0464 -0.0987 0.0164
(0.00920) (0.0515) (0.0407)  (0.0269)  (0.0254)  (0.0265) (0.0489)
Altman 7 -0.00243 0.154 0.0256 0.0493 -0.0188 -0.286 0.129
(0.00973) (0.0513) (0.0412)  (0.0544)  (0.0441) (0.133) (0.0602)
Financial Slack -0.0115 0.0331 0.0588 -0.0698 -0.0164 0.0681 -0.364
(0.00460) (0.0242) (0.0177)  (0.0124)  (0.0114)  (0.0121) (0.0223)
Organizational Slack -0.106 -0.0797 -0.175 -0.550 -0.106 -0.285 0.0322
(0.00630) (0.0302) (0.0260)  (0.0183)  (0.0161)  (0.0182) (0.0272)
Year Fixed Effects X X X X X X X
Firm Fixed Effects X X X X X X X
Observations 114902 36150 54195 113814 100970 91982 95153
Adjusted R? 0.647 0.534 0.760 0.584 0.600 0.504 0.396

Standard errors in parentheses. Standard errors are clustered at the firm level
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Table 3-6: 2SLS Regression of Resource Change on Earnings Smoothing (Hypothesis 2)

Model Number 2.8 2.9 2.10 211 2.12 2.13 2.14
Outcome Variable Resource  Advertising ~ R&D PPE SG&A  Inventory Debt/Equity
Change Change Change Change Change  Change Change
Model Type 2SLS 2SLS 2SLS 2SLS 2SLS 2SLS 28LS
Earnings Smoothing -0.0518 -0.0991 -0.187  -0.0815  -0.151 -0.0806 -0.110
(0.00416) (0.0218) (0.0187) (0.0130) (0.0126) (0.0136) (0.0192)
Firm Size -0.175 -0.356 -0.637 -0.433 -0.548 -0.299 0.0189
(0.00538) (0.0321) (0.0205) (0.0157) (0.0153)  (0.0164) (0.0229)
Firm Age -0.0485 -0.285 -0.161 -0.153 -0.129 -0.175 -0.0228
(0.0123) (0.0704) (0.0542) (0.0367) (0.0354)  (0.0376) (0.0680)
Altman Z 0.00343 0.192 0.0904  0.0197  0.0307 -0.420 0.0895
(0.0129) (0.0382) (0.0512) (0.0635) (0.0604)  (0.121) (0.0308)
Financial Slack -0.00614 0.0568 0.0598  -0.0476 -0.00613  0.0803 -0.314
(0.00610) (0.0318) (0.0226) (0.0169) (0.0156)  (0.0167) (0.0292)
Organizational Slack -0.104 -0.0481 -0.176 -0.550  -0.0980 -0.279 0.0420
(0.00794) (0.0385) (0.0321) (0.0246) (0.0213)  (0.0235) (0.0367)
Year Fixed Effects X X X X X X X
Firm Fixed Effects X X X X X X X
Instrument (Spec. Items) X X X X X X X
Instrument (Peer Smooth) X X X X X X X
Observations 59124 19730 29237 58643 52818 47385 50638
Adjusted R? 0.106 0.023 0.108 0.082 0.079 0.031 0.008
1st stage -0.328 -0.313 -0.334 -0.328 -0.334 -0.328 -0.335
Spec. Items (0.004) (0.007) (0.006)  (0.004)  (0.004) (0.004) (0.004)
1st stage 0.220 0.160 0.183 0.222 0.207 0.224 0.220
Peer Smooth (0.015) (0.026) (0.025)  (0.015)  (0.016) (0.017) (0.016)
F test of excl. inst. 3713.38 1160.89 1776.72  3682.38  3380.26  2985.39 3306.21
P-Val (0.000) (0.000) (0.000)  (0.000)  (0.000) (0.000) (0.000)
Hansen J statistic 15.793 0.687 3.17 25.32 15.87 0.51 0.08
P-Val (0.000) (0.407) (0.075)  (0.000)  (0.000) (0.476) (0.776)

Standard errors in parentheses for coefficients, p-value for test statistics. Standard errors are clustered at the firm level
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models. Table-J presents the results of thedjustments. For each of the models,
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interval comfortably in the negative region. It is noteworthy that bias from direct
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particular threat.

Table 3-7: “Plausibly Exogenous” Relaxing Exclusion Restriction (Hypothesis 2)

Outcome Variable  Model  Original Adjusted Lower Upper
Number Estimate Estimate Bound Bound

Resource Change 2.8 -0.0518 -0.163 -0.230  -0.097
PPE Change 2.11 -0.0815 -0.517  -0.941  -0.098
SG&A Change 2.12 -0.151 -(.522 -0.745  -0.300

Estimates calculated using uci method of plausexog command in Stata

Hypothesis 3 predicts that aspiration attainment mediates the relationship
between earnings smoothing and strategic chandgs @nalysis uses the three tests

3SaGSR o0& .INRY |IYyR YSyyeé omMdhycoX M0 (K
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z
YSRAFG2NE HO GKIFG GKS SELXFYyFG2NE OFNAIoOfS
gKSY G(GKS AYRANBOGO LI (K mok attdugted®drd SR G KS
zero (with full mediation at zero). They also suggest performing a Seéést to

RSGSNNY¥AYS aA3dyAUOFIYyOS 2F (KS AYRANBOG LI (K
FROFYOSR YSUK2R&a OGKIF G | NB Y oustrapph@®A Sy & F2 N.
(Zhao et al., 2010; HayeX)09), the simpler traditional Baron and Kenny approach is

adzYOASyGfte LR2OSNBR F2NJ 0KS LlzN1}2asSa 2F (KA
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Table 3-8: Mediation Results (Hypothesis 3)

Model Number 2.8 3.1 3.2 3.3 3.4 3.5

Outcome Variable Resource Resource Resource Resource Resource Resource
Change Change Change Change Change Change

Model Type 25LS 25LS 25LS 25LS 25LS 25L.S

Earnings Smoothing  -0.0518 -0.0482 -0.0430 -0.0334 -0.0475 -0.0316
(0.00416) (0.00448) (0.00442) (0.00484) (0.00492) (0.00621)

Firm Size -0.175 -0.173 -0.172 -0.172 -0.170 -0.165
(0.00538)  (0.00565) (0.00536) (0.00534) (0.00892) (0.00898)

Firm Age -0.0485  -0.0560  -0.0478  -0.0472  -0.0224  -0.0291
(0.0123)  (0.0135)  (0.0122)  (0.0122)  (0.0162)  (0.0174)

Altman 7 0.00343  0.00422  0.00129  0.000631  -1.763  -1.637
(0.0129)  (0.0222)  (0.0127)  (0.0126)  (0.647)  (0.643)

Financial Slack 0.00614  -0.00519  -0.00214  -0.00108  -0.00742  -0.00204
(0.00610) (0.00637) (0.00611) (0.00610) (0.00909) (0.00911)

Organizational Slack ~ -0.104 -0.103 -0.106 -0.106 -0.0917 -0.0978
(0.00794) (0.00823) (0.00791) (0.00786) (0.0108)  (0.0109)

Historical Aspiration -0.0271 -0.00275
(0.00398) (0.00470)
Social Aspiration -0.0760 -0.0309
(0.00547) (0.00686)
Zero Profit -0.0991 -0.0503
(0.00691) (0.00929)
Analyst Consensus -0.0247 -0.0152
(0.00492)  (0.00496)
Observations 59124 56709 58832 58832 35435 34613
Adjusted R? 0.106 0.103 0.113 0.117 0.063 0.071
Sobel z-score -6.679 -12.543 -13.642 -4.675

Standard errors in parentheses. Standard errors are clustered at the firm level

¢CKS NBadzE da F2NI 1 eLRiIKSaSa m FyR H 02NN
suggested above. Table83corresponds to the third. The leftmost column presents
GKS Fdzffe& &ALISOAUSR az2RSt HOy-34@preSehtY LI NR A2 Y
individually controlling for aspiration attainment for the four types of aspirations,

FYR a2RSt odp KNP (KRS ISTHFSON & (2T F@2dzNJ 2y
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interest on Earnings Smoothing. By comparing models 2.8 and 3.5, we can see that

there is an approximately 40 percent reduction (fred0518 to-0.0316) in the size

2F GKS YIFAY SiSO0 ¢ k& gathwads/ Adbidhalyithe Sobd 2 NJ (1 K S
z-scores for each aspiration independently in Models®4 are high enough to

suggest mediation in each case.

GCONCLUSION

Earnings smoothing is a widespread behavior (Graham et al., 2005) that can
have substantialgfa S1j dzZSy 0Sa FT2NJ UN¥ya FyR aidl1SK2f RS
guestions around whether the intentional manipulation of earnings higher or lower
in a given period has any lotgrm information value or is by its nature misleading,
there are important qustions about how engaging in such behavior has
R2oyaiuNBlIyY SiSOdla 2y 2G4KSNJ auNrGdS3IaAo RSO
jdzSatAz2ya o0& addzRéeAay3da GKS SiaSoOoda 2F SIENYyAy
change.

¢KS UNERG O2y i N O tm gedoymareafeedbicR litdratutelS NJ A a
While accounting scholars have previously theorized and found evidence that
managers smooth earnings to avoid reporting losses, to meet previous performance,
and to meet analyst expectations (Degeorge et al., 1999 dbhavior is not often
RAad0dzaaSR Ay (GKS O2yGSEG 2F LISNF2NXIyOS T8
to social aspirations (one of the core aspirations from BToF) and then connects this

fact to subsequent theory regarding performance feedback.
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This mises important theoretical questions. When managers have
performance near but below salient thresholds, an available option may be to
GSYLIRNINAt& AyblFaGS SIENYyAy3a G2 LINBaSyda G2
performance above salient thresholds. If manages presumed to know actual
performance (i.e., before manipulation), then are subsequent decisions about risk
and change driven by the inwafdcing feedback (which would be a shortfall) or by
the outwardfacing feedback (which would meet aspirations)?

Thesecond contribution of the paper is to theorize and identify a causal link
between earnings smoothing and strategic change. Harris and Bromiley (2007)
4dZ23SaiSR GKIFG UNXY YIFEyYyFr3aSNB LISNF2NYAYy3I LR?2
instead of engaging in sufastive change, but the context of their study was on
SANBIA2dzA YI yALMz | GA2ya GKIFIG @GA2ftFGSR D! !t
study applied similar logic to the context of the dubious gray area of w{HAAP
earnings smoothing rather than plairiliegal behavior. It is plausible that behavioral
RAGSNBYOSa 060Si9SSy -BAAPNAnp&aionarblinaeRhah Y R ¢ A (0 K
simply a matter of degree, but a lower propensity for strategic change may very well
0S | aaf ALIISNE af 2 LISWHzIYAS Okl 3y AN 6LaNRaOKSASORG. | F
DI'lt SIENYyAy3Ia avYz220KAy3 G2 UyFyOAlLf TN dzZRO
warranted.

The third contribution of the paper is to demonstrate that approximately 40
LISNDODSyYy G 2F GKS YI Ay $SrisBaiegic chahge SdeNsgfdiogcdra & Y 2 2

due to attaining thresholds for reported performance. This is a substantial
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mechanism within this relationship, but there is also room for future work on the

other mechanisms through which this may be occurring. For el@razmanian

and Beckman (2018) describe the process of budgets and earnings forecasting as

ONBFGAY3 I aAy3aftS aNBAUSReé aSi 2F ydzyo SN&

If earnings smoothing is part of this process, it could reduce the visibilggaf

aSyaruArgaiae G2 @2t GAtAGE 2NINR&ala Ay GKS

AYRADGARdAzZE £ & 6AGKAY GKS 2NHIYATFiA2y ® ¢ Kdzax

AGaStTeé O2dzZ R fa2 oS I LI NI 2%noth&S aid2NEO®

SGSOGa-UNF RWFERINNYI GA2Y Fa8YYSGONE O2dzZ R &ASt
¢tKS Uylf AYGSYRSR O2yGNROGdziAz2y Aa Ay (K

are orthogonal to each other as a tool for nparametric estimates of each

Ay a i NYzYy Sy (ice &n oRtdodSvariableS. Wad Kippersluis and Rietveld (2018)

adz33aSad asStSOGAy3a adeiagerefatisghshipis Z&m bstwaeh A OK (1 K S

the instrument and the explanatory variable. In the absence of strong theoretical

reasons for such subgroupingsing instruments exogenous to one another as a way

of constructing these subgroups by using instrumented values of the explanatory

variable in turn is a useful way to more systematically leverage the techniques of

Conley et al. (2012).
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can look for solutions oty -t Y “n & !4 GKIFG LRAYGZ GKS [/ 91
between making a larger adjustment that achieves the banes staying with tle

locally optimal reports  -. Substituting into equation (1) and simplifying leads to

the quadratic equation

r_ :): “ L 6 T[
q q

The roots of this quadratic are . The larger root cannot be the

solution, because for — G KS / 9h g2dzf R 20GFAYy GKS 02ydza

reporting strategyd  -. This implies that the solution for the lower threshold must

be* ——, or equivalently; k - — , asreported in the text.
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Blomquist and Newey (2018) critique the use of bunching estimators in
Lldzoft AO UylyOS G2 S&aidAYIFIdS GKS GFE St adaoa
tax schedule. The core of theiNBE dzY Sy & A& GKFG ARSYGAUOFGAZ2Y
form assumptions. In particular, within the region where outcomes are assumed to
be manipulated, bunching methods impute counterfactual outcomes entirely from
extrapolation, rather than any comparison ofsgyved quantities. For example, if
the true counterfactual distribution of ROA is highly Aorear around zero, then
the estimates of earnings management that we report in Section 4 could be biased.

Setting aside any debate over the practical implicatiohthis critique, there
is a natural solution available in our empirical setting. If we assume that OCFOA is
not manipulated, then the relationship between OCFOA and ROA helps identify the

counterfactual distribution of ROA within the manipulated regida.implement this

idea, we use the following model:

-1 U
P=BCF.r+Y s+ yute (4)
x=L =0

where0 is the number of observations with ROA equabt®’O is the number

observations with OCFOA equalibo "2 | YR Fff 20 KSNJ LI NI YSUGSNE
equation (2).Comparing (4) to (2}t should be clear that we have simply replaced

the polynomial previously used to extrapolate ROA in the redipod][with a linear

function of the OCFOAK I T A a &%inKAFTOGSRé oé
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The reason we allow for the OCFOA distribution to be shifted relaiROA
Ad GKFGO 2LISNIGAY3T TOGAGAGASE FNB y2NXYIffe
ROA (e.g., due to taxes, depreciation, etc.). We select a vallYasihg the cross
validation procedure described in Chapter 2, searching O¥rather thanv (the
RSANBS 2F (KS LRfey2YALIf0O®d CAITdzINBE . dm aK2g
wellasthenoddy I YOALF £ & YL S | & FypandIidwverff A SNJI U3 dzN
bounds of the region of ROA manipulation are indicated by dabhes, gray circles
AYRAOI (S (K Syeay aineiva&iohs igd dach R&Abin, and black diamonds

represent the counterfactual estimate for that bin imputed from the model.

Figure B.1: Comparison of Imputed Vs. Actual ROA - Alternative Method
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For both panels, the crosslidation procedure selected a leftward shift®f
bins for OCFOAY= 5). The left panel shows the results from the full sample, which
has a lower bound)) of-0.13, an upper boundY) of 0.09, and a total amount of
displaced probability mass of 16.8 percent. The right panel shows the results from
thenonUy I yOAL f &l YLX SI 4R ofO.K4, & bipper boundg ¢ SNJ 6 2 dzy
of 0.09, and a total amount afisplaced probability mass of 6.4 percent. In both

cases, our estimates of total earnings manipulation decline slightly, because the
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distribution of OCFOA has a more pronounced peak than the counterfactuals based
on a polynomial approximation. This can be seen by comparing Figures B.83and 2

Finally, we note the spike in the predicted values of ROA just below zero in
the left panel. This corgponds to a discontinuity in the distribution of OCFOA for
UylFyOAlFf UN¥Ya GKFG OFy |faz2 o0S5a3@aSNISR Ay
interpret this spike as evidence of real earnings management (i.e., manipulation that
f&ad2 AybdzSyOSta GNXHPoLRG UydzyDIada dGKFG GKS |
Appendix will work better forthenoly I Yy OA L f &ASO02NE oKSNBFa GfFf

approach of relying on a polynomial extrapolation may be more reliable for the full

sample.
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Figure C.1: Binned Scatterplot of ROA and OCFOA
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Figure C.2: Comparison of ROA and OCFOA Histograms
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Figure C.3: Comparison of Smoothing Vs. ROA and OCFOA
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Table C.1: Nested and Simultaneous ANOVA Results
All Industries - Nested ANOVA

ROA ROA OCFOA OCFOA
Category  Variance  Percentage of  Variance  Percentage of
Explained Explained Var. Explained Explained Var.

Year 0138 2.61 .0032 0.51
Industry 0700 13.23 1520 24.34
Firm 3071 58.02 3494 55.95
CEO 1384 26.15 1199 19.20
Full Model 5293 100 .6245 100

All Industries - Simultaneous ANOVA

ROA ROA OCFOA OCFOA
Category  Variance  Percentage of  Variance  Percentage of
Explained Explained Var. Explained Explained Var.

Year 0149 3.65 0033 0.89
Industry 0212 5.19 0254 6.86
Firm 2128 22.07 2120 D7.22
CEO 1598 39.10 1298 35.03
Full Model 5555 100 .6386 100

SICs in 6000s and 9000s Omitted - Nested ANOVA

ROA ROA OCFOA OCFOA
Category  Variance  Percentage of  Variance  Percentage of
Explained Explained Var. Explained Explained Var.

Year 0147 2.79 .0019 0.31
Industry 0624 11.85 1155 19.07
Firm 3112 29.07 .3626 59.86
CEO 1385 26.29 1257 20.75
Full Model D268 100 6057 100

SICs in 6000s and 9000s Omitted - Simultaneous ANOVA

ROA ROA OCFOA OCFOA
Category  Variance  Percentage of = Variance  Percentage of
Explained Explained Var. Explained Explained Var.

Year 0165 3.99 0038 1.00
Industry 0196 4.74 0232 6.05
Firm 2162 52.30 .2200 97.35
CEO 1611 38.97 1366 35.61
Full Model 5044 100 6215 100
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Figure D.1: Specification Map of Regressions of Aspiration Attainment on Earnings Smoothing - All Industries, Full Sample
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Figure D.2: Specification Map of Regressions of Aspiration Attainment on Earnings Smoothing - Non-Financial Firms
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